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THE RELATIONSHIP BETWEEN INNOVATIVENESS AND SHOPPING WEBSITE 
FEATURE PREFERENCES ACROSS PRODUCT CLASSES 
ERIC BRANDT 
ABSTRACT 
 
This study was developed to investigate the effects of innovativeness and Internet 
experience on preferences for shopping website features across different product classes. 
Consumer innovativeness is often studied as being a driver of the adoption of new 
products and services, including online shopping. Innovativeness and Internet experience 
are two widely studied characteristics of consumers that have been shown to predict 
various facets of online shopping behavior. However, there are many issues surrounding 
the utility and validity of various measures of innovativeness, not the least of which is 
that innovativeness has been conceptualized at multiple levels of abstraction. Beyond 
this, there has not been much research into the effects of innovativeness across different 
product classes online. Using secondary data gathered from responses to an online survey 
regarding various aspects of online shopping behavior and attitudes, two different 
innovativeness scales, one residing at a more general level of abstraction, were examined 
along with Internet experience in explaining website feature preferences across different 
product categories. The primary analyses consisted of MANOVAs and discriminant 
analyses used to examine relationships between website feature preferences and groups 
of high and low innovativeness and Internet experience. The Generalized Shopping 
Innovativeness (GSI) scale was found to have relatively consistent effects across product 
classes and adequately capture the full construct of innovativeness. The Domain Specific 
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Innovativeness (DSI) scale was found to have limited consistent effects across product 
classes and remained questionable in validly representing the construct of innovativeness 
as traditionally defined. Results of this study will allow marketers to better tailor websites 
to specific customer segments of interest, and will demonstrate the utility of a more 
general measure of innovativeness in both practical and theoretical senses. 
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CHAPTER I 
INTRODUCTION 
 
 The concept of innovativeness is widely studied in a number of different areas, 
including the context of consumer behavior, specifically in regard to being a driver of the 
adoption of new innovations, products, and services. The popularity is easily explained in 
that an understanding of how innovativeness affects consumer behavior can result in 
direct gains, both financial and otherwise, for businesses and marketers in real-world 
scenarios. For example, studying consumer innovativeness can help inform common 
actions such as assigning potential customers into adoption categories, examining 
relationships between innovativeness and other variables that affect consumer behavior, 
and identifying how likely members of certain target segments of consumers are to buy a 
new product or adopt an innovation (Goldsmith & Hofacker, 1991). Beyond its 
application in a business or marketing context, innovativeness is also a popular area of 
academic study. This is partly due to its demonstrated relationships to a host of other 
widely-studied constructs and psychological traits, and is partly due to its role as a 
possible “bridge” from innate dispositions and attitudes to actual observable behavior. A 
common problem in psychological research is that the ability of more innate traits and 
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personality characteristics to accurately predict and explain actual human behavior is 
generally found to be very low (Ajzen, 1998). Because different conceptualizations of 
innovativeness have been linked to and developed from trait-based constructs, and have 
also shown to have some utility in predicting expected behavior, innovativeness is 
frequently integrated into complex behavioral models that attempt to connect personal 
attitudes and dispositions to demonstrable action. And as these models are frequently 
adapted by businesses and professionals in hopes of gaining a better understanding of 
current and potential customers, the importance of innovativeness in a consumer context 
is again reinforced. 
 Many specific benefits of innovativeness, when effectively applied in real-world 
business contexts, have been spelled out in research. A fundamental goal of using 
innovativeness measures is identifying actual innovators; those who are generally among 
the first to adopt and purchase new products and innovations. Connecting with innovators 
can help businesses recoup development costs, reach populations of heavy users, instill 
competitive advantage, gain valuable early feedback on new products and services, and 
gain entry into new markets and customer populations through word-of-mouth and user 
promotions (Goldsmith & Flynn, 1992; Goldsmith & Foxall, 2003). Applying 
innovativeness effectively can also aid in reaching optimal diffusion rates for new 
innovations and help marketers develop more incisive segmentation, targeting, and 
positioning strategies related to current and potential customer bases and the 
manipulation of the standard marketing mix variables of price, product, promotion, and 
place (Hirunyawipada & Paswan, 2006; Rogers, 2003). To reap the full range of these 
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benefits, marketers and business practitioners must be equipped with accurate and valid 
measures of innovativeness. 
However, there are still many issues regarding the measurement of innovativeness 
in that there are multiple conceptualizations residing at multiple levels of abstraction. 
Questions frequently arise regarding the ability of various measures to actually predict 
desired behavior and the actual validity of various measures in capturing or tapping the 
theoretical construct of innovativeness. These issues and questions essentially 
demonstrate the need for innovativeness to be examined both from practical angles and 
from theoretical angles. While having a conceptualization of innovativeness that has valid 
and significant relationships to associated constructs and is well-grounded in theory is 
appealing, if it cannot accurately predict consumer and adoptive behavior, its usefulness 
by itself in a real-world consumer context is near nil. On the other hand, if a business is 
utilizing a measure that is very powerful in explaining adoptive and purchasing behavior, 
but that measure is not significantly different from other indicators such as intent and 
consumer experience, and does not capture the full essence of the innovativeness 
construct, the business may not be gaining the full benefits of using an innovativeness 
measure over simply asking customers their intended behavior. The ideal 
conceptualization of innovativeness would be one that is a valid reflection of the 
construct and its relationships with associated constructs, and one that has demonstrated 
effects, either directly or indirectly, on desired consumer behavior. Because of this, it is 
important to understand the rationale behind the development of measures of 
innovativeness, and also the intended use of the measure. With the current research, the 
main interest is in how innovativeness is used in an online shopping context. As more and 
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more businesses move into the online marketplace, it will become imperative to 
understand how innovativeness interacts with common aspects of the online shopping 
medium such as personal characteristics of online users, actual features of websites, and 
how characteristics of different products themselves link to consumers’ perceptions of 
online shopping. In this way, measures of innovativeness can most effectively be applied 
when targeting online consumer segments, positioning online offerings, and actually 
designing websites to attract desired users. And to most effectively examine the role of 
innovativeness in online shopping, the development of the construct and the history of its 
use in consumer contexts must be reviewed. 
The first part of the review will examine the various conceptualizations of 
innovativeness that have been developed and their associated scales or measurements. 
These definitions reside at different levels of abstraction, including innovativeness 
defined as a general personality trait, innovativeness defined as specific adoptive 
behavior, innovativeness defined within a very specific domain, and various levels in 
between these. Specifically, the review will discuss the research literature examining 
these different conceptualizations and how they each explain, predict, and relate to actual 
consumer behavior through both direct and indirect effects. As will be seen, the track 
record of more general views of innovativeness in directly predicting consumer behavior 
is fairly poor, as more promising results can be seen with more domain-specific 
measurements of innovativeness. However, despite their predictive ability, there are still 
many criticisms of these domain-specific conceptualizations especially in regards to their 
validity in measuring innovativeness as traditionally defined and in their actual 
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distinctiveness from specific behavioral measures such as past domain experience and 
behavioral intentions. 
As the current research is specifically interested in online shopping, the next 
section of the review will focus on innovativeness research in the area of Internet 
shopping. As is seen with more general consumer behavior, domain-specific measures of 
innovativeness seem to have strong relationships with different facets of online shopping 
behavior, though the question of how much these effects fundamentally differ from those 
of domain experience and behavioral intention remains. Beyond this, literature on 
Internet experience and previous Internet usage will also be reviewed, as they have 
consistent demonstrated effects on online shopping behavior as well. 
As the ability of innovativeness measures to validly predict consumer behavior is 
mixed, much research has been done placing innovativeness as just one facet in a larger 
model of consumer adoptive behavior. Often included in these models are physical and 
perceived characteristics, or features, of a specific product or other innovation, and there 
is a large body of research on these features and how they interact with personal 
innovativeness. Thus, the next section of the review will first examine more general 
research into innovativeness and how it affects the perception of actual innovation 
features and, in turn, how these features affect more specific behavior and intentions. 
Again, as the current research is within the domain and innovation of online shopping, 
the literature on specific website features will next be reviewed, including their various 
conceptualizations, connections to more general innovation features, and effects on 
website and online shopping adoption behavior. 
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Lastly, because innovativeness has been defined very generally and even very 
product-specific, there is an interest in how measures of innovativeness differ across 
product classes. Indeed, the very definition of domain-specific innovativeness implies 
that an innovator in one product category is not necessarily innovative in a different 
product category. Also, since studies on online shopping frequently focus on one product 
category or general shopping, it is of specific interest of the current research to include 
different product classes as they are found online. Thus, the final section of the review 
will focus on research that examines how online shopping behavior differs depending on 
product class. Because there are comparatively few studies specifically examining how 
the effects of innovativeness differ among various product classes when shopping online, 
the literature review will conclude with an eye towards further research in that area. 
Finally, each section of the review will be synthesized in order to highlight the specific 
issues and points of interest surrounding innovativeness, online shopping, website 
features, and different product classes to be analyzed and explored further by the current 
research. 
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CHAPTER II 
LITERATURE REVIEW 
 
2.1. Measuring and Applying Consumer Innovativeness 
Before the notion of innovativeness can be applied as a useful tool in a real-world 
business context, it must first be conceptualized and measured in an actionable way, and 
this conceptualization must be reliable, valid, and must demonstrably lead to desired 
results. One issue caught up in defining a valid conceptualization of innovativeness is its 
prominence as an area of study across a large variety of academic disciplines. Innovations 
and innovativeness are important ideas in subjects such as agriculture, economics, 
communication, anthropology, psychology, sociology, and business research. Because 
innovativeness can be found in such a wide range of academic spheres, a host of different 
scales, models, hypotheses, and theories have been put forward in an attempt to define 
and measure innovativeness in a way that is valid and consistent with past knowledge and 
research goals of the subject area in question. This has led to a situation in which even a 
casual browsing through the corpus of innovativeness and innovation research can reveal 
inconsistencies, gaps, and even contradictions in research (Adams, Bessant, & Phelps, 
2006). Of specific interest to the current research is the way the terms innovation and 
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innovativeness are defined in a practical business sense and in consumer research. The 
notion of innovativeness in a business and consumer context, in particular, has become 
fraught with confusion due to differences between how a product is defined as innovative 
(both by companies and customers) and the fact that consumers can be labeled 
“innovative” as well (Danneels & Kleinschmidt, 2001; Goldsmith & Foxall, 2003). 
Questions have also arisen around the concept of innovativeness in a business setting 
because of its relation to the similar concept of perceived newness and how the 
definitions of the terms “new” and “innovative” may have changed in the mind of the 
modern consumer (i.e., would a modern consumer label something as innovative because 
it is new and different/groundbreaking or just because it is cool or trendy?) (Danneels & 
Kleinschmidt, 2001). The status of “innovation” as a current buzzword and necessary 
practice of successful businesses has also signified the need to measure and evaluate it 
and its related concepts effectively (Adams, et al., 2006). Because a concept must be 
properly operationalized to gain maximum utility from its application, there have been 
calls to create more standardized definitions and frameworks of innovation and 
innovativeness (Adams, et al., 2006; Danneels & Kleinschmidt, 2001). In the realm of 
consumer research, there have been many attempts to create operational and measurable 
conceptualizations of innovativeness, leading to innovativeness being defined at varying 
levels of abstraction. Of particular concern to the current research is examining the 
different relationships these abstraction levels of innovativeness have with consumer 
demographics, consumer personality traits, consumer affect, and, most especially, 
consumer behavior. By understanding how these different conceptualizations of 
innovativeness affect actual consumer behavior, those in the business world can more 
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effectively target groups of consumers, position new products and services, and devise 
forward-looking plans and strategies. 
2.1.1. Innovativeness as Time of Adoption or Adoption Status.     One of the 
earliest attempts to define the innovativeness of a consumer stems from the work of 
Rogers (1964) on the diffusion of innovations. He defined innovativeness as the relative 
time, or “earliness,” at which one adopts an innovation (compared to others in one’s 
social circle or system). In terms of consumer behavior, this can be read as the earlier one 
adopts a new product or service than his or her peers, the more innovative one is. This 
creates an abstraction of innovativeness at the behavioral level, in that innovativeness is 
directly related to actual adoptive behavior on the part of an individual. Using this 
conception of consumer innovativeness being based on time of adoption aids in simply 
categorizing current and potential customers into “adopter categories” such as ones 
derived from standard distributions of all adopters as described by Rogers (1995) (see 
Figure 1).  
 
Figure 1: Rogers’ (1995) Innovation Adopter Categories 
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Placing customers accurately into categories such as these can allow businesses to have 
more focused strategies for marketing innovations and new products (Goldsmith & 
Foxall, 2003), and can allow companies to determine and use differences between 
members of these categories to their advantage. Differences among adopter categories 
include things such as demographics and personality characteristics (Steenkamp, 
Hofstede, & Wedel, 1999), preferences for specific features of an innovation (Kim, 
Mirusmonov, & Lee, 2010), and the likelihood to use existing products in novel ways, or 
reinvent existing products (Ram & Jung, 1994). An understanding of these differences 
can help guide the plans of a business when releasing an innovation to a marketplace, 
especially in terms of targeting the right customers and positioning the innovation to 
appeal to that targeted base of customers. 
 However, the usefulness of Rogers’ behavioral definition has been questioned, 
with one obvious problem coming from the fact that his conceptualization of 
innovativeness is defined by the actual observed measure of the concept (Steenkamp, et 
al., 1999). This creates a tautology; individual are characterized as innovative if they 
innovate (Midgley & Dowling, 1978). The fact that innovativeness in this case is 
behaviorally defined also gives it questionable links to more theoretical notions of 
innovativeness. Furthermore, this time-of-adoption definition lacks utility in an applied 
consumer research or marketing context in that it is difficult to evaluate its reliability and 
validity, data cannot be compared across different studies, and the findings are limited in 
their generalizability outside of a single sample (Goldsmith & Hofacker, 1991). 
Essentially, a company employing this definition of innovativeness can have no real 
confidence in the accuracy of their data and/or measurement, and cannot assume that any 
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findings on the diffusion of one innovation in a specific marketplace can be transported 
and applied to the diffusion of a new, separate innovation. Most importantly for practical 
business purposes, Rogers’ time-of-adoption definition is not useful in predicting future 
behavior (Goldsmith & Hofacker, 1991); a consequence of its lack of generalizability 
across different situations and expected high variance of results when examining different 
innovations (Midgley & Dowling, 1978).  
Because of these issues, Midgley and Dowling (1978) posited that the 
characterization of innovativeness needed to reside at a more abstract level than actual 
innovative behavior (i.e., the adoption of an innovation). They developed a definition that 
approached a more “trait-like” conceptualization of innovativeness, in which 
innovativeness is defined as a function of the number of innovations an individual has 
adopted at a single point in time (Midgley & Dowling, 1978). This allows the concept of 
innovativeness to be de-coupled from a specific innovation and be more representative of 
a stable personality trait, though it does not reside completely at the highest abstraction 
level as an innate and global individual trait in that it is still partly defined by behavioral 
indicators (i.e., amount of innovations that have been previously adopted). While 
helpfully eliminating the circular conceptualization found in the time-of-adoption 
definition, this “checklist” approach still does not form a useful predictor of specific 
innovative behavior in a consumer context, as it now resides at an abstraction level too 
far removed from this specific behavior (Goldsmith & Hofacker, 1991). Again, a measure 
of innovativeness that would be most useful to a business practitioner would be one that 
can be consistently applied across multiple situations and can be used to accurately 
predict and anticipate consumer behavior regarding new products and services. While the 
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behavioral definitions of innovativeness discussed do not seem to ideally fit these criteria, 
they helped spur more research into different abstraction levels of innovativeness. 
2.1.2. Global and Generalized Innovativeness.     As is commonly seen in the 
psychological and behavioral sciences, researchers have attempted to characterize a 
concept, in this case innovativeness, as a relatively stable and general personality trait 
that can work as an antecedent or driver to a wide range of more specific actions and 
behavior. In the literature, this trait-type innovativeness is commonly called global or 
general innovativeness (Midgley & Dowling, 1978). This conceptualization of 
innovativeness is the most abstract within the realm of consumer research, and posits 
innovativeness as a global personality trait that affects, across multiple situations, such 
behavior as newness attraction/repulsion, creativity/originality, risk attraction/aversion, 
and attention to others’ opinions (Im, Mason, & Houston, 2007; Roehrich, 2004). Note 
that none of these behaviors reaches the level of specificity of those such as adoption of 
new products or innovations, which is the critical area of interest to businesses and 
marketers.  As with any trait, the degree of general innovativeness is thought to range 
from low to high among individuals, and various explanations for its presence in people 
and ultimate effects on actual innovative behavior have been put forth. These 
explanations include innovativeness as an expression of the need for stimulation, 
innovativeness as an expression of novelty seeking, innovativeness as independence 
toward others’ communicated experience, and innovativeness as an expression of need 
for uniqueness (Roerich, 2004). Based on these underpinnings and behavioral outcomes 
of general innovativeness, various scales and attempts to measure this more abstract 
conceptualization have emerged. 
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 One scale to help capture measurements of innovativeness was developed by 
Leavitt and Walton (1975). Items for this scale were formed using concepts thought to be 
indicative of innovativeness and adoptive behavior, including open-mindedness, 
leadership, self-confidence, venturesomeness, empathy, gregariousness, activism, 
independence, lack of conformity, and creativity (Leavitt & Walton, 1975). These 
qualities were integrated in the hopes of creating a highly abstract conceptualization of 
innovativeness which would be useful in helping to explain and possibly predict 
innovative and adoptive behavior (and act as a possible determinant for time-of-
adoption). The resultant 24-item scale displayed seven dimensions, and has shown to be a 
reliable and valid tool for measuring innovativeness at a high level of abstraction 
describing more global personality traits (Leavitt & Walton, 1975; Roehrich, 2004). 
 A more popular scale that resides at the same generalized level of abstraction as 
Leavitt and Walton’s scale is the Kirton Adaption-Innovation Inventory, or KAI (Kirton, 
1976). This scale was developed with the intention of describing individuals on a 
continuum ranging from adaptive (i.e., doing things better) to innovative (i.e., doing 
things differently); the rationale being that characterizing individuals in an organization 
this way could have ramifications for organizational change and behavior (Kirton, 1976). 
The 32-item scale ranks individuals using a list of descriptors that correspond to typical 
conceptualizations of adaptive and innovative behavior such as discipline, dependability, 
risk-taking, problem-solving, creativity, leadership, and openness (Kirton, 1976). As with 
Leavitt and Walton’s scale, the KAI has been found to be reliable and valid when 
measuring innovativeness at a general and high abstraction level (Kirton, 1976; Roehrich, 
2004). Further research on the scale has shown it to have a reliable and valid three-factor 
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structure, even when applied beyond an organizational context, introducing implications 
for more focused and diverse research (Bagozzi & Foxall, 1996). 
 A final example of a scale used to measure general or global innovativeness is the 
Innovativeness Scale, or IS, developed by Hurt, Joseph, and Cook (1977). The IS was 
based on a conceptualization of innovativeness as an underlying personality trait roughly 
defined as a willingness to change (Hurt, et al., 1977). The items were developed by 
using a pool of personal descriptors reflective of traditional innovative behavior, 
including descriptors related to openness, creativity, opinion leadership, and abilities to 
problem-solve and handle ambiguity (Hurt, et al., 1977). The hope was that the IS would 
accurately tap into a global and generalized view of innovativeness that would be useful 
in predicting innovative behavior and adoption. Again, as with the two general scales 
mentioned previously, the IS was found to have acceptable reliability and validity when 
measuring innovativeness at a personality trait level (Hurt, et al., 1977; Roehrich, 2004). 
Subsequent research on the IS has found it to be multi-dimensional, with two main 
dimensions representing Willingness to Try New Things and Being Creative and Original 
(Goldsmith, 1990), and able to be condensed reliably into a short form (Pallister & 
Foxall, 1998). Indeed, the ability of all three previously mentioned generalized scales 
(Leavitt & Walton, KAI, and IS) to validly measure innovativeness at this higher level of 
abstraction was reinforced by Goldsmith’s (1990) finding of high correlations between 
the scales. 
 However, as is often the case when trying to use stable and global personality 
traits to explain specific behavior, each of these scales has been demonstrated to have 
poor predictive validity in regards towards the explanation of specific innovative 
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behavior such as new product adoption (Roerich, 2004). This makes the use of these 
scales in an applied business context problematic, as they cannot by themselves 
accurately predict consumer behavior important to marketers such as the adoption of new 
products and services. The issues do not only arise with the use of these specific scales, it 
seems that any conceptualization of innovativeness at this general abstraction level is a 
weak predictor of specific innovative behavior. Researchers have consistently found that 
trying to directly connect innovative behavior to generalized innovativeness is a fruitless 
exercise, and often a more intermediate level of abstraction is necessary to implicate an 
individual’s innovativeness in adoptive behavior. For example, a measure of global 
consumer innovativeness was found consistently to be a weaker predictor of new product 
ownership than personal characteristics such as age and demographics (Im, Bayus, & 
Mason, 2003; Im, et al., 2007). Along the same lines, global consumer innovativeness 
demonstrated no direct relationship with new product or service adoptive behavior, this 
relationship becoming non-significant when demographic control variables were used 
and an indirect relationship only existing through a more intermediate abstraction of 
vicarious innovativeness (Im, et al., 2007). Similarly, it was found that open-processing 
innovativeness, a measure of general innovativeness, had no significant effect on the 
adoption on Internet shopping and did not significantly moderate the relationship 
between Internet usage and Internet shopping adoption, whereas a measure of domain-
specific innovativeness (located at a more specific abstraction level) did show significant 
effects in both cases (Citrin, Sprott, Silverman, & Stem, 2000). Another example is that, 
in examining correlations with the purchase of new items in two different product 
categories (clothing and consumer electronics), a more domain-specific measure of 
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innovativeness had a higher magnitude correlation than that of a measure of global 
innovativeness based on Hurt et al.’s (1977) Innovativeness Scale  (Goldsmith, Freiden, 
& Eastman, 1995). Furthermore, global innovativeness was more highly correlated with 
the measure of domain-specific innovativeness than with the actual behavior, and 
domain-specific innovativeness mediated the relationship between global innovativeness 
and adoptive behavior, the relationship approaching zero when the domain-specific 
measure was factored in (Goldsmith, et al., 1995). In some cases, a measure of general 
innovativeness even displayed a significant negative relationship with adoptive behavior 
(Lassar, Manolis, & Lassar, 2005; Venkatraman & Price, 1990). While there are research 
findings that display some relationships between generalized innovativeness and specific 
innovative behavior (Foxall, 1995; Manning, Bearden, & Madden, 1995; Midgley & 
Dowling, 1993; Steenkamp & Gielens, 2003), these are still inconsistent and do not 
demonstrate effects comparable to the significance of relationships between a less 
abstract conceptualization of innovativeness and adoptive behavior (Im, et al., 2007). 
Overall, the research suggests that measures of general or global innovativeness, while 
generally psychometrically sound, do not display enough power by themselves in 
predicting specific innovative behavior that would give them great utility in an applied 
consumer research context. With global measures subject to the general problems seen in 
comparing trait and behavioral measurement, it may be more beneficial for business and 
marketing practitioners to consider less abstract and more specific conceptualizations of 
innovativeness. 
2.1.3. Domain Specific and Adoptive Innovativeness.     In order to overcome the 
shortcomings of scales and definitions of innovativeness residing at the abstraction levels 
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of time-of-adoption and generalized trait, researchers began to develop 
conceptualizations more rooted in specific innovative behavior. With general 
innovativeness scales lacking the ability to predict behavior accurately, researchers 
focused on the creation of new scales and measurements in specific behavioral contexts 
or domains, using items and constructs drawn and developed from descriptors of actual 
innovative behavior found within the domain of interest. For consumer research 
purposes, these context-specific scales equate innovativeness with a tendency to explore 
and adopt new products and innovations (Roerich, 2004). While there are domain-
specific scales that are not solely used in consumer contexts, businesses and marketers 
are most interested in the measurements that are specific to shopping and purchasing 
behavior. Because they specifically conceptualize innovativeness as the tendency to 
adopt new innovations, these scales have been described as adoptive innovativeness 
scales (Roerich, 2004). Adoptive scales, as a whole, have been found to be reliable and 
valid in explaining innovative consumer behavior within the domain of interest, and have 
also been found to be better predictors of this type of behavior than more general and 
global innovativeness measures (Roerich, 2004). 
One of the first adoptive-type scales emerged from the work of Raju (1980), who 
researched a measurement of Optimum Stimulation Level and examined its relationships 
with concepts such as demographics, personality traits, and exploratory behavior. Of 
most interest to consumer researchers was Raju’s conceptualization of consumer 
exploratory behavior, which contained ten items Raju equated with innovativeness (Raju, 
1980). The measurement of consumer exploratory behavior was found to be reliable and 
correlated with stimulation level and sensation seeking (Raju, 1980). Building off of 
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Raju’s research, Joachimsthaler and Lastovicka (1984) found that innovativeness was one 
of two factors (along with information seeking) of the scale measuring consumer 
exploratory behavior, and was directly related to internal locus of control, social character 
(defined as the tendency to look within oneself or to others for standards of appropriate 
behavior), and stimulation level. This research helped to conceptualize innovativeness at 
the level of actual consumer behavior, with descriptors such as “I am the kind of person 
who would try any new product once” and “I would rather wait for others to try a new 
store or restaurant than try it myself” making up the scale (Raju, 1980). 
 Concerned with the psychometric properties, predictive validity, and convergent 
validity of Raju’s scale measuring exploratory consumer behavior, Baumgartner and 
Steenkamp (1996) altered the scale in an attempt to more directly characterize and 
explain actual consumer behavior. Among the criticisms of Raju’s scale were its 
excessive cross-loading and overlapping among factors, and the lack of convergent 
validity with related constructs due to the complexity of its structure (Baumgartner & 
Steenkamp, 1996). In order to more directly connect the measure to actual innovative 
behavior such as purchasing or consuming new, risky and/or unfamiliar products, seeking 
variety in choices of products, and altering consumption behavior for the sake of 
maintaining optimum stimulation levels, Baumgartner and Steenkamp (1996) situated 
their scale within the domain of actual consumer behavior by tailoring the items to 
specific product domains. The result was a 2-factor scale with unidimensional constructs 
of exploratory acquisition of products (EAP) and exploratory information seeking (EIS) 
that correlated well with related constructs such as risk-taking, stimulation level, 
curiosity, and a measure of global innovativeness (the KAI). Furthermore, the resultant 
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scale displayed an adequate ability to predict actual innovative and variety-seeking 
behavior such as the purchase of new and risky products. These results were somewhat 
confirmed further when a significant correlation was found between the EAP construct of 
the scale and the adoption of 46 new products (Steenkamp & Van Trijp, 1996). The 
development of this scale and the resultant findings from examination of it helped 
reinforce the notion that to more powerfully predict actual consumer behavior, a measure 
of innovativeness must be somewhat situated in a specific domain related to the actual 
behavior. One appealing aspect of Baumgartner and Steenkamp’s scale is the fact that it 
stems from and is consistent with more generalized trait theories, partially shielding it 
from the criticism that more domain-specific measurements are too far removed from 
global personality differences and are too context-dependent to create a useful 
conceptualization beyond just measuring actual behavior. The scale still has roots in trait 
theory, but resides at a less abstract level of conceptualization than global measures due 
to its situation in more specific behavioral domains, a pattern followed by other 
developed adoptive scales (Le Louarn, 1997; Roerich, 1994). 
A scale that takes this idea of situating a conceptualization of innovativeness in 
more specific domains of actual consumer behavior and brings it to its logical extreme is 
the Domain Specific Innovativeness Scale (DSI) created by Goldsmith and Hofacker 
(1991). Beyond just operationalizing innovativeness at the level of consumer behavior in 
general, the DSI measures innovativeness based on consumer interest and actions within 
an even more specific domain of interest, usually product types or families (Goldsmith & 
Hofacker, 1991). The DSI was designed to be able to be modified based on the domain of 
interest, indeed categories as varied as rock music, new fashions, colognes, and home 
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electronics were explored during the original development and validation of the scale, 
with the DSI displaying good correlations with innovative behavior and adoption within 
each category (Goldsmith & Hofacker, 1991). This flexibility follows the line of thinking 
that an individual may be innovative in one domain but not in another. Of special concern 
for the developers were issues of reliability and validity, areas that have often been found 
problematic in innovativeness research. In initial and subsequent examinations of the 
scale, the DSI has been found to be reliable, relatively insulated from social desirability 
bias and yea-saying, and displays adequate convergent, discriminant, and predictive 
validity (Goldsmith & Hofacker, 1991), with some evidence of consistency of these 
findings across cultures (Goldsmith, d’Hauteville, & Flynn, 1998). Because of its ability 
to more accurately predict actual consumer behavior of interest to business practitioners 
than competing innovativeness scales, the DSI has been widely studied and applied, and 
is of specific interest to the current research in particular. 
Evidence for the explanatory power of the DSI has regularly been put forth 
throughout much research and across many different domains and product categories. 
Studies done by those involved with the development and refinement of the DSI have 
found consistent effects of domain-specific innovativeness on innovative behavior, 
starting with the initial conception and validation of the scale. As previously mentioned, 
the DSI was found to be correlated with innovative behavior, including attitudes, 
purchase behavior, and opinion leadership, regarding new rock music, new fashion, home 
electronics, and scent products/cologne (Goldsmith & Hofacker, 1991). As one of the 
main purposes of the DSI was to be used in a business context and help identify early 
adopters and those likely to purchase new products, the scale was further tested by using 
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it to separate subjects into early adopters and others within the domain of fashion. Early 
adopters, as identified by a high score on the DSI, displayed more frequent trips to stores 
for the purposes of purchasing fashion items, spent more money on fashion items, and 
consumed more media about fashion than non-innovators (Goldsmith & Flynn, 1992). 
Demographics such as age and income were not significantly different among groups. 
These findings indicated the ability of the DSI to identify valuable consumers. This 
method was repeated in a service-adoption context rather than a product-adoption 
context, with the DSI used to separate consumers into early adopters (innovators) and 
others (non-innovators) in regards to innovativeness within the domain of travel services. 
Early adopters took more trips, used travel agents more frequently, and were involved in 
more media regarding travel and leisure than non-innovators (Flynn & Goldsmith, 1993). 
Again, demographics such as age, education, and household income did not differ 
significantly between the two groups. These results showed the utility of the DSI in 
service industries regarding adoption, and its effects remaining consistent between 
product-based innovativeness and service-based innovativeness. Subsequent studies also 
demonstrated high correlations between the DSI and consumption behavior such as 
involvement, usage, and product knowledge in the domain of wine, even across different 
countries (Goldsmith, 2000; Goldsmith, et al., 1998). Further studies have helped to 
confirm the applicability of the DSI in different countries; one example is research on 
fashion in India, which found that the DSI is significantly correlated with number of 
purchases, opinion leadership, and need for uniqueness in the specific fashion domain 
(Chakrabarti & Baisya, 2009). 
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The DSI also compares favorably to other scales and measures purportedly use to 
help predict actual innovative consumer behavior. As mentioned previously, a direct 
comparison of the DSI and a modified version of Hurt et al.’s (1977) global measure of 
innovativeness found that the DSI had a much stronger correlation with new product 
purchases in the domains of clothing and consumer electronics, with domain-specific 
innovativeness almost completely mediating the relationship between global 
innovativeness and actual purchase behavior (Goldsmith, et al., 1995). The DSI also out-
performed a scale to measure market mavens (developed by Feick and Price [1987] to 
capture knowledgeable and heavily involved consumers) in predicting time and money 
spent shopping for consumer goods in general (Goldsmith, Flynn, & Goldsmith, 2003). 
Other researchers have found results consistent with these as well. Domain-specific 
innovativeness was found to enhance the actual adoption of new consumer electronic 
products, and was found to mediate the relationship between a more global 
innovativeness and the actual product adoption (Hirunyawipada & Paswan, 2006). A 
cross-national and cross-cultural examination of DSI as compared to a modified version 
of Leavitt and Walton’s (1975) general innovativeness scale reported that the DSI was 
much more effective in describing innovative behavior in the domain of new laptop 
technology than more generalized innovativeness, and this pattern was consistent across 
the United States, South Korea, and China (Kim, Di Benedetto, & Lancioni, 2011). 
Overall, the utility of the DSI in describing actual consumer behavior pertinent to 
marketers and businesses, by itself and in contrast to related scales, is consistently 
demonstrated throughout these studies. 
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Of specific interest to the current research are studies investigating the DSI in 
relation to Internet shopping and online consumer behavior. Because Internet shopping 
has become a significant source of revenue and area of interest for businesses, and 
because domain-specific innovativeness has generally been successful in predicting and 
describing actual consumer behavior, the DSI’s relationship with online shopping 
domains has become a popular area of study. Using similar methods found in previous 
studies involving the DSI, Goldsmith (2001), showed that the DSI, when adapted to the 
domain of online shopping and purchasing, had significant positive correlations with 
frequency of internet usage, likelihood of using online services for purchasing in the 
future, and actual Internet purchasing and consumption behavior. Furthermore, when 
scores on the DSI were used to segment subjects into “innovators”, the “middle 
majority”, and “laggards”, the innovators displayed significantly higher mean scores on 
frequency of internet usage, likelihood of using Internet shopping in the future, and 
online purchasing behavior (Goldsmith, 2001). Further examinations of the DSI within 
the domain of online shopping found that the DSI was predictive of online purchase, the 
visiting of websites for product information, and the variety of product classes browsed 
and purchased online (Blake, Neuendorf, & Valdiserri, 2003). Additionally, these effects 
were significant in explaining innovative behavior in online shopping above and beyond 
the effects of things such as prevalence of online shopping in one’s social sphere and 
Internet experience in terms of frequency of use for consumption behavior, frequency of 
Internet usage in general, and length of time using the Internet (Blake, et al., 2003). When 
online shopping and adoption of online shopping was broken down into a more multi-
faceted profile of characteristics instead of just a unidimensional construct, the DSI was 
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still a powerful predictor of these overall “online shopping profiles” (Blake, Valdiserri, 
Neuendorf, & Valdiserri, 2007). These effects were seen across multiple countries as 
well. Direct comparison of the DSI with related constructs in predicting innovative 
behavior in the domain of online shopping has been fruitful as well. As discussed 
previously, the DSI was found to have a significant effect on online shopping adoption 
and significantly moderated the relationship between Internet usage and Internet 
shopping adoption, whereas a more general measure of innovativeness did not share any 
of these direct or moderative effects on Internet shopping adoption (Citrin, et al., 2000). 
An example of the ability of the DSI to significantly exist at a level between more general 
trait dispositions and more behavioral-level actions was seen when the DSI was found to 
moderate attitudes towards online clothes customization while shopping online and actual 
intent to engage in online customization (Yun & Hira, 2012). Based on these results, it 
can be said that the DSI has predictive utility when applied in an online shopping context, 
and can be effective for marketers and businesses in the sense of targeting potential 
customers who have a higher potential for engaging in online shopping (Blake, et al., 
2007). 
However, despite the ability of the DSI to explain and predict innovative and 
consumption behavior, its usefulness over that of other behavioral indicators and its 
validity in actually capturing the construct of innovativeness has been put into question. 
Though there is a lack of predictive validity found in many general or global 
conceptualizations of innovativeness, not to mention other personality traits, the appeal of 
using a more abstract definition is that a trait is seen as stable and having effects (whether 
direct or indirect) on a wide variety of behavior and attitudes of differing levels of 
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specificity, this variety not being accounted for by more context and domain-specific 
measures (Baumgartner & Steenkamp, 1996). Indeed, some research on innovation has 
demonstrated that more general measures of innovativeness based on certain personality 
traits and abstract conceptualizations may have some usefulness in explaining multiple 
aspects of specific innovative behavior without situating the measure in a specific domain 
(Manning, et al., 1995). In the area of innovativeness research, one implication is that by 
using a measure such as the DSI, one is not necessarily gaining more predictive ability or 
utility over simply measuring actual behavioral indicators such as experience within the 
domain in question or intention of adoption or purchase. For an example in one domain, 
Internet usage frequency and experience has been found to have significant positive 
effects on and is highly predictive of online shopping and related behavior (Blake, et al., 
2003; Citrin, et al., 2000; Goldsmith, 2001). Although these effects from usage are 
mediated partially or sometimes almost completely by domain-specific innovativeness, 
the question remains as to what determines this level of innovativeness; how much of the 
DSI is a function of extensive experience in a product domain or behavioral intentions 
and how much connection is there to actual personality dimensions of innovativeness 
such attitudes, novelty-seeking, and risk-taking (Blake, et al., 2003). When considering 
innovativeness at this product and domain-specific level, it has been posited that high 
product usage rate may lead to greater knowledge in the domain and a better ability to 
evaluate new information, which would in turn lead to increases in domain-specific 
innovativeness (Gatignon & Robertson, 1985). Indeed, some studies examining domain-
specific innovativeness have found that the DSI is possibly a function of high experience 
and usage (Citrin, et al., 2000) or has almost no relation to stable consumer attitudes but 
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significant relations to intention (Yun & Hira, 2012). Further, those classified as 
innovators in a domain by the DSI share many characteristics of those with high usage 
and experience in the same domain or a high adoption intention such as time shopping, 
number of trips to a store,  likelihood to purchase products compatible with previous 
purchases, and reliance on promotions (Goldsmith, 2001; Goldsmith & Flynn, 1992). If 
the case is that the DSI is more a function of experience and intention than more 
personality-based aspects of innovativeness, the value of the DSI in tapping other aspects 
of innovativeness pertinent to business practitioners and identifying actual innovators is 
questionable. 
This leads to a second implication of the use of the DSI. The study of the 
diffusion of innovations includes many concepts beyond just innovativeness and its 
connection to adoptive behavior, including features of an innovation, opinion leadership, 
rates of diffusion, perceived newness of an innovation, reinvention, and varied 
personality traits such as risk-taking, novelty-seeking, venturesomeness, openness, and 
creativity (Rogers, 1995). The DSI, which has consistently shown to be a useful predictor 
of purchasing and adoptive behavior, can be an effective tool in helping to target initial 
consumers who have high potential for adoption (Blake, et al., 2007), but this does not 
capture the full benefit and actionability found through a complete understanding of 
consumer innovativeness and the diffusion of innovations. From its foundation, the DSI 
is based on the notion that consumers can be innovative in one domain but not another 
(Goldsmith & Hofacker, 1991), a notion that fundamentally limits the generalization of 
effects found in one product domain to different product domains. This is also a 
supposition that inherently disconnects the DSI somewhat from more stable and 
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unchanging personality traits associated with innovativeness such as risk-aversiveness, 
openness, and creativity that would not be expected to vary based on context or product 
domain. More general traits such as these have been found to affect things important to 
successful diffusion, including perception of innovation features and reinvention 
(Domina, Lee, & MacGillivray, 2012; Hirschman, 1980; Yi, Fiedler, & Park, 2006). 
Neglecting these aspects of innovativeness lowers the chance of a marketer or business 
effectively managing other aspects necessary for successful diffusion; aspects such as 
enhancing diffusion speed, extending the life of an innovation, improving innovations, 
creating a market leader image, halting disruptive innovations, and structuring an 
innovation with the right combination of features to appeal to specific segments of 
customers (Goldsmith & Foxall, 2003; Blake, et al., 2007). This connection of the DSI to 
traditional constructs associated with innovativeness had been directly examined in 
research as well. When using the DSI to predict online shopping profiles, it was found 
that the domain-specific innovativeness had a greater effect predicting the consumption 
of typical (usual and customary) products as opposed to atypical (new and different) 
products (Blake, et al., 2007). Furthermore, there was no evidence that the DSI was more 
predictive of shopping perceived as new than when perceived as prosaic (Blake, et al., 
2007). These results questioned the validity of the DSI in fully measuring innovativeness 
and identifying actual innovators, as there was no support for related construct such as 
perceived newness and risk-aversiveness or risk-taking. This finding is reinforced by a 
study describing significant but very weak correlations between the DSI and the level of 
ownership and relative time of adoption of consumer electronics described as really new 
and cutting edge (Chao, Reid, & Mavondo, 2012). The authors suggested a further 
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investigation of personality-related antecedents of new product adoption and purchasing 
to help find better conceptualizations and measurements of behavioral prediction. Other 
more stable characteristics related to innovativeness found to lack much of a relationship 
with the DSI were dependency on others’ opinions and effectiveness of word of mouth 
(Kim, et al., 2011). Beyond concerns regarding its utility over other behavioral indicators 
of product adoption and its validity in tapping the traditional concept of innovativeness, 
the DSI lacks consistent evidence for cross-cultural validity. Though, as mentioned 
previously, some results have shown it to be valid in other countries such as France and 
Germany (Goldsmith, et al., 1998), and Blake et al. (2007) showed that it predicts various 
facets of online shopping in several national samples including the USA, studies 
involving the DSI across other countries and cultures still lack consistency. The DSI was 
not found to be predictive of online shopping in South Korea (Park & Jun, 2002), and the 
DSI and its effects on consumer behavior patterns was shown to vary significantly due to 
cultural and national differences in South Korea, China, and the USA (Kim, et al., 2011). 
From these conflicting results, it would seem as if further research on the applicability of 
the DSI across cultures may be warranted. Overall, this research does not deny the ability 
of the DSI to predict purchase or adoptive behavior or the lack of ability of very abstract 
measures of innovativeness to predict actual behavior, it simply questions the ability of 
such a specific conceptualization to capture the full theoretical construct of 
innovativeness and its full range of effects on the perception and use of new innovations. 
2.2. Internet Experience, Innovativeness, and Internet Shopping 
 Once innovativeness has been conceptualized in a way that makes it a useful and 
valid tool for marketers and business practitioners, the next step is to apply it in a way 
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that leads to greater business and product success. One of the most popular areas of 
business focus and growth in terms of reaching consumers is the use of online shopping. 
And as greater numbers of companies start to integrate an online shopping framework in 
order to incorporate more direct marketing strategies, it is becoming more important to 
design websites that are appealing and targeted towards populations of interest. Studies 
have shown that there are significant differences among people who shop online, and 
there exist segments of customers that have markedly greater frequencies of visits to 
Internet shopping sites and products purchased at shopping sites than other segments 
(McKinney, 2004). Though, as online shopping and product distribution becomes more 
commonplace, it can be expected that the gaps between numbers of online shoppers and 
non-shoppers will gradually close. In most cases, designers will want to keep those that 
are early visitors to websites in mind (Blake, Neuendorf, & Valdiserri, 2005), as targeting 
initial adopters seems to be one of the most reasonable strategies for maximizing sales 
and usage. The goal for targeting these populations is to figure out what characteristics, 
both behavioral and personal, are indicative of an early website adopter. In general, 
research in this area has concluded that both innovativeness, especially as conceptualized 
in the specific domain of online shopping, and Internet experience have pronounced 
effects on online shopping behavior. 
 As described in the previous section, there has been much research into domain-
specific innovativeness and its effects on online shopping. A quick summary indicates the 
DSI has been found to correlate well with and predict such behavior as Internet usage 
frequency (Goldsmith, 2001), greater Internet purchasing (Blake, et al., 2003; Goldsmith, 
2001), higher likelihood of future Internet purchasing (Goldsmith, 2001), variety of 
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product classes shopped online (Blake, et al., 2003), and visiting websites for product 
information (Blake, et al., 2003). It further has shown to moderate somewhat the 
relationship between online usage frequency or experience and Internet purchase 
behavior (Blake, et al., 2003; Citrin, et al., 2000) and the relationship between attitudes 
towards aspects of online shopping and intention to engage is these aspects (Yun & Hira, 
2012). There has also been evidence of the DSI’s ability to predict certain facets of 
overall shopping behavior in different countries and culture (Blake, et al., 2007; Park & 
Jun, 2002). However, the DSI is not alone among innovativeness measures in having 
demonstrated effects on online shopping and usage. A scale adopted specifically for an 
online usage context from one previously developed to measure opinion leadership 
(Reynolds & Darden, 1971) was found to have a significant positive relationship with 
online banking (Lassar, et al., 2005).  
Other measures that exist at a little more general level than domain-specific 
innovativeness and are more directly conceptualized from trait theories and personality 
characteristics related to the innovativeness construct have shown some utility within the 
context of online shopping and behavior. Two studies using more generalized 
innovativeness scales adapted from Hurt et al.’s (1977) measure, typically a poor 
predictor in consumer contexts, found their scales to have significant effects on intention 
to shop for fashion products online (Nirmala & Dewi, 2012) and, through structural 
equation modeling, to have significant effects on attitudes and behavioral intentions 
regarding the voluntary adoption and usage on online shopping (Limayem & Khalifa, 
2000). A more specific measure of innovativeness, developed to integrate with the 
Technology Acceptance Model regarding the adoption of new information technology 
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(Agarwal & Prasad, 1998), was demonstrated to positively influence intentions to use 
online tourism services, regardless of any effects from social influence or facilitating 
conditions (Martin & Herrero, 2011). This measure of personal innovativeness within 
information technology (PIIT), also shown to moderate the relationship between 
performance expectancy and online purchase intention in the same study, gives evidence 
for a more generalized measure of innovativeness than a domain-specific level having 
effects on online behavior as well. However, some research has actually found negative 
relationships between more general conceptualizations of innovativeness and online 
consumer behavior, such as the adoption of online banking (Lassar, et al., 2005). Overall, 
these results suggest that there may be some utility in using innovativeness scales at a 
more general level than the DSI to help explain and predict online shopping behavior, 
though the inconsistent results and wide variety of scales used underline the need for 
further and more focused research in this area. 
The notion that a consumer’s extensive experience in a specific product domain 
may lead to increases in related shopping behavior is not a new one, and predates the 
widespread availability of, and research into, online shopping. Reviews of innovation 
literature have cited numerous studies that show the power of previous product 
experience and knowledge on explaining future innovative and adoption behavior 
regarding the same product (Citrin, et al., 2000; Gatignon & Robertson, 1985). Logical 
explanations for these findings were readily put forth, including past experience allowing 
consumers to better predict future outcomes of product purchase and detect superiority in 
new offerings (Citrin, et al., 2000; Gatignon & Robertson, 1985), and past experience 
helping to increase compatibility and decrease complexity of a new innovation 
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(Dickerson & Gentry, 1983), compatibility and complexity being perceived 
characteristics of innovations important to successful diffusion (Rogers, 2003). This 
history of research pointing to an important role of past experience on adoption led many 
studying online shopping to test and form hypotheses around the role of past Internet 
usage. 
Of studies related to online shopping mentioned previously, a number of them 
specifically investigated the effects of Internet experience and usage on future innovative 
behavior. Behavioral indicators of experience with the Internet, including amount of past 
history with online usage and frequency of usage, have variously been found to 
significantly positive correlate with and predict future online product purchasing, variety 
of products shopped online, and likelihood to shop online in the future (Blake, et al., 
2003; Citrin, et al., 2000; Goldsmith, 2001). However, each of these studies, as 
mentioned before, found that including measures of domain-specific innovativeness 
worked to lessen the impact of Internet experience, either partially or almost completely 
in some cases. Other studies mentioned previously that included innovativeness measures 
have found strong independent effects for past experiences, however, with some 
examples including past online purchase experience having a strong effect on intention to 
shop for fashion products online (Nirmala & Devi, 2012), and frequency of web usage 
having a significant positive effect on online banking adoption (Lassar, et al., 2005). 
Beyond these studies, there has been much research looking at past Internet 
experience in conjunction with other personality and behavioral characteristics besides 
innovativeness and their effects on online shopping behavior. In a segmentation study 
looking at large populations of Internet users, Horrigan (2000) observed that veteran 
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users of the Internet, with more online experience than other groups, are those most likely 
to engage in online shopping. These results were confirmed in research examining 
specific differences between Internet consumers who had purchased apparel online and 
those who had not, in which purchasers had more experience online in general and spent 
a greater frequency of time shopping online than non-purchases (Goldsmith & 
Goldsmith, 2002). Furthermore, age and demographic characteristics were not found to 
significantly differ between the two groups. While convenience is often purported to be 
major factor as to why consumers engage in online shopping, research into consumer 
purchase orientations towards online shopping showed that prior online purchasing 
history and Internet experience were significantly related to an intention to shop online, 
while consumer purchase orientation, and by implication convenience, was not 
(Jayawardhena, Wright, & Dennis, 2007). Risk is another construct often brought up in 
the discussions around online shopping, and Internet experience has specifically been 
examined regarding its roles and interactions with risk and online shopping behavior. 
Studies have described consumers who have no previous experience shopping online as 
more risk-averse (Lee & Tan, 2003), and other evidence has been found that the 
relationship between the intangibility of online shopping and its perceived risks and 
evaluation difficulties is moderated by previous Internet and product category experience 
(Laroche, Yang, McDougall, & Bergeron, 2005). Taken as a whole, previous Internet 
experience does seem to have significant effects on future online shopping behavior, and 
displays interesting relationships with innovativeness and constructs related to it. Because 
many studies have questioned the nature of the relationship between Internet experience 
and innovativeness and may have possibly conflated the two, especially in regards to 
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innovativeness at the domain-specific level, it may be useful to specifically examine 
these two concepts and their effects on online shopping with special consideration of past 
research into their relationship. 
2.3. Internet Website Features 
  Though innovativeness is certainly a useful area of study in regards to consumer 
behavior, it cannot explain all aspects of innovative adoptive and shopping behavior by 
itself. In fact, innovativeness is frequently cited in various theoretical and structural 
models as just one of many individual factors that have significant effects on the 
expression of innovative behavior. One factor that is often discussed and studied is the 
features of an actual innovation, and how they and perceptions of them influence 
innovative behavior. The classic conceptualization of innovation features was put forth 
by Rogers (1964) in his work on the diffusion of innovations. In it, he discussed five 
features critical to the rate of adoption of new innovations. These features include relative 
advantage, compatibility, complexity, trialability, and observability. These features have 
also sometimes been expanded in the literature to assist in examining more specific 
effects, including conceptualizations of relative advantage as time savings, effort savings, 
and money savings, and conceptualizations of compatibility as fitting in with self-
concept, family members, and existing habits (Ostlund, 1974). And beyond these five 
features of Rogers, other perceived product characteristics theorized to be important on 
consumer decision making have been studied, such as perceived risk (Bauer, 1960). 
Many subsequent studies have used some or all of these features as a basis to explore 
different aspects of the relationships between innovativeness and innovative behavior. 
The importance of how these features are perceived by users has been shown time and 
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time again, as they can directly affect behavior such as adoption, sometimes much more 
strongly than a consumer’s personal characteristics such as demographics and traits like 
venturesomeness, cosmopolitanism, and level of variety of interests (Ostlund, 1974). 
Indeed, reviews of research investigating perceived innovation features have found vast 
support for significant and expected effects on the diffusion of innovations (Gatignon & 
Robertson, 1985). Features of new innovations have also played a role in the 
development of models that have successfully been applied to adoptive intentions and 
actual behavior, one such case being the Technology Acceptance Model (TAM), in which 
the new technology features of perceived usefulness and perceived ease of use are 
important drivers of attitudes towards the use of new technology and the intention to use 
new technology (Davis, Bagozzi, & Warshaw, 1989). All of this study has confirmed the 
initial hypotheses of researchers like Rogers; there are perceived characteristics of 
innovations themselves that can have effects on the diffusion and adoption of 
innovations, effects that can be significant and independent of more personal 
characteristics of the actual consumers. What is perhaps more interesting, especially in 
the context of the current research, are where these effects stemming from innovation 
characteristics exist in relation to effects due to a consumer’s innovativeness, and what, if 
any, types of interactions occur between the two. 
 There have been many studies that examine the effects of both innovativeness and 
innovation features on adoptive and innovative behavior. Research includes relationships 
such as the role of personal innovativeness on perceptions of innovation features, how 
various categories of consumers based on time of adoptions and innovative behavior 
differ in regards to preferences for features, and even the integration of innovativeness 
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measures into behavioral models which include perceived innovation characteristics. 
Various investigations of innovation characteristics and innovativeness have started with 
direct conceptualizations of the five features described by Rogers (1964) essential to the 
rate of diffusion. For example, in a study examining the adoption of iPads, product 
complexity was significantly negatively directly related to adoption intention, while 
different aspects of a consumer’s generalized innovativeness (as measured using Hurt et 
al.’s (1977) innovativeness scale) were significant moderators of the relationship between 
characteristics of the product, such as the relative advantage offered and its trialability, 
and adoption intention (Ho & Wu, 2011). More specifically, relative advantages of the 
product were most important on behavioral intention to consumers who liked to try new 
products, while trialability was most important on behavioral intention to those 
consumers more willing to adopt new methods. Considering global innovativeness scales 
such as Hurt et al.’s (1977) have repeatedly been found to be poor direct predictors of 
actual behavior and intent, these results suggest one possible valuable use of a more 
generalized innovativeness measure, specifically its measured effects on perceived 
innovation features (which in turn have consistent effects on actual adoption and related 
innovative behavior). Also pertinent in business contexts is positioning innovations to 
different users in order to maximize the diffusion rate. An investigation into 
innovativeness, product class experience, and perceived innovations features on the use 
of mobile payment technology found that innovativeness in the general domain of “new 
products” and experience with mobile banking were significantly related to mobile 
payment technology’s perceived ease of use (Kim, et al., 2010). Beyond this, users were 
split into early adopter and late adopter groups, with early adopters significantly valuing 
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the innovation characteristic of perceived ease of use, and late adopters significantly 
valuing the characteristic of perceived usefulness. These findings give evidence for 
innovation features, in addition to having important relationships with personal 
characteristics such as innovativeness and past experience, having meaningful 
relationships with different groups of consumers that become more important at different 
times during the life of an innovation. 
 As businesses now fully operate within the Information Age, frameworks used to 
explain new technology adoption and associated behaviors, such as the Technology 
Acceptance Model (Davis, et al., 1989), have become more popular in business and 
applied consumer research. As such, researchers have begun to introduce other constructs 
important to consumer behavior, such as innovativeness, into frameworks adapted from 
the TAM. One of the more popular innovativeness measures associated with technology 
acceptance was developed by Agarwal and Prasad (1998), as mentioned previously, and 
was described as personal innovativeness within information technology (PIIT). PIIT is 
conceptualized at a level specific to new ideas and developments within information 
technology, but not as specific as to the domain of actual products and services (as in the 
DSI). In its initial development, the researchers placed it into a framework inspired by the 
TAM, and found PIIT to significantly moderate the relationship between a new 
information technology’s perceived compatibility and usage intentions (Agarwal & 
Prasad, 1998). Further research involving the PIIT in technology acceptance models have 
found it to be significantly related to perceived usefulness and perceived ease of use of 
new and innovative technology (Fagan, Kilmon, & Pandey, 2012; Lewis, Agarwal, & 
Sambamurthy, 2003). Each of these findings has been confirmed through extensive 
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testing of two models of technology acceptance, in which a model featuring PIIT as 
having direct effects on the innovation characteristics of perceived usefulness, perceived 
ease of use, and perceived compatibility was consistently stronger than a model featuring 
PIIT as a moderator of the relationship between the three perceived innovation 
characteristics and behavioral intention (Yi, et al., 2006). The authors remarked that the 
findings showed some utility for the overall model in directly classifying and mapping 
consumers into adopter categories. Lastly, an adaptation of the DSI, when placed into a 
TAM-inspired framework, was found not to be predictive of usage intention regarding 
mobile financial services, but was found to have a significant relationship on perceived 
ease of use of the innovation (Lee, Park, Chung, & Blakeney, 2012). All of these findings 
reinforce the importance of perceived innovation features, and the benefits they might 
offer to marketers and businesses that understand them. 
 Because features have been shown to have an important role in examining 
innovative behavior, attempts have been made to characterize websites in terms of their 
features, and how these features can be manipulated to attract specific populations of 
interest. Vast amounts of research exist in trying to pinpoint specific aspects of websites 
that appeal to consumers and attempting to match these features with general consumer 
attitudes and behavioral intentions towards website usage. Previous reviews of the 
literature surrounding website features (e.g., Blake, et al., 2005) have uncovered 
extensive investigations of topics such as specific features of websites themselves, roles 
these features play in contributing to a website’s appeal, individual’s perceptions of 
websites, motivations of consumers, and multi-level classifications of website features 
(see Table 1).  
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Table 1: Selected Research on Website Features 
 
Author(s) Topic(s) Significant Characteristic(s) and/or Factor(s) Examined 
Bucy et al. 
(1999) 
Specific Features Appearance and organization of website content on 
amount of web traffic 
Van den Poel & 
Leunis (1999) 
Specific Features Riskiness on evaluations of websites and Internet channel 
functions 
Degeratu et al. 
(2000) 
Specific Features Brand name presence, Presence of Visual and Factual 
product information, Price Incentives on consumer choice 
behavior 
Balabanis & 
Reynolds 
(2001) 
Specific Features Brand Attitudes on attitudes towards websites 
Shim et al. 
(2001) 
Specific Features Approval by friends and family of Internet shopping use 
on usage intentions 
Fiore & Hyun-
Jeong (2003) 
Specific Features Interactivity on approach responses towards online 
retailer 
Forsythe & Shi 
(2003) 
Specific Features Product Performance Risk, Financial Risk, Psychological 
Risk, Time/Convenience Risk on online shopping behavior 
Park & Jun 
(2003) 
Specific Features Perceived Risk on online shopping behavior 
Laroche et al. 
(2005) 
Specific Features Physical (Product)Tangibility, Mental (Information) 
Tangibility, Product Generality on product evaluation 
difficulty and perceived transaction risk 
Hausman & 
Siekpe (2009) 
Specific Features Human Design Elements (Layout), Computer Design 
Elements (Functionality) on purchase intentions and 
intentions to revisit site 
Swaminathan 
et al. (1999) 
Specific Features 
and Roles of 
Specific Features 
Security, Price, Convenience on propensity to engage in 
online transactions 
Bhatnagar et al. 
(2000) 
Specific Features 
and Roles of 
Specific Features 
Riskiness, Convenience on likelihood of purchase on 
Internet 
Szymanski & 
Hise (2000) 
Specific Features 
and Roles of 
Specific Features 
Security, Convenience on e-satisfaction 
Coyle & 
Thorson (2001) 
Specific Features 
and Roles of 
Specific Features 
Vividness, Interactivity on telepresence and 
positive/enduring attitudes towards websites 
Featherman & 
Pavlou (2003) 
Specific Features 
and Roles of 
Specific Features 
Performance Risk, Financial Risk, Time Risk, Psychological 
Risk, Social Risk, Privacy Risk, Usefulness, Ease of Use on 
e-service adoption intention 
Radosevich 
(1997) 
Roles of Specific 
Features 
Site Design and Content on usability 
Li et al. (1999) Roles of Specific Communication Utility, Distribution Utility, Accessibility 
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Features on frequency of online purchasing 
Qimei & Wells 
(1999) 
Roles of Specific 
Features 
Entertainment, Informativeness, Organization on 
attitudes towards sites 
Nel et al. (1999) Roles of Specific 
Features 
Control, Attention, Curiosity, Intrinsic Interest on the 
experience of flow when online 
Chen et al. 
(2000) 
Roles of Specific 
Features 
Enjoyment, Control, Concentration on the experience of 
flow when online 
Haubl & Trifts 
(2000) 
Roles of Specific 
Features 
Interactivity on quality and efficient of online purchasing 
decisions 
Novak et al. 
(2000) 
Roles of Specific 
Features 
Control, Arousal, Interactive Speed, Telepresence on the 
experience of flow when online 
Lynch et al. 
(2001) 
Roles of Specific 
Features 
Trust, Loyalty, Affect on usage intentions of shopping 
websites 
Yoo & Donthu 
(2001) 
Roles of Specific 
Features 
Ease of Use, Aesthetic Design, Processing Speed, Security 
on website quality and appeal 
Koufaris (2002) Roles of Specific 
Features 
Shopping Enjoyment, Perceived Usefulness on intention 
to return 
Palmer (2002) Roles of Specific 
Features 
Access Speed, Navigability, Content, Interactivity, 
Responsiveness on site performance (satisfaction, 
likelihood of return, frequency of use)  
Srinivasan et al. 
(2002) 
Roles of Specific 
Features 
Customization, Contact Interactivity, Cultivation of Users, 
Care in Presenting Purchasing Interface, Community, 
Choice (Variety), Character (Site Design) on website 
loyalty 
Domina et al. 
(2012) 
Roles of Specific 
Features 
Concentration, Control, Enjoyment, Ease of Use on 
shopping intention 
Eighmey (1997) Roles of Specific 
Features and 
Feature 
Classification 
Entertainment, Ease of Use on user responses to 
websites; 6 factor classification of Marketing Perceptions, 
Entertainment Value, Informational Value, Ease of Use, 
Credibility, Interactivity 
Keeney (1999) Consumer 
Motivations 
Means Oriented Objectives (Product Availability), 
Fundamental Objectives (Product Quality) on customer 
satisfaction with websites 
Parsons (2002) Consumer 
Motivations 
Functional Motives, Non-Functional Personal Motives, 
Non-Functional Social Motives on motivation to shop 
online 
Liu & Arnett 
(2000) 
Feature 
Classification 
4 factor classification of Information and Service Quality, 
System Use, Playfulness, System Design Quality 
measuring website success 
Aladwani & 
Palvia (2002) 
Feature 
Classification 
4 factor classification of Specific Content, Content 
Quality, Appearance, Technical Adequacy measuring 
website quality 
Ranganathan & 
Ganapathy 
(2002) 
Feature 
Classification 
4 factor classification of Information Content, Design, 
Security, Privacy on online purchase intentions 
Torkzadeh & 
Dhillon (2002) 
Feature 
Classification 
5 factor classification of Internet Product Choice, Online 
Payment, Internet Vendor Trust, Shopping Travel, 
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Internet Shipping Errors measuring means objectives; 4 
factor classification of Internet Shopping Convenience, 
Internet Ecology, Internet Customer Relation, Internet 
Product Value measuring fundamental objectives 
Chakraborty et 
al. (2003) 
Feature 
Classification 
7 factor classification of Organization, Nontransaction-
related Interactivity, Privacy/Security, Informativeness, 
Transaction-related Interactivity, Personalization, 
Entertainment measuring feature importance for B2B 
websites 
Wolfinbarger & 
Gilly (2003) 
Feature 
Classification 
4 factor classification of Website Design, 
Fulfillment/Reliability, Privacy/Security, Customer Service 
measuring website quality 
Kim & Stoel 
(2004) 
Feature 
Classification 
12 factor classification of Information Fit-to-task, Tailored 
Communication, Online Completeness, Relative 
Advantage, Visual Appeal, Innovativeness, Emotional 
Appeal, Consistent Image, Ease of Understanding, 
Intuitive Operations, Response Time, Trust measuring 
website quality 
Muylle et al. 
(2004) 
Feature 
Classification 
11 factor classification of Information Relevancy, 
Information Accuracy, Information Comprehensibility, 
Information Comprehensiveness, Ease of Use, Entry 
Guidance, Web Site Structure, Hyperlink Connotation, 
Web Site Speed, Layout, Language Customization 
measuring website satisfaction 
Blake et al. 
(2005) 
Feature 
Classification 
Features based on Consumer Values (Torkzadeh & 
Dhillon, 2002), Innovation Characteristics (Rogers, 1995) 
in predicting user Internet experience and domain-
specific innovativeness 
Blake et al. 
(2009) 
Feature 
Classification 
3 factor classification of Shopping Essentials, Online 
Concerns, The Buzz (Excitement) for cross-national online 
shopping preferences 
Blake et al. 
(2010) 
Feature 
Classification 
11 factor classification of Security Transactions and 
Privacy, Near Ideal, Visual and Auditory Richness, Web 
Site Functionality, Product Comparison, New and 
Different, Uniquely Entertaining, True to Its Word, Human 
Touch, Product Information, Others’ Recommendation 
for website feature importance 
 
One notable pattern in this large amount of research is the importance of perceived risk to 
online shopping. Not only is risk frequently found to be a barrier to online shopping 
(Cases, 2002), it is also a construct closely related to and studied along with 
innovativeness and diffusion of innovations (Ostlund, 1974; Park & Jun, 2003). Not as 
many studies have specifically looked at innovativeness and its relationships with website 
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features (and by implication, its indirect relationships to online usage and adoption). As 
mentioned previously, Park and Jun (2003) found varying effects for domain-specific 
innovativeness on online shopping across cultures, but they further found differing effects 
of perceived risk and its relationships with Internet usage and innovativeness. This 
suggests that certain features of Internet usage, such as perceived risk, should not be 
taken for granted in different countries or cultures, and may be affected differently by a 
consumer’s innovativeness as well. Another previously mentioned study by Domina et al. 
(2012) concluded that consumer independent judgment making (from Manning, et al., 
1995) had significant positive effects on perceived control, enjoyment, and ease of use of 
shopping in a virtual online world. Through studies such as these, the research describing 
relationships between innovativeness, perceived innovation features, and innovative 
behavior can be extended into the examinations of online usage and website features. 
Blake et al. (2005) took the unique step of using consumer’s preference ratings for 20 
website features to predict group membership based on Internet experience and domain-
specific innovativeness.  They found that “form” features (such as features that aided 
convenience) were more strongly preferred by those with high domain-specific 
innovativeness, and that “substantive” features (such as features that represented product 
value) were more strongly preferred by those with high Internet experience. Beyond 
giving e-designers a guide to attract consumers to new websites, the authors also 
provided some specific insight into the roles of the DSI and Internet experience on online 
shopping and the constructs being tapped by those measures.  
Further notable work in this area was accomplished by Blake, Hamilton, 
Neuendorf, and Murcko (2010) with their attempts to create a comprehensive list of 
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business-to-consumer (B2C) website features grounded in theory and appropriate for 
application in academic, professional, and business contexts. Drawing on a wide range of 
research on site features including their own previous work in examining online 
taxonomies (Blake, et al., 2005; Blake, Shamatta, Neuendorf, & Hamilton, 2009; Blake, 
et al., 2007), the authors developed the Variegated Inventory of Site Attributes (VISA). 
The VISA was created through systematic adaptation and conceptualization of various 
theories and inventories, including consumer values in evaluating a website (Torkzadeh 
& Dhillon, 2002), aspects that are determinants of success for B2C and B2B sites 
(Ranganathan & Ganapathy, 2002; Chakraborty, Lala, & Warren, 2003), the classic 
model of diffusion of innovations (Rogers, 2003), the Technology Acceptance Model 
(Davis, et al., 1989), and various other constructs such as trust, perceived risk, newness, 
distinctiveness, and presence. The finished inventory is made up of 11 dimensions and is 
mostly independent of demographic variables (by Blake, et al., 2010). The completed 
inventory gives academics and practitioners an extensive framework for the study and 
application of website features, while its theoretical background allows it to be used 
somewhat as proxy for the study of related constructs including, specifically of interest to 
the current research, innovativeness. Overall, the large amount of research on Internet 
website features reinforces its importance as a necessary consideration for marketers and 
companies looking to expand their businesses online. Furthermore, tying concepts of 
innovativeness and perceived innovation characteristics into website feature research 
allows more targeted looks at the role various measures of innovativeness have when 
applying them to e-business strategies, and allows one to scrutinize the exact benefits and 
soundness, both practically and theoretically, of these different innovativeness measures. 
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2.4. Shopping Behavior across Different Product Domains 
 One aspect of the topic of online shopping and innovativeness that is not a very 
popular area of study is the effects of innovativeness across different product classes 
when shopping on the Internet. While the role of innovativeness across different product 
categories in a general consumer and shopping sense is widely studied, most obviously 
seen with research surrounding domain-specific innovativeness, a more specific 
extension of the research to online shopping is not as frequently seen. Some reviews of 
general consumer behavior have concluded that certain traits associated with 
innovativeness, such as opinion leadership, vary depending on product category, and 
innovators themselves should be identified on a product category basis, as “generalized” 
innovators don’t exist across product categories or domains (Gatignon & Robertson, 
1985). Indeed, this is the fundamental basis for the DSI, in which an individual may be 
seen as innovative in one domain and not innovative in a different domain (Goldsmith & 
Hofacker, 1991). However, a gap in the research regarding online shopping exists in that 
innovativeness is typically only looked at within the domain of Internet shopping in 
general, and not as a function of different product classes as they exist in an online 
shopping context. Innovativeness studies involving multiple online product classes 
mainly use the different classes as a basis for comparison within the overall domain of 
online shopping or information technology, and don’t specifically examine any direct 
systematic effects product class may have on the actual measure of innovativeness and its 
relationships to innovative or adoptive behavior. There are, however, a few studies 
involving innovativeness, online shopping, and different product classes.  
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While there are many classifications for describing different product and service 
types in general that have been transported to an online context, using concepts such as 
involvement, price, and frequency of purchase, there have not been as many attempts to 
create a classification for products and services specifically as they function as online 
goods. Early in the lifetime of the Internet as a viable place for consumer transactions, 
Peterson, Balasubramanian, and Bronnenberg (1997) introduced a system for classifying 
online products and services. Their classification is based on two dimensions: the first 
dimension being low outlay/frequently purchased goods versus high outlay/infrequently 
purchased goods, and the second dimension being tangibility versus intangibility. As was 
seen in the review of website features, tangibility is an important concept in regards to its 
role in the perception of websites, especially perceived risk (Laroche, et al., 2005). With 
perceived risk shown to be a significant barrier in online shopping adoption (Cases, 
2002), and because of its association with innovativeness and related constructs, a 
product classification system based partly on intangibility seems an apt starting point for 
examining innovativeness across different product categories online. Using the 
outlay/frequency/tangibility classification of online products, PIIT, along with product 
involvement, was found to significantly positively affect attitudes towards the online 
purchase of high cost, infrequently purchased and intangible goods such as computer 
games in a Taiwanese sample (Lian & Lin, 2008). PIIT was also found to have no effects 
on attitudes towards the other three possible product categories (low cost, frequently 
purchased tangible goods, represented by books; high cost, infrequently purchased 
tangible goods, represented by TV gaming systems; low cost, frequently purchased 
intangible goods, represented by online newspapers and magazines). Further research 
46 
 
repeating this method in a Greek sample showed significant positive effects for PIIT and 
product involvement on attitudes towards the online purchase of low cost, frequently 
purchased tangible products (books), high cost, infrequently purchased tangible goods 
(TVs), and high cost, infrequently purchased intangible goods (subscriptions) (Keisidou, 
Sarigiannidis, & Maditinos, 2011). No effect from PIIT was found on attitudes to 
purchase low cost, frequency purchased intangible products (e-tickets). The results of 
these two studies, while not fully consistent, display some evidence of the effects of 
innovativeness across different online product classes, especially in regard to categories 
that could be seen as more risky (high costs, intangibility, and a need for product 
knowledge to overcome lack of trialability found when ordering online). 
 In regards to research that examine different online product categories but not 
necessarily innovativeness, studies have often attempted to translate classifications for 
general products and services (regardless of shopping channel or medium) to the domain 
of online shopping. One of the most popular ways of describing products is through the 
classification of products into search goods, experience goods, and credence goods (SEC 
model). Search and experience goods were initially described by Nelson (1970), with 
search goods defined as goods in which information for critical attributes can be known 
prior to purchase, and experience goods defined as goods in which critical attributes and 
qualities cannot be determined prior to purchase. Credence goods were later defined as 
goods with attributes that are still not easily assessed and verified by the average 
consumer even after purchase and usage (Darby & Karni, 1973). Numerous studies have 
adopted the SEC model to products being sold through online channels. In examining 
online purchase preferences, Girard, Silverblatt, and Korgaonkar (2002) classified 
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products being offered online as search, experience-1, (relatively inexpensive information 
search and research investment), experience-2 (relatively costly information search and 
research investment), or credence products. The authors found that preferences for 
purchasing search products online (represented by books and personal computers) were 
significantly higher than preferences for purchasing experience-1 products online 
(represented by clothing and perfume). Furthermore, preferences for purchasing 
experience-1 products online were significantly higher than preferences for purchasing 
experience-2 products online (represented by cell phones and TVs). These results 
suggested that products that are more costly and difficult to evaluate are less likely to 
succeed online (indicating some relations to risk and trialability). In addition, the authors 
found that the importance of various site features such as value, convenience, reputation, 
product assortment, and ordering services varied by product class, though 
security/privacy was equally important for all classes, and these site features were 
significantly associated with product purchase intentions (Girard, et al., 2002). Further 
research by the same authors found that the effects of consumer shopping orientations 
such as convenience and recreation on online purchase intentions vary by product class 
when using the search, experience-1, experience-2, and credence good classification 
(Girard, Korgaonkar, & Silverblatt, 2003). Effects on preferences for shopping online due 
to gender, education, and income also varied by product classification. Further research 
using SEC classifications showed that previous online shopping experience affected 
classifications of experience and credence goods (Wan, Nakayama, & Sutcliffe, 2012). 
For example, those with less Internet shopping experience were more likely to rate 
products such as cell phones and cars as experience and credence-level goods than those 
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with high Internet shopping experience. Again, this shows possible risks and trialability 
concerns being mitigated by personal characteristics, in this case previous Internet 
experience. Overall, studies using the SEC classification of goods in an online context 
display some interesting variations in effects due to product class, suggesting that online 
shopping should not always be examined uniformly. 
 However, there are criticisms of maintaining a classification system like the SEC 
model in a newer and different shopping medium such as the Internet. Since it was not 
specifically designed with the unique properties of the Internet in mind, some feel that the 
SEC classification is less suitable for categorizing different products online than 
classification systems specifically designed with the Internet in mind (Keisidou, et al., 
2011). Other authors lament the fact that much research views consumer markets as 
homogenous, and that the uniqueness of the Internet, as compared to more traditional 
retail channels, does not allow its effects to be broadly characterized over general 
markets, or conceptualizations based in these general markets to be applied specifically to 
online channels (Peterson, et al., 1997). Lastly, studies that have specifically examined 
the SEC classification and its relations to online shopping behavior and consumer 
characteristics have found it to be too simple to satisfactorily predict expected success of 
different products in an online marketplace (Brown, Pope, & Voges, 2003). So while 
classifications such as the SEC model display interesting results and indicate potential 
new areas of guided research when applied online, one should be cautious in drawing 
large generalizations from any measured effects. 
 There has been much other research beyond using specific typologies of products 
in examining the role of different product classes in online shopping. Examples include 
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studies that show how perceptions of risk and convenience in regards to online shopping 
significantly differ by product class (Bhatnagar, Misra, & Raghav Rao, 2000) and how 
the importance of attributes such as enjoyment, variety, price, trialability, and 
convenience differ significantly across various product classes (Levin, Levin, & Heath, 
2003). As research investigating the appeal of actual website features oftentimes looks at 
websites in general, results such as these suggest it may be important to consider possible 
effects the actual product category may have on site feature appeal. Other studies have 
even posited that the effects of convenience aspects of online shopping, long considered 
an important benefit to and incentive for actually shopping online, may actually be non-
significant in regards to online purchase intention when compared to the effects of 
product type (Brown, et al., 2003). Research in different cultures has also reinforced the 
apparent importance of considering product class as, for example, concerns over the 
riskiness and “life content” of certain goods (related to how much sensory input besides 
sight is necessary for sufficient product evaluation) were found to significantly negatively 
impact willingness to shop online in a Singaporean sample (Zigi & Tow Cheung, 2001). 
There has also been research into aspects of the Internet as a shopping channel as 
compared to traditional retail channels, and how these aspects become more or less 
important, or offer more or less incentive to shop online, depending on product class 
(Alba & Lynch, 1997; Keen, Wetzels, de Ruyter, & Feinberg, 2004). As a whole, 
research into different online product classes has consistently demonstrated that 
constructs such as perceptions of website features, more general perceptions of online 
shopping as a whole, and actual consumer intentions and attitudes can significantly vary 
based on product categories as they exist online. Since many of these constructs (like 
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risk, trialability, and convenience to name a few) have been found to have demonstrated 
relationships with other concepts important to online shopping like innovativeness and 
Internet experience, it seems apparent that more research on innovativeness and online 
shopping should include some consideration for different product and service classes. As 
antecedent effects of innovativeness such as perception of website features have been 
found to vary by product category, examining different product classes and their 
relationships with innovativeness would not only give marketers and business 
practitioners useful guidelines for designing more targeted and effective websites, but 
would also allow academics and theoreticians to more closely examine just exactly what 
constructs are being tapped and explored by various innovativeness measures. 
2.5. Conclusion and Current Study 
 To summarize, a review of the literature reveals some inconsistencies and gaps in 
the research that seem to be fruitful areas for further exploration. Understanding and 
applying the concept of innovativeness to consumer behavior has to potential to create 
various benefits for businesses and marketing practitioners (e.g., Goldsmith & Foxall, 
2003; Hirunyawipada & Paswan, 2006). To use the concept most effectively, however, 
innovativeness must be measured validly and be able to accurately explain and predict 
actual consumer behavior such as new product adoption, intentions, and frequency of use. 
For this, the business world looks to academic research for the conceptualization able to 
best generalize to real-world applications.  
As discussed in the review, there are a great many conceptualizations and scales 
that have been developed to capture and measure the construct of innovativeness, and 
many of these reside at different levels of abstraction (e.g., Roerich, 2004). One of the 
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earliest conceptualizations of innovativeness defined it through actual behavior that was 
considered “innovative”. Two notable examples are Rogers’ (1964) definition of 
innovativeness based on the relative time one adopts an innovation as compared to their 
peers, and the “checklist” approach of Midgley and Dowling (1978), in which 
innovativeness is defined as a function of the number of innovations an individual has 
adopted at a single point in time. Segmenting consumers based on innovativeness in this 
sense seems to find meaningful differences between consumers (e.g., Kim, et al., 2010; 
Ram & Jung, 1994). However, these conceptualizations have been found lacking in 
predictive ability, generalizability beyond single samples, and display problems in 
accurate operationalization and measurement (e.g., Goldsmith & Hofacker, 1991; 
Steenkamp, et al., 1999). 
Innovativeness has also been conceptualized as a more general personality trait, 
one derived from similar constructs such as venturesomeness, risk-taking, creativity, need 
for stimulation, openness, and variety-seeking. Various scales have been developed to 
measure this stable, trait-like definition of innovativeness, and these scales are generally 
reliable and valid and reflect the related constructs underpinning innovativeness 
mentioned above (e.g., Hurt, et al., 1977; Kirton, 1976; Leavitt & Walton, 1975). 
However, as with many general traits, this conceptualization of innovativeness has 
consistently been found to be a poor predictor of actual innovative behavior, including 
consumer behavior (e.g., Roerich, 2004). This is especially noticeable when compared 
alongside more domain-specific measures of innovativeness (e.g., Citrin, et al., 2000; 
Goldsmith, et al., 1995; Im, et al., 2007). Though there is some support for more general 
measures of innovativeness in predicting innovative behavior (e.g., Manning, et al., 
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1995), their utility in real-world business scenarios in describing consumer behavior is 
debatable. 
In comparison, domain-specific innovativeness measures, in which 
innovativeness is equated with tendencies to explore and adopt products within a specific 
domain (e.g., Baumgartner & Steenkamp, 1996; Goldsmith & Hofacker, 1991; Raju, 
1980), has been found to be a very strong predictor of actual innovative consumer 
behavior (e.g., Goldsmith & Hofacker, 1991; Roerich, 2004). The most studied and 
popular scale of this nature is the Domain Specific Innovativeness (DSI) Scale, 
developed by Goldsmith and Hofacker (1991) to be modified for different product and 
service domains. There have been many studies that have confirmed the predictive ability 
of the DSI including, of specific interest to the current study, within the domain of online 
shopping (e.g., Blake, et al., 2003; Blake, et al., 2007; Goldsmith, 2001). However, the 
DSI’s ability to translate across cultures is inconsistent in the literature (e.g., Park & Jun, 
2003), and there are still questions regarding how well the DSI captures the complete 
construct of innovativeness as traditionally defined (e.g., Blake, et al., 2007) and if the 
DSI is sufficiently unique compared to actual behavioral measures such as domain 
experience and intention (e.g., Citrin, et al., 2000; Yun & Hira, 2012). 
A focused review of research on innovativeness, Internet experience, and Internet 
shopping has found significant relationships among the concepts. Measures such as the 
DSI and personal innovativeness within information technology (PIIT; Agarwal & 
Prasad, 1998) have consistently been found to predict various forms of online shopping 
behavior (e.g., Blake, et al., 2003; Blake, et al., 2007; Citrin, et al., 2000; Goldsmith, 
2001; Martin & Herrero, 2011). Past Internet experience has also been found to 
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significantly explain and predict online consumer behavior (e.g., Horrigan, 2000; Lassar, 
et al., 2005; Nirmala & Devi, 2012). Within the research, experience and innovativeness 
oftentimes are found to have indirect or mediating relationships on each other (e.g., 
Blake, et al., 2003; Citrin, et al., 2000), and this indicates an area that may be worth 
exploring further with a special consideration for the possible relationship between the 
two. 
Often innovativeness is studied as part of a larger model of consumer behavior, 
and these models sometimes include physical and/or perceived innovation features. For 
example, Rogers (1964) described five classic innovation features important to successful 
diffusion of an innovation, and these features have been found to be important predictors 
of consumer behavior, both by themselves (e.g., Ostlund, 1974) and as part of a larger 
model (e.g., Ho & Wu, 2011). Various innovativeness measures have been plugged in to 
models including innovation features, and have found to have significant relationships 
with the perception of these features and, sometimes indirectly, with actual behavior and 
intentions (e.g., Lewis, et al., 2003; Yi, et al., 2006). As the current research is 
specifically interested in online shopping, research has been reviewed that examines 
website features, many of which have been extrapolated from more general innovation 
features (e.g., Blake, et al., 2010). Because innovativeness and Internet experience have 
been found to affect perceptions of specific website features (e.g., Blake, et al., 2005), 
this area seems to be a fruitful area for further study, as it can practically describe website 
features important for attracting desired consumers, and can help indirectly examine the 
theoretical nature of different measures of innovativeness. 
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Lastly, research on different product classes shows that consumer perceptions and 
behavior can change depending on product class, especially online (e.g., Bhatnagar, et al., 
2000; Girard, et al., 2002; Levin, et al., 2003; Lian & Lin, 2008). This is due to such 
constructs as convenience, tangibility, and perceived risk. Since some conceptualizations 
of innovativeness presuppose that innovativeness does not remain static among different 
product classes, and since innovativeness is frequently studied in regards to online 
shopping, it may be interesting to examine innovativeness and how it changes depending 
on online product class. Because there is very little current research in this area, this is an 
obvious gap that the current research hopes to fill. 
Online shopping is currently a very important area of study, both theoretically and 
in a practical business sense. As there are still questions regarding the theoretical validity 
of measures such as the DSI, despite their predictive ability, and limited evidence for the 
utility of more general innovativeness measures in explaining consumer behavior, it may 
be of import to explore both types in regards to online shopping. By focusing on how 
different levels of innovators perceive specific website features (especially features 
rooted in the theory and literature of innovation diffusion), one can gain a practical guide 
for website designers and marketers in targeting websites to populations of interest, and 
one can also gain indirect validation of the measures used to capture the innovativeness 
of the users. Including measures of previous Internet experience and usage frequency 
may also help explore their relationship to different measures of innovativeness, and help 
to examine just how separate, if at all, they really are. Lastly, as online shopping becomes 
more common and possibly seen as less innovative than it previously has been, 
examining the effects of innovativeness across online product classes that intuitively 
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differ in their newness and adoption risk may help create more specific insight into 
various innovativeness measures and, again, create more specific recommendations for 
website designers and marketers in attracting the ideal customers. 
Based on the literature review and the remaining questions surrounding the 
concepts discussed, the following research questions are proposed: 
 
1. What do the effects of innovativeness and Internet experience have on 
shopping website feature preferences? How do these effects differ based on 
the specificity of innovativeness being measured? More specifically, what 
effects do general shopping innovativeness (GSI) and Internet usage 
frequency have on site feature preferences? Do these effects depend on each 
other? In comparison, what effects do domain-specific innovativeness (DSI) 
and Internet usage frequency have on site feature preferences? Do these 
effects depend on each other? What can this reveal about designing website to 
appeal to specific, desired segments of customers? 
2. How do these effects generalize across different categories (i.e., site features 
for different types of products)? What does this reveal about how the GSI, 
DSI, and Internet usage frequency work across different categories? How can 
these effects aid one in making more specific website design decisions based 
on product category? 
3. What do the preferences for site features indicate that the GSI and DSI are 
actually measuring compared to previous investigations of these and other 
innovativeness measures? Does the DSI or GSI tap theoretical constructs 
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related to innovativeness as traditionally defined? Does the DSI or GSI relate 
to specific types of behavior? 
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CHAPTER III 
METHOD 
 
3.1. Data Collection 
 Secondary data for the present study were gathered in 2009 by a team of graduate 
students and a faculty member in the Department of Psychology through the use of an 
Internet survey measuring online shopping behavior and preferences. The majority of the 
sample (n = 326) were students at a large Midwestern university who received extra 
credit for coursework by participating in the study. Other participants (n = 26) were draw 
from a snowball sample of acquaintances of the original researchers. Through researcher 
observation of participants, examinations of completed surveys for excessive uniformity 
in responses, and the use of quality control items on the actual instrument, participants 
displaying potential bias or indifference were eliminated from the sample, leaving 313 
cases. As the sample was completely drawn from a population consisting of college 
students and acquaintances of the research team, the generalizability of the results to 
larger populations as a whole is limited. However, the sample is adequate for the 
purposes of hypothesis testing and exploratory analysis, which is the purpose of the 
current research. 
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3.2. Measures 
 The questionnaire used for data collection was the WAVE IV Innovativeness 
survey, an instrument of 214 items measuring attitudes and behaviors surrounding online 
shopping and innovativeness. Four parallel forms of the survey were used to gather data, 
with the only variation between forms being the ordering of some sections to help offset 
any pattern-of-response bias. The full content of one parallel version of the survey can be 
found in Appendix A, as not all of the items were used in the current research. Specific 
measurement of the main constructs used in the current research will be discussed in the 
following sections. The variables used for the primary analyses presented in the current 
study, the variables used in the MANOVAs and discriminant analyses, will first be 
discussed, following with the measurement of demographics. (Note: To see how 
variables used in preliminary and secondary analyses were measured in the study, please 
refer to copy of the full survey found in Appendix A) 
General Shopping Innovativeness (GSI) 
 The General Shopping Innovativeness scale (GSI) was developed by Blake and 
Neuendorf to capture innovativeness regarding new ways of shopping at an abstraction 
level more general than that of domain-specific innovativeness measures (first used in 
Hodges [2009]). The GSI is currently being studied and is in the validation process; one 
goal of the current research is to directly compare the GSI to existing innovativeness 
measures and compile some evidence for its ability to tap pertinent constructs within 
innovativeness research (a soft, somewhat quasi-validation of the measure). Within the 
survey, the GSI was represented by 8 items, with all items on a 5 point scale ranging 
from (1) “Strongly Disagree” to (3) “Neither Agree Nor Disagree”, and to (5) “Strongly 
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Agree”. The items, as they appeared on the survey, were (a) “I am suspicious of new 
ways of shopping”, (b) “I am reluctant to adopt new forms of shopping until I see them 
working for people around me”, (c) “I rarely trust new means of shopping until I can see 
whether the vast majority of people around me accept them”, (d) “I am generally cautious 
about new ways of shopping”, (e) “must see other people using new means of shopping 
before I will consider them”, (f) “I often find myself skeptical of new ways of shopping”, 
(g) “I am aware that I am usually one of the last people in my group to accept new styles 
of shopping”, and (h) “I tend to feel that the old ways of shopping are the best ways”. 
Domain Specific Innovativeness (DSI) 
 The Domain Specific Innovativeness scale (DSI), as mentioned frequently in 
previous sections, was developed by Goldsmith and Hofacker (1991) in an attempt to 
measure innovativeness in specific domains of interest with the hopes of displaying 
enhanced predictive ability. Within the survey, the DSI was represented by 6 items 
adapted by Blake et al. (2003) for the domain of online shopping. Each item was 
represented by a 5 point scale ranging from (1) “Strongly Disagree” to (3) “Neither Agree 
Nor disagree”, and to (5) “Strongly Agree”. The items, as they appeared on the survey, 
consisted of (a) “In general, I am among the last in my circle of friends to visit a 
shopping website when it appears”, (b) “If I heard a new website was available for online 
shopping, I would be interested enough to visit”, (c) “Compared to my friends, I have 
visited few online shopping sites”, (d) “I will visit an online shopping website even if I 
know practically nothing about it”, (e) “I know the names of new online shopping sites 
before other people do”, and (f) “In general, I am the last person in my circle of friends to 
know about new shopping websites”. 
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Internet Experience/ Usage Frequency (Hours) 
 Internet experience (here characterized more accurately as Internet usage 
frequency) was measured through the use of a single item on the survey: “On average, 
how many hours per week, if any, do you use the Internet?” The response categories, 
coded from 1 to 6, were “Under 11 hours”, “11-20”, “21-30”, “31-40”, “41-50”, and 
“Over 50 hours”. 
Importance/Preference of Website Features (GenPref, BookPref, and ElecPref) 
 Using the website feature framework laid out by the Variegated Inventory of Site 
Attributes (VISA) (Blake, et al., 2010), the survey drew 26 attributes to measure from a 
pool of 55 attributes. The 26 attributes that were chosen were included because they were 
able to adequately cover the 11 factor structure found in the VISA, the full 55 attributes 
being deemed to potentially create too much fatigue among survey respondents. A list of 
the 26 general features as they appeared in the questionnaire, along with the abbreviations 
they are referred to as throughout the remainder of this paper, can be found in Table 2. 
 
Table 2: Site Features Used in Analysis (taken from Blake et al. [2010]) 
 
Site Feature Feature as written in questionnaire 
Enjoyable “It is enjoyable to use” 
Ads “I hear about it on the radio, television, or in the newspaper” 
Product Photos “It has photos of products” 
Customer Feedback “Provides customer feedback (i.e., the site provides a place for you to 
learn about other customers’ evaluations of the product)” 
Animation “It has one or more animated characters that move or speak” 
Interactive “It has interactive web design (e.g., design/customize your 
products/services” 
Links “The Internet links on the site are working properly” 
Color “It has interesting, attractive color (e.g., in fonts, background, and 
borders)” 
Price Incentives “It provides price incentives (e.g., coupons, future sale items, frequent 
shopper programs, etc.)” 
Ease of Use “The things I am looking for are easy to find on the site” 
Reasonable Prices “It has reasonable prices” 
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Grammar “It is free of grammatical and typographical errors” 
Credit Security “There is a guarantee that my credit card information would be safely 
and securely protected” 
Security Seals “It has seals of companies stating that my information on the site is 
secure (e.g., Verisign)” 
Friends/Family Happy “My friends and family have been happy when they have shopped 
there” 
Variety “It has a wide selection and variety of products on the site” 
Graphics “It has interesting, attractive graphics (e.g., not too complicated, not 
too simple)” 
Product Comparisons “Products on the website can be easily compared with each other” 
Uniqueness “It is quite different from the usual sites for products of the type 
involved” 
Friends/Family 
Opinions 
“My friends or family let me know their opinions of the site” 
Return Policy “It has a return policy that is easy to understand and use” 
Benefits/Drawbacks “The site presents both benefits and drawbacks of the 
products/services” 
Company Rep “It allows instant messaging with the company or company 
representative” 
People Photos “It has photos of real people using products/services” 
Order Process “The order process is easy to use” 
Entertaining “It has entertaining graphics and displays” 
 
The importance of these features to a respondent’s usage of a website was measured for 
websites in general, websites used for shopping for books, and websites used for 
shopping for consumer electronics. Thus, 78 items total were used in the primary analysis 
(26 items each for websites in general, book websites, and consumer electronic websites). 
For websites in general, each feature was listed in full to represent a single item, with the 
following heading used to give instruction for the entire section: “Compared to other 
features of shopping websites, how strongly, if at all do the following features encourage 
you to shop at a particular site that has that feature? For example, consider the feature 
‘there is a guarantee that my credit card information would be safely and securely 
protected.’ If this is not important to your browsing to shop at a particular site rate it as a 
‘1’ or ‘2.’ Choose one number to answer each item.” Each of the 26 attributes was then 
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listed, which each attribute constituting a single item on a 5 point scale ranging from (1) 
“Does Not At All Encourage Me” to (5) “Strongly Encourages Me”.  
For the importance of consumer electronic website features, the same format for 
the items as seen in measuring importance for general websites was used (each feature is 
its own item, responses range from 1 to 5 with the same anchors as before). However, the 
ordering of the items was different, and the heading for the entire section read: 
“Previously you indicated how much you wanted each feature in regard to shopping 
websites in general. Now we are going to focus on CONSUMER ELECTRONICS 
websites. Suppose you are looking for a netbook you would like to give someone as a gift 
or for yourself, so you go online to different consumer electronic stores to find a good 
netbook to get. Think about the kind of CONSUMER ELECTRONICS website you 
would like to shop at. Then indicate how strongly, if at all, a website having a particular 
feature encourages you to shop at that CONSUMER ELECTRONICS website rather than 
going to another CONSUMER ELECTRONICS website.”  
For the importance of book website features, the same format for the items as 
seen in the previous two importance measures was used. The order of the site attributes 
was the same as the order seen for consumer electronic site features, though the heading 
for the entire section read as such: “That’s enough about online consumer electronics 
stores. Now let’s talk about online BOOKSTORES. Suppose you are looking for a book 
you would like to give someone as a gift or for yourself, so you go online to different 
bookstores to find a good book to get. Think about the kind of online BOOKSTORE you 
would like to shop at. Then indicate how strongly, if at all, a website having a particular 
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feature encourages you to shop at that BOOKSTORE website rather than going to 
another online BOOKSTORE website.” 
One advantage of eliciting preference ratings for websites of different product 
classes from the entire general sample is to help eliminate certain confounds due to 
expertise in shopping for a specific class. Previous studies have mainly asked only those 
with experience in a specific product class about features of websites for that product, 
leading to confounds when comparing the effects or ratings of features across different 
product classes. The questionnaire used in this case attempts to minimize these possible 
biases by having every participant in the sample share preferences for general, book, and 
electronic shopping websites regardless of previous online shopping experience in these 
specific product categories. 
Demographics 
 As is standard in survey research within psychology, demographics were 
measured to help characterize the sample. The first item asked “What is your gender?” 
with response options of “Male” and “Female”. The next item asked “What is your 
race/ethnicity?” with response options of “White”, “Black”, “Hispanic”, “Asian”, and 
“Other”. The third item asked “How old were you on your last birthday? (type the 
number such as ‘16’ if you are sixteen)” with the response option being a text field in 
which the respondent could type in a number representing his or her age in years. The 
next item asked “What is your marital status?” with the response options of “Single, 
never married”, “Married”, “Separated/Divorced”, and “Widowed”. The fifth item asked 
“Location” and, in smaller print, “In what state is your permanent address at the current 
time?” The response option was a dropdown menu with a list of state abbreviations. The 
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next item asked “What is the last year of education you have completed?” with the 
response options of “Some high school”, “High school”, “Community college/Technical 
school training (such as mechanic)”, “Some university or 4 year college”, 
“College/university graduate”, and “Graduate or professional school”. The seventh item 
asked “What is your current employment?” with the response options being “Employed 
full-time”, “Employed part-time”, “Self employed”, “Temporarily unemployed”, “Full 
time student”, “Homemaker/housewife”, and “Retired”. The next item asked “Please 
indicate which of the following categories best represents your annual family income 
before taxes?” with the response options of “$10,000 or less”. “$10,001 to $20,000”, 
“$20,001 to $30,000”, “$30,001 to $40,000”, “$40,001 to $50,000”, “$50,001 to 
$75,000”, “$75,001 to $100,000”, and “More than $100,000”. The last demographic item 
asked “How many people live with you in your household, including yourself (please 
enter the number)?” with the response option being a text field in which the respondent 
could type in a number representing the amount of people living in his or her household. 
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CHAPTER IV 
ANALYSIS AND RESULTS 
 
4.1. Sample Characteristics 
 The sample was described by examining the frequencies of responses from the 
demographic items on the survey. Once potentially problematic cases were cleaned from 
the data, the total sample used for further analysis numbered 313 participants. The 
majority of the sample consisted of males (73.8%), with most of the sample, 
unsurprisingly, of the typical undergraduate ages of 17-22 years old (55.3%). In terms of 
ethnicity, the majority of the sample described themselves as White (69.6%), and, as 
befitting a sample consisting mainly of undergraduate students, the majority of the 
sample described themselves as single and never married (84.0%). Most of the sample’s 
highest education level achieved was some university or 4 year college (57.2%), and the 
highest percentages of the sample were full-time students (40.3%) and reported having an 
annual income of $10,000 or less (21.1%). Table 3 (below) lists the statistics of the 
sample for the demographics of interest. 
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Table 3: Sample Characteristics (N = 313) 
 
Gender 
Male (% of sample): 231 (73.8%) 
Female (% of sample): 82 (26.2%) 
Age 
Age Range: 17 – 67 Years Old 
Mean Age: 25.2 Years Old 
Age Groups 
17 to 22 Years Old (% of sample): 173 (55.3%) 
23 to 30 Years Old (% of sample): 94 (30.0%) 
> 30 Years Old (% of sample): 46 (14.7%) 
Ethnicity 
White (% of sample): 218 (69.6%) 
Black (% of sample): 48 (15.3%) 
Hispanic (% of sample): 16 (5.1%) 
Asian (% of sample): 11 (3.5%) 
Other (% of sample): 20 (6.4%) 
Marital Status 
Single, Never Married (% of sample): 263 (84.0%) 
Married (% of sample): 36 (11.5%) 
Separated/Divorced (% of sample): 12 (3.8%) 
Widowed (% of sample): 2 (0.6%) 
Education 
High School (% of sample): 70 (22.4%) 
Community College/Technical School Training (% of sample): 19 (6.1%) 
Some University or 4 Year College (% of sample): 179 (57.2%) 
College/University Graduate (% of sample): 35 (11.2%) 
Graduate or Professional School (% of sample): 10 (3.2%) 
Employment Status 
Employed Full-Time (% of sample): 46 (14.7%) 
Employed Part-Time (% of sample): 117 (37.4%) 
Self-Employed (% of sample): 5 (1.6%) 
Temporarily Unemployed (% of sample): 11 (3.5%) 
Full-Time Student (% of sample): 126 (40.3%) 
Homemaker/Housewife (% of sample): 4 (1.3%) 
Retired (% of sample): 4 (1.3%) 
Annual Income 
$10,000 or less (% of sample): 66 (21.1%) 
$10,001 to $20,000 (% of sample): 47 (15.0%) 
$20,001 to $30,000 (% of sample): 25 (8.0%) 
$30,001 to $40,000 (% of sample): 30 (9.6%) 
$40,001 to $50,000 (% of sample): 36 (11.5%) 
$50,001 to $75,000 (% of sample): 44 (14.1%) 
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$75,001 to $100,000 (% of sample): 34 (10.9%) 
> $100,000 (% of sample): 31 (9.9%) 
 
4.2. Preliminary Analysis 
4.2.1. Scale and High/Low Group Construction.     The Generalized Shopping 
Innovativeness scale is a five-point, eight-item scale used to measure personal 
innovativeness within the area of shopping in general. Within the questionnaire, all eight 
items were negatively-phrased, so the data for these items were reverse-coded (a score of 
1 became a 5, a score of 2 became a 4, etc.). Once reverse-coded, the reliability was 
deemed sufficient, with an alpha value of .889. Next, a total score for the GSI was 
calculated for each individual, in which the responses for each item were summed. A 
higher total represents a higher level of generalized shopping innovativeness; the scores 
ranged from 8 to 40. The distribution of the GSI total score followed the normal curve 
fairly well. Lastly, two groups were created using the GSI total score variable, a “high 
GSI group” and a “low GSI group”. This was accomplished using a median split with the 
score of 25 representing the median of the sample. The low GSI group was comprised of 
those with a total score of 25 or less (representing 51.1% of the sample), and the high 
GSI group was comprised of those scoring a total of 26 or higher. 
 The Domain-Specific Innovativeness scale is a five-point, six-item scale used to 
measure personal innovativeness within a specific domain, in this case online shopping. 
Within the questionnaire, three items were negatively-phrased, so the data for these items 
were reverse-coded (a score of 1 became a 5, a score of 2 became a 4, etc.).  Once 
reverse-coded, the reliability was deemed sufficient, with an alpha value of .785. Next, a 
total score for the DSI was calculated for each individual, in which the responses for each 
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item were summed. A higher total represents a higher level of domain-specific 
innovativeness within the area of online shopping; the scores ranged from 7 to 30. The 
distribution of the DSI total score followed the normal curve closely. Lastly, two groups 
were creating using the DSI total score variable, a “high DSI group” and a “low DSI 
group”. This was accomplished using a median split with the score of 19 representing the 
median of the sample. The low DSI group was comprised of those with a total score of 19 
or less (representing 55% of the sample), and the high DSI group was comprised of those 
scoring a total of 20 or higher. 
 Internet usage frequency/experience was measured in the questionnaire through 
the use of one five-point item: “On average, how many hours per week, if any, do you 
use the Internet?” Considering the item only consisted of five response items, the 
distribution of scores followed the normal curve fairly well. This item was used to create 
two groups, a “high Hours group” and a “low Hours group”. The low Hours group was 
comprised of those who used the Internet 20 hours a week or less (representing 49.8% of 
the sample), and the high Hours group was comprised of those who used the Internet 21 
hours a week or more. A list of reliabilities and frequencies for the high/low groups can 
be found in Table 4. For more specific results regarding scale and group construction for 
these three variables, please refer to Appendix B1-B3. 
 
Table 4: Scale Reliabilities and Group Frequencies 
 
Scale Reliabilities 
GSI (8 Items): .889 
DSI (6 Items): .785 
High/Low Group Frequencies 
GSI: Low: 160 (51.1%) High: 153 (48.9%) 
DSI: Low: 172 (55.0%) High: 141 (45.0%) 
Internet Hours: Low: 156 (49.8%) High: 157 (50.2%) 
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4.2.2. Website Features.     Three groups of 26 website attributes, adapted from 
the VISA framework (Blake, et al., 2010), were used to gauge how encouraging or 
important a specific attribute was in a participant’s usage of a shopping website. One set 
of attributes was for shopping websites in general, the next set was for book shopping 
websites, and the last set was for consumer electronic websites. Each attribute was 
measured on a five-point scale ranging from “Does Not At All Encourage Me” to 
“Strongly Encourages Me”. The distribution of responses for the attributes frequently 
displayed deviations from the normal curve, though there was no theoretical reason to 
expect that the distribution patterns that were found were not indicative of actual 
attitudes. As the website features were intended to be used as predictors of group 
membership through discriminant analyses, tolerance levels were investigated separately 
for each of the 3 groups of attributes. The results showed that tolerance levels for all 
attributes used in the study were greater than .1, each having a VIF less than 10. This 
indicated that each attribute could be used as an individual predictor in the analysis, as 
each was describing relatively unique portions of variance in the dependent variables. 
Though explaining unique variance, each attribute rating also displayed some significant 
correlations with other attribute ratings, allowing for them to be used as dependent 
variables in a MANOVA. The full results of the tolerance analyses can be found in 
Appendix B4. 
4.2.3. Internet Experience and Innovativeness Crosses.     Cross-tabulations were 
run using the innovativeness scale high/low groups (high/low GSI and high/low DSI) and 
the Internet hours high/low groups. Specifically, a cross-tabulation was run between the 
High/Low GSI and the High/Low Hours groups, and a cross-tabulation was run between 
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the High/Low DSI groups and the High/Low Hours groups. All cells were populated for 
each of these cross-tabulations and there were no significant relationships as indicated by 
a chi-squared test, allowing for the use of further discriminant and logistics regression-
type analyses (see Table 5). Further, each of these two-way cross-tabulations was 
extrapolated into its own variable, each one with four groups (for example: a GSI/Hours 
variable would include a Low GSI/Low Hours group, a Low GSI/High Hours group, a 
High GSI/Low Hours group, and a High GSI/High Hours). These were collectively 
labeled as the “Cross” variables (GSI/Hours Cross and DSI/Hours Cross), and were used 
as dependent variables in the discriminant analyses. See Appendix B5 for the full cross-
tabulation results. 
 
Table 5: Cross Variable Cell Frequencies 
GSI_Split_2 * Internet_Hours_Split_2 Crosstabulation 
Count 
 Internet_Hours_Split_2 Total 
Low High 
GSI_Split_2 
Low 87 73 160 
High 69 84 153 
Total 156 157 313 
DSI_Split_2 * Internet_Hours_Split_2 Crosstabulation 
Count 
 Internet_Hours_Split_2 Total 
Low High 
DSI_Split_2 
Low 88 84 172 
High 68 73 141 
Total 156 157 313 
 
4.2.4. Comparison of Variables used in Primary Analyses.     Zero-order 
correlations were run between the GSI total scores, the DSI total scores, and Internet 
usage frequency (in terms of hours per week) to examine their relationships with each 
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other (see Table 6). DSI and GSI were significantly positively correlated, suggesting that 
they are both measuring some of the same constructs. Internet usage frequency was not 
significantly correlated to either GSI or DSI, suggesting that Internet usage frequency is 
somewhat separate from the two innovativeness measures as a concept. 
 
Table 6: Zero-order Correlations Between GSI, DSI, and Internet Usage Frequency 
 
 GSI DSI Internet Usage Freq. 
GSI 1.000   
DSI .522** 1.000  
Internet Usage Freq. .101 .083 1.000 
** Correlation is significant at the 0.01 level 
 
 Zero-order correlations were also run between website feature importance ratings 
(for general shopping websites, book shopping websites, and consumer electronic 
shopping websites) and each of the GSI total scores, the DSI total scores, and Internet 
usage frequency. Significant correlations indicated possible roles of the GSI, DSI, or 
Internet usage frequency in how respondents viewed certain website features. These 
results displayed very little overlap of significantly correlated attributes across the 
measures of innovativeness and Internet usage, indicating the presence of unique 
relationships. Significant correlations among the site attributes and the 
innovativeness/Internet experience measures (separated by general, book, and electronic 
shopping website features) are listed in Tables 7, 8, and 9. For more complete results of 
the correlational analyses, please refer to Appendix C. 
 
Table 7: Significant Zero-order Correlations Between GSI, DSI, and Internet Usage Frequency and 
General Shopping Website Attributes 
 
 GSI DSI Internet Usage Freq. 
Credit Security -.131* - - 
Security Seals -.199** - - 
Friends/Family Happy -.113* - - 
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Product Photos - .188** - 
Customer Feedback - .178** - 
Price Incentives - .174** -.168** 
Return Policy - - -.171** 
Company Rep - - -.124* 
** Correlation is significant at the 0.01 level 
* Correlations is significant at the 0.05 level 
 
Table 8: Significant Zero-order Correlations Between GSI, DSI, and Internet Usage Frequency and 
Book Shopping Website Attributes 
 
 GSI DSI Internet Usage Freq. 
Credit Security -.171** - - 
Security Seals -.139* - - 
Benefits/Drawbacks -.114* - - 
Friends/Family Opinions -.212** - - 
Ads -.140* - - 
Friends/Family Happy -.168** - - 
Color - .160** - 
Graphics - .141* - 
Links - .138* - 
Price Incentives - .207** - 
Product Photos - .170** - 
Uniqueness - .162** - 
Entertaining - .112* - 
Customer Feedback - 117* - 
Variety - - .140* 
Company Rep - - -.147** 
** Correlation is significant at the 0.01 level 
* Correlations is significant at the 0.05 level 
 
Table 9: Significant Zero-order Correlations Between GSI, DSI, and Internet Usage Frequency and 
Consumer Electronics Shopping Website Attributes 
 
 GSI DSI Internet Usage Freq. 
Enjoyable -.177** -.137* - 
Graphics -.217** - - 
Company Rep -.158** - - 
People Photos -.242** - - 
Ease of Use - .147** - 
Benefits/Drawbacks - .120* - 
Product Comparisons - - -.119* 
** Correlation is significant at the 0.01 level 
* Correlations is significant at the 0.05 level 
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 Lastly, the linear relationships between the innovativeness measures (GSI and 
DSI) and the website features for all three classes of websites (general, book, and 
electronic) were examined. Tests for linearity were done by examining the estimated fits 
of linear, logarithmic, and quadratic relationships between each website feature (general, 
book, and electronic) and each total innovativeness score (total score on GSI or DSI). In 
each test, the innovativeness score was used as an independent variable predicting 
variance in the dependent variable of a specific website feature; for each of the linear, 
logarithmic, and quadratic tests the significance of the relationship and overall variance 
explained (as represented by an R
2
 value) were noted. Furthermore, scatterplots 
displaying each of the two variables of interest were examined. Tests for non-linear 
trends and scatterplots strongly suggested that in no one case was the non-linear function 
clearly superior to a linear function. In a moderate amount of cases, a quadratic 
relationship was found to be significant, but the scatterplots suggested that, while 
significant, it was not strongly so. Furthermore, R
2
 values were only incrementally better 
over the explanatory values of the linear relationships. In the very few instances in which 
a quadratic function was the only significant relationship, F-tests through MANOVAs 
generally found the overall relationship to be non-significant. Though possible quadratic 
relationships suggest new tracks of study in regards to these variables, they are beyond 
the scope of the current research. It was concluded that a median split analysis with 
assumptions of linearity was adequate in this case. There is also a concern that the non-
linear functions are non-replicable, as there is no a priori reason to expect them. 
4.3. Exploration and Validation of Primary Measures 
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4.3.1. Classification Variables and Related Constructs.     The classification 
variables (GSI, DSI, and Internet usage frequency in hours per week) were compared to 
other constructs traditionally related to innovativeness and online shopping that were 
measured in the survey. These examinations were done to get a sense of the variables 
used in the main analyses and if they were functioning as expected. The main methods 
used for this exploration were cross-tabulations and ANOVAs, in order to more fully 
realize the differences between high and low groups of generalized shopping 
innovativeness, domain-specific innovativeness in regards to online shopping, and 
Internet usage frequency. 
 In examining the GSI group relationships with various demographic variables, 
there was found to be no significant association between discrete (high/low) levels of GSI 
and gender, ethnicity, marital status, education level, employment status, or annual 
income. When investigated using an ANOVA, age was also found to have no significant 
effects on level of GSI. These results suggest that the GSI has effects independent of 
common demographic characteristics. In regards to specific online behavior, levels of 
GSI were found to have a significant effect on overall frequency of online browsing, 
overall frequency of online purchasing, range of product categories purchased online, and 
intention to make product and service purchases online. However, levels of GSI were not 
found to have significant effects on range of products categories browsed online or 
intention to browse products and services online. In regards to the use of auction websites 
with direct consumer-to-consumer (C2C) transactions (such as eBay), levels of GSI had 
no significant association with either previously going or not going to auction websites, 
and had no significant effect on frequency of using auction websites. Lastly, in regards to 
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the use of non-auction websites with direct C2C transactions (such as Craigslist), levels 
of GSI had no significant association with either previously going or not going to non-
auction C2C websites, and had no significant effect on frequency of using non-auction 
C2C websites. These results demonstrate some utility for the GSI for practitioners, in that 
the GSI has significant relationships with overall online browsing and purchasing and 
variety of online purchases. However, there may be some limitations with applying it to 
browsing behavior and the use of auction and non-auction websites. A summary of the 
cross-tabulations and ANOVAs involving the GSI high and low groups can be found 
below in Tables 10 and 11. For more complete versions of these tests, please see 
Appendix D1.   
 
Table 10: GSI High/Low Groups Cross-Tabulations Summary 
 
GSI High/Low Groups Crossed With: Χ2 Significance Value 
Gender .314 
Ethnicity .337 
Marital Status .924 
Education Level .963 
Employment Status .436 
Annual Income .566 
Have or Have Not Gone to Auction C2C Sites .161 
Have or Have Not Gone to Non-Auction C2C Sites .148 
 
Table 11: GSI High/Low Groups ANOVAs Summary 
 
 Low GSI 
Mean 
High GSI 
Mean 
Low GSI Std. 
Deviation 
High GSI Std. 
Deviation 
F Value 
Age 25.05 25.40 9.76 9.42 0.103 
Online Browse Frequency 
(in times per month) 
6.46 7.78 5.33 5.88 4.347* 
Online Purchase 
Frequency (in times per 
month) 
1.53 2.05 1.76 2.14 5.683* 
Range of Products 
Browsed 
5.92 6.23 2.62 2.77 1.004 
Range of Products 
Purchased 
1.37 2.09 1.69 2.42 9.440** 
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Intent to Browse 3.99 4.11 0.91 0.91 1.291 
Intent to Purchase 3.46 3.84 1.12 1.11 9.130** 
C2C Auction Site 
Frequency 
2.51 3.53 4.58 5.82 2.969 
C2C Non-Auction Site 
Frequency 
2.84 3.51 4.75 6.30 1.144 
** Test is significant at the 0.01 level 
* Test is significant at the 0.05 level 
 
In examining the DSI group relationships with various demographic variables, 
there was found to be no significant association between discrete (high/low) levels of DSI 
and gender, ethnicity, marital status, education level, employment status, or annual 
income. When investigated using an ANOVA, levels of DSI were also found to have no 
significant effects on age. These results suggest that the DSI has effects independent of 
common demographic characteristics. In regards to specific online behavior, levels of 
DSI were found to have a significant effect on overall frequency of online browsing, 
overall frequency of online purchasing, range of product categories browsed online, 
range of product categories purchased online, intention to browse products and services 
online, and intention to make product and service purchases online. In regards to the use 
of auction websites with direct consumer-to-consumer (C2C) transactions (such as eBay), 
levels of DSI had significant association with either previously going or not going to 
auction websites, and had a significant effect on frequency of using auction websites. 
Lastly, in regards to the use of non-auction websites with direct C2C transactions (such 
as Craigslist), levels of DSI had significant association with either previously going or 
not going to non-auction C2C websites, and had a significant effect on frequency of using 
non-auction C2C websites. As expected, these results confirm the power of the DSI in 
explaining online shopping behavior, as the DSI was found highly significant across 
many online shopping contexts such as purchasing, browsing, category variety, and the 
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use of certain types of C2C websites. A summary of the cross-tabulations and ANOVAs 
involving the DSI high and low groups can be found below in Tables 12 and 13. For 
more complete versions of these tests, please see Appendix D2. 
 
Table 12: DSI High/Low Groups Cross-Tabulations Summary 
 
DSI High/Low Groups Crossed With: Χ2 Significance Value 
Gender .594 
Ethnicity .884 
Marital Status .216 
Education Level .461 
Employment Status .197 
Annual Income .787 
Have or Have Not Gone to Auction C2C Sites .001 
Have or Have Not Gone to Non-Auction C2C Sites .009 
 
Table 13: DSI High/Low Groups ANOVAs Summary 
 
 Low DSI 
Mean 
High DSI 
Mean 
Low DSI Std. 
Deviation 
High DSI Std. 
Deviation 
F Value 
Age 25.68 24.66 11.04 7.45 0.878 
Online Browse 
Frequency (in times per 
month) 
5.90 8.58 5.40 5.59 18.494** 
Online Purchase 
Frequency (in times per 
month) 
1.15 2.55 1.45 2.24 44.710** 
Range of Products 
Browsed 
5.60 6.65 2.58 2.74 11.637** 
Range of Products 
Purchased 
1.36 2.16 2.03 2.12 11.612** 
Intent to Browse 3.81 4.33 0.96 0.75 27.927** 
Intent to Purchase 3.22 4.17 1.10 0.93 66.301** 
C2C Auction Site 
Frequency 
2.18 4.02 4.42 5.95 9.852** 
C2C Non-Auction Site 
Frequency 
2.47 4.02 4.57 6.48 6.167* 
** Test is significant at the 0.01 level 
* Test is significant at the 0.05 level 
 
In examining the Internet usage frequency (Hours) group relationships with 
various demographic variables, there was found to be no significant association between 
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discrete (high/low) levels of Hours and gender, ethnicity, marital status, education level, 
employment status, or annual income. When investigated using an ANOVA, age was also 
found to have no significant effects on level of Hours. These results suggest that Internet 
usage frequency has effects independent of common demographic characteristics. In 
regards to specific online behavior, levels of Internet usage were found to have 
significant effects on overall frequency of online purchasing and range of product 
categories browsed online. However, levels of Internet usage were found to have no 
significant effects on overall frequency of online browsing, range of product categories 
purchased online, intention to browse products and services online, and intention to make 
product and service purchases online. In regards to the use of auction websites with direct 
consumer-to-consumer (C2C) transactions (such as eBay), levels of Hours had no 
significant association with either previously going or not going to auction websites, and 
had no significant effect on frequency of using auction websites. Lastly, in regards to the 
use of non-auction websites with direct C2C transactions (such as Craigslist), levels of 
Hours had significant association with either previously going or not going to non-
auction C2C websites, but had no significant effect on frequency of using non-auction 
C2C websites. These results display possible limited utility in the construct of Internet 
usage frequency itself in explaining online shopping behavior. Though it has significant 
effects on total online purchasing and variety of browsing, it may not be specific enough 
to capture all ranges of online shopping behavior on its own. A summary of the cross-
tabulations and ANOVAs involving the high and low Hours groups can be found below 
in Tables 14 and 15. For more complete versions of these tests, please see Appendix D3. 
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Of special interest regarding the Hours variable is if it is actually capturing a 
distinction between low frequency Internet users and high frequency Internet users, and 
not simply those who do not ever, or very rarely, use the Internet (non-users) and those 
who do. The usefulness of the measure in the context of this specific research would be 
limited as well if it was simply distinguishing those who never shop online from those 
who shop any amount at all online. However, cross-tabulations showed comparatively 
very low numbers of those considered in the Low Hours group answering “just about 
never” for the questions regarding frequency of online browsing and online purchasing 
(see Appendix D4). There were also relatively low numbers of those in the Low Hours 
group that answered “No” for the questions asking if they have ever gone to an auction 
website and if they have ever gone to a non-auction website. This reinforces that the 
Hours variable, and the high/low split, is most likely more than just an Internet User/Non-
Internet User or Internet Shopper/Non-Internet Shopper split, and captures actual levels 
of frequency of Internet Usage. 
 
Table 14: High/Low Hours Groups Cross-Tabulations Summary 
 
High/Low Hours Groups Crossed With: Χ2 Significance Value 
Gender .461 
Ethnicity .508 
Marital Status .117 
Education Level .066 
Employment Status .158 
Annual Income .688 
Have or Have Not Gone to Auction C2C Sites .237 
Have or Have Not Gone to Non-Auction C2C Sites .030 
 
Table 15: High/Low Hours Groups ANOVAs Summary 
 
 Low 
Hours 
Mean 
High 
Hours 
Mean 
Low Hours Std. 
Deviation 
High Hours Std. 
Deviation 
F 
Value 
Age 25.89 24.55 10.13 8.99 1.524 
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Online Browse 
Frequency (in times per 
month) 
6.59 7.61 5.42 5.82 2.553 
Online Purchase 
Frequency (in times per 
month) 
1.56 2.00 1.71 2.18 3.979* 
Range of Products 
Browsed 
5.75 6.40 2.76 2.61 4.450* 
Range of Products 
Purchased 
1.62 1.83 2.15 2.07 0.795 
Intent to Browse 4.02 4.07 0.88 0.94 0.243 
Intent to Purchase 3.57 3.73 1.12 1.14 1.490 
C2C Auction Site 
Frequency 
2.66 3.36 4.61 5.79 1.386 
C2C Non-Auction Site 
Frequency 
2.82 3.51 4.63 6.35 1.202 
* Test is significant at the 0.05 level 
 
4.3.2. Perceived Newness.     As mentioned before in the review of past research, 
perceived newness is an important consideration in innovativeness research (e.g., Blake, 
et al., 2007). Since innovativeness generally refers to a willingness to try and adopt new 
things, an investigation of the innovativeness variables (GSI, DSI) and their relationship 
with other items on the survey inquiring about the perceived newness of online shopping 
was done. This was in order to help form a better-rounded picture of what these measures 
were actually capturing in regards to innovativeness and newness, and to examine the 
attitudes of the sample regarding online shopping, which has become less new and 
different over the past decade and has become very common. 
 Overall, the sample felt that online shopping is innovative, unique, and different, 
with most responses falling around a 4 on a scale of 1 to 5 (with 5 representing “very”). 
However, the sample in general felt that online shopping was not unusual or novel, with 
most responses falling closer to a 1 on a scale of 1 to 5 (with 1 representing “not at all”). 
This suggests that online shopping may still be seen as fairly cutting-edge compared to 
other forms of shopping, but that may be more necessarily a function of other and newer 
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ways of shopping not having penetrated the market or popular consciousness yet; thus the 
sentiment that online shopping is not new or unusual. This also suggests that the word 
“innovative” may not necessarily refer to “new” things, and may refer more to “cool” and 
“popular” things. As an extension, online shopping and the Internet is considered not 
incredibly recent, though not very old either, and is seen as relatively pervasive by the 
sample. A summary of these responses can be found in Table 16. For specifics on how 
these items were measured in the survey, please refer to Appendix A. 
 
Table 16: Sample’s Views of Online Shopping 
 
Regarding Online Shopping... Mean Median 
Standard 
Deviation 
Different? 3.879 4.000 0.872 
Unique? 3.521 4.000 0.987 
Innovative? 3.623 4.000 0.936 
Unusual or Novel? 1.927 2.000 1.070 
Years Available in USA? 5.858 5.000 3.329 
1st Year Available in Ohio? 1998.077 1998.000 3.029 
How Long Ago did Friends/Family Learn (in 
years)? 
7.870 8.000 3.432 
% of Friends Buying Online? 34.649 30.000 22.724 
% Acquaintances Use Internet Once a Week? 6.070 0.000 14.552 
 
 With this under consideration, ANOVAs were used to examine differences 
between low and high GSI and DSI groups. Only one item differentiated significantly 
between high and low GSI groups: “As far as you know, how many years has online 
shopping been available to people in the United States? (if not sure make your best 
guess)”. The low GSI group displayed a higher mean, showing that this group thinks that 
people have been shopping for a slightly longer time than those in the high GSI group. 
This indirectly indicates that those in the high GSI group think that online shopping is 
newer than those in the low GSI group. Regarding the DSI, four of the items 
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differentiated significantly between high and low groups: “In general, how unique is 
shopping online compared to shopping in traditional stores?” “In general, how innovative 
is shopping online compared to shopping in traditional stores” “Compared to shopping in 
traditional stores, how unusual or novel do you personally find online shopping to be?” 
and “About what percentage of your friends, relatives, and acquaintances buy things 
online?” The high DSI group displayed a higher mean for online shopping as unique and 
innovative, but a lower mean for unusual/novel and percentage of friends that engage in 
online shopping. This suggests that those with higher DSI characterize online shopping as 
something cool and unique, but definitely not new or all that pervasive in their social 
circles. These findings point to the DSI as possibly capturing the venturesomeness and 
cutting-edge aspects of innovativeness, but not necessarily the perceived newness aspects 
of it, which is not a unique finding (e.g. Blake, et al., 2007). A summary of the results of 
the ANOVAs can be found below in Table 17. For the comprehensive analyses regarding 
perceived newness, please refer to Appendix D5. 
 
Table 17: GSI/DSI and Perceived Newness ANOVA Results 
 
Regarding Online 
Shopping... 
Low GSI 
Mean 
High GSI 
Mean 
 F Value 
(GSI) 
Low DSI 
Mean 
High DSI 
Mean 
F Value 
(DSI) 
Different? 3.938 3.817 1.495 3.861 3.901 0.164 
Unique? 3.481 3.562 0.524 3.395 3.674 6.266* 
Innovative? 3.538 3.712 2.745 3.430 3.858 17.016** 
Unusual or Novel? 2.013 1.837 2.121 2.070 1.752 6.972** 
Years Available in 
USA? 
6.322 5.373 6.472* 6.020 5.660 0.910 
1st Year Available in 
Ohio? 
1998.225 1997.921 0.784 1998.157 1997.979 0.268 
How Long Ago did 
Friends/Family Learn 
(in years)? 
8.048 7.686 0.861 8.097 7.593 1.661 
% of Friends Buying 
Online? 
36.875 32.320 3.164 38.372 30.106 10.556** 
% Acquaintances Use 5.500 6.667 0.502 6.395 5.674 0.190 
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Internet Once a 
Week? 
** Test is significant at the 0.01 level 
* Test is significant at the 0.05 level 
 
4.3.3. Validation of the GSI.     As the GSI had not been fully validated as a 
measure at the time of the current research, attempts were made to provide evidence for 
its validity as a measure of personal innovativeness within the general domain of 
shopping. Along with the DSI and GSI, a measure of general innovativeness taken from 
Hurt et al. (1977) was included in the survey. As the GSI is purported to be a more 
abstract measure than the DSI, it would figure that it possibly could display some 
convergent validity with a more global measure of innovativeness. As it was previously 
found to have a two-factor structure (Goldsmith, 1990), the general innovativeness scale 
was further split into two sub-scales, with one measuring openness and the other 
measuring creativity. The reliabilities surrounding the scale were all adequate, with the 
overall scale having a reliability of .888, the openness sub-scale having a reliability of 
.893, and the creativity sub-scale having a reliability of .867. ANOVAs were then run to 
see if general innovativeness could significantly differentiate between high and low GSI 
groups. All three aspects of the general innovativeness scale were found to significantly 
differentiate the GSI groups in the expected direction. Those with high GSI had 
significantly higher scores for openness, creativity, and total general innovativeness than 
those with low GSI. Using the DSI total score to differentiate GSI low and high groups 
was also found to be significant, and in the expected direction. This gives evidence for 
the GSI as capturing many of the same constructs as an adoptive-type innovativeness 
scale and more of a trait-based innovativeness scale, and possibly is located at an 
abstraction level between the two. To test this further, a series of factor analyses were run 
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involving the various innovativeness scales and including measures such as intent. Early 
exploratory results suggested that a 6-item GSI scale, instead of the proposed 8-item 
scale, may be a better fit in relation to the other innovativeness constructs, and thus a 
more valid measure. In this 6-item version, the items “I am aware that I am usually one of 
the last people in my group to accept new styles of shopping” and “I tend to feel that the 
old ways of shopping are the best ways” were eliminated from the 8-item scale. However, 
further validation attempts, including a series of confirmatory factor analyses, were 
unable to definitively conclude that a 6-item version of the GSI displayed adequate and 
significant levels of fit. Thus, until further validation is completed, the current study 
proceeded with the 8-item version of the GSI as it was originally developed. For more in-
depth discussion and analyses regarding the attempted validation of the GSI, please refer 
to Appendix E. 
4.4. Primary Analysis 
 With the variables involved sufficiently explored and conceptualized, the main 
analyses of the current study were run. The primarily analysis included six packages of 
innovativeness/Internet usage frequency crosses and their relationships with website 
attributes across different product categories. The first cross involved the GSI groups 
crossed with the Hours groups, creating a four group variable of: Low GSI/Low Hours, 
Low GSI/High Hours, High GSI/Low Hours, and High GSI/High Hours. The first three 
packages involved this cross, with one package examining its relationship with general 
shopping website features, another package examining its relationship with book 
shopping website features, and the third package examining its relationship with 
consumer electronics shopping website features. The second cross involved the DSI 
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groups crossed with the Hours groups, creating a four group variable of: Low DSI/Low 
Hours, Low DSI/High Hours, High DSI/Low Hours, and High DSI/High Hours. As with 
the first three packages, the final three packages examined this cross’ relationship with 
website features of general, book, and consumer electronic shopping websites 
respectively. For the specific numbers in each group for both cross variables, please refer 
back to Table 5. 
 Each package involved a MANOVA examining mean differences in importance 
ratings for site features across the innovativeness and hours groups. The high/low split for 
the corresponding innovativeness and the high/low split for hours constituted the 
independent variables. The 26 site features ratings, corresponding to general, book, or 
electronics websites, functioned as the dependent variables. This analysis allows for 
significance tests for each website attribute in its ability to differentiate between pertinent 
groups, and also allows for the testing of an interaction term to investigate if the effects 
of innovativeness and Internet experience depend on each other. Beyond this, tests for 
simple effects were run, in which the effects of innovativeness on feature preferences at 
each level of Internet usage frequency were examined, and vice-versa. The significance 
of these effects was tested using ANOVAs, and in this case the error term was pooled 
from all four cells used to test the interaction term as opposed to using only data from the 
two cells being compared in the simple effect of interest. In this way, the powers of the 
simple effects are maximized by drawing on the full degrees of freedom available. 
Specifically, when examining the simple effects of innovativeness on book and consumer 
electronic website feature preferences, the degrees of freedom for the error term was 309 
due to each of the 313 cases in the sample being valid for those variables. For general 
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website feature preferences there were two cases deemed invalid due to preference 
ratings being coded as out-of-range, leaving the degrees of freedom for the error term at 
307. The examination of simple effects allows for a more specific look at how the 
importance ratings for site features are differentiating between the levels of 
innovativeness and Internet experience. Beyond MANOVAs, a discriminant analysis was 
run for each package, in which the site features were used as individual predictors of 
group membership of the innovativeness/hours crosses. Discriminant analysis was used 
because it displays the loadings of all site features on a function concurrently, which 
allows for an easier interpretation of the relative importance of specific site features and 
of the between-groups differences of the innovativeness/hours crosses. This has 
implications for practitioners, in that the most critical differentiating site features will be 
identified; and implications for theoreticians, in that the relative contribution of site 
features (which are pulled from a theoretical framework) will help pinpoint just what 
constructs the innovativeness and Internet usage measures are tapping, hopefully 
allowing for a more clear delineation between each measure. 
4.4.1. GSI/Hours and General Shopping Website Features.     The first package 
involved examining high/low groups of GSI and high/low groups of Hours and their 
relationship with general shopping website features, the . With all variables under 
consideration, levels of GSI were found to have a main effect on importance ratings for 
general shopping website features. No significant main effect was found for Hours, and 
there was no significant interaction between GSI and Hours; the effects of GSI on 
importance ratings for general site features do not depend on Internet usage frequency 
and vice-versa. The MANOVA summary can be found in Table 18. 
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Table 18: MANOVA Results for GSI/Hours on General Website Features 
 
Effect Value F Sig. 
GSI 
Pillai's Trace .131 1.641 .028 
Wilks' Lambda .869 1.641 .028 
Hotelling's Trace .151 1.641 .028 
Roy's Largest Root .151 1.641 .028 
Hours 
Pillai's Trace .104 1.263 .182 
Wilks' Lambda .896 1.263 .182 
Hotelling's Trace .116 1.263 .182 
Roy's Largest Root .116 1.263 .182 
GSI X Hours 
Pillai's Trace .080 .943 .548 
Wilks' Lambda .920 .943 .548 
Hotelling's Trace .087 .943 .548 
Roy's Largest Root .087 .943 .548 
 
Next, between-subjects effects were examined to see which individual site 
features significantly differed in importance among the GSI groups. The attributes of “I 
hear about it on the radio, television, or in the newspaper”, “It has seals of companies 
stating that my information on the site is secure (e.g., Verisign)”, and “My friends and 
family have been happy when they have shopped there” were significantly more 
important to those in the low GSI group in encouraging them to use certain general 
shopping websites. This suggests that the GSI is possibly related to perceived risk, trust, 
and general visibility, as those low in generalized shopping innovativeness seem to need 
some assurances such as security seals, recommendations from social circles, and a sense 
of a website’s general popularity or prevalence (through advertisements) in order to use a 
certain website. As no significant interaction between GSI and Hours was found, the 
simple interactive effects were not analyzed. A summary of these results can be found in 
Table 19. 
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Table 19: Between-Subjects Effects for GSI/Hours on General Website Features 
 
Feature Means F Value (GSI 
Main Effect) 
 Low GSI High GSI Total  
 Low 
Hours 
High 
Hours 
Low 
Hours 
High 
Hours 
  
Enjoyable 3.4828 3.7808 3.4203 3.5357 3.5527 1.930 
Ads 2.9540 2.9315 2.7101 2.6310 2.8083 4.901* 
Product Photos 4.6207 4.3288 4.4058 4.4762 4.4665 0.201 
Customer Feedback 4.0920 4.0137 3.8406 4.0595 4.0096 0.634 
Animation 1.5287 1.4521 1.2794 1.4048 1.4231 3.722 
Interactive 2.9080 2.8767 2.7536 2.8690 2.8562 0.523 
Links 4.1609 3.9315 4.0588 4.0119 4.0449 0.024 
Color 2.6207 2.5205 2.3913 2.5000 2.5144 1.444 
Price Incentives 4.1609 3.6027 4.0145 3.8929 3.9265 0.726 
Ease of Use 4.4368 4.2740 4.2899 4.3452 4.3419 0.128 
Reasonable Prices 4.5517 4.5753 4.5797 4.4881 4.5463 0.112 
Grammar 3.5747 3.4521 3.3623 3.3333 3.4345 1.867 
Credit Security 4.7701 4.6575 4.6812 4.4286 4.6326 3.740 
Security Seals 4.5287 4.4110 4.1739 3.9762 4.2748 13.442** 
Friends/Family Happy 4.0460 3.7671 3.5652 3.5833 3.7508 7.528** 
Variety 3.9080 3.7123 3.7971 4.0357 3.8722 0.734 
Graphics 3.0345 2.9452 2.9565 3.0714 3.0064 0.000 
Product Comparisons 3.7241 3.6301 3.5652 3.6190 3.6390 0.511 
Uniqueness 2.8046 2.7945 2.6377 2.7619 2.7540 0.884 
Friends/Family 
Opinions 
3.4598 3.2603 3.3623 3.1905 3.3195 0.461 
Return Policy 4.2874 4.0959 4.1449 3.8690 4.0990 2.454 
Benefits/Drawbacks 3.8046 3.7671 3.7101 3.6429 3.7316 0.947 
Company Rep 2.9885 2.6849 2.9130 2.6905 2.8211 0.114 
People Photos 2.4023 2.4110 2.1884 2.4048 2.3578 0.504 
Order Process 4.1379 4.1370 4.3333 4.1786 4.1917 1.103 
Entertaining 2.2989 2.2192 2.0870 2.3571 2.2492 0.307 
** Test is significant at the 0.01 level 
* Test is significant at the 0.05 level 
 
 Lastly, a discriminant analysis was run, with the 26 general website features used 
to predict group membership in the GSI/Hours Cross. The results indicated that one 
function was significant (see Table 20). An examination of the group centroids (see Table 
21) shows that the function seems to mainly differentiate between low and high GSI, and, 
within the GSI levels, slightly differentiate between low and high Hours. Low GSI falls 
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more positively on the function than high GSI, and low Hours (within a level of GSI) 
falls more positively on the function than high Hours. Focusing on the coefficients and 
loadings (see Table 22), it seems as if function 1 is defined mainly by risk-reducing and 
trust-enhancing website features. Features such as the presence of security seals, positive 
experiences from friends and family members, credit card security, an easily used and 
understood return policy, and an awareness or presence due to advertisements are 
characteristics for those low in GSI, and this effect becomes slightly more pronounced for 
those with less Internet experience or usage frequency. Though the function is not as 
heavily characterized by significantly large negative weightings or coefficients, the 
presence of these on corresponding attributes shows some small evidence for the GSI 
and, to a lesser degree, Internet usage frequency also conceptualizing variety-seeking and 
stimulation-seeking behavior. The features that work towards differentiating those groups 
that exist lower on the function, mainly high GSI and, within that, high Hours, such as 
product selection variety, interesting graphics, and entertainment are those that represent 
more variety and stimulation-seeking behavior. There is also slight confirmation of the 
ability of the GSI to characterize those more likely to shop online (as the DSI does), in 
that a higher importance given to the ease of use of an order process was somewhat 
representative of those with high GSI. Since placing an importance on ease of ordering 
implies more use of a website for ordering and purchasing things, this indicates 
somewhat that those with high GSI may also be high users of online shopping. For the 
complete analyses used for GSI and Hours groups and their relationships with general 
shopping website features, please refer to Appendix F1. 
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Table 20: Discriminant Function Significance for GSI/Hours on General Website Features 
 
Wilks' Lambda 
Test of Function(s) Wilks' Lambda Chi-square df Sig. 
1 through 3 .713 99.773 78 .049 
2 through 3 .829 55.492 50 .275 
3 .927 22.402 24 .555 
 
Table 21: Group Centroids for GSI/Hours on General Website Features 
 
GSI/Hours 
Function 1 
Low GSI/Low Hours .461 
Low GSI/High Hours .252 
High GSI/Low Hours -.207 
High GSI/High Hours -.531 
 
Table 22: Function Coefficients and Loadings for GSI/Hours on General Website Features 
 
Feature Coefficients on Function 1 Loadings on Function 1 
   
   
Enjoyable -.042 .083 
Ads .284 .317 
Product Photos -.050 .104 
Customer Feedback -.290 .063 
Animation .196 .228 
Interactive -.067 .065 
Links -.203 .080 
Color .348 .137 
Price Incentives .032 .055 
Ease of Use .146 .074 
Reasonable Prices -.115 .077 
Grammar -.088 .200 
Credit Security .215 .394 
Security Seals .643 .580 
Friends/Family Happy .591 .416 
Variety -.405 -.153 
Graphics -.136 -.027 
Product Comparisons -.119 .096 
Uniqueness .164 .084 
Friends/Family Opinions -.167 .177 
Return Policy .289 .336 
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Benefits/Drawbacks .022 .156 
Company Rep .032 .139 
People Photos .063 .045 
Order Process -.316 -.093 
Entertaining -.166 -.007 
 
4.4.2. GSI/Hours and Book Shopping Website Features.     The second package 
involved examining high/low groups of GSI and high/low groups of Hours and their 
relationship with book shopping website features. With all variables under consideration, 
levels of GSI were found to have a main effect on importance ratings for book shopping 
website features. No significant main effect was found for Hours, but there was a 
significant interaction between GSI and Hours; the effects of GSI on importance ratings 
for book site features depend on Internet usage frequency and vice-versa. The MANOVA 
summary can be found in Table 23. 
 
Table 23: MANOVA Results for GSI/Hours on Book Website Features 
 
Effect Value F Sig. 
GSI 
Pillai's Trace .128 1.602 .035 
Wilks' Lambda .872 1.602 .035 
Hotelling's Trace .147 1.602 .035 
Roy's Largest Root .147 1.602 .035 
Hours 
Pillai's Trace .068 .802 .744 
Wilks' Lambda .932 .802 .744 
Hotelling's Trace .073 .802 .744 
Roy's Largest Root .073 .802 .744 
GSI X Hours 
Pillai's Trace .133 1.671 .024 
Wilks' Lambda .867 1.671 .024 
Hotelling's Trace .153 1.671 .024 
Roy's Largest Root .153 1.671 .024 
 
Next, between-subjects effects were examined to see which individual site 
features significantly differed in importance among the GSI and Hours groups. GSI and 
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Hours were found to have a significant interaction effect on importance ratings for the 
book site features of “The site presents both benefits and drawbacks of the 
products/services”, “It has photos of products”, “It has interactive web design (e.g., 
design/customize your products/services”, “The order process is easy to use”, and 
“Provides customer feedback (i.e., the site provides a place for you to learn about other 
customers’ evaluations of the product)”. In general, the pattern of these features was that 
they were found to be most important in encouraging use of a certain book website by 
those with low GSI and low Internet experience, and by those with high GSI and high 
Internet experience. These results suggest that some website features might possibly be 
fulfilling a dual purpose of risk-reduction or trust-enhancement for those with low 
Internet experience and low GSI, and of stimulation-enhancement or site usability for 
those with high Internet experience and high GSI. For example, a consumer who may be 
shopping for books online only because their buying options are limited (such as an out-
of-print book) or looking for good deals, and is generally wary of new ways of shopping, 
may find features such as interactivity, easy order process, and customer feedback 
important in reducing risk and enhancing trust (i.e., customer feedback implies others are 
actually using the website). On the other hand, these features may be important in 
stimulating consumers and enhancing the “fun” and convenience of those who frequently 
engage in book shopping online and are not wary of new ways of shopping. In this sense, 
the GSI may show an ability to capture constructs related to innovativeness such as 
perceived risk, trust, and variety/stimulation-seeking depending on level of experience. 
An analysis of the simple interactive effects reinforces this sentiment, as features such as 
photos of products (would intuitively seem to be a more aesthetic-type feature when 
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shopping for books) and interactivity (fun and stimulating) are significantly more 
important for those with high Hours or GSI within other high groups. Furthermore, a 
feature such as the site displaying benefits and drawbacks of the product shows 
somewhat of a dual nature, in that is significantly more important for the less innovative 
among those who spend less time online, and is more important for the highly innovative 
among those who spend lots of time online. This possibly suggests that a feature likes this 
helps lessen risk for those with low innovativeness and Internet experience, while helping 
those with higher innovativeness and experience refine a purchasing decision. In fact, the 
pattern of results found by examining the interaction seems to indicate that many of the 
significant interactive features (such as interactivity, customer feedback, and order 
process) relate to the purchasing decision process or intentions to purchase, as they are 
significantly more important for the most innovative and experienced online consumers 
(groups found in the preliminary analyses to engage in significantly more types of online 
behaviors than low innovativeness or experience users). There are not as many significant 
differences in feature preferences among the less innovative and experienced users. This 
may be explained by the fact that this group of features refers specifically to shopping for 
books online, an intuitively low-risk proposition as far as shopping online goes, and that 
the GSI is measuring a more general level of innovativeness. As such, risk-reducing 
features such as security seals and credit security that are generally implemented 
similarly across different product classes may not differ significantly when examining 
this more general measure of innovativeness within a specific product class. In this case 
of the specific product class of books, the main differences are seen in preferences for 
94 
 
features related to stimulation and possibly purchasing decision-making. A summary of 
these results can be found in Tables 24 and 25. 
 
Table 24: Between-Subjects Effects for GSI/Hours on Book Website Features 
 
Feature Means F Values 
 Low GSI High GSI Total  
 Low 
Hours 
High 
Hours 
Low 
Hours 
High 
Hours 
 GSIa Interactionb 
Credit Security 4.5862 4.5205 4.4783 4.3095 4.4728 2.534 0.265 
Security Seals 4.3563 4.1644 3.8986 4.0595 4.1310 5.528* 2.175 
Reasonable Prices 4.5977 4.5205 4.6232 4.6429 4.5974 0.880 0.378 
Ease of Use 4.5517 4.3973 4.4493 4.5476 4.4920 0.085 2.379 
Variety 4.1264 4.2055 4.0435 4.3929 4.1981 0.263 1.762 
Color 2.6782 2.6164 2.4638 2.7619 2.6390 0.078 2.115 
Graphics 2.6092 2.5479 2.3913 2.7381 2.5815 0.012 2.547 
Links 4.2529 4.2329 4.2029 4.2619 4.2396 0.010 0.143 
Return Policy 4.3793 4.1918 4.1739 4.2500 4.2556 0.461 1.479 
Price Incentives 4.0460 3.8904 3.9855 4.0357 3.9936 0.118 0.695 
Benefits/Drawbacks 3.8506 3.6986 3.2899 3.6905 3.6486 5.466* 5.158* 
Product 
Comparisons 
3.8161 3.8356 3.7246 3.8452 3.8083 0.119 0.181 
Product Photos 4.2989 3.9863 4.0725 4.3452 4.1885 0.320 6.240* 
Uniqueness 2.7931 2.6849 2.6812 2.9167 2.7764 0.291 2.395 
Interactive 2.7586 2.5890 2.4928 2.8690 2.6901 0.003 4.952* 
Entertaining 2.4253 2.4110 2.1594 2.4405 2.3674 0.993 1.551 
Friends/Family 
Opinions 
3.6782 3.4795 3.1159 3.1071 3.3546 13.402** 0.553 
Company Rep 3.0230 2.6027 2.7681 2.6667 2.7732 0.409 1.139 
People Photos 2.3678 2.3699 2.1449 2.0833 2.2428 3.264 0.051 
Animation 1.6552 1.6301 1.5362 1.5833 1.6038 0.822 0.156 
Order Process 4.4483 4.2603 4.2609 4.5000 4.3770 0.080 5.360* 
Customer Feedback 4.0805 3.9589 3.7826 4.1548 4.0064 0.187 4.371* 
Ads 3.0115 2.9041 2.5362 2.5833 2.7668 9.374** 0.353 
Friends/Family 
Happy 
3.7701 3.7534 3.4928 3.3929 3.6038 6.060* 0.103 
Grammar 3.8391 3.6849 3.6232 3.7738 3.7380 0.228 1.311 
Enjoyable 3.7931 3.9452 3.6667 3.8810 3.8243 0.680 0.072 
** Test is significant at the 0.01 level 
* Test is significant at the 0.05 level 
a
 Main effect for GSI 
b
 Interaction effect between GSI and Hours 
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Table 25: Simple Effects Summary for GSI/Hours on Book Website Features 
Feature Hours at Low 
GSI 
Hours at High 
GSI 
GSI at Low 
Hours 
GSI at High 
Hours 
df F df F df F df F 
Benefits/Drawbacks 309 0.799 309 5.298* 309 10.543** 309 0.002 
Product Photos 309 3.644 309 2.649 309 1.853 309 4.728* 
Interactive 309 0.979 309 4.599* 309 2.332 309 2.625 
Order Process 309 2.126 309 3.283 309 2.048 309 3.402 
Customer Feedback 309 0.543 309 4.853* 309 3.158 309 1.386 
Feature Description of Significant Effects 
Benefits/Drawbacks 
Among High GSI, more important for High Hours 
Among Low Hours, more important for Low GSI 
Product Photos Among High Hours, more important for High GSI 
Interactive Among High GSI, more important for High Hours 
Order Process None 
Customer Feedback Among High GSI, more important for High Hours 
** Test is significant at the 0.01 level 
* Test is significant at the 0.05 level 
 
Lastly, a discriminant analysis was run, with the 26 book website features used to 
predict group membership in the GSI/Hours Cross. The results indicated that one 
function was significant (see Table 26). An examination of the group centroids (see Table 
27) shows that the function seems to mainly differentiate between low and high GSI 
within the low Hours group. Within low Hours, low GSI falls much more positively on 
the function than high GSI, which falls very negatively on the function. Overall, the high 
Hours groups reside at nearly the same place on the function (near the neutral point), 
regardless of levels of GSI. Focusing on the coefficients and loadings (see Table 28), it 
seems as if function 1 is mainly defined by features that can offer benefit mainly to those 
with low Internet experience and GSI, while also being important to veteran Internet 
users with high GSI (as those are the groups located positively on the function). Features 
such as the site offering benefits and drawbacks, customer feedback, and interactivity 
may have the ability to both reduce risk and make the website more distinctive and 
attractive to shop at. Since books are supposedly not the riskiest product to buy online 
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anyways, more entertaining aspects of a website might appeal to low GSI consumers as 
well. Other features more specifically of interest to low experience users and low GSI 
users, such as the presence of security seals and visibility of the site through 
advertisement, have relatively high weights, which might help explain why the low 
GSI/low Hours group resides much more positively on the function than the high 
GSI/high Hours group. Again, this displays some evidence for the GSI being able to 
explain innovative behavior in groups that vary in experience; among those with low 
experience, levels of GSI may push a consumer consider more risk-reducing features as 
more important to the use of a website, and among those with high experience, levels of 
GSI may push consumers to seek out websites with stimulating and entertaining features. 
In regards to the group residing significantly negatively on the function, the high GSI/low 
Hours group, the negative coefficients and loadings of features, while not as prevalent or 
of the same magnitude as positively weighted features, suggest that members of this 
group are driven by pricing and purchase intents. If a consumer has no qualms about 
engaging in new ways of shopping (high GSI), but does not use the Internet relatively 
frequently (low Hours), risk-reducing features may not be as important as simply features 
such as reasonable prices, the use of price incentives, and credit card security (since they 
are intending to make a purchase). Since any worries of risk may be moderated by having 
a high GSI, these users may be looking to find the best price and getting out, without 
regard for more entertaining or stimulating aspects of a website. Overall, these results 
support the notion that the GSI taps multiple aspects of innovative behavior, and has 
somewhat consistent effects when moving from general websites to a specific type of 
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product. For the complete analyses used for GSI and Hours groups and their relationships 
with book shopping website features, please refer to Appendix F2. 
 
Table 26: Discriminant Function Significance for GSI/Hours on Book Website Features 
 
Wilks' Lambda 
Test of Function(s) Wilks' Lambda Chi-square df Sig. 
1 through 3 .705 103.988 78 .026 
2 through 3 .826 56.915 50 .233 
3 .937 19.411 24 .730 
 
Table 27: Group Centroids for GSI/Hours on Book Website Features 
 
GSI/Hours 
Function 1 
Low GSI/Low Hours .506 
Low GSI/High Hours -.042 
High GSI/Low Hours -.663 
High GSI/High Hours .057 
 
Table 28: Function Coefficients and Loadings for GSI/Hours on Book Website Features 
 
Feature Coefficients on Function 1 Loadings on Function 1 
   
   
Credit Security -.618 .081 
Security Seals .885 .360 
Reasonable Prices -.202 -.019 
Ease of Use .236 .134 
Variety .054 .102 
Color -.082 .180 
Graphics -.044 .180 
Links -.421 .049 
Return Policy -.103 .185 
Price Incentives -.148 .055 
Benefits/Drawbacks .751 .446 
Product Comparisons -.365 .077 
Product Photos .213 .211 
Uniqueness -.266 .117 
Interactive .218 .231 
Entertaining .248 .222 
Friends/Family Opinions .659 .396 
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Company Rep .002 .161 
People Photos -.289 .134 
Animation .053 .121 
Order Process .314 .218 
Customer Feedback .053 .260 
Ads .393 .330 
Friends/Family Happy -.459 .181 
Grammar .062 .161 
Enjoyable -.303 .106 
 
4.4.3. GSI/Hours and Consumer Electronic Shopping Website Features.     The 
third package involved examining high/low groups of GSI and high/low groups of Hours 
and their relationship with consumer electronic shopping website features. With all 
variables under consideration, no main effects were found for levels of GSI or levels of 
Hours on importance ratings for consumer electronic shopping website features. 
However, there was a significant interaction between GSI and Hours; the effects of GSI 
on importance ratings for electronic site features depend on Internet usage frequency and 
vice-versa. The MANOVA summary can be found in Table 29. 
 
Table 29: MANOVA Results for GSI/Hours on Electronic Website Features 
 
Effect Value F Sig. 
GSI 
Pillai's Trace .121 1.508 .057 
Wilks' Lambda .879 1.508 .057 
Hotelling's Trace .138 1.508 .057 
Roy's Largest Root .138 1.508 .057 
Hours 
Pillai's Trace .069 .816 .726 
Wilks' Lambda .931 .816 .726 
Hotelling's Trace .075 .816 .726 
Roy's Largest Root .075 .816 .726 
GSI X Hours 
Pillai's Trace .123 1.534 .050 
Wilks' Lambda .877 1.534 .050 
Hotelling's Trace .140 1.534 .050 
Roy's Largest Root .140 1.534 .050 
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Next, between-subjects effects were examined to see which individual site 
features significantly differed in importance among the GSI and Hours groups. GSI and 
Hours were found to have a significant interaction effect on importance ratings for the 
electronic site features of “I hear about it on the radio, television, or in the newspaper”, 
“Provides customer feedback (i.e., the site provides a place for you to learn about other 
customers’ evaluations of the product)”, “It has one or more animated characters that 
move or speak”, “There is a guarantee that my credit card information would be safely 
and securely protected”, “It has a return policy that is easy to understand and use”, and 
“The order process is easy to use”. As with book websites, the pattern of these features 
was that they were found to be most important in encouraging use of a certain electronic 
website by those with low GSI and low Internet experience, and by those with high GSI 
and high Internet experience. Again, as with book websites, this suggests that these 
features are able to both reduce risk for those with less innovativeness and Internet usage 
frequency and stimulate, entertain, or facilitate site usage for those with more 
innovativeness and Internet usage frequency. In this case, it seems as if the risk of using a 
consumer electronic shopping website is more built up in the product itself (as it exists in 
an online shopping context), than in the actual website, not a surprising finding due to the 
general riskiness of buying an expensive product with a general lack of trialability such 
as electronics. This can be seen in the fact that the importance of many website features 
that generally stay static regardless of product category (such as security seals, working 
links, and opinions/recommendations from friends or family) do not significantly differ 
between groups, and generally have relatively low overall means. In contrast they 
generally did differ more significantly (especially regarding GSI groups) and had a higher 
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overall level of importance for shopping websites in general. This suggests that the GSI 
may still consistently able to display effects due to various related constructs of 
innovativeness such as risk-aversiveness, venturesomeness, and need for variety or 
stimulation, but in this case due to the nature of buying electronics online as opposed to 
the general nature of online shopping. An examination of the simple interactive effects 
helps confirm the notion that the GSI is possibly capturing various aspects of 
innovativeness in this product class, partly as a function of Internet usage frequency. For 
example, risk-reducing features such as visibility due to advertisements, an easy to use 
return policy, and a simple order process are seen as more important to those with low 
GSI (among the low Hours group). In contrast, stimulating and entertaining features such 
as animated characters and the fact that friends and family were happy when using the 
site are seen as more important to those with high GSI (among the high Hours group). A 
summary of these results can be found in Tables 30 and 31. 
 
Table 30: Between-Subjects Effects for GSI/Hours on Electronic Website Features 
 
Feature Means F Values 
(Interaction)  Low GSI High GSI Total 
 Low 
Hours 
High 
Hours 
Low 
Hours 
High 
Hours 
 
Enjoyable 4.6897 4.6438 4.4493 4.5000 4.5751 0.277 
Ads 4.4943 4.2466 4.1884 4.3571 4.3323 4.008* 
Product Photos 4.6552 4.5342 4.4928 4.6310 4.5847 2.820 
Customer Feedback 4.5862 4.4247 4.3623 4.5476 4.4888 4.628* 
Animation 4.2644 4.1096 4.2319 4.5119 4.2875 5.981* 
Interactive 2.6437 2.5890 2.6232 2.7262 2.6486 0.385 
Links 2.7701 2.4795 2.6812 2.7262 2.6709 1.858 
Color 4.4138 4.2466 4.3043 4.2024 4.2939 0.118 
Price Incentives 4.5172 4.2877 4.3478 4.4762 4.4153 3.702 
Ease of Use 4.1724 3.8630 4.0580 4.1667 4.0735 3.329 
Reasonable Prices 4.1494 4.0274 3.9565 4.1905 4.0895 2.823 
Grammar 4.1839 3.9452 4.1159 4.1429 4.1022 1.624 
Credit Security 4.6782 4.3699 4.4493 4.5952 4.5335 6.264* 
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Security Seals 2.8161 2.7945 2.9565 2.9881 2.8882 0.057 
Friends/Family 
Happy 
3.0690 2.8904 3.0725 3.2857 3.0863 2.331 
Variety 2.5977 2.4521 2.4348 2.5476 2.5144 1.203 
Graphics 3.7011 3.4521 3.2174 3.2262 3.4089 0.970 
Product Comparisons 3.3333 2.9041 2.9565 2.9643 3.0511 2.210 
Uniqueness 2.5402 2.6438 2.4203 2.6190 2.5591 0.107 
Friends/Family 
Opinions 
1.6897 1.6301 1.4638 1.6310 1.6102 1.521 
Return Policy 4.6092 4.2192 4.3188 4.5238 4.4313 12.536** 
Benefits/Drawbacks 4.2989 4.2192 4.1159 4.4048 4.2684 2.843 
Company Rep 3.2069 2.9863 2.7681 2.8452 2.9617 1.227 
People Photos 3.9885 3.8082 3.6087 3.4881 3.7284 0.062 
Order Process 3.9540 3.5479 3.4493 3.6905 3.6773 6.486* 
Entertaining 3.8966 3.8219 3.7101 3.7262 3.7923 0.160 
** Test is significant at the 0.01 level 
* Test is significant at the 0.05 level 
 
Table 31: Simple Effects Summary for GSI/Hours on Electronic Website Features 
Feature Hours at Low 
GSI 
Hours at High 
GSI 
GSI at Low 
Hours 
GSI at High 
Hours 
df F df F df F df F 
Ads 309 2.903 309 1.286 309 4.292* 309 0.569 
Customer 
Feedback 
309 2.056 309 2.582 309 3.828 309 1.172 
Animation 309 1.552 309 4.848* 309 0.066 309 10.318** 
Credit Security 309 5.908* 309 1.264 309 3.157 309 3.107 
Return Policy 309 11.030** 309 2.907 309 5.927* 309 6.621* 
Order Process 309 5.227* 309 1.760 309 7.829** 309 0.634 
Feature Description of Significant Effects 
Ads Among Low Hours, more important for Low GSI 
Customer 
Feedback 
None 
Animation Among High GSI, more important for High Hours 
Among High Hours, more important for High GSI 
Credit Security Among Low GSI, more important for Low Hours 
Return Policy Among Low GSI, more important for Low Hours 
Among Low Hours, more important for Low GSI 
Among High Hours, more important for High GSI 
Order Process Among Low GSI, more important for Low Hours 
Among Low Hours, more important for Low GSI 
** Test is significant at the 0.01 level 
* Test is significant at the 0.05 level 
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Lastly, a discriminant analysis was run, with the 26 electronic website features 
used to predict group membership in the GSI/Hours Cross. The results indicated that one 
function was significant (see Table 32). An examination of the group centroids (see Table 
33) shows that the function seems to mainly differentiate between GSI levels of those in 
the high Hours group, with those in the low Hours group residing at the neutral point on 
the function. Low GSI/High Hours falls heavily on the negative end of the function, 
while High GSI/High Hours falls heavily on the positive end of the function. This 
suggests that, when examining the importance ratings of electronic site features, the 
highest differentiation is found between levels of innovativeness of those that use the 
Internet frequently. Focusing on the coefficients and loadings (see Table 34), it seems as 
if function 1 is mainly defined by features that enhance the usability and entertainment of 
a website, features such as animated characters, clear return policies, past pleasurable 
experiences by family and friends, and overall ease of use. This suggests that those with 
high shopping innovativeness that frequently use the Internet place more importance on 
aspects that make a website easier to use, along with some entertainment features, which 
is possibly a function of the product class being the relatively risky consumer electronics. 
A possible implication is that the risk factor is moderated somewhat by the high 
innovativeness, and that users then place more importance on the actual functioning of 
the website to aid in the convenience of the shopping. High GSI also may be a reflection 
of purchase intentions in this case, with high importance being placed on return policy, 
ease of use, and price incentives. Compared to those with just as much frequency of 
Internet usage but lower innovativeness, the importance of features related to the actual 
buying of the products and usage of the website suggest that those with higher GSI 
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engage in more actual purchasing behavior for these riskier products than those with low 
GSI. For those with much Internet experience and low GSI, there is still some importance 
placed on possible risk-reducing features, such as the ability to talk with a company 
representative and the presence of photos depicting actual use of the products by people, 
but there is also importance placed on more stimulating features such as entertainment, 
enjoyment, and interesting graphics. The overall pattern of results possibly suggests that, 
with the online shopping of a more risky product such as electronics, the riskiness may be 
more mediated by high experience rather than GSI, but GSI may have greater effects in 
regards to stimulation-seeking, entertainment-seeking, and ease of use. Furthermore, the 
GSI may be more useful than Internet experience in explaining and reflecting frequency 
of actual online purchase behavior of more risky products such as electronics. For the 
complete analyses used for GSI and Hours groups and their relationships with electronic 
shopping website features, please refer to Appendix F3. 
 
Table 32: Discriminant Function Significance for GSI/Hours on Electronic Website Features 
 
Wilks' Lambda 
Test of Function(s) Wilks' Lambda Chi-square df Sig. 
1 through 3 .715 99.584 78 .050 
2 through 3 .833 54.359 50 .312 
3 .937 19.474 24 .726 
 
Table 33: Group Centroids for GSI/Hours on Electronic Website Features 
 
GSI/Hours 
Function 1 
Low GSI/Low Hours -.001 
Low GSI/High Hours -.602 
High GSI/Low Hours -.018 
High GSI/High Hours .539 
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Table 34: Function Coefficients and Loadings for GSI/Hours on Electronic Website Features 
 
Feature Coefficients on Function 1 Loadings on Function 1 
   
   
Enjoyable -.548 -.153 
Ads .317 .109 
Product Photos .136 .128 
Customer Feedback -.206 .156 
Animation .502 .453 
Interactive -.365 .108 
Links .583 .198 
Color -.460 -.049 
Price Incentives .164 .203 
Ease of Use .217 .263 
Reasonable Prices -.018 .157 
Grammar -.121 .187 
Credit Security .152 .248 
Security Seals .123 .172 
Friends/Family Happy .331 .307 
Variety -.199 .082 
Graphics -.121 -.170 
Product Comparisons -.020 .040 
Uniqueness -.126 -.013 
Friends/Family Opinions .042 .006 
Return Policy .542 .363 
Benefits/Drawbacks .042 .174 
Company Rep -.115 -.102 
People Photos -.282 -.266 
Order Process .224 .115 
Entertaining -.295 -.083 
 
4.4.4. DSI/Hours and General Shopping Website Features.     The next package 
involved examining high/low groups of DSI and high/low groups of Hours and their 
relationship with general shopping website features. With all variables under 
consideration, levels of DSI were found to have a main effect on importance ratings for 
general shopping website features. No significant main effect was found for Hours, but 
there was a significant interaction between DSI and Hours; the effects of DSI on 
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importance ratings for general site features depend on Internet usage frequency and vice-
versa. The MANOVA summary can be found in Table 35. 
 
Table 35: MANOVA Results for DSI/Hours on General Website Features 
 
Effect Value F Sig. 
DSI 
Pillai's Trace .124 1.540 .049 
Wilks' Lambda .876 1.540 .049 
Hotelling's Trace .142 1.540 .049 
Roy's Largest Root .142 1.540 .049 
Hours 
Pillai's Trace .108 1.314 .145 
Wilks' Lambda .892 1.314 .145 
Hotelling's Trace .121 1.314 .145 
Roy's Largest Root .121 1.314 .145 
DSI X Hours 
Pillai's Trace .125 1.543 .048 
Wilks' Lambda .875 1.543 .048 
Hotelling's Trace .142 1.543 .048 
Roy's Largest Root .142 1.543 .048 
 
Next, between-subjects effects were examined to see which individual site 
features significantly differed in importance among the DSI and Hours groups. DSI and 
Hours were found to have a significant interaction effect on importance ratings for the 
general site features of “It has photos of products”, “It has interesting, attractive color 
(e.g., in fonts, background, and borders)”, “It is free of grammatical and typographical 
errors”, “It has a wide selection and variety of products on the site”, “It has interesting, 
attractive graphics (e.g., not too complicated, not too simple)”, “It has photos of real 
people using products/services”, and “It has entertaining graphics and displays”. In 
general, the biggest difference in ratings of these features is between Low DSI and High 
DSI within the High Hours group, with High DSI displaying greater mean scores. These 
features clearly indicate that, of those that use the Internet more frequently, those with 
high DSI prefer websites with more variety, entertainment, and stimulating features. This 
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shows good evidence for the DSI’s ability to capture such traits as stimulation-seeking, 
variety-seeking, and need for entertainment or fun. However, these effects mainly are 
seen only when looking at those with high Internet usage frequency, suggesting that only 
those with sufficient Internet experience show a greater appreciation for more stimulating 
features of websites. One possible explanation could be that high Internet users have 
“seen it all”, and higher levels of DSI cause one to rate distinguishing features of 
websites as more important, though this explanation may suggest that DSI is perhaps 
measuring expertise or knowledge specifically in online shopping domains instead of 
measuring innovativeness in online shopping domains. In examining the simple 
interactive effects, it also seems that some stimulating features such as product photos 
and graphics may also help attract less innovative users with low Internet experience, 
though that is the extant that the DSI characterizes low innovativeness/low frequency 
users in this case. Overall, these effects display some evidence for the DSI in capturing 
aspects of innovativeness such as variety-seeking and need for stimulation, but do not 
completely separate the DSI from other possible behavioral indicators such as experience 
with online shopping and online purchase intentions. A summary of these results can be 
found in Tables 36 and 37. 
 
Table 36: Between-Subjects Effects for DSI/Hours on General Website Features 
 
Feature Means F Values 
 Low DSI High DSI Total  
 Low 
Hours 
High 
Hours 
Low 
Hours 
High 
Hours 
 DSIa Interactionb 
Enjoyable 3.4432 3.5595 3.4706 3.7534 3.5527 0.891 0.408 
Ads 2.8295 2.7500 2.8676 2.7945 2.8083 0.217 0.015 
Product Photos 4.5227 4.2024 4.5294 4.6438 4.4665 5.639* 5.382* 
Customer Feedback 3.8295 3.8810 4.1765 4.2192 4.0096 7.781** 0.000 
Animation 1.4943 1.4048 1.3235 1.4521 1.4231 0.607 1.960 
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Interactive 2.8864 2.7262 2.7794 3.0411 2.8562 0.733 2.635 
Links 4.1023 3.8690 4.1343 4.0959 4.0449 1.358 0.638 
Color 2.5795 2.2976 2.4412 2.7534 2.5144 1.594 5.976* 
Price Incentives 3.9432 3.5000 4.2941 4.0548 3.9265 14.415** 0.865 
Ease of Use 4.3864 4.2024 4.3529 4.4384 4.3419 1.515 1.682 
Reasonable Prices 4.5341 4.5952 4.6029 4.4521 4.5463 0.125 1.780 
Grammar 3.5795 3.2381 3.3529 3.5616 3.4345 0.102 4.059* 
Credit Security 4.7727 4.5833 4.6765 4.4795 4.6326 1.415 0.001 
Security Seals 4.4318 4.2738 4.2941 4.0685 4.2748 2.239 0.125 
Friends/Family 
Happy 
3.8750 3.5119 3.7794 3.8493 3.7508 0.930 3.052 
Variety 3.9205 3.7024 3.7794 4.0959 3.8722 1.379 5.564* 
Graphics 3.1818 2.8095 2.7647 3.2466 3.0064 0.007 10.571** 
Product 
Comparisons 
3.6136 3.6310 3.7059 3.6164 3.6390 0.092 0.174 
Uniqueness 2.7045 2.7024 2.7647 2.8630 2.7540 0.737 0.232 
Friends/Family 
Opinions 
3.4205 3.2024 3.4118 3.2466 3.3195 0.008 0.069 
Return Policy 4.1364 3.9286 4.3382 4.0274 4.0990 2.012 0.325 
Benefits/Drawbacks 3.7841 3.6548 3.7353 3.7534 3.7316 0.043 0.406 
Company Rep 2.8977 2.5714 3.0294 2.8219 2.8211 1.578 0.159 
People Photos 2.4432 2.2738 2.1324 2.5616 2.3578 0.018 4.824* 
Order Process 4.2273 4.1071 4.2206 4.2192 4.1917 0.282 0.232 
Entertaining 2.2500 2.1071 2.1471 2.5068 2.2492 1.511 4.701* 
** Test is significant at the 0.01 level 
* Test is significant at the 0.05 level 
a
 Main effect for DSI 
b
 Interaction effect between DSI and Hours 
 
Table 37: Simple Effects Summary for DSI/Hours on General Website Features 
Feature Hours at Low DSI Hours at High DSI DSI at Low Hours DSI at High Hours 
df F df F df F df F 
Product Photos 307 6.231* 307 0.758 307 0.001 307 11.195** 
Color 307 2.594 307 3.384 307 0.688 307 6.981* 
Grammar 307 3.059 307 1.287 307 1.414 307 2.769 
Variety 307 1.895 307 3.746 307 0.691 307 6.341* 
Graphics 307 4.001* 307 6.630* 307 4.934* 307 5.656* 
People Photos 307 0.986 307 4.257* 307 2.675 307 2.159 
Entertaining 307 0.605 307 4.928* 307 0.434 307 5.863* 
Feature Description of Significant Effects 
Product Photos Among Low DSI, more important for Low Hours 
Among High Hours, more important for High DSI 
Color Among High Hours, more important for High DSI 
Grammar None 
Variety Among High Hours, more important for High DSI 
Graphics Among Low DSI, more important for Low Hours 
108 
 
Among High DSI, more important for High Hours 
Among Low Hours, more important for Low DSI 
Among High Hours, more important for High DSI 
People Photos Among High DSI, more important for High Hours 
Entertaining Among High DSI, more important for High Hours 
Among High Hours, more important for High DSI 
** Test is significant at the 0.01 level 
* Test is significant at the 0.05 level 
  
Lastly, a discriminant analysis was run, with the 26 general website features used 
to predict group membership in the DSI/Hours Cross. The results indicated that one 
function was significant (see Table 38). An examination of the group centroids (see Table 
39) shows that the function seems to mainly differentiate between the DSI groups within 
High Hours. The Low DSI/High Hours group falls heavily on the negative end of the 
function, while the High DSI/High Hours group falls on the most positive end of the 
function. Focusing on the coefficients and loadings (see Table 40), it seems as if function 
1 is mainly defined by features that facilitate the use of site, provide entertainment and 
stimulation, and reflect intentions to shop using the website. The most heavily positive 
weighted features are those of price incentives and product photos which heavily imply 
an intention to make a purchase. As the two High DSI groups reside the most positively 
on the function, this again gives evidence that the DSI is somewhat reflecting purchase 
and usage intentions. Other positive weights generally reflect entertainment, variety, and 
ease of use, giving some support for the DSI in measuring variety-seeking and 
stimulation-seeking behavior, with ease of use possibly being representative of Internet 
experience or purchase intentions. The Low DSI/High Hours group is characterized more 
by rating such features as reasonable prices, the presence of security seals, and the ability 
to compare products as important. These could possibly represent important risk-reducing 
features for those low in DSI, but they are still situated somewhat in a context of 
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purchase intention (rating reasonable prices and the ability to compare products high 
implies some sort of intention to shop). The overall pattern of results suggest that Low 
DSI/High Hours members may have some lower intention to purchase and seek variety, 
and thus favor reasonable prices and the ability to compare products (possibly of different 
prices) without necessarily a need for stimulation, and that the High DSI groups represent 
greater degrees of intention and variety-seeking, with the degree of this intention and 
variety-seeking magnified by greater Internet usage frequency. For the complete analyses 
used for DSI and Hours groups and their relationships with general shopping website 
features, please refer to Appendix F4. 
 
Table 38: Discriminant Function Significance for DSI/Hours on General Website Features 
 
Wilks' Lambda 
Test of Function(s) Wilks' Lambda Chi-square df Sig. 
1 through 3 .684 111.901 78 .007 
2 through 3 .820 58.481 50 .192 
3 .917 25.404 24 .384 
 
Table 39: Group Centroids for DSI/Hours on General Website Features 
 
DSI/Hours 
Function 1 
Low DSI/Low Hours .147 
Low DSI/High Hours -.707 
High DSI/Low Hours .226 
High DSI/High Hours .432 
 
Table 40: Function Coefficients and Loadings for DSI/Hours on General Website Features 
 
Feature Coefficients on Function 1 Loadings on Function 1 
   
   
Enjoyable -.266 .045 
Ads -.099 .059 
Product Photos .402 .453 
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Customer Feedback .116 .225 
Animation -.096 .036 
Interactive .055 .185 
Links .070 .227 
Color .221 .298 
Price Incentives .707 .572 
Ease of Use .088 .246 
Reasonable Prices -.308 -.113 
Grammar .104 .212 
Credit Security .090 .010 
Security Seals -.242 -.070 
Friends/Family Happy .395 .289 
Variety .162 .271 
Graphics .201 .247 
Product Comparisons -.321 .005 
Uniqueness .001 .089 
Friends/Family Opinions -.162 .108 
Return Policy -.173 .195 
Benefits/Drawbacks -.071 .094 
Company Rep .357 .230 
People Photos -.098 .125 
Order Process -.050 .114 
Entertaining .032 .228 
 
4.4.5. DSI/Hours and Book Shopping Website Features.     The next package 
involved examining high/low groups of DSI and high/low groups of Hours and their 
relationship with book shopping website features. With all variables under consideration, 
levels of DSI were found to have a main effect on importance ratings for book shopping 
website features. No significant main effect was found for Hours, and there was no 
significant interaction between DSI and Hours; the effects of DSI on importance ratings 
for book site features do not depend on Internet usage frequency and vice-versa. The 
MANOVA summary can be found in Table 41. 
 
Table 41: MANOVA Results for DSI/Hours on Book Website Features 
 
Effect Value F Sig. 
DSI Pillai's Trace .161 2.093 .002 
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Wilks' Lambda .839 2.093 .002 
Hotelling's Trace .192 2.093 .002 
Roy's Largest Root .192 2.093 .002 
Hours 
Pillai's Trace .071 .838 .696 
Wilks' Lambda .929 .838 .696 
Hotelling's Trace .077 .838 .696 
Roy's Largest Root .077 .838 .696 
DSI X Hours 
Pillai's Trace .083 .989 .483 
Wilks' Lambda .917 .989 .483 
Hotelling's Trace .091 .989 .483 
Roy's Largest Root .091 .989 .483 
 
Next, between-subjects effects were examined to see which individual site 
features significantly differed in importance among the DSI groups. The attributes of “It 
has reasonable prices”, “It has interesting, attractive color (e.g., in fonts, background, and 
borders)”, “It has interesting, attractive graphics (e.g., not too complicated, not too 
simple)”, “The Internet links on the site are working properly”, “It provides price 
incentives (e.g., coupons, future sale items, frequent shopper programs, etc.)”, “It is quite 
different from the usual sites for products of the type involved”, and “Provides customer 
feedback (i.e., the site provides a place for you to learn about other customers’ 
evaluations of the product)” were significantly more important to those in the high DSI 
group in encouraging them to use certain book shopping websites. These results reinforce 
the notion that DSI is reflecting such traits as variety-seeking (uniqueness), need for 
stimulation (color, graphics), and purchase intentionality or usability (working links, 
reasonable prices, price incentives, customer feedback). This is consistent with what was 
found with more general website features, suggesting that the DSI’s effects can translate 
somewhat from general online shopping to more product-specific online shopping. 
However, there again is not much evidence for the DSI independently representing 
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innovativeness as traditionally defined, as it has no visible relations with risk-reducing 
features (as the GSI did) and still does not clearly separate from other measures such as 
experience or purchase intention. This partly may be a function of online book shopping 
as not being seen as particularly innovative, so information regarding how the DSI relates 
to electronic website features is of specific forthcoming interest. As there was no 
significant interaction, simple effects between DSI and Hours were not examined. A 
summary of these results can be found in Table 42. 
 
Table 42: Between-Subjects Effects for DSI/Hours on Book Website Features 
 
Feature Means F Value (DSI 
Main Effect) 
 Low DSI High DSI Total  
 Low 
Hours 
High 
Hours 
Low 
Hours 
High 
Hours 
  
Credit Security 4.5114 4.4762 4.5735 4.3288 4.4728 0.180 
Security Seals 4.1705 4.1190 4.1324 4.0959 4.1310 0.064 
Reasonable Prices 4.5341 4.5119 4.7059 4.6712 4.5974 4.457* 
Ease of Use 4.4545 4.4167 4.5735 4.5479 4.4920 2.327 
Variety 4.0795 4.2500 4.1029 4.3699 4.1981 0.492 
Color 2.5227 2.5119 2.6618 2.9041 2.6390 4.656* 
Graphics 2.5114 2.4167 2.5147 2.9178 2.5815 3.954* 
Links 4.1364 4.1548 4.3529 4.3562 4.2396 4.055* 
Return Policy 4.2159 4.1548 4.3824 4.3014 4.2556 2.083 
Price Incentives 3.8068 3.7976 4.2941 4.1644 3.9936 12.412** 
Benefits/Drawbacks 3.5455 3.6905 3.6765 3.6986 3.6486 0.316 
Product Comparisons 3.7159 3.8452 3.8529 3.8356 3.8083 0.288 
Product Photos 4.2386 3.9643 4.1471 4.4247 4.1885 2.485 
Uniqueness 2.6477 2.6429 2.8676 3.0000 2.7764 6.839** 
Interactive 2.7159 2.6071 2.5441 2.8904 2.6901 0.205 
Entertaining 2.2955 2.2976 2.3235 2.5753 2.3674 1.661 
Friends/Family 
Opinions 
3.5000 3.2976 3.3382 3.2603 3.3546 
0.583 
Company Rep 2.9545 2.6667 2.8529 2.6027 2.7732 0.305 
People Photos 2.4091 2.2143 2.0882 2.2192 2.2428 1.251 
Animation 1.5568 1.5714 1.6618 1.6438 1.6038 0.939 
Order Process 4.3864 4.3452 4.3382 4.4384 4.3770 0.058 
Customer Feedback 3.8864 3.9048 4.0294 4.2466 4.0064 4.214* 
Ads 2.8636 2.8214 2.7206 2.6301 2.7668 1.609 
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Friends/Family Happy 3.6932 3.6905 3.5882 3.4110 3.6038 2.173 
Grammar 3.7614 3.5714 3.7206 3.9178 3.7380 1.324 
Enjoyable 3.7614 3.8452 3.7059 3.9863 3.8243 0.137 
** Test is significant at the 0.01 level 
* Test is significant at the 0.05 level 
 
Lastly, a discriminant analysis was run, with the 26 book website features used to 
predict group membership in the DSI/Hours Cross. The results indicated that one 
function was marginally significant (see Table 43). An examination of the group 
centroids (see Table 44) shows that the function seems to mainly differentiate between 
Low DSI and High DSI, with Low DSI groups placing negatively on the function and 
High DSI groups placing positively on the function. Focusing on the coefficients and 
loadings (see Table 45), it seems as if function 1 is mainly defined by features that reflect 
stimulation and purchase intentions. This suggests that, as mentioned previously, High 
DSI may reflect stimulation-seeking behavior and intention to make online purchases. 
However, there is some small evidence for DSI reflecting some aspects of perceived risk, 
as there a slight negative weights to possible risk-reducing features such as credit 
security, security seals, visibility due to advertisements, and opinions or contentment of 
friends or family. This indicates that those that are lower on DSI find the combination of 
these features to be important in their use of a website. In this case, there is some 
evidence for the DSI more fully representing the construct of innovativeness, but it is still 
highly tied to possible purchase intentions, as features such as price incentives show the 
largest weights. For the complete analyses used for DSI and Hours groups and their 
relationships with book shopping website features, please refer to Appendix F5. 
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Table 43: Discriminant Function Significance for DSI/Hours on Book Website Features 
 
Wilks' Lambda 
Test of Function(s) Wilks' Lambda Chi-square df Sig. 
1 through 3 .716 99.083 78 .054 
2 through 3 .857 45.893 50 .639 
3 .938 19.162 24 .743 
 
Table 44: Group Centroids for DSI/Hours on Book Website Features 
 
DSI/Hours 
Function 1 
Low DSI/Low Hours -.358 
Low DSI/High Hours -.426 
High DSI/Low Hours .355 
High DSI/High Hours .591 
 
Table 45: Function Coefficients and Loadings for DSI/Hours on Book Website Features 
 
Feature Coefficients on Function 1 Loadings on Function 1 
   
   
Credit Security -.068 -.096 
Security Seals -.212 -.036 
Reasonable Prices .220 .260 
Ease of Use -.021 .189 
Variety -.143 .128 
Color .124 .308 
Graphics .172 .200 
Links .275 .254 
Return Policy .265 .171 
Price Incentives .484 .426 
Benefits/Drawbacks -.220 .069 
Product Comparisons -.189 .061 
Product Photos .281 .251 
Uniqueness .385 .352 
Interactive -.165 .111 
Entertaining -.030 -.153 
Friends/Family Opinions .031 -.101 
Company Rep -.135 -.092 
People Photos -.334 -.119 
Animation .231 .118 
Order Process -.295 .051 
Customer Feedback .496 .291 
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Ads -.281 -.171 
Friends/Family Happy -.469 -.210 
Grammar .146 .177 
Enjoyable .059 .087 
 
4.4.6. DSI/Hours and Consumer Electronic Shopping Website Features.     The 
next package involved examining high/low groups of DSI and high/low groups of Hours 
and their relationship with consumer electronic shopping website features. With all 
variables under consideration, there were no significant main effects or interaction of DSI 
and Hours on importance ratings for electronic site features (see Table 46). Furthermore, 
a discriminant analysis found that there were so significant functions in using importance 
ratings of electronic site features to predict group membership for the DSI/Hours Cross 
(see Table 47). As shopping for consumer electronics online is intuitively seen as risky 
and new, especially compared to shopping for books online, the lack of effects due to 
DSI does not reflect well on the measure’s ability to accurate capture innovativeness as 
traditionally defined. While the GSI displayed some possible conflation with measures of 
Internet experience or purchase intentions when examined in the context of electronic site 
features, it still showed some relationships with constructs associated with innovativeness 
such as perceived risk, variety-seeking behavior, and need for stimulation or 
entertainment. The lack of effects due to the DSI in explaining importance ratings for 
electronic shopping websites, especially as compared to the effects shown by the GSI, 
puts into question the ability of the DSI to measure innovativeness as traditionally 
defined, and its ability to separate itself from basic measures of experience in a domain or 
intention. For the complete analyses used for DSI and Hours groups and their 
relationships with electronic shopping website features, please refer to Appendix F6. 
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Table 46: MANOVA Results for DSI/Hours on Electronic Website Features 
 
Effect Value F Sig. 
DSI 
Pillai's Trace .105 1.286 .164 
Wilks' Lambda .895 1.286 .164 
Hotelling's Trace .118 1.286 .164 
Roy's Largest Root .118 1.286 .164 
Hours 
Pillai's Trace .073 .856 .671 
Wilks' Lambda .927 .856 .671 
Hotelling's Trace .078 .856 .671 
Roy's Largest Root .078 .856 .671 
DSI X Hours 
Pillai's Trace .096 1.161 .273 
Wilks' Lambda .904 1.161 .273 
Hotelling's Trace .106 1.161 .273 
Roy's Largest Root .106 1.161 .273 
 
Table 47: Discriminant Function Significance for DSI/Hours on Electronic Website Features 
Wilks' Lambda 
Test of Function(s) Wilks' Lambda Chi-square df Sig. 
1 through 3 .751 85.099 78 .273 
2 through 3 .850 48.416 50 .537 
3 .932 20.766 24 .652 
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CHAPTER V 
DISCUSSION 
 
 This study was conducted in order to examine the effects of innovativeness on the 
perception of shopping website features. Specifically, one research goal was to help 
determine features important to the use of one shopping website by consumers over 
another, especially in how this importance varies among populations of interest that vary 
by innovativeness and Internet experience; measures that have had numerous 
demonstrated links to online shopping behavior. Another goal was to examine how the 
effects of innovativeness and Internet experience vary when applied to website features 
of specific products, in this case books and consumer electronics. Not only does this have 
practical value in giving a rough guide to marketers in attracting desired customers by 
fine-tuning a website based on specific product, it also has theoretical merit in that there 
are few studies that directly examine innovativeness and its effects on online shopping 
across different product classes. A final goal of the study was to determine the utility of 
innovativeness measures that rest at different levels of abstraction in explaining online 
shopping behavior, mainly Domain-Specific Innovativeness and Generalized Shopping 
Innovativeness. In a practical sense, a useful innovativeness measure must display 
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consistent relationships with various aspects of online shopping behavior and give an idea 
of the most important website features to focus on in attracting desired segments of 
consumers. A useful measure must also capture the definition of innovativeness as 
traditionally defined in the literature and display unique effects separate from related 
constructs such as behavioral intention and experience in order to have sufficient 
theoretical weight as well. 
 To address these goals, a series of exploratory and targeted analyses were done. 
Preliminary analyses involved examining the relationships between various constructs 
including and related to innovativeness, Internet experience, and online shopping 
behavior. The main analyses were a series of MANOVAs and discriminant analyses used 
to test the significance of and help fully interpret the relationships between two different 
measures of innovativeness (the GSI and DSI), Internet experience, and feature 
preferences for general, book, and consumer electronic shopping websites. The results of 
these tests indicate possible strategies in website development for business practitioners 
and also help to indirectly clarify the theoretical constructs being tapped by the two 
different measures of innovativeness. 
5.1. The Effects of Innovativeness and Internet Experience on Website Feature 
Preferences across Product Categories 
 In general, the first adopters of an online shopping platform will typically be those 
who are high in innovativeness and Internet experience (e.g., Blake, et al., 2005; 
Goldsmith, 2001). Directly testing the effects of innovativeness and Internet experience 
on importance ratings for website features can help practitioners which features can be 
manipulated to attract the right customers, and which features vary significantly in 
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preference among consumers with different levels of innovativeness and experience. The 
results indicated that the GSI, DSI, and Internet usage frequency all displayed positive 
significant effects on various aspects of online shopping behavior, including browsing, 
purchasing, shopping intentions, and range of products shopped. Unsurprisingly, the DSI, 
when modified for the domain of online shopping, significantly positively affected the 
widest range of online shopping behaviors, as it resides at a very specific level of 
abstraction. However, these results also confirmed that the GSI, while residing at the 
more abstract level of new ways of shopping, and Internet usage frequency both display 
some utility in explaining certain aspects of online shopping behavior. With that in mind, 
importance ratings for website features were examined. 
 Regardless of level of innovativeness or Internet usage frequency, and regardless 
of product class, features such as the ease of use of a site, reasonable prices, a guarantee 
of credit card security, and the ease of usability and understandability of a site’s return 
policy and order process were very important to participants. These features consistently 
displayed the highest means in terms of importance, suggesting that they are essentially 
requirements for making an appealing website to consumers from all backgrounds and 
temperaments. This makes intuitive sense in that each of these features is related 
somewhat to the logistical process of making a purchase online; without a certain deal of 
quality found in these features, the basic steps for completing an online transaction may 
not even function. Website developers should strive to implement these features in a user-
friendly and secure manner. 
 What are more interesting are the effects of the different types of innovativeness, 
in combination with Internet usage frequency, on website feature preferences. Regarding 
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the GSI, the results generally show that those with high innovativeness typically place 
significant importance on, and are distinguished by preferences for, features that enhance 
the entertainment value, are stimulating, and help with the ease of use of a website. In 
some cases, these types of features also were attractive to those with lower levels of 
innovativeness, where they may help a website seem more “legitimate” (i.e., less risky) 
but also may help assuage any doubts about engaging in the purchasing process (e.g., the 
“ease of use” features). However, the results involving the GSI showed that those with 
low innovativeness are mainly distinguished by preferences for possible risk-reducing 
features such as the presence of security seals, guarantees of credit security, and 
recommendations from friends, family, and advertisements. In general, those scoring high 
on the GSI seem to feel a need for more stimulation and entertainment from websites, 
along with a simple ordering/transactional process, while those with lower scores tend to 
view security and trustworthiness as more important than other users. 
 For website features in general, the GSI had an independent main effect on 
preferences, whereas its effects depended on Internet usage frequency for the specific 
product classes of books and electronics. This is not surprising in that the GSI resides at 
the more abstract level of measuring new ways of shopping as opposed to innovativeness 
within specific product domains or even within the specific domain of online shopping. 
The results suggest that, when considering shopping websites in general, the GSI is a 
worthwhile tool on its own to help profile potential customers, and that those wishing to 
attract high innovators should pay special attention to the features that enhance usability 
and stimulation. For specific product classes, Internet experience may be necessary to 
more meaningfully distinguish features that would be important to the use of websites 
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designed for purchasing those products. For book websites, the different GSI groups were 
most widely differentiated within low levels of Internet usage frequency, while for 
electronics websites, the different GSI groups were most widely differentiated within 
high levels of Internet usage frequency. This is most likely due to the nature of the 
products themselves; buying books online is intuitively less risky as there is a lower cost 
barrier and the need to “try out” or see the product in person is basically non-existent. 
Thus, those with low Internet experience would not have prohibitive qualms about 
shopping online for books. Electronics, on the other hand, are products that are expensive 
and carry more inherent risk when ordering from a website, as there is little chance for 
trial periods or “test-runs” as would be seen in a brick-and-mortar store.  
The results suggest that, when dealing with specific product classes, those 
wishing to target high innovators (regarding the GSI) can still focus on features related to 
enjoyment, stimulation, and ease of use, but should also consider the Internet experience 
of potential customers as well, as the effects from innovativeness depend on Internet 
experience. Also, the nature of the product matters as well. For example, features that are 
related to the purchasing process are significantly important to those high in GSI. In the 
case of books, this manifests itself as a high preference for customer feedback and listing 
of benefits or drawbacks (i.e., book reviews) compared to other groups. In the case of 
electronics, however, this manifests as a high preference for an easy to use return policy. 
Overall, in regards to the GSI, website designers should stress making the whole 
purchasing process easy to use and understand, and should make websites attractive, 
unique, and entertaining when trying to appeal to innovators. If trying to extend the life 
of the website and/or reach stragglers who are lower in innovativeness, a designer should 
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continue to stress uniqueness and entertainment, as that may maintain appeal for 
innovators while attracting those lower in innovativeness, but should also put special 
effort into security and good “buzz” for the site, either through advertising or word-of-
mouth. Lastly, when dealing with specific product classes, designers should factor in 
Internet usage behavior of consumers and the “riskiness” of the product itself, as the 
biggest difference in how innovators respond to site features as compared to other groups 
will depend on their Internet experience. The results, in general, provide good evidence 
for the usefulness of a more general measure of innovativeness such as the GSI. 
When examining the DSI and Internet usage frequency, the results suggest some 
similarities with the GSI, but some fundamental differences as well. As with the GSI, 
targeting innovators using the DSI through website design suggests focusing on features 
that have to do with enjoyment, entertainment, usability and purchase intention, and 
stimulation. Specifically, features such as color, graphics, price incentives, and 
entertainment level distinguish those with high DSI from other groups. However, while 
there are certain features that are typically important to those in the low DSI group, the 
preference for them is not as strong as would be in a low GSI group. The features that are 
most important to innovators are those that are also characteristic of someone with 
sizeable Internet experience and/or intentions to make an online purchase. In fact, the 
DSI, in this study, showed limited ability to consistently distinguish those with lower 
innovativeness. This suggests that the DSI is still a powerful tool when targeting ideal 
initial customers of a shopping website, but its usefulness in characterizing different level 
of innovators is questionable, as is its ability to add explanatory ability beyond simple 
measures of experience or behavioral intentions. 
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Also different from the GSI is that the effects of the DSI on feature preferences 
depend on Internet experience for general shopping websites, and, on feature preferences 
within the specific of domain of online book shopping, do not depend on Internet 
experience. The results show that, for general shopping website features, the DSI groups 
are most differentiated within those with high Internet usage frequency. This suggests 
that the need for stimulation, entertainment, and uniqueness that is characteristic of the 
DSI through its feature preferences is partly a function of how much time one has spent 
on the Internet as well. These innovators most likely have “seen it all”, and thus the 
uniqueness and entertainment factor of a website will have a large appeal. When moving 
to the specific domain of online book shopping, this need for entertainment and 
stimulation remains for those with high DSI, but in this case is not a function of Internet 
usage frequency. For electronic shopping websites, the DSI and Internet usage frequency 
have no significant effects, which in turn does not allow for any recommendations for 
website designers for ways to attract the ideal population of experienced innovators. 
Thus, the GSI seems to be a more useful tool in helping to target desired customer 
segments in a product class such as electronics. Overall, the DSI is still a powerful 
predictor of online shopping behavior in general, but its usefulness across different types 
of product classes is questionable, as is its unique utility over measures of purchase 
intention or experience. For those who wish to appeal to those high in domain-specific 
innovativeness, a website should be unique, entertaining, and should facilitate purchasing 
(i.e., offering price incentives). As seen from the results, features such as these may also 
attract some consumers with low domain-specific innovativeness; however, the DSI in 
this study did not display a good ability to identify the important features unique to 
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groups lower in domain-specific innovativeness. Also, the effects of the DSI did not stay 
consistent across multiple product classes. Thus, caution should be used when applying 
the DSI to specific product websites or when trying to expand the appeal of a website and 
attract late adopters and those low in innovativeness. 
These results somewhat reinforce previous findings when examining 
innovativeness and preference for shopping website features, such as those in the study 
by Blake et al. (2005). In that study, those high in innovativeness (as measured by the 
DSI) were found to have strong preferences for features that made the use of a website 
and its purchasing process more convenient, while those high in previous Internet 
experience had stronger preferences for features that represented greater product value on 
a website. In the current study, those high in domain-specific innovativeness did indeed 
have high preferences for features that enhanced the usability of a website and were 
related to purchase intentions, though preferences were also quite high for stimulating 
and entertaining features. Preferences for “convenience” and usability features were also 
relatively high for those with high generalized shopping innovativeness as well, 
especially when looking at specific product domains. And though “product value” 
features such as price incentives and an easy-to-use return process were important to 
those high in Internet usage frequency, as is seen in the Blake et al. (2005) study; in the 
current study the importance of these features often depended on the level of 
innovativeness. Also, as is seen in previous research into online shopping behavior and 
innovativeness, there was not much evidence into levels of DSI having significant effects 
on preference ratings for features related to security and website trust or when examining 
online shopping for relatively new or atypical products (such as shopping for consumer 
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electronics online). Lastly, this study confirmed that those high in innovativeness 
(whether domain-specific or more general) and in previous Internet experience were 
more likely to be higher frequency online shoppers, and thus represent an ideal segment 
to target for online businesses and marketers. 
5.2. Validity of Innovativeness Measures 
 A theoretical goal of this research was to evaluate how effectively the GSI and 
DSI measure innovativeness as traditionally defined. Although the conclusions stem from 
indirect evidence (i.e., examining which features had significantly different importance 
ratings depending on innovativeness), the analyses resulted in some interesting findings. 
In general, the results suggested that the GSI may tap into multiple constructs related to 
traditional conceptualizations of innovativeness and sufficiently displayed unique 
features preferred by both high and low GSI groups. High GSI groups consistently and 
across different product classes were defined by a significant importance placed on 
website features such as photos, interactivity, variety, entertainment, and ease of use as 
compared to low GSI groups. Though these effects were not always powerful, they 
remained when moving from a general online shopping context to more product-specific 
online shopping contexts. Many of these features are related to concepts such as need-for-
stimulation, venturesomeness, and entertainment-seeking that are usually associated with 
innovativeness, and, maybe even more crucially, have been tied to specific online 
consumer behavior (e.g., Haubl & Trifts, 2000; Koufaris, 2002; Lynch, et al., 2001). 
More powerful effects were suggested when examining features important to low GSI 
groups. As would be expected for participants low in innovativeness, significant 
importance was placed on site features intuitively involved in lowering the risk of using a 
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website or buying a certain product and building trust in the website. Examples of these 
features include the presence of security seals, credit card security, easy-to-understand 
return policies, and recommendations or testimonials from ads, friends, and family. These 
effects remained consistent across product classes and levels of specificity, possibly 
representing such related innovativeness constructs as perceived risk and trust. Again, 
these constructs are some of the more critical ones to highlight in this case, as they have 
been shown to be related not only to innovativeness, but to specific online behavior as 
well (e.g., Bhatnagar, et al., 2000; Featherman & Pavlou, 2003; Forsythe & Shi, 2003). 
Although in some cases the GSI seemed to be somewhat of a function of experience and 
possibly resembled behavioral intention, the analyses generally indicated that the GSI 
was most likely measuring something separate (especially with the consistent relationship 
of low GSI to a preference for risk-reducing features). Overall, the results supplied good 
exploratory evidence for the ability of the GSI to capture multiple aspects of 
innovativeness while remaining distinct from related behavioral constructs. 
 High DSI groups also showed a significant preference for entertaining and useful 
website features, and usually for a wider range of these features than the high GSI group. 
Features such as color, graphics, entertainment, uniqueness, price incentives, and variety 
were of significant importance to the high DSI group as compared to the low DSI group. 
This pattern was consistent for general shopping websites and book shopping websites. 
Again, this gives strong evidence for the DSI as seemingly being able to measure 
innovativeness-related constructs such as need-for-stimulation, entertainment-seeking, 
and venturesomeness. However, the low DSI group generally did not attribute significant 
importance to unique website features; its significant differences compared to the high 
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DSI group were mainly just due to a lower importance placed on those same 
entertainment and usability features. Though there were a few results in which these 
constructs were captured by preference ratings in the low DSI group, the DSI in this 
study was generally unable to show consistent relationships to constructs such as 
perceived risk and trust. Furthermore, many features that were significantly important to 
or weighted towards the high DSI group, such as price incentives, reflected behavioral 
measures such as experience or purchase intentions. With the absence of unique 
important features for the low DSI group, there was not a strong rationale for 
conceptualizing the DSI as a different and useful measure over the basic indicators of 
Internet experience or online purchase intentions. Most troubling was the fact that the 
DSI had no significant effects on electronic shopping website features, as shopping for 
electronics intuitively seems to be the most innovative activity represented in the study 
(due to newness and perceived riskiness). This does not reflect well on the DSI’s validity 
as a complete measure of innovativeness. Overall, the analyses suggest that the DSI, 
while useful for predicting specific behavior, may not fully represent or measure the 
theoretical concept of innovativeness as traditionally defined, and may not be a measure 
wholly unique from experience or behavioral intention. 
5.3. Conclusions, Limitations, and Future Research 
 Taken as a whole, the study suggests that using a measure of innovativeness at a 
more general level than domain-specific, such as the GSI, still has utility in explaining 
specific online behavior, and can lead to worthwhile recommendations for designing 
websites to target desired customers even across different product domains. The analyses 
also suggest that the DSI, while still an effective predictor of specific online shopping 
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behavior, may lack validity as a measurement of innovativeness as traditionally defined 
in the literature, may lack utility over measures such as intention and experience, and is 
not consistent in its effects on website feature preferences across product classes. Thus, 
the full range of benefits for a marketer in utilizing a measure of consumer 
innovativeness may not be available through the use of the DSI. And while the GSI does 
not predict as wide a range of online shopping behavior as the DSI, it may be a more 
useful tool for practitioners wanting to identify actual innovators or expand a customer 
base, and for researchers who want to examine innovativeness at a more general level 
than a domain-specific level. 
 However, this study does have limitations. For one, the sample mainly consists of 
undergraduate-age college students from a single Midwest university, which limits the 
generalizability of the study. While college students in their late teens and early twenties 
are definitely a population of interest for online marketers, this sample is still not very 
representative of populations of interest in the real world. Furthermore, there is very 
limited generalizability to international populations. As mentioned in the literature 
review, support for the validity of innovativeness measures across different cultures is 
mixed at best (e.g., Blake, et al., 2007; Park & Jun, 2003), and since this study used a 
sample from an American university, the results should not be generalized wholesale to 
international populations, which for a certainty are of interest to online marketers and 
businesses. 
 Another limitation is that the determination of what constructs the innovativeness 
measures were tapping was done through indirectly examining the mean importance 
differences and discriminant weights and loadings of the website features. As there were 
129 
 
no questions or website features specifically phrased as constructs related to 
innovativeness such as venturesomeness, need-for-stimulation, risk-taking, opinion 
leadership, and creativity, the included website feature importance questions were used as 
proxies for these constructs (i.e. a high preference for security seals represents risk-
aversiveness). And although the features were developed from concepts related to 
innovations and innovativeness (Blake, et al., 2010), they are not one-to-one 
conceptualizations of the constructs of interest. A final limitation is that the GSI has not 
been rigorously validated. Though the scale as developed displays sufficient reliability 
and hopefully displays some construct validity as the result of this study, experiments 
with a shorter scale and confirmatory factor analyses have remained inconclusive (see 
Appendix E for details). Preliminary validation attempts have indicated that dropping two 
items from the GSI may create a more stable structure, especially when placed alongside 
other innovativeness measures. The effects found in the study may be dependent on the 
full GSI scale, and consequently may not be repeatable when using the scale with two 
items removed, an outcome that would necessitate further exploration into these two 
items. Thus, many of the results of this study are contingent on the GSI being borne out 
as a valid scale in the form in which it was developed. 
 The issues and questions explored in this study could also lead to further research. 
At the most basic level, the GSI could be further examined in tested in different 
conditions to help refine the measure. Also, though Internet experience was the other 
primary variable of interest in this study besides consumer innovativeness, behavioral 
intention and purchase intentions frequently came up as a possible confound with 
innovativeness measures and as a widely studied concept especially in models including 
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innovativeness and innovation features. One possibility would be to replicate the design 
of this study and replace Internet usage frequency with a measure of intention to use the 
Internet or intention to purchase something online. This could then be examined in 
relation to the innovativeness measures of interest, and to see if certain innovativeness 
measures can effectively remain distinct from behavioral intention. Furthermore, as 
examining the effects of innovativeness across different product classes is still relatively 
un-researched, more specific and focused research should be done in this area so that any 
findings can be adequately explained as well as simply reported. Beyond examining 
different product classes, research can be done into the importance of features for 
different types of online shopping, such as shopping on phones, using online 
subscriptions, using online banking, and so on. Specifically since the GSI measures 
attitudes towards new ways of shopping in general, including it in studies that include 
more than just online shopping may help create more evidence for its validity and 
usefulness as a more general measure of innovativeness. 
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APPENDIX B 
 
Appendix B: Primary Variable Construction 
 
B1. GSI Construction 
 
GSI Scale Construction 
 
GSI Reliability Statistics 
Cronbach's Alpha N of Items 
.889 8 
 
GSI Item-Total Statistics 
 Scale Mean 
if Item 
Deleted 
Scale 
Variance if 
Item Deleted 
Corrected Item-
Total Correlation 
Cronbach's 
Alpha if Item 
Deleted 
I am aware that I am usually one of 
the last people in my group to accept 
new styles of shopping 
21.4728 35.930 .602 .881 
I am reluctant to adopt new forms of 
shopping until I see them working for 
people around me 
22.0958 35.145 .718 .869 
I am generally cautious about new 
ways of shopping 
22.2652 35.349 .693 .871 
I tend to feel that the old ways of 
shopping are the best ways 
21.6518 38.266 .471 .893 
I must see other people using new 
means of shopping before I will 
consider them 
21.9297 35.078 .736 .867 
I often find myself skeptical of new 
ways of shopping 
21.8722 35.343 .741 .867 
I am suspicious of new ways of 
shopping 
21.8179 38.137 .601 .880 
I rarely trust new means of shopping 
until I can see whether the vast 
majority of people around me accept 
them 
21.8946 34.825 .747 .866 
 
GSI Total Score Distribution 
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GSI High/Low Group Construction 
 
GSI Descriptive Statistics 
 GSI Total Score 
N Statistic 313 
Range Statistic 32.00 
Minimum Statistic 8.00 
Maximum Statistic 40.00 
Mean 
Statistic 25.0000 
Std. Error .38459 
Std. Deviation Statistic 6.80403 
Variance Statistic 46.295 
Skewness 
Statistic .149 
Std. Error .138 
Kurtosis 
Statistic -.407 
Std. Error .275 
 
 
GSI Total Score 
 Frequency Percent Valid Percent Cumulative Percent 
Valid 
8.00 1 .3 .3 .3 
10.00 2 .6 .6 1.0 
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11.00 4 1.3 1.3 2.2 
12.00 1 .3 .3 2.6 
13.00 3 1.0 1.0 3.5 
14.00 6 1.9 1.9 5.4 
15.00 6 1.9 1.9 7.3 
16.00 8 2.6 2.6 9.9 
17.00 6 1.9 1.9 11.8 
18.00 20 6.4 6.4 18.2 
19.00 16 5.1 5.1 23.3 
20.00 14 4.5 4.5 27.8 
21.00 18 5.8 5.8 33.5 
22.00 18 5.8 5.8 39.3 
23.00 13 4.2 4.2 43.5 
24.00 14 4.5 4.5 47.9 
25.00 10 3.2 3.2 51.1 
26.00 22 7.0 7.0 58.1 
27.00 16 5.1 5.1 63.3 
28.00 24 7.7 7.7 70.9 
29.00 14 4.5 4.5 75.4 
30.00 13 4.2 4.2 79.6 
31.00 14 4.5 4.5 84.0 
32.00 8 2.6 2.6 86.6 
33.00 4 1.3 1.3 87.9 
34.00 8 2.6 2.6 90.4 
35.00 5 1.6 1.6 92.0 
36.00 4 1.3 1.3 93.3 
37.00 7 2.2 2.2 95.5 
38.00 4 1.3 1.3 96.8 
39.00 1 .3 .3 97.1 
40.00 9 2.9 2.9 100.0 
Total 313 100.0 100.0  
 
GSI split at 25 (8-25 = Low, 26-40 = High). 
 
B2. DSI Construction 
 
DSI Scale Construction 
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DSI Reliability Statistics 
Cronbach's Alpha N of Items 
.785 6 
 
DSI Item-Total Statistics 
 Scale Mean 
if Item 
Deleted 
Scale 
Variance if 
Item Deleted 
Corrected Item-
Total Correlation 
Cronbach's 
Alpha if Item 
Deleted 
In general, I am among the last in 
my circle of friends to visit a 
shopping website when it appears 
15.2780 15.689 .629 .729 
If I heard a new website was 
available for online shopping, I 
would be interested enough to visit 
15.3674 17.554 .468 .768 
Compared to my friends, I have 
visited few online shopping sites 
15.7029 16.113 .523 .756 
I will visit an online shopping 
website even if I know practically 
nothing about it 
15.7157 17.352 .415 .782 
I know the names of new online 
shopping sites before other people 
do 
16.6869 17.389 .498 .762 
In general, I am the last person in 
my circle of friends to know about 
new shopping websites 
15.5144 15.257 .688 .714 
 
DSI Total Score Distribution 
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DSI High/Low Group Construction 
 
DSI Descriptive Statistics 
 DSI Total Score 
N Statistic 313 
Range Statistic 23.00 
Minimum Statistic 7.00 
Maximum Statistic 30.00 
Mean 
Statistic 18.8530 
Std. Error .27027 
Std. Deviation Statistic 4.78152 
Variance Statistic 22.863 
Skewness 
Statistic -.159 
Std. Error .138 
Kurtosis 
Statistic -.311 
Std. Error .275 
 
 
DSI Total Score 
 Frequency Percent Valid Percent Cumulative Percent 
Valid 
7.00 2 .6 .6 .6 
8.00 5 1.6 1.6 2.2 
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9.00 4 1.3 1.3 3.5 
10.00 7 2.2 2.2 5.8 
11.00 5 1.6 1.6 7.3 
12.00 9 2.9 2.9 10.2 
13.00 10 3.2 3.2 13.4 
14.00 14 4.5 4.5 17.9 
15.00 16 5.1 5.1 23.0 
16.00 21 6.7 6.7 29.7 
17.00 26 8.3 8.3 38.0 
18.00 24 7.7 7.7 45.7 
19.00 29 9.3 9.3 55.0 
20.00 26 8.3 8.3 63.3 
21.00 23 7.3 7.3 70.6 
22.00 23 7.3 7.3 78.0 
23.00 13 4.2 4.2 82.1 
24.00 13 4.2 4.2 86.3 
25.00 15 4.8 4.8 91.1 
26.00 13 4.2 4.2 95.2 
27.00 9 2.9 2.9 98.1 
28.00 2 .6 .6 98.7 
29.00 1 .3 .3 99.0 
30.00 3 1.0 1.0 100.0 
Total 313 100.0 100.0  
 
DSI split at 19 (7-19 = Low, 20-30 = High). 
 
B3. Internet Hours Construction 
 
Hours Descriptive Statistics 
 On average, how many hours per week, if any, do you use the Internet? 
N Statistic 313 
Range Statistic 5.00 
Minimum Statistic 1.00 
Maximum Statistic 6.00 
Mean 
Statistic 2.7412 
Std. Error .07627 
Std. Deviation Statistic 1.34931 
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Variance Statistic 1.821 
Skewness 
Statistic .693 
Std. Error .138 
Kurtosis 
Statistic -.114 
Std. Error .275 
 
 
 
 
On average, how many hours per week, if any, do you use the Internet? 
 Frequency Percent Valid Percent Cumulative Percent 
Valid 
Under 11 hours per week 56 17.9 17.9 17.9 
11-20 hours per week 100 31.9 31.9 49.8 
21-30 hours per week 77 24.6 24.6 74.4 
31-40 hours per week 45 14.4 14.4 88.8 
41-50 hours per week 19 6.1 6.1 94.9 
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Over 50 hours per week 16 5.1 5.1 100.0 
Total 313 100.0 100.0  
 
Hours split at response option 2 (0-20 hours per week = Low, 21-50+ = High). 
 
B4. Site Feature Tolerance Analyses 
 
General Shopping Website Features 
Coefficients
a
 
Model Unstandardized 
Coefficients 
Standardized 
Coefficients 
t Sig. Collinearity 
Statistics 
B Std. 
Error 
Beta Tolerance VIF 
1 
(Constant) 164.365 47.294  3.475 .001   
It is enjoyable to use 5.921 5.187 .069 1.142 .255 .763 1.310 
I hear about it on the radio, 
television, or in the newspaper 
10.839 4.800 .132 2.258 .025 .810 1.235 
It has photos of products 6.985 6.884 .063 1.015 .311 .716 1.397 
Provides customer feedback 
(i.e., the site provides a place for 
you to learn about other 
customers' evaluations of the 
product) 
-.357 5.499 -.004 -.065 .948 .681 1.468 
It has one or more animated 
characters that move or speak 
7.700 8.394 .056 .917 .360 .758 1.318 
It has interactive web design 
(e.g., design/customize your 
products/services) 
-1.712 5.258 -.021 -.326 .745 .692 1.445 
The Internet links on the site are 
working properly 
-.130 6.224 -.001 -.021 .983 .598 1.673 
It has interesting, attractive color 
(e.g., in fonts, background, and 
borders) 
3.082 6.664 .036 .462 .644 .454 2.203 
It provides price incentives (e.g., 
coupons, future sale items, 
frequent shopper programs, etc.) 
6.070 5.266 .070 1.153 .250 .756 1.323 
The things I am looking for are 
easy to find on the site 
-8.279 8.536 -.073 -.970 .333 .486 2.057 
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It has reasonable prices -5.472 7.842 -.044 -.698 .486 .701 1.427 
It is free of grammatical and 
typographical errors 
14.120 4.573 .186 3.088 .002 .766 1.305 
There is a guarantee that my 
credit card information would be 
safely and securely protected 
-24.153 9.025 -.196 
-
2.676 
.008 .519 1.928 
It has seals of companies stating 
that my information on the site is 
secure (e.g., Verisign) 
14.306 7.159 .151 1.998 .047 .486 2.056 
My friends and family have been 
happy when they have shopped 
there 
-15.368 6.669 -.182 
-
2.304 
.022 .445 2.247 
It has a wide selection and 
variety of products on the site 
-20.803 6.120 -.221 
-
3.399 
.001 .657 1.522 
It has interesting, attractive 
graphics (e.g., not too 
complicated, not too simple) 
13.600 5.570 .171 2.442 .015 .567 1.763 
Products on the website can be 
easily compared with each other 
10.977 5.502 .133 1.995 .047 .628 1.593 
It is quite different from the usual 
sites for products of the type 
involved 
10.028 5.777 .114 1.736 .084 .649 1.541 
My friends or family let me know 
their opinions of the site 
3.438 6.324 .041 .544 .587 .486 2.058 
It has a return policy that is easy 
to understand and use 
6.256 6.291 .070 .994 .321 .568 1.760 
The site presents both benefits 
and drawbacks of the 
products/services 
-4.678 5.848 -.052 -.800 .424 .667 1.500 
It allows instant messaging with 
the company or company 
representative 
-.162 4.215 -.002 -.039 .969 .756 1.323 
It has photos of real people 
using products/services 
-16.046 4.534 -.213 
-
3.539 
.000 .766 1.305 
The order process is easy to use 4.637 6.416 .048 .723 .470 .618 1.618 
It has entertaining graphics and 
displays 
-14.225 7.174 -.160 
-
1.983 
.048 .428 2.334 
a. Dependent Variable: Survey_Quest_ID 
228 
 
 
Book Shopping Website Features 
Coefficients
a
 
Model Unstandardized 
Coefficients 
Standardized 
Coefficients 
t Sig. Collinearity 
Statistics 
B Std. 
Error 
Beta Tolerance VIF 
1 
(Constant) 141.395 48.882  2.893 .004   
BookPref_creditSecure There is a 
guarantee that my credit card 
information would be safely and 
securely protected 
-10.705 9.688 -.103 
-
1.105 
.270 .371 2.693 
BookPref_secSeals It has seals of 
companies stating that my 
information on the site is 
secure(e.g., Verisign) 
5.067 8.061 .058 .629 .530 .372 2.687 
BookPref_reasPrice It has 
reasonable prices 
15.069 9.629 .113 1.565 .119 .615 1.627 
BookPref_find The things I am 
looking for are easy to find on the 
site. 
-18.815 10.686 -.147 
-
1.761 
.079 .459 2.178 
BookPref_selection It has a wide 
selction and variety of things on 
the site. 
-2.841 7.124 -.028 -.399 .690 .661 1.514 
BookPref_color It has interesting, 
attractive color (e.g., in fonts, 
background, and borders) 
-7.632 8.837 -.090 -.864 .389 .294 3.399 
BookPref_graphics It has 
interesting, attractive graphics 
(e.g., not too complicated, not too 
simple) 
2.191 9.358 .027 .234 .815 .245 4.080 
BookPref_links the Internet links 
on the site are working properly 
5.419 8.223 .054 .659 .510 .482 2.075 
BookPref_returns It has a return 
policy that is easy to understand 
and use 
7.621 7.540 .079 1.011 .313 .528 1.895 
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BookPref_priceIncent It provides 
price incentives (e.g., coupons, 
future sale items, frequent 
shopper programs, etc.) 
.350 5.516 .004 .063 .950 .764 1.310 
BookPref_benefitsDraw The site 
presents both benefits and 
drawbacks of the 
products/services 
-2.481 6.439 -.029 -.385 .700 .558 1.791 
BookPref_compare The products 
on the website can be easily 
compared with eachother 
4.400 6.491 .050 .678 .498 .596 1.677 
BookPref_photos It has photos of 
products 
8.365 6.113 .094 1.368 .172 .678 1.476 
BookPref_unusual It is quite 
different from the usual sites for 
products of the type involved 
-1.238 6.487 -.013 -.191 .849 .678 1.476 
BookPref_interactive It has an 
interactive web design (e.g., 
design/customize your 
products/services) 
-1.599 6.741 -.019 -.237 .813 .510 1.960 
BookPref_graphic_II It has 
entertaining graphics and displays 
-5.353 8.059 -.061 -.664 .507 .384 2.602 
BookPref_friendOpin My friends or 
family let me know their opinions 
of the site 
-16.008 7.077 -.199 
-
2.262 
.024 .415 2.412 
BookPref_instantMessag It allows 
instant messaging with the  
company or company 
representative. 
-6.210 4.735 -.089 
-
1.312 
.191 .699 1.431 
BookPref_realPeople It has 
photos of real people using the 
products/services 
3.909 5.614 .053 .696 .487 .560 1.785 
BookPref_animated It has one or 
more animated characters that 
move or speak 
6.978 8.508 .061 .820 .413 .585 1.710 
BookPref_ordering The order 
process is easy to use 
-6.165 9.172 -.054 -.672 .502 .487 2.052 
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BookPref_feedback provides 
customer feedback(i.e., the site 
provides a place for you to learn 
about other customer's 
evaluations of the product) 
.903 6.176 .010 .146 .884 .656 1.525 
BookPref_ads I hear about it on 
the radio, television, or newspaper 
8.277 5.212 .104 1.588 .113 .749 1.335 
BookPref_friends My friends or 
family have been happy when 
they have shopped there 
6.586 7.339 .082 .897 .370 .384 2.602 
BookPref_grammar It is free of 
grammatical and typographical 
errors 
7.577 5.331 .096 1.421 .156 .702 1.425 
BookPref_enjoyable It is enjoyable 
to use 
1.618 6.517 .018 .248 .804 .619 1.615 
a. Dependent Variable: Survey_Quest_ID 
 
Consumer Electronic Website Shopping Features 
Coefficients
a
 
Model Unstandardized 
Coefficients 
Standardized 
Coefficients 
t Sig. Collinearity 
Statistics 
B Std. 
Error 
Beta Tolerance VIF 
1 
(Constant) 97.623 51.703  1.888 .060   
ConsElectPref_enjoyable It is 
enjoyable to use 
3.499 9.046 .031 .387 .699 .516 1.936 
ConsElectPref_ads I hear about it 
on the radio, television, or in the 
newspaper 
5.605 8.014 .056 .699 .485 .511 1.958 
ConsElectPref_photos It has photos 
of products 
-7.094 10.098 -.052 -.703 .483 .588 1.699 
ConsElectPref_feedback Provides 
customer feedback (i.e., the site 
provides a place for you to learn 
about other customers' evaluations 
of the product) 
-.679 11.447 -.005 -.059 .953 .417 2.399 
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ConsElectPref_animated It has one 
or more animated characters that 
move or speak 
11.933 8.792 .103 1.357 .176 .570 1.754 
ConsElectPref_interactive It has 
interactive web design (e.g., 
design/customize your 
products/services) 
-.165 9.061 -.002 -.018 .985 .272 3.680 
ConsElectPref_links The Internet 
links on the site are working 
properly 
4.641 9.673 .055 .480 .632 .252 3.975 
ConsElectPref_color It has 
interesting, attractive color (e.g., in 
fonts, background, and borders) 
4.776 8.383 .043 .570 .569 .562 1.781 
ConsElectPref_priceIncent It 
provides price incentives (e.g., 
coupons, future sale items, frequent 
shopper programs, etc.) 
-6.561 9.242 -.058 -.710 .478 .482 2.076 
ConsElectPref_find The things I am 
looking for are easy to find on the 
site 
5.880 6.166 .064 .954 .341 .712 1.405 
ConsElectPref_reasPrice It has 
reasonable prices 
5.331 7.637 .054 .698 .486 .546 1.832 
ConsElectPref_grammar It is free of 
grammatical and typographical 
errors 
3.549 7.904 .035 .449 .654 .527 1.899 
ConsElectPref_creditSecure There 
is a guarantee that my credit card 
information would be safely and 
securely protected 
-2.782 7.867 -.024 -.354 .724 .692 1.446 
ConsElectPref_secSeals It has 
seals of companies stating that my 
information on the site is secure 
(e.g., Verisign) 
.864 6.355 .009 .136 .892 .715 1.398 
ConsElectPref_friends My friends 
and family have been happy when 
they have shopped there 
-.417 5.681 -.005 -.073 .942 .668 1.496 
232 
 
ConsElectPref_selection It has a 
wide selection and variety of 
products on the site 
-4.795 7.941 -.054 -.604 .546 .410 2.438 
ConsElectPref_graphics It has 
interesting, attractive graphics (e.g., 
not too complicated, not too simple) 
3.676 7.448 .046 .493 .622 .368 2.720 
ConsElectPref_compare Products 
on the website can be easily 
compared with each other 
-1.253 4.596 -.018 -.273 .785 .776 1.289 
ConsElectPref_unusual It is quite 
different from the usual sites for 
products of the type involved 
-2.549 5.007 -.035 -.509 .611 .674 1.483 
ConsElectPref_friendOpin My 
friends or family let me know their 
opinions of the site 
-1.702 8.184 -.015 -.208 .835 .631 1.585 
ConsElectPref_returns It has a 
return policy that is easy to 
understand and use 
-7.249 8.868 -.059 -.817 .414 .622 1.609 
ConsElectPref_benefitsDraw The 
site presents both benefits and 
drawbacks of the products/services 
-1.695 6.469 -.018 -.262 .794 .714 1.402 
ConsElectPref_instantMessag It 
allows instant messaging with the 
company or company 
representative 
9.263 4.985 .119 1.858 .064 .788 1.270 
ConsElectPref_realPeople It has 
photos of real people using 
products/services 
-
10.765 
8.310 -.125 
-
1.295 
.196 .352 2.844 
ConsElectPref_ordering The order 
process is easy to use 
9.509 5.530 .116 1.719 .087 .709 1.410 
ConsElectPref_graphic_II It has 
entertaining graphics and displays 
-4.603 6.321 -.050 -.728 .467 .699 1.431 
a. Dependent Variable: Survey_Quest_ID 
 
B5. Cross Variable Creation 
 
GSI & Hours 
 
Statistics 
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GSI_Hours 
N 
Valid 313 
Missing 0 
Minimum 1.00 
Maximum 4.00 
 
GSI_Hours 
 Frequency Percent Valid Percent Cumulative Percent 
Valid 
Low GSI/Low Hours 87 27.8 27.8 27.8 
Low GSI/High Hours 73 23.3 23.3 51.1 
High GSI/Low Hours 69 22.0 22.0 73.2 
High GSI/High Hours 84 26.8 26.8 100.0 
Total 313 100.0 100.0  
 
GSI_Split_2 * Internet_Hours_Split_2 Crosstabulation 
Count 
 Internet_Hours_Split_2 Total 
Low High 
GSI_Split_2 
Low 87 73 160 
High 69 84 153 
Total 156 157 313 
 
DSI & Hours 
 
Statistics 
DSI_Hours 
N 
Valid 313 
Missing 0 
Minimum 1.00 
Maximum 4.00 
 
DSI_Hours 
 Frequency Percent Valid Percent Cumulative Percent 
Valid 
Low DSI/Low Hours 88 28.1 28.1 28.1 
Low DSI/High Hours 84 26.8 26.8 55.0 
High DSI/Low Hours 68 21.7 21.7 76.7 
High DSI/High Hours 73 23.3 23.3 100.0 
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Total 313 100.0 100.0  
 
DSI_Split_2 * Internet_Hours_Split_2 Crosstabulation 
Count 
 Internet_Hours_Split_2 Total 
Low High 
DSI_Split_2 
Low 88 84 172 
High 68 73 141 
Total 156 157 313 
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APPENDIX C 
 
Appendix C: Primary Variable Correlations 
 
C1: Innovativeness and Hours 
 
Correlations 
 GSI_Total_Score DSI_Total_Score BI_Hours On average, 
how many hours per 
week, if any, do you 
use the Internet? 
GSI_Total_Score 
Pearson 
Correlation 
1 .522
**
 .101 
Sig. (2-
tailed) 
 
.000 .075 
DSI_Total_Score 
Pearson 
Correlation 
.522
**
 1 .083 
Sig. (2-
tailed) 
.000 
 
.145 
BI_Hours On average, how 
many hours per week, if any, 
do you use the Internet? 
Pearson 
Correlation 
.101 .083 1 
Sig. (2-
tailed) 
.075 .145 
 
**. Correlation is significant at the 0.01 level (2-tailed). 
 
C2: General Shopping Website Features 
 
Correlations 
  GSI DSI Hours 
GSI 1 .522
**
 .101 
DSI .522
**
 1 .083 
Hours .101 .083 1 
Enjoyable -.049 .073 .092 
Ads -.104 -.022 -.014 
Product Photos .024 .188
**
 -.060 
Customer Feedback .014 .178
**
 .033 
Animation -.083 -.067 .042 
Interactive .008 .094 .014 
Links .033 .075 -.025 
Color .024 .106 -.036 
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Price Incentives .011 .174
**
 -.168
**
 
Ease of Use .054 .085 -.059 
Reasonable Prices -.064 -.077 -.057 
Grammar -.051 .063 -.042 
Credit Security -.131
*
 -.071 -.091 
Security Seals -.199
**
 -.071 -.109 
Friends/Family Happy -.113
*
 .014 -.048 
Variety .068 .051 .016 
Graphics .008 -.037 -.019 
Product Comparisons .022 .037 -.030 
Uniqueness .004 .084 .036 
Friends/Family Opinions -.074 -.053 -.037 
Return Policy -.063 .063 -.171
**
 
Benefits/Drawbacks -.102 -.020 -.086 
Company Rep -.072 .058 -.124
*
 
People Photos -.042 -.018 .066 
Order Process .048 .042 -.058 
Entertaining .090 .084 .032 
**. Correlation is significant at the 0.01 level (2-tailed). 
*. Correlation is significant at the 0.05 level (2-tailed). 
 
C3. Book Shopping Website Features 
 
Correlations 
  GSI DSI Hours 
GSI 1 .522
**
 .101 
DSI .522
**
 1 .083 
Hours .101 .083 1 
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Credit Security -.171
**
 -.055 -.061 
Security Seals -.139
*
 -.008 -.008 
Reasonable Prices .053 .093 -.040 
Ease of Use .076 .068 -.020 
Variety .064 .103 .140
*
 
Color .070 .160
**
 .032 
Graphics .088 .141
*
 .034 
Links .034 .138
*
 .001 
Return Policy -.053 .067 -.068 
Price Incentives .023 .207
**
 -.038 
Benefits/Drawbacks -.114
*
 -.025 -.021 
Product Comparisons -.009 .025 .012 
Product Photos .085 .170
**
 -.054 
Uniqueness .032 .162
**
 -.032 
Interactive .061 .086 -.020 
Entertaining .029 .112
*
 .029 
Friends/Family Opinions -.212
**
 -.078 -.065 
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Company Rep -.081 -.049 -.147
**
 
People Photos -.106 -.025 -.029 
Animation -.021 .084 .026 
Order Process .039 .024 .022 
Customer Feedback .037 .117
*
 .054 
Ads -.140
*
 -.073 -.029 
Friends/Family Happy -.168
**
 -.081 -.040 
Grammar -.044 .108 .022 
Enjoyable -.058 .024 .072 
**. Correlation is significant at the 0.01 level (2-tailed). 
*. Correlation is significant at the 0.05 level (2-tailed). 
 
C4. Consumer Electronic Shopping Website Features 
 
Correlations 
  GSI DSI Hours 
GSI 1 .522
**
 .101 
DSI .522
**
 1 .083 
Hours .101 .083 1 
Enjoyable -.177
**
 -.137
*
 .046 
Ads -.098 -.075 .015 
Product Photos -.048 -.037 .019 
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Customer Feedback -.005 .059 .022 
Animation .063 .089 .064 
Interactive .050 .026 -.007 
Links .062 .072 -.065 
Color -.048 .040 -.023 
Price Incentives -.037 .010 -.033 
Ease of Use .001 .147
**
 -.010 
Reasonable Prices -.032 .076 .026 
Grammar -.011 .071 -.087 
Credit Security .008 .080 -.020 
Security Seals .004 .084 .044 
Friends/Family Happy .069 .061 .038 
Variety .022 .021 -.021 
Graphics -.217
**
 -.105 -.049 
Product Comparisons -.083 .018 -.119
*
 
Uniqueness -.052 .023 .045 
Friends/Family Opinions -.049 .008 .048 
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Return Policy .032 .018 -.038 
Benefits/Drawbacks .004 .120
*
 .066 
Company Rep -.158
**
 -.075 -.042 
People Photos -.242
**
 -.068 -.080 
Order Process -.055 .084 -.023 
Entertaining -.076 -.027 -.007 
**. Correlation is significant at the 0.01 level (2-tailed). 
*. Correlation is significant at the 0.05 level (2-tailed). 
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APPENDIX D 
 
Appendix D: Primary Variable Exploration 
 
D1. GSI High/Low Groups 
 
Gender 
 
GSI_Split_2 * What is your gender? Crosstabulation 
Count 
 D_gender What is your gender? Total 
Male Female 
GSI_Split_2 
Low 122 38 160 
High 109 44 153 
Total 231 82 313 
 
Chi-Square Tests 
 Value df Asymp. Sig. (2-
sided) 
Exact Sig. (2-
sided) 
Exact Sig. (1-
sided) 
Pearson Chi-Square 1.015
a
 1 .314   
Continuity Correction
b
 .772 1 .380   
Likelihood Ratio 1.015 1 .314   
Fisher's Exact Test    .368 .190 
Linear-by-Linear 
Association 
1.011 1 .315 
  
N of Valid Cases 313     
a. 0 cells (0.0%) have expected count less than 5. The minimum expected count is 40.08. 
b. Computed only for a 2x2 table 
 
Ethnicity 
 
GSI_Split_2 * What is your gender? Crosstabulation 
Count 
 D_gender What is your gender? Total 
Male Female 
GSI_Split_2 
Low 122 38 160 
High 109 44 153 
Total 231 82 313 
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Chi-Square Tests 
 Value df Asymp. Sig. (2-
sided) 
Exact Sig. (2-
sided) 
Exact Sig. (1-
sided) 
Pearson Chi-Square 1.015
a
 1 .314   
Continuity Correction
b
 .772 1 .380   
Likelihood Ratio 1.015 1 .314   
Fisher's Exact Test    .368 .190 
Linear-by-Linear 
Association 
1.011 1 .315 
  
N of Valid Cases 313     
a. 0 cells (0.0%) have expected count less than 5. The minimum expected count is 40.08. 
b. Computed only for a 2x2 table 
 
Marital Status 
 
GSI_Split_2 * What is your marital status? Crosstabulation 
Count 
 D_marital What is your marital status? Total 
Single, never married Married Separated/divorced Widowed 
GSI_Split_2 
Low 135 19 5 1 160 
High 128 17 7 1 153 
Total 263 36 12 2 313 
 
Chi-Square Tests 
 Value df Asymp. Sig. (2-sided) 
Pearson Chi-Square .474
a
 3 .924 
Likelihood Ratio .476 3 .924 
Linear-by-Linear Association .137 1 .711 
N of Valid Cases 313   
a. 2 cells (25.0%) have expected count less than 5. The minimum expected count is .98. 
 
Education Level 
 
GSI_Split_2 * What is the last year of education you have completed? Crosstabulation 
Count 
 D_education What is the last year of education you have completed? Total 
243 
 
High 
school 
Community 
college/technical 
school training 
Some 
university or 
4 year 
college 
College/university 
graduate 
Graduate or 
professional 
school 
GSI_Split_2 
Low 35 9 93 17 6 160 
High 35 10 86 18 4 153 
Total 70 19 179 35 10 313 
 
Chi-Square Tests 
 Value df Asymp. Sig. (2-sided) 
Pearson Chi-Square .599
a
 4 .963 
Likelihood Ratio .601 4 .963 
Linear-by-Linear Association .118 1 .732 
N of Valid Cases 313   
a. 1 cells (10.0%) have expected count less than 5. The minimum expected count is 4.89. 
 
Employment Status 
 
GSI_Split_2 * What is your current employment? Crosstabulation 
Count 
 D_employment What is your current employment? Tot
al Employe
d full-
time 
Employe
d part-
time 
Self-
employe
d 
Temporaril
y 
unemploy
ed 
Full-
time 
stude
nt 
Homemaker/housew
ife 
Retire
d 
GSI_Split
_2 
Lo
w 
25 64 2 2 63 2 2 160 
Hig
h 
21 53 3 9 63 2 2 153 
Total 46 117 5 11 126 4 4 313 
 
Chi-Square Tests 
 Value df Asymp. Sig. (2-sided) 
Pearson Chi-Square 5.883
a
 6 .436 
Likelihood Ratio 6.247 6 .396 
Linear-by-Linear Association .864 1 .353 
N of Valid Cases 313   
a. 6 cells (42.9%) have expected count less than 5. The minimum expected count is 1.96. 
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Annual Income 
 
GSI_Split_2 * Please indicate which of the following categories best represents your annual family 
income before taxes? Crosstabulation 
Count 
 D_income Please indicate which of the following categories best represents 
your annual family income before taxes? 
Tota
l 
$10,00
0 or 
less 
$10,00
1 to 
$20,00
0 
$20,00
1 to 
$30,00
0 
$30,00
1 to 
$40,00
0 
$40,00
1 to 
$50,00
0 
$50,00
1 to 
$75,00
0 
$75,001 
to 
$100,00
0 
> 
$100,00
0 
GSI_Split_
2 
Low 31 26 13 13 22 18 20 17 160 
Hig
h 
35 21 12 17 14 26 14 14 153 
Total 66 47 25 30 36 44 34 31 313 
 
Chi-Square Tests 
 Value df Asymp. Sig. (2-sided) 
Pearson Chi-Square 5.775
a
 7 .566 
Likelihood Ratio 5.804 7 .563 
Linear-by-Linear Association .272 1 .602 
N of Valid Cases 313   
a. 0 cells (0.0%) have expected count less than 5. The minimum expected count is 12.22. 
 
Have or Have Not Gone to Auction C2C Sites 
 
GSI_Split_2 * Have you ever gone online to an auction style website like eBay where you can sell or 
buy items from other people? Crosstabulation 
Count 
 D_eBay Have you ever gone online to an 
auction style website like eBay where you can 
sell or buy items from other people? 
Total 
No Yes 
GSI_Split_2 
Low 29 130 159 
High 19 133 152 
Total 48 263 311 
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Chi-Square Tests 
 Value df Asymp. Sig. (2-
sided) 
Exact Sig. (2-
sided) 
Exact Sig. (1-
sided) 
Pearson Chi-Square 1.961
a
 1 .161   
Continuity Correction
b
 1.546 1 .214   
Likelihood Ratio 1.975 1 .160   
Fisher's Exact Test    .209 .107 
Linear-by-Linear 
Association 
1.955 1 .162 
  
N of Valid Cases 311     
a. 0 cells (0.0%) have expected count less than 5. The minimum expected count is 23.46. 
b. Computed only for a 2x2 table 
 
Have or Have Not Gone to Non-Auction C2C Sites 
 
GSI_Split_2 * Have you ever gone online to a site like Craigslist.com where you can sell or buy 
items without the use of auctions? Crosstabulation 
Count 
 D_craigslist Have you ever gone online to a site 
like Craigslist.com where you can sell or buy items 
without the use of auctions? 
Total 
No Yes 
GSI_Split_2 
Low 41 117 158 
High 29 123 152 
Total 70 240 310 
 
Chi-Square Tests 
 Value df Asymp. Sig. (2-
sided) 
Exact Sig. (2-
sided) 
Exact Sig. (1-
sided) 
Pearson Chi-Square 2.092
a
 1 .148   
Continuity Correction
b
 1.717 1 .190   
Likelihood Ratio 2.101 1 .147   
Fisher's Exact Test    .175 .095 
Linear-by-Linear 
Association 
2.085 1 .149 
  
N of Valid Cases 310     
a. 0 cells (0.0%) have expected count less than 5. The minimum expected count is 34.32. 
b. Computed only for a 2x2 table 
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Age and Online Shopping Behavior 
 
Descriptives 
 N Mean Std. 
Deviation 
Std. 
Error 
D_age How old were you on your last birthday? (type the 
number such as '16' if you are sixteen) 
Low 160 25.0500 9.76439 .77194 
High 153 25.3987 9.42515 .76198 
Total 313 25.2204 9.58628 .54185 
BI_withoutBuy How often, if ever, do you go online to look for 
information about products or services without buying anything 
during the particular visit? (Modified to Interval Scale) 
Low 160 6.4563 5.32715 .09566 
High 153 7.7778 5.88231 .42115 
Total 313 7.1022 5.63535 .47556 
BI_withBuy How often, if ever, do you go online and make a 
purchase online? (Modified to Interval Scale) 
Low 160 1.5250 1.75979 .13912 
High 153 2.0523 2.14228 .17319 
Total 313 1.7827 1.97072 .11139 
Range_Online_Browse 
Low 153 5.9216 2.62460 .21219 
High 151 6.2318 2.77235 .22561 
Total 304 6.0757 2.69902 .15480 
Range_Online_Purchase 
Low 160 1.3688 1.68837 .13348 
High 153 2.0915 2.42346 .19593 
Total 313 1.7220 2.10830 .11917 
Intent_search In the next month, I intend to go online to search 
for information about products or services I am interested in 
Low 160 3.9875 .91106 .07203 
High 153 4.1046 .91165 .07370 
Total 313 4.0447 .91177 .05154 
OnlineIntent_Purch I intend to make one or more purchases 
online in the next month 
Low 160 3.4625 1.11529 .08817 
High 153 3.8431 1.11283 .08997 
Total 313 3.6486 1.12851 .06379 
D_eBay2 How many days in the last month (i.e., 4 weeks) 
have you gone online to an auction style website like eBay 
where you can sell or buy items from other people? - Days 
Low 160 2.5125 4.57500 .36169 
High 153 3.5294 5.81746 .47031 
Total 313 3.0096 5.23578 .29594 
D_craigslist2 How many days in the last month (i.e., 4 weeks) 
have you gone to a site like Craigslist.com where you can buy 
or sell items without the use of auctions? - Days 
Low 160 2.8375 4.74890 .37543 
High 153 3.5098 6.29757 .50913 
Total 313 3.1661 5.56124 .31434 
 
ANOVA 
 Sum of 
Squares 
df Mean 
Square 
F Sig. 
D_age How old were you on your last birthday? 
(type the number such as '16' if you are sixteen) 
Between 
Groups 
9.509 1 9.509 .103 .748 
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Within 
Groups 
28662.280 311 92.162 
  
Total 28671.789 312    
BI_withoutBuy How often, if ever, do you go online 
to look for information about products or services 
without buying anything during the particular visit? 
(Modified Interval Scale) 
Between 
Groups 
136.590 1 136.590 4.347 .038 
Within 
Groups 
9771.638 311 31.420   
Total 9908.228 312    
BI_withBuy How often, if ever, do you go online and 
make a purchase online? (Modified Interval Scale) 
Between 
Groups 
21.745 1 21.745 5.683 .018 
Within 
Groups 
1189.982 311 3.826   
Total 1211.727 312    
Range_Online_Browse 
Between 
Groups 
7.314 1 7.314 1.004 .317 
Within 
Groups 
2199.946 302 7.285 
  
Total 2207.260 303    
Range_Online_Purchase 
Between 
Groups 
40.855 1 40.855 9.440 .002 
Within 
Groups 
1345.963 311 4.328 
  
Total 1386.818 312    
Intent_search In the next month, I intend to go 
online to search for information about products or 
services I am interested in 
Between 
Groups 
1.072 1 1.072 1.291 .257 
Within 
Groups 
258.302 311 .831 
  
Total 259.374 312    
OnlineIntent_Purch I intend to make one or more 
purchases online in the next month 
Between 
Groups 
11.332 1 11.332 9.130 .003 
Within 
Groups 
386.010 311 1.241 
  
Total 397.342 312    
D_eBay2 How many days in the last month (i.e., 4 
weeks) have you gone online to an auction style 
website like eBay where you can sell or buy items 
from other people? - Days 
Between 
Groups 
80.879 1 80.879 2.969 .086 
Within 
Groups 
8472.093 311 27.241 
  
Total 8552.971 312    
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D_craigslist2 How many days in the last month (i.e., 
4 weeks) have you gone to a site like Craigslist.com 
where you can buy or sell items without the use of 
auctions? - Days 
Between 
Groups 
35.351 1 35.351 1.144 .286 
Within 
Groups 
9614.010 311 30.913 
  
Total 9649.361 312    
 
D2. DSI High/Low Groups 
 
Gender 
 
DSI_Split_2 * What is your gender? Crosstabulation 
Count 
 D_gender What is your gender? Total 
Male Female 
DSI_Split_2 
Low 129 43 172 
High 102 39 141 
Total 231 82 313 
 
Chi-Square Tests 
 Value df Asymp. Sig. (2-sided) Exact Sig. (2-sided) Exact Sig. (1-sided) 
Pearson Chi-Square .283
a
 1 .594   
Continuity Correction
b
 .163 1 .687   
Likelihood Ratio .283 1 .595   
Fisher's Exact Test    .608 .343 
Linear-by-Linear Association .283 1 .595   
N of Valid Cases 313     
a. 0 cells (0.0%) have expected count less than 5. The minimum expected count is 36.94. 
b. Computed only for a 2x2 table 
 
Ethnicity 
 
DSI_Split_2 * What is your race/ethnicity? Crosstabulation 
Count 
 D_race What is your race/ethnicity? Total 
White Black Hispanic Asian Other 
DSI_Split_2 
Low 123 26 8 6 9 172 
High 95 22 8 5 11 141 
Total 218 48 16 11 20 313 
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Chi-Square Tests 
 Value df Asymp. Sig. (2-sided) 
Pearson Chi-Square 1.162
a
 4 .884 
Likelihood Ratio 1.156 4 .885 
Linear-by-Linear Association .989 1 .320 
N of Valid Cases 313   
a. 1 cells (10.0%) have expected count less than 5. The minimum expected count is 4.96. 
 
Marital Status 
 
DSI_Split_2 * What is your marital status? Crosstabulation 
Count 
 D_marital What is your marital status? Total 
Single, never married Married Separated/divorced Widowed 
DSI_Split_2 
Low 144 19 9 0 172 
High 119 17 3 2 141 
Total 263 36 12 2 313 
 
Chi-Square Tests 
 Value df Asymp. Sig. (2-sided) 
Pearson Chi-Square 4.461
a
 3 .216 
Likelihood Ratio 5.328 3 .149 
Linear-by-Linear Association .024 1 .876 
N of Valid Cases 313   
a. 2 cells (25.0%) have expected count less than 5. The minimum expected count is .90. 
 
Education Level 
 
DSI_Split_2 * What is the last year of education you have completed? Crosstabulation 
Count 
 D_education What is the last year of education you have completed? Total 
High 
school 
Community 
college/technical 
school training 
Some 
university or 
4 year 
college 
College/university 
graduate 
Graduate or 
professional 
school 
DSI_Split_2 
Low 44 12 93 17 6 172 
High 26 7 86 18 4 141 
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Total 70 19 179 35 10 313 
 
Chi-Square Tests 
 Value df Asymp. Sig. (2-sided) 
Pearson Chi-Square 3.612
a
 4 .461 
Likelihood Ratio 3.642 4 .457 
Linear-by-Linear Association 2.275 1 .131 
N of Valid Cases 313   
a. 1 cells (10.0%) have expected count less than 5. The minimum expected count is 4.50. 
 
Employment Status 
 
DSI_Split_2 * What is your current employment? Crosstabulation 
Count 
 D_employment What is your current employment? Tot
al Employe
d full-
time 
Employe
d part-
time 
Self-
employe
d 
Temporaril
y 
unemploy
ed 
Full-
time 
stude
nt 
Homemaker/housew
ife 
Retire
d 
DSI_Split
_2 
Lo
w 
28 65 2 3 67 3 4 172 
Hig
h 
18 52 3 8 59 1 0 141 
Total 46 117 5 11 126 4 4 313 
 
Chi-Square Tests 
 Value df Asymp. Sig. (2-sided) 
Pearson Chi-Square 8.613
a
 6 .197 
Likelihood Ratio 10.223 6 .116 
Linear-by-Linear Association .074 1 .785 
N of Valid Cases 313   
a. 7 cells (50.0%) have expected count less than 5. The minimum expected count is 1.80. 
 
Annual Income 
 
DSI_Split_2 * Please indicate which of the following categories best represents your annual family 
income before taxes? Crosstabulation 
Count 
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 D_income Please indicate which of the following categories best represents 
your annual family income before taxes? 
Tota
l 
$10,00
0 or 
less 
$10,00
1 to 
$20,00
0 
$20,00
1 to 
$30,00
0 
$30,00
1 to 
$40,00
0 
$40,00
1 to 
$50,00
0 
$50,00
1 to 
$75,00
0 
$75,001 
to 
$100,00
0 
> 
$100,00
0 
DSI_Split_
2 
Low 40 26 13 18 18 24 20 13 172 
Hig
h 
26 21 12 12 18 20 14 18 141 
Total 66 47 25 30 36 44 34 31 313 
 
Chi-Square Tests 
 Value df Asymp. Sig. (2-sided) 
Pearson Chi-Square 3.939
a
 7 .787 
Likelihood Ratio 3.937 7 .787 
Linear-by-Linear Association 1.400 1 .237 
N of Valid Cases 313   
a. 0 cells (0.0%) have expected count less than 5. The minimum expected count is 11.26. 
 
Have or Have Not Gone to Auction C2C Sites 
 
DSI_Split_2 * Have you ever gone online to an auction style website like eBay where you can sell or 
buy items from other people? Crosstabulation 
Count 
 D_eBay Have you ever gone online to an 
auction style website like eBay where you can 
sell or buy items from other people? 
Total 
No Yes 
DSI_Split_2 
Low 37 133 170 
High 11 130 141 
Total 48 263 311 
 
Chi-Square Tests 
 Value df Asymp. Sig. (2-
sided) 
Exact Sig. (2-
sided) 
Exact Sig. (1-
sided) 
Pearson Chi-Square 11.513
a
 1 .001   
Continuity Correction
b
 10.469 1 .001   
Likelihood Ratio 12.195 1 .000   
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Fisher's Exact Test    .001 .000 
Linear-by-Linear 
Association 
11.476 1 .001 
  
N of Valid Cases 311     
a. 0 cells (0.0%) have expected count less than 5. The minimum expected count is 21.76. 
b. Computed only for a 2x2 table 
 
Have or Have Not Gone to Non-Auction C2C Sites 
 
DSI_Split_2 * Have you ever gone online to a site like Craigslist.com where you can sell or buy 
items without the use of auctions? Crosstabulation 
Count 
 D_craigslist Have you ever gone online to a site 
like Craigslist.com where you can sell or buy items 
without the use of auctions? 
Total 
No Yes 
DSI_Split_2 
Low 48 122 170 
High 22 118 140 
Total 70 240 310 
 
Chi-Square Tests 
 Value df Asymp. Sig. (2-
sided) 
Exact Sig. (2-
sided) 
Exact Sig. (1-
sided) 
Pearson Chi-Square 6.885
a
 1 .009   
Continuity Correction
b
 6.187 1 .013   
Likelihood Ratio 7.051 1 .008   
Fisher's Exact Test    .010 .006 
Linear-by-Linear 
Association 
6.863 1 .009 
  
N of Valid Cases 310     
a. 0 cells (0.0%) have expected count less than 5. The minimum expected count is 31.61. 
b. Computed only for a 2x2 table 
 
Age and Online Shopping Behavior 
 
Descriptives 
 N Mean Std. 
Deviation 
Std. 
Error 
D_age How old were you on your last birthday? (type the Low 172 25.6802 11.03567 .84146 
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number such as '16' if you are sixteen) High 141 24.6596 7.44775 .62721 
Total 313 25.2204 9.58628 .54185 
BI_withoutBuy How often, if ever, do you go online to look for 
information about products or services without buying anything 
during the particular visit? (Modified Interval Scale) 
Low 172 5.8953 5.39743 .41155 
High 141 8.5745 5.58727 .47053 
Total 313 7.1022 5.63535 .31853 
BI_withBuy How often, if ever, do you go online and make a 
purchase online? (Modified Interval Scale) 
Low 172 1.1512 1.44807 .11041 
High 141 2.5532 2.23743 .18843 
Total 313 1.7827 1.97072 .11139 
Range_Online_Browse 
Low 166 5.6024 2.57465 .19983 
High 138 6.6449 2.74407 .23359 
Total 304 6.0757 2.69902 .15480 
Range_Online_Purchase 
Low 172 1.3605 2.03141 .15489 
High 141 2.1631 2.12342 .17882 
Total 313 1.7220 2.10830 .11917 
Intent_search In the next month, I intend to go online to search 
for information about products or services I am interested in 
Low 172 3.8081 .96327 .07345 
High 141 4.3333 .75277 .06339 
Total 313 4.0447 .91177 .05154 
OnlineIntent_Purch I intend to make one or more purchases 
online in the next month 
Low 172 3.2209 1.10184 .08401 
High 141 4.1702 .92549 .07794 
Total 313 3.6486 1.12851 .06379 
D_eBay2 How many days in the last month (i.e., 4 weeks) 
have you gone online to an auction style website like eBay 
where you can sell or buy items from other people? - Days 
Low 172 2.1802 4.42046 .33706 
High 141 4.0213 5.94555 .50071 
Total 313 3.0096 5.23578 .29594 
D_craigslist2 How many days in the last month (i.e., 4 weeks) 
have you gone to a site like Craigslist.com where you can buy 
or sell items without the use of auctions? - Days 
Low 172 2.4651 4.57350 .34873 
High 141 4.0213 6.48346 .54601 
Total 313 3.1661 5.56124 .31434 
 
ANOVA 
 Sum of 
Squares 
df Mean 
Square 
F Sig. 
D_age How old were you on your last birthday? 
(type the number such as '16' if you are sixteen) 
Between 
Groups 
80.717 1 80.717 .878 .349 
Within 
Groups 
28591.072 311 91.933 
  
Total 28671.789 312    
BI_withoutBuy How often, if ever, do you go online 
to look for information about products or services 
without buying anything during the particular visit? 
(Modified Interval Scale) 
Between 
Groups 
556.144 1 556.144 18.494 .000 
Within 
Groups 
9352.084 311 30.071   
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Total 9908.228 312    
BI_withBuy How often, if ever, do you go online 
and make a purchase online? (Modified Interval 
Scale) 
Between 
Groups 
152.306 1 152.306 44.710 .000 
Within 
Groups 
1059.421 311 3.406   
Total 1211.727 312    
Range_Online_Browse 
Between 
Groups 
81.899 1 81.899 11.637 .001 
Within 
Groups 
2125.360 302 7.038 
  
Total 2207.260 303    
Range_Online_Purchase 
Between 
Groups 
49.919 1 49.919 11.612 .001 
Within 
Groups 
1336.899 311 4.299 
  
Total 1386.818 312    
Intent_search In the next month, I intend to go 
online to search for information about products or 
services I am interested in 
Between 
Groups 
21.372 1 21.372 27.927 .000 
Within 
Groups 
238.002 311 .765 
  
Total 259.374 312    
OnlineIntent_Purch I intend to make one or more 
purchases online in the next month 
Between 
Groups 
69.822 1 69.822 66.301 .000 
Within 
Groups 
327.520 311 1.053 
  
Total 397.342 312    
D_eBay2 How many days in the last month (i.e., 4 
weeks) have you gone online to an auction style 
website like eBay where you can sell or buy items 
from other people? - Days 
Between 
Groups 
262.622 1 262.622 9.852 .002 
Within 
Groups 
8290.349 311 26.657 
  
Total 8552.971 312    
D_craigslist2 How many days in the last month 
(i.e., 4 weeks) have you gone to a site like 
Craigslist.com where you can buy or sell items 
without the use of auctions? - Days 
Between 
Groups 
187.634 1 187.634 6.167 .014 
Within 
Groups 
9461.727 311 30.424 
  
Total 9649.361 312    
 
D3. Hours High/Low Groups 
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Gender 
 
Internet_Hours_Split_2 * What is your gender? Crosstabulation 
Count 
 D_gender What is your gender? Total 
Male Female 
Internet_Hours_Split_2 
Low 118 38 156 
High 113 44 157 
Total 231 82 313 
 
Chi-Square Tests 
 Value df Asymp. Sig. (2-sided) Exact Sig. (2-sided) Exact Sig. (1-sided) 
Pearson Chi-Square .544
a
 1 .461   
Continuity Correction
b
 .371 1 .542   
Likelihood Ratio .544 1 .461   
Fisher's Exact Test    .521 .271 
Linear-by-Linear Association .542 1 .461   
N of Valid Cases 313     
a. 0 cells (0.0%) have expected count less than 5. The minimum expected count is 40.87. 
b. Computed only for a 2x2 table 
 
Ethnicity 
 
Internet_Hours_Split_2 * What is your race/ethnicity? Crosstabulation 
Count 
 D_race What is your race/ethnicity? Total 
White Black Hispanic Asian Other 
Internet_Hours_Split_2 
Low 108 21 11 5 11 156 
High 110 27 5 6 9 157 
Total 218 48 16 11 20 313 
 
Chi-Square Tests 
 Value df Asymp. Sig. (2-sided) 
Pearson Chi-Square 3.306
a
 4 .508 
Likelihood Ratio 3.364 4 .499 
Linear-by-Linear Association .327 1 .568 
N of Valid Cases 313   
a. 0 cells (0.0%) have expected count less than 5. The minimum expected count is 5.48. 
256 
 
 
Marital Status 
 
Internet_Hours_Split_2 * What is your marital status? Crosstabulation 
Count 
 D_marital What is your marital status? Total 
Single, never married Married Separated/divorced Widowed 
Internet_Hours_Split_2 
Low 126 19 10 1 156 
High 137 17 2 1 157 
Total 263 36 12 2 313 
 
Chi-Square Tests 
 Value df Asymp. Sig. (2-sided) 
Pearson Chi-Square 5.901
a
 3 .117 
Likelihood Ratio 6.390 3 .094 
Linear-by-Linear Association 3.753 1 .053 
N of Valid Cases 313   
a. 2 cells (25.0%) have expected count less than 5. The minimum expected count is 1.00. 
 
Education Level 
 
Internet_Hours_Split_2 * What is the last year of education you have completed? Crosstabulation 
Count 
 D_education What is the last year of education you have completed? Tota
l High 
schoo
l 
Community 
college/technica
l school training 
Some 
universit
y or 4 
year 
college 
College/universit
y graduate 
Graduate 
or 
professiona
l school 
Internet_Hours_Split_
2 
Low 28 10 96 14 8 156 
Hig
h 
42 9 83 21 2 157 
Total 70 19 179 35 10 313 
 
Chi-Square Tests 
 Value df Asymp. Sig. (2-sided) 
Pearson Chi-Square 8.794
a
 4 .066 
Likelihood Ratio 9.078 4 .059 
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Linear-by-Linear Association 2.945 1 .086 
N of Valid Cases 313   
a. 1 cells (10.0%) have expected count less than 5. The minimum expected count is 4.98. 
 
Employment Status 
 
Internet_Hours_Split_2 * What is your current employment? Crosstabulation 
Count 
 D_employment What is your current employment? Tot
al Employ
ed full-
time 
Employ
ed part-
time 
Self-
employ
ed 
Temporar
ily 
unemploy
ed 
Full-
time 
stude
nt 
Homemaker/hous
ewife 
Retir
ed 
Internet_Hours_S
plit_2 
Lo
w 
27 64 3 5 51 3 3 156 
Hig
h 
19 53 2 6 75 1 1 157 
Total 46 117 5 11 126 4 4 313 
 
Chi-Square Tests 
 Value df Asymp. Sig. (2-sided) 
Pearson Chi-Square 9.285
a
 6 .158 
Likelihood Ratio 9.416 6 .152 
Linear-by-Linear Association 4.247 1 .039 
N of Valid Cases 313   
a. 6 cells (42.9%) have expected count less than 5. The minimum expected count is 1.99. 
 
Annual Income 
 
Internet_Hours_Split_2 * Please indicate which of the following categories best represents your 
annual family income before taxes? Crosstabulation 
Count 
 D_income Please indicate which of the following categories best 
represents your annual family income before taxes? 
Tot
al 
$10,00
0 or 
less 
$10,00
1 to 
$20,00
0 
$20,00
1 to 
$30,00
0 
$30,00
1 to 
$40,00
0 
$40,00
1 to 
$50,00
0 
$50,00
1 to 
$75,00
0 
$75,001 
to 
$100,00
0 
> 
$100,00
0 
258 
 
Internet_Hours_Split
_2 
Lo
w 
35 23 14 19 15 21 16 13 156 
Hig
h 
31 24 11 11 21 23 18 18 157 
Total 66 47 25 30 36 44 34 31 313 
 
Chi-Square Tests 
 Value df Asymp. Sig. (2-sided) 
Pearson Chi-Square 4.769
a
 7 .688 
Likelihood Ratio 4.804 7 .684 
Linear-by-Linear Association 1.311 1 .252 
N of Valid Cases 313   
a. 0 cells (0.0%) have expected count less than 5. The minimum expected count is 12.46. 
 
Have or Have Not Gone to Auction C2C Sites 
 
Internet_Hours_Split_2 * Have you ever gone online to an auction style website like eBay where 
you can sell or buy items from other people? Crosstabulation 
Count 
 D_eBay Have you ever gone online to an 
auction style website like eBay where 
you can sell or buy items from other 
people? 
Total 
No Yes 
Internet_Hours_Split_2 
Low 20 134 154 
High 28 129 157 
Total 48 263 311 
 
Chi-Square Tests 
 Value df Asymp. Sig. (2-
sided) 
Exact Sig. (2-
sided) 
Exact Sig. (1-
sided) 
Pearson Chi-Square 1.400
a
 1 .237   
Continuity Correction
b
 1.053 1 .305   
Likelihood Ratio 1.406 1 .236   
Fisher's Exact Test    .273 .152 
Linear-by-Linear 
Association 
1.395 1 .238 
  
N of Valid Cases 311     
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a. 0 cells (0.0%) have expected count less than 5. The minimum expected count is 23.77. 
b. Computed only for a 2x2 table 
 
Have or Have Not Gone to Non-Auction C2C Sites 
 
Internet_Hours_Split_2 * Have you ever gone online to a site like Craigslist.com where you can sell 
or buy items without the use of auctions? Crosstabulation 
Count 
 D_craigslist Have you ever gone online to 
a site like Craigslist.com where you can 
sell or buy items without the use of 
auctions? 
Total 
No Yes 
Internet_Hours_Split_2 
Low 27 128 155 
High 43 112 155 
Total 70 240 310 
 
Chi-Square Tests 
 Value df Asymp. Sig. (2-
sided) 
Exact Sig. (2-
sided) 
Exact Sig. (1-
sided) 
Pearson Chi-Square 4.724
a
 1 .030   
Continuity Correction
b
 4.152 1 .042   
Likelihood Ratio 4.757 1 .029   
Fisher's Exact Test    .041 .021 
Linear-by-Linear 
Association 
4.709 1 .030 
  
N of Valid Cases 310     
a. 0 cells (0.0%) have expected count less than 5. The minimum expected count is 35.00. 
b. Computed only for a 2x2 table 
 
Age and Online Shopping Behavior 
 
Descriptives 
 N Mean Std. 
Deviation 
Std. 
Error 
D_age How old were you on your last birthday? (type the 
number such as '16' if you are sixteen) 
Low 156 25.8910 10.13240 .81124 
High 157 24.5541 8.99387 .71779 
Total 313 25.2204 9.58628 .54185 
BI_withoutBuy How often, if ever, do you go online to look for Low 156 6.5929   5.42004 .43395 
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information about products or services without buying anything 
during the particular visit? (Modified Interval Scale) 
High 157 7.6083 5.81453 .46405 
Total 313 7.1022 5.63535 .31853 
BI_withBuy How often, if ever, do you go online and make a 
purchase online? (Modified Interval Scale) 
Low 156 1.5609 1.71176 .13705 
High 157 2.0032 2.18128 .17409 
Total 313 1.7827 1.97072 .11139 
Range_Online_Browse 
Low 150 5.7467 2.75678 .22509 
High 154 6.3961 2.61073 .21038 
Total 304 6.0757 2.69902 .15480 
Range_Online_Purchase 
Low 156 1.6154 2.14765 .17195 
High 157 1.8280 2.06986 .16519 
Total 313 1.7220 2.10830 .11917 
Intent_search In the next month, I intend to go online to search 
for information about products or services I am interested in 
Low 156 4.0192 .88333 .07072 
High 157 4.0701 .94132 .07513 
Total 313 4.0447 .91177 .05154 
OnlineIntent_Purch I intend to make one or more purchases 
online in the next month 
Low 156 3.5705 1.11940 .08962 
High 157 3.7261 1.13573 .09064 
Total 313 3.6486 1.12851 .06379 
D_eBay2 How many days in the last month (i.e., 4 weeks) 
have you gone online to an auction style website like eBay 
where you can sell or buy items from other people? - Days 
Low 156 2.6603 4.60644 .36881 
High 157 3.3567 5.78793 .46193 
Total 313 3.0096 5.23578 .29594 
D_craigslist2 How many days in the last month (i.e., 4 weeks) 
have you gone to a site like Craigslist.com where you can buy 
or sell items without the use of auctions? - Days 
Low 156 2.8205 4.62878 .37060 
High 157 3.5096 6.35047 .50682 
Total 313 3.1661 5.56124 .31434 
 
ANOVA 
 Sum of 
Squares 
df Mean 
Square 
F Sig. 
D_age How old were you on your last birthday? 
(type the number such as '16' if you are sixteen) 
Between 
Groups 
139.852 1 139.852 1.524 .218 
Within 
Groups 
28531.937 311 91.743 
  
Total 28671.789 312    
BI_withoutBuy How often, if ever, do you go online 
to look for information about products or services 
without buying anything during the particular visit? 
(Modified Interval Scale) 
Between 
Groups 
80.667 1 80.667 2.553 .111 
Within 
Groups 
9827.561 311 31.600   
Total 9908.228 312    
BI_withBuy How often, if ever, do you go online 
and make a purchase online? (Modified Interval 
Between 
Groups 
15.307 1 15.307 3.979 .047 
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Scale) Within 
Groups 
1196.420 311 3.847   
Total 1211.727 312    
Range_Online_Browse 
Between 
Groups 
32.049 1 32.049 4.450 .036 
Within 
Groups 
2175.211 302 7.203 
  
Total 2207.260 303    
Range_Online_Purchase 
Between 
Groups 
3.538 1 3.538 .795 .373 
Within 
Groups 
1383.280 311 4.448 
  
Total 1386.818 312    
Intent_search In the next month, I intend to go 
online to search for information about products or 
services I am interested in 
Between 
Groups 
.202 1 .202 .243 .623 
Within 
Groups 
259.172 311 .833 
  
Total 259.374 312    
OnlineIntent_Purch I intend to make one or more 
purchases online in the next month 
Between 
Groups 
1.895 1 1.895 1.490 .223 
Within 
Groups 
395.447 311 1.272 
  
Total 397.342 312    
D_eBay2 How many days in the last month (i.e., 4 
weeks) have you gone online to an auction style 
website like eBay where you can sell or buy items 
from other people? - Days 
Between 
Groups 
37.952 1 37.952 1.386 .240 
Within 
Groups 
8515.019 311 27.379 
  
Total 8552.971 312    
D_craigslist2 How many days in the last month 
(i.e., 4 weeks) have you gone to a site like 
Craigslist.com where you can buy or sell items 
without the use of auctions? - Days 
Between 
Groups 
37.151 1 37.151 1.202 .274 
Within 
Groups 
9612.210 311 30.907 
  
Total 9649.361 312    
 
D4: Verification that Low/High Hours is not simply Non-User/User 
 
How often, if ever, do you go online to look for information about products or services 
without buying anything during the particular visit? * Internet_Hours_Split_2 
Crosstabulation 
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Count 
 Internet_Hours_Split_2 Total 
Low High 
BI_withoutBuy How often, if 
ever, do you go online to 
look for information about 
products or services without 
buying anything during the 
particular visit? 
Just about never 4 3 7 
Less than once a month 17 17 34 
1-5 times a month 62 52 114 
6-10 times a month 40 37 77 
11-15 times a month 16 26 42 
Over 15 times a month 17 22 39 
Total 156 157 313 
 
How often, if ever, do you go online and make a purchase online? * Internet_Hours_Split_2 
Crosstabulation 
Count 
 Internet_Hours_Split_2 Total 
Low High 
BI_withBuy How often, if 
ever, do you go online and 
make a purchase online? 
Just about never 19 13 32 
Less than once a month 77 65 142 
1-5 times a month 55 72 127 
6-10 times a month 5 6 11 
Over 15 times a month 0 1 1 
Total 156 157 313 
 
Have you ever gone online to an auction style website like eBay where 
you can sell or buy items from other people? * Internet_Hours_Split_2 
Crosstabulation 
Count 
 Internet_Hours_Split_2 Total 
Low High 
D_eBay Have you ever gone 
online to an auction style 
website like eBay where you 
can sell or buy items from 
other people? 
No 20 28 48 
Yes 134 129 263 
Total 154 157 311 
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Have you ever gone online to a site like Craigslist.com where you can sell 
or buy items without the use of auctions? * Internet_Hours_Split_2 
Crosstabulation 
Count 
 Internet_Hours_Split_2 Total 
Low High 
D_craigslist Have you ever 
gone online to a site like 
Craigslist.com where you 
can sell or buy items without 
the use of auctions? 
No 27 43 70 
Yes 128 112 240 
Total 155 155 310 
 
D5. Perceived Newness Analyses 
 
Total Sample Descriptives 
 
Descriptive Statistics 
 N Minimum Maximum Mean Std. 
Deviation 
OnlineNovelty_Diff In general, how different is 
shopping online compared to shopping in traditional 
stores? 
313 1.00 5.00 3.8786 .87227 
OnlineNovelty_Unique In general, how unique is 
shopping online compared to shopping in traditional 
stores? 
313 1.00 5.00 3.5208 .98728 
OnlineNovelty_innovative In general, how innovative 
is shopping online compared to shopping in 
traditional stores? 
313 1.00 5.00 3.6230 .93630 
OnlineNovelty_unusual Compared to shopping in 
traditional stores, how unusual or novel do you 
personally find online shopping to be? 
313 1.00 5.00 1.9265 1.07015 
BI_existence As far as you know, how many years 
has online shopping been available to people in the 
United States? (if not sure, make your best guess) 
313 .50 14.00 5.8578 3.32889 
BI_ohioShopping What was the first year that people 
in Ohio could find products of interest to them for sale 
through the Internet? 
313 1993.00 2006.00 1998.0767 3.02879 
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BI_friendsLearn On average, about how long ago did 
your friends,family, or neighbors learn that they could 
shop for products through the Internet (in years)? 
311 .50 17.00 7.8698 3.43181 
BI_friendsUse About what percentage of your own 
friends, relatives, and acquaintances buy things 
online? 
313 .00 90.00 34.6486 22.72405 
BI_percPeople About what percentage of all people 
you personally know (i.e., friends, acquaintances, 
family) would you guess use the Internet at least 
once a week? 
313 .00 90.00 6.0703 14.55168 
Valid N (listwise) 311     
 
GSI and Perceived Newness 
 
Descriptives 
 N Mean Std. 
Deviation 
Std. 
Error 
95% Confidence 
Interval for Mean 
Min Max 
Lower 
Bound 
Upper 
Bound 
OnlineNovelty_Diff In 
general, how different is 
shopping online 
compared to shopping in 
traditional stores? 
Low 160 3.9375 .88088 .06964 3.8000 4.0750 2.00 5.00 
High 153 3.8170 .86174 .06967 3.6794 3.9546 1.00 5.00 
Total 313 3.8786 .87227 .04930 3.7816 3.9756 1.00 5.00 
OnlineNovelty_Unique In 
general, how unique is 
shopping online 
compared to shopping in 
traditional stores? 
Low 160 3.4813 .96461 .07626 3.3306 3.6319 1.00 5.00 
High 153 3.5621 1.01197 .08181 3.4005 3.7237 1.00 5.00 
Total 313 3.5208 .98728 .05580 3.4110 3.6306 1.00 5.00 
OnlineNovelty_innovative 
In general, how 
innovative is shopping 
online compared to 
shopping in traditional 
stores? 
Low 160 3.5375 .89645 .07087 3.3975 3.6775 1.00 5.00 
High 153 3.7124 .97112 .07851 3.5573 3.8675 1.00 5.00 
Total 313 3.6230 .93630 .05292 3.5189 3.7271 1.00 5.00 
OnlineNovelty_unusual 
Compared to shopping in 
Low 160 2.0125 .99677 .07880 1.8569 2.1681 1.00 5.00 
High 153 1.8366 1.13820 .09202 1.6548 2.0184 1.00 5.00 
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traditional stores, how 
unusual or novel do you 
personally find online 
shopping to be? 
Total 313 1.9265 1.07015 .06049 1.8075 2.0455 1.00 5.00 
BI_existence As far as 
you know, how many 
years has online 
shopping been available 
to people in the United 
States? (if not sure, 
make your best guess) 
Low 160 6.3219 3.29825 .26075 5.8069 6.8369 .50 14.00 
High 153 5.3725 3.30198 .26695 4.8451 5.9000 .50 11.00 
Total 313 5.8578 3.32889 .18816 5.4876 6.2281 .50 14.00 
BI_ohioShopping What 
was the first year that 
people in Ohio could find 
products of interest to 
them for sale through the 
Internet? 
Low 160 1998.2250 3.04464 .24070 1997.7496 1998.7004 1993.00 2004.00 
High 153 1997.9216 3.01428 .24369 1997.4401 1998.4030 1993.00 2006.00 
Total 313 1998.0767 3.02879 .17120 1997.7398 1998.4135 1993.00 2006.00 
BI_friendsLearn On 
average, about how long 
ago did your 
friends,family, or 
neighbors learn that they 
could shop for products 
through the Internet (in 
years)? 
Low 158 8.0475 3.44649 .27419 7.5059 8.5890 .50 17.00 
High 153 7.6863 3.41816 .27634 7.1403 8.2322 .50 17.00 
Total 311 7.8698 3.43181 .19460 7.4869 8.2527 .50 17.00 
BI_friendsUse About 
what percentage of your 
own friends, relatives, 
and acquaintances buy 
things online? 
Low 160 36.8750 22.21783 1.75647 33.4060 40.3440 .00 90.00 
High 153 32.3203 23.08470 1.86629 28.6330 36.0075 .00 90.00 
Total 313 34.6486 22.72405 1.28444 32.1213 37.1758 .00 90.00 
BI_percPeople About 
what percentage of all 
people you personally 
know (i.e., friends, 
acquaintances, family) 
would you guess use the 
Internet at least once a 
week? 
Low 160 5.5000 13.40234 1.05955 3.4074 7.5926 .00 70.00 
High 153 6.6667 15.68606 1.26814 4.1612 9.1721 .00 90.00 
Total 313 6.0703 14.55168 .82251 4.4519 7.6887 .00 90.00 
 
ANOVA 
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 Sum of 
Squares 
df Mean 
Square 
F Sig. 
OnlineNovelty_Diff In general, how different is 
shopping online compared to shopping in traditional 
stores? 
Between 
Groups 
1.136 1 1.136 1.495 .222 
Within 
Groups 
236.251 311 .760   
Total 237.387 312    
OnlineNovelty_Unique In general, how unique is 
shopping online compared to shopping in traditional 
stores? 
Between 
Groups 
.511 1 .511 .524 .470 
Within 
Groups 
303.604 311 .976   
Total 304.115 312    
OnlineNovelty_innovative In general, how 
innovative is shopping online compared to 
shopping in traditional stores? 
Between 
Groups 
2.393 1 2.393 2.745 .099 
Within 
Groups 
271.121 311 .872   
Total 273.514 312    
OnlineNovelty_unusual Compared to shopping in 
traditional stores, how unusual or novel do you 
personally find online shopping to be? 
Between 
Groups 
2.420 1 2.420 2.121 .146 
Within 
Groups 
354.890 311 1.141   
Total 357.310 312    
BI_existence As far as you know, how many years 
has online shopping been available to people in the 
United States? (if not sure, make your best guess) 
Between 
Groups 
70.485 1 70.485 6.472 .011 
Within 
Groups 
3386.938 311 10.890   
Total 3457.423 312    
BI_ohioShopping What was the first year that 
people in Ohio could find products of interest to 
them for sale through the Internet? 
Between 
Groups 
7.201 1 7.201 .784 .376 
Within 
Groups 
2854.959 311 9.180   
Total 2862.160 312    
BI_friendsLearn On average, about how long ago 
did your friends,family, or neighbors learn that they 
could shop for products through the Internet (in 
years)? 
Between 
Groups 
10.141 1 10.141 .861 .354 
Within 
Groups 
3640.835 309 11.783   
Total 3650.976 310    
BI_friendsUse About what percentage of your own 
friends, relatives, and acquaintances buy things 
Between 
Groups 
1622.535 1 1622.535 3.164 .076 
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online? Within 
Groups 
159488.807 311 512.826   
Total 161111.342 312    
BI_percPeople About what percentage of all people 
you personally know (i.e., friends, acquaintances, 
family) would you guess use the Internet at least 
once a week? 
Between 
Groups 
106.454 1 106.454 .502 .479 
Within 
Groups 
65960.000 311 212.090   
Total 66066.454 312    
 
DSI and Perceived Newness 
 
Descriptives 
 N Mean Std. 
Deviation 
Std. 
Error 
95% Confidence 
Interval for Mean 
Min Max 
Lower 
Bound 
Upper 
Bound 
OnlineNovelty_Diff In 
general, how different is 
shopping online 
compared to shopping in 
traditional stores? 
Low 172 3.8605 .86738 .06614 3.7299 3.9910 2.00 5.00 
High 141 3.9007 .88079 .07418 3.7541 4.0474 1.00 5.00 
Total 313 3.8786 .87227 .04930 3.7816 3.9756 1.00 5.00 
OnlineNovelty_Unique In 
general, how unique is 
shopping online 
compared to shopping in 
traditional stores? 
Low 172 3.3953 .97668 .07447 3.2483 3.5423 1.00 5.00 
High 141 3.6738 .98195 .08270 3.5103 3.8373 1.00 5.00 
Total 313 3.5208 .98728 .05580 3.4110 3.6306 1.00 5.00 
OnlineNovelty_innovative 
In general, how 
innovative is shopping 
online compared to 
shopping in traditional 
stores? 
Low 172 3.4302 .89234 .06804 3.2959 3.5645 1.00 5.00 
High 141 3.8582 .93794 .07899 3.7020 4.0143 1.00 5.00 
Total 313 3.6230 .93630 .05292 3.5189 3.7271 1.00 5.00 
OnlineNovelty_unusual 
Compared to shopping in 
traditional stores, how 
unusual or novel do you 
personally find online 
shopping to be? 
Low 172 2.0698 1.01210 .07717 1.9174 2.2221 1.00 5.00 
High 141 1.7518 1.11583 .09397 1.5660 1.9376 1.00 5.00 
Total 313 1.9265 1.07015 .06049 1.8075 2.0455 1.00 5.00 
BI_existence As far as Low 172 6.0203 3.37836 .25760 5.5119 6.5288 .50 14.00 
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you know, how many 
years has online 
shopping been available 
to people in the United 
States? (if not sure, 
make your best guess) 
High 141 5.6596 3.26853 .27526 5.1154 6.2038 .50 14.00 
Total 313 5.8578 3.32889 .18816 5.4876 6.2281 .50 14.00 
BI_ohioShopping What 
was the first year that 
people in Ohio could find 
products of interest to 
them for sale through the 
Internet? 
Low 172 1998.1570 3.02694 .23080 1997.7014 1998.6126 1993.00 2006.00 
High 141 1997.9787 3.03896 .25593 1997.4727 1998.4847 1993.00 2004.00 
Total 313 1998.0767 3.02879 .17120 1997.7398 1998.4135 1993.00 2006.00 
BI_friendsLearn On 
average, about how long 
ago did your 
friends,family, or 
neighbors learn that they 
could shop for products 
through the Internet (in 
years)? 
Low 171 8.0965 3.42882 .26221 7.5789 8.6141 .50 17.00 
High 140 7.5929 3.42735 .28966 7.0201 8.1656 .50 14.00 
Total 311 7.8698 3.43181 .19460 7.4869 8.2527 .50 17.00 
BI_friendsUse About 
what percentage of your 
own friends, relatives, 
and acquaintances buy 
things online? 
Low 172 38.3721 22.35992 1.70493 35.0067 41.7375 .00 90.00 
High 141 30.1064 22.41227 1.88745 26.3748 33.8380 .00 90.00 
Total 313 34.6486 22.72405 1.28444 32.1213 37.1758 .00 90.00 
BI_percPeople About 
what percentage of all 
people you personally 
know (i.e., friends, 
acquaintances, family) 
would you guess use the 
Internet at least once a 
week? 
Low 172 6.3953 15.77716 1.20300 4.0207 8.7700 .00 90.00 
High 141 5.6738 12.94521 1.09018 3.5184 7.8291 .00 70.00 
Total 313 6.0703 14.55168 .82251 4.4519 7.6887 .00 90.00 
 
ANOVA 
 Sum of 
Squares 
df Mean 
Square 
F Sig. 
OnlineNovelty_Diff In general, how different is 
shopping online compared to shopping in 
Between 
Groups 
.125 1 .125 .164 .685 
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traditional stores? Within 
Groups 
237.261 311 .763   
Total 237.387 312    
OnlineNovelty_Unique In general, how unique is 
shopping online compared to shopping in 
traditional stores? 
Between 
Groups 
6.006 1 6.006 6.266 .013 
Within 
Groups 
298.109 311 .959   
Total 304.115 312    
OnlineNovelty_innovative In general, how 
innovative is shopping online compared to 
shopping in traditional stores? 
Between 
Groups 
14.188 1 14.188 17.016 .000 
Within 
Groups 
259.326 311 .834   
Total 273.514 312    
OnlineNovelty_unusual Compared to shopping in 
traditional stores, how unusual or novel do you 
personally find online shopping to be? 
Between 
Groups 
7.835 1 7.835 6.972 .009 
Within 
Groups 
349.475 311 1.124   
Total 357.310 312    
BI_existence As far as you know, how many years 
has online shopping been available to people in 
the United States? (if not sure, make your best 
guess) 
Between 
Groups 
10.085 1 10.085 .910 .341 
Within 
Groups 
3447.338 311 11.085   
Total 3457.423 312    
BI_ohioShopping What was the first year that 
people in Ohio could find products of interest to 
them for sale through the Internet? 
Between 
Groups 
2.462 1 2.462 .268 .605 
Within 
Groups 
2859.698 311 9.195   
Total 2862.160 312    
BI_friendsLearn On average, about how long ago 
did your friends,family, or neighbors learn that they 
could shop for products through the Internet (in 
years)? 
Between 
Groups 
19.525 1 19.525 1.661 .198 
Within 
Groups 
3631.451 309 11.752   
Total 3650.976 310    
BI_friendsUse About what percentage of your own 
friends, relatives, and acquaintances buy things 
online? 
Between 
Groups 
5293.752 1 5293.752 10.566 .001 
Within 
Groups 
155817.590 311 501.021   
Total 161111.342 312    
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BI_percPeople About what percentage of all 
people you personally know (i.e., friends, 
acquaintances, family) would you guess use the 
Internet at least once a week? 
Between 
Groups 
40.344 1 40.344 .190 .663 
Within 
Groups 
66026.109 311 212.303   
Total 66066.454 312    
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APPENDIX E 
 
Appendix E: GSI Validation 
 
E1. Scale Construction and Comparison 
 
GSI Reliability 
 
8-Item GSI: 
 
Reliability Statistics 
Cronbach's Alpha N of Items 
.889 8 
 
Item-Total Statistics 
 Scale Mean 
if Item 
Deleted 
Scale 
Variance if 
Item Deleted 
Corrected Item-
Total Correlation 
Cronbach's 
Alpha if Item 
Deleted 
I am aware that I am usually one of 
the last people in my group to accept 
new styles of shopping 
21.4728 35.930 .602 .881 
I am reluctant to adopt new forms of 
shopping until I see them working for 
people around me 
22.0958 35.145 .718 .869 
I am generally cautious about new 
ways of shopping 
22.2652 35.349 .693 .871 
I tend to feel that the old ways of 
shopping are the best ways 
21.6518 38.266 .471 .893 
I must see other people using new 
means of shopping before I will 
consider them 
21.9297 35.078 .736 .867 
I often find myself skeptical of new 
ways of shopping 
21.8722 35.343 .741 .867 
I am suspicious of new ways of 
shopping 
21.8179 38.137 .601 .880 
I rarely trust new means of shopping 
until I can see whether the vast 
majority of people around me accept 
them 
21.8946 34.825 .747 .866 
  
6-Item GSI: 
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Reliability Statistics 
Cronbach's Alpha N of Items 
.894 6 
 
Item-Total Statistics 
  
Scale Mean 
if Item 
Deleted 
Scale 
Variance if 
Item Deleted 
Corrected Item-
Total 
Correlation 
Cronbach's 
Alpha if Item 
Deleted 
I am suspicious of new ways of 
shopping 14.9425 22.952 .581 .894 
I am reluctant to adopt new forms 
of shopping until I see them 
working for people around me 15.2204 20.390 .728 .873 
I rarely trust new means of 
shopping until I can see whether 
the vast majority of people around 
me accept them 
15.0192 20.006 .774 .866 
I am generally cautious about new 
ways of shopping 15.3898 20.405 .717 .875 
I must see other people using new 
means of shopping before I will 
consider them 
15.0543 20.263 .755 .869 
I often find myself skeptical of new 
ways of shopping 14.9968 20.663 .738 .872 
 
General Innovativeness Scale and Subscale Reliability and Normality 
 
Total Scale: 
 
Reliability Statistics 
Cronbach's Alpha N of Items 
.888 20 
 
Item-Total Statistics - GenInno Total 
  
Scale Mean 
if Item 
Deleted 
Scale 
Variance if 
Item Deleted 
Corrected Item-
Total 
Correlation 
Cronbach's 
Alpha if Item 
Deleted 
I am suspicious of new inventions 
and new ways of thinking 
69.1725 108.605 0.492 0.883 
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I am reluctant about adopting new 
ways of doing things until I see them 
working for people around me 
69.6805 105.846 0.61 0.879 
I rarely trust new ideas until I can 
see whether the vast majority of 
people around me accept them 
69.4984 106.302 0.611 0.879 
I am generally cautious about 
accepting new ideas 
69.639 106.981 0.557 0.881 
I must see other people using new 
innovations before I will consider 
them 
69.6166 107.878 0.552 0.881 
I often find myself skeptical of new 
ideas 
69.4249 107.752 0.556 0.881 
I am aware that I am usually one of 
the last people in my group to 
accept something new 
69.1789 106.865 0.558 0.881 
I tend to feel that the old way of 
living and doing things is the best 
way 
69.262 110.854 0.415 0.886 
I consider myself to be creative and 
original in my thinking and behavior 
68.9904 110.336 0.524 0.882 
I am an inventive kind of person 69.5208 107.712 0.56 0.881 
I seek out new ways to do things 69.3067 107.656 0.624 0.879 
I enjoy trying out new ideas 68.9649 109.63 0.562 0.881 
I find it stimulating to be original in 
my thinking and behavior 
68.984 109.894 0.546 0.882 
I am receptive to new ideas 69.0096 110.894 0.529 0.882 
I frequently improvise methods for 
solving a problem when an answer 
is not apparent 
69.0319 111.743 0.464 0.884 
I feel that I am an influential member 
of my peer group 
69.0607 111.378 0.471 0.884 
My peers often ask me for advice or 
information 
68.7732 113.74 0.341 0.887 
I enjoy taking part in the leadership 
responsibilities of the group I belong 
to 
69.0927 113.347 0.311 0.889 
I am challenged by unanswered 
questions 
69.1278 112.105 0.365 0.887 
I am challenged by ambiguities and 
unsolved problems 
69.1757 112.024 0.386 0.886 
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Openness: 
 
Reliability Statistics 
Cronbach's Alpha N of Items 
.893 8 
 
Item-Total Statistics - GenInno Openness 
  
Scale Mean 
if Item 
Deleted 
Scale 
Variance if 
Item Deleted 
Corrected Item-
Total 
Correlation 
Cronbach's 
Alpha if Item 
Deleted 
I am suspicious of new inventions 
and new ways of thinking 23.7827 32.023 .650 .882 
I am reluctant about adopting new 
ways of doing things until I see 
them working for people around 
me 
24.2907 31.047 .724 .874 
I rarely trust new ideas until I can 
see whether the vast majority of 
people around me accept them 24.1086 31.251 .734 .874 
I am generally cautious about 
accepting new ideas 24.2492 31.079 .722 .875 
I must see other people using new 
innovations before I will consider 
them 
24.2268 31.868 .698 .877 
I often find myself skeptical of new 
ideas 24.0351 31.252 .756 .872 
I am aware that I am usually one 
of the last people in my group to 
accept something new 
23.7891 31.981 .632 .884 
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I tend to feel that the old way of 
living and doing things is the best 
way 
23.8722 34.580 .456 .899 
 
 
 
Creativity: 
 
Reliability Statistics 
Cronbach's Alpha N of Items 
.867 12 
 
Item-Total Statistics - GenInno Creativity 
  
Scale Mean 
if Item 
Deleted 
Scale 
Variance if 
Item Deleted 
Corrected Item-
Total Correlation 
Cronbach's 
Alpha if Item 
Deleted 
I consider myself to be creative 
and original in my thinking and 
behavior 
41.5112 40.417 .634 .851 
I am an inventive kind of person 
42.0415 39.393 .602 .853 
I seek out new ways to do things 
41.8275 39.021 .708 .846 
I enjoy trying out new ideas 41.4856 41.206 .555 .856 
I find it stimulating to be original in 
my thinking and behavior 41.5048 40.353 .637 .851 
I am receptive to new ideas 41.5304 42.878 .434 .863 
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I frequently improvise methods for 
solving a problem when an 
answer is not apparent 
41.5527 41.178 .586 .854 
I feel that I am an influential 
member of my peer group 41.5815 41.231 .563 .856 
My peers often ask me for advice 
or information 41.2939 42.247 .470 .861 
I enjoy taking part in the 
leadership responsibilities of the 
group I belong to 
41.6134 42.123 .410 .866 
I am challenged by unanswered 
questions 41.6486 40.998 .494 .860 
I am challenged by ambiguities 
and unsolved problems 41.6965 40.994 .518 .858 
 
 
 
General Innovativeness and DSI among High/Low GSI Groups 
 
General Innovativeness Total: 
 
Descriptives – GSI Split 
GenInno_Total_Score   
 N Mean Std. Deviation Std. Error 95% Confidence Interval for Mean Minimum Maximum 
Lower Bound Upper Bound 
Low 160 68.1563 9.07172 .71718 66.7398 69.5727 38.00 90.00 
High 153 77.7974 10.66990 .86261 76.0931 79.5016 44.00 100.00 
Total 313 72.8690 10.98653 .62100 71.6471 74.0909 38.00 100.00 
 
ANOVA – GSI Split 
GenInno_Total_Score   
 Sum of Squares df Mean Square F Sig. 
Between Groups 7269.817 1 7269.817 74.397 .000 
Within Groups 30389.813 311 97.716   
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Total 37659.629 312    
 
Openness: 
 
Descriptives – GSI Split 
GenInno_Openness   
 N Mean Std. Deviation Std. Error 95% Confidence Interval for Mean Minimum Maximum 
Lower Bound Upper Bound 
Low 160 24.0813 5.24970 .41503 23.2616 24.9009 10.00 36.00 
High 153 31.0327 5.52318 .44652 30.1505 31.9149 12.00 40.00 
Total 313 27.4792 6.40465 .36201 26.7669 28.1915 10.00 40.00 
 
ANOVA – GSI Split 
GenInno_Openness   
 Sum of Squares df Mean Square F Sig. 
Between Groups 3779.335 1 3779.335 130.325 .000 
Within Groups 9018.780 311 28.999   
Total 12798.115 312    
 
Creativity: 
 
Descriptives – GSI Split 
GenInno_Creativity   
 N Mean Std. Deviation Std. Error 95% Confidence Interval for Mean Minimum Maximum 
Lower Bound Upper Bound 
Low 160 44.0750 6.47642 .51201 43.0638 45.0862 18.00 60.00 
High 153 46.7647 7.16696 .57941 45.6200 47.9095 25.00 60.00 
Total 313 45.3898 6.94356 .39247 44.6175 46.1620 18.00 60.00 
 
ANOVA – GSI Split 
GenInno_Creativity   
 Sum of Squares df Mean Square F Sig. 
Between Groups 565.818 1 565.818 12.155 .001 
Within Groups 14476.629 311 46.549   
Total 15042.447 312    
 
DSI: 
 
Descriptives 
DSI_Total_Score 
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 N Mean Std. Deviation Std. Error 95% Confidence Interval for Mean Minimum Maximum 
Lower Bound Upper Bound 
Low 160 17.1688 4.43006 .35023 16.4771 17.8604 7.00 28.00 
High 153 20.6144 4.50457 .36417 19.8949 21.3339 8.00 30.00 
Total 313 18.8530 4.78152 .27027 18.3213 19.3848 7.00 30.00 
 
ANOVA 
DSI_Total_Score 
 Sum of Squares df Mean Square F Sig. 
Between Groups 928.548 1 928.548 46.542 .000 
Within Groups 6204.692 311 19.951   
Total 7133.240 312    
 
Correlations of Scale Total Scores 
 
Correlations 
 GSI GSI_6 DSI GenInno Openness Creativity 
GSI_Total_Score  1 .969
**
 .522
**
 .560
**
 .685
**
 .254
**
 
GSI_6_Total_Score  .969
**
 1 .409
**
 .494
**
 .619
**
 .211
**
 
DSI_Total_Score  .522
**
 .409
**
 1 .437
**
 .495
**
 .236
**
 
GenInno_Total_Score  .560
**
 .494
**
 .437
**
 1 .807
**
 .838
**
 
GenInno_Openness  .685
**
 .619
**
 .495
**
 .807
**
 1 .354
**
 
GenInno_Creativity  .254
**
 .211
**
 .236
**
 .838
**
 .354
**
 1 
**. Correlation is significant at the 0.01 level (2-tailed). 
 
E2. Exploratory Factor Analyses 
 
8-Item GSI, General Innovativeness, and DSI 
 
With Intention Items: 
 
Total Variance Explained 
Factor 
Initial Eigenvalues 
Extraction Sums of Squared 
Loadings 
Rotation Sums of 
Squared Loadings
a
 
Total 
% of 
Variance 
Cumulative 
% Total 
% of 
Variance 
Cumulative 
% Total 
1 10.330 27.920 27.920 9.912 26.790 26.790 7.846 
2 4.104 11.091 39.011 3.712 10.032 36.823 6.583 
3 2.760 7.460 46.471 2.297 6.208 43.031 5.928 
279 
 
4 1.663 4.494 50.965 1.330 3.595 46.626 6.988 
5 1.503 4.062 55.027 1.123 3.035 49.661 2.580 
6 1.421 3.841 58.868 .990 2.676 52.337 2.713 
7 1.193 3.224 62.091 .744 2.012 54.348 2.887 
8 1.028 2.780 64.871 .540 1.461 55.809 1.112 
9 .945 2.554 67.425         
10 .867 2.344 69.769         
11 .856 2.313 72.082         
12 .761 2.056 74.138         
13 .670 1.811 75.949         
14 .652 1.761 77.711         
15 .616 1.664 79.375         
16 .594 1.605 80.980         
17 .552 1.491 82.471         
18 .539 1.458 83.928         
19 .512 1.383 85.311         
20 .489 1.322 86.633         
21 .474 1.281 87.914         
22 .418 1.130 89.044         
23 .405 1.093 90.137         
24 .375 1.015 91.152         
25 .351 .947 92.100         
26 .341 .922 93.022         
27 .318 .860 93.881         
28 .291 .785 94.667         
29 .284 .768 95.434         
30 .271 .732 96.166         
31 .257 .694 96.861         
32 .236 .638 97.499         
33 .233 .630 98.129         
34 .218 .588 98.717         
35 .199 .538 99.256         
36 .150 .404 99.660         
37 .126 .340 100.000         
Extraction Method: Principal Axis Factoring. 
a. When factors are correlated, sums of squared loadings cannot be added to obtain a total variance. 
 
 
Structure Matrix - DSI GSI GenINNO and Intent 
  
Factor 
1 2 3 4 5 6 7 8 
GenInno_skeptical I often find myself skeptical 
of new ideas 
.822 .481 .284 .432 .116 -.003 .136 .228 
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GenInno_newIdeas I rarely trust new ideas 
until I can see whether the vast majority of 
people around me accept them 
.795 .561 .399 .444 .204 .092 .115 -.078 
GenInno_adopt I am reluctant about adopting 
new ways of doing things until I see them 
working for people around me 
.780 .588 .391 .477 .111 .118 .125 -.091 
GenInno_cautious I am generally cautious 
about accepting new ideas 
.777 .485 .284 .421 .095 .101 .128 .221 
GenInno_seePeople I must see other people 
using new innovations before I will consider 
them 
.740 .547 .304 .428 .201 .117 .102 -.051 
GenInno_Suspicious_Adopt_newIdeas I am 
suspicious of new inventions and new ways of 
thinking 
.693 .411 .270 .404 .084 .075 .052 .088 
GenInno_lateadopter I am aware that I am 
usually one of the last people in my group to 
accept something new 
.660 .345 .368 .582 .163 .082 .206 .149 
GenShopInno_trust I rarely trust new means 
of shopping until I can see whether the vast 
majority of people around me accept them 
.504 .879 .225 .381 .070 .079 .013 -.106 
GenShopInno_seeOthers I must see other 
people using new means of shopping before I 
will consider them 
.543 .822 .221 .363 .026 .055 .016 .015 
GenShopInno_adopting I am reluctant to 
adopt new forms of shopping until I see them 
working for people around me 
.510 .798 .268 .424 .024 .084 .038 -.014 
GenShopInno_skeptical I often find myself 
skeptical of new ways of shopping 
.561 .736 .234 .404 .083 .061 .048 .405 
GenShopInno_cautious I am generally 
cautious about new ways of shopping .515 .722 .105 .375 .086 .009 .017 .303 
GenShopInno_suspicious I am suspicious of 
new ways of shopping 
.419 .562 .291 .431 .031 .170 .095 .317 
GenInno_newWays I seek out new ways to do 
things 
.309 .208 .835 .325 .142 .361 .389 .041 
GenInno_original I consider myself to be 
creative and original in my thinking and 
behavior 
.228 .135 .729 .239 .158 .266 .420 -.065 
GenInno_inventive I am an inventive kind of 
person 
.311 .187 .720 .258 .135 .280 .355 .059 
GenInno_behavior I find it stimulating to be 
original in my thinking and behavior 
.262 .204 .701 .235 .137 .366 .364 -.219 
GenInno_tryNew I enjoy trying out new ideas .357 .250 .666 .340 .213 .225 .320 .126 
GenInno_improvise I frequently improvise 
methods for solving a problem when an 
answer is not apparent 
.164 .130 .581 .202 .193 .418 .404 -.219 
GenInno_receptive I am receptive to new 
ideas 
.426 .311 .546 .338 .141 .194 .207 -.086 
DSIOnlineShop_LastCircle In general, I am 
among the last in my circle of friends to visit a 
shopping website when it appears 
.425 .374 .293 .801 .318 .002 .125 .182 
DSIonlineshop_knownew In general, I am the 
last person in my circle of friends to know 
about new shopping websites 
.453 .316 .254 .801 .313 -.003 .045 .159 
GenShopInno_oldWays I tend to feel that the 
old ways of shopping are the best ways 
.502 .418 .306 .690 .183 .082 -.020 .133 
GenShopInno_accepting I am aware that I am 
usually one of the last people in my group to 
accept new styles of shopping 
.560 .543 .362 .681 .222 .000 .201 .217 
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DSIonlineShop_friends Compared to my 
friends, I have visited few online shopping sites 
.410 .312 .215 .618 .355 .104 -.054 .038 
GenInno_oldWay I tend to feel that the old 
way of living and doing things is the best way .470 .330 .295 .490 .085 .129 .075 .152 
DSIonlineshop_aware If I heard a new 
website was available for online shopping, I 
would be interested enough to visit 
.220 .102 .191 .488 .465 -.024 .226 .411 
DSIonlineshop_names I know the names of 
new online shopping sites before other people 
do 
.201 .221 .164 .483 .277 .045 .083 .183 
Intent_search In the next month, I intend to go 
online to search for information about products 
or services I am interested in 
.180 .095 .208 .291 .722 .144 .135 .022 
Intent_Browse There is a good chance that in 
the next month I will browse sites to find 
products I might be interested in 
.117 .017 .178 .336 .653 .095 .125 .127 
OnlineIntent_Purch I intend to make one or 
more purchases online in the next month 
.218 .150 .216 .560 .569 .062 .035 .044 
DSIonlineShop_practically I will visit an online 
shopping website even if I know practically 
nothing about it 
.215 .199 .097 .373 .404 .027 .161 .162 
GenInno_ambiguities I am challenged by 
ambiguities and unsolved problems 
.105 .124 .414 .106 .136 .953 .306 -.139 
GenInno_unanswered I am challenged by 
unanswered questions 
.102 .088 .391 .048 .140 .868 .298 -.117 
GenInno_advise My peers often ask me for 
advice or information 
.091 -.030 .362 .008 .167 .250 .764 .019 
GenInno_influential I feel that I am an 
influential member of my peer group .207 .138 .490 .128 .082 .314 .704 -.120 
GenInno_leadership I enjoy taking part in the 
leadership responsibilities of the group I belong 
to 
.082 .031 .346 .131 .089 .192 .642 .156 
Extraction Method: Principal Axis Factoring.  
 Rotation Method: Promax with Kaiser Normalization. 
 
Without Intention Items: 
 
Total Variance Explained 
Factor 
Initial Eigenvalues 
Extraction Sums of Squared 
Loadings 
Rotation Sums of 
Squared Loadings
a
 
Total 
% of 
Variance 
Cumulative 
% Total 
% of 
Variance 
Cumulative 
% Total 
1 10.048 29.553 29.553 9.629 28.320 28.320 7.939 
2 4.079 11.998 41.551 3.682 10.829 39.149 5.972 
3 2.211 6.503 48.054 1.780 5.236 44.385 6.588 
4 1.649 4.850 52.904 1.274 3.748 48.133 6.394 
5 1.475 4.339 57.242 1.097 3.227 51.360 2.661 
6 1.348 3.964 61.207 .944 2.778 54.138 2.482 
7 1.044 3.070 64.276 .523 1.537 55.675 .976 
8 .924 2.719 66.995         
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9 .856 2.517 69.512         
10 .851 2.504 72.016         
11 .737 2.167 74.183         
12 .711 2.093 76.275         
13 .639 1.881 78.156         
14 .617 1.814 79.970         
15 .583 1.714 81.684         
16 .559 1.645 83.329         
17 .537 1.581 84.910         
18 .520 1.529 86.439         
19 .461 1.355 87.794         
20 .408 1.199 88.993         
21 .385 1.134 90.126         
22 .366 1.078 91.204         
23 .341 1.004 92.208         
24 .333 .978 93.186         
25 .297 .874 94.060         
26 .295 .868 94.928         
27 .285 .839 95.767         
28 .262 .771 96.538         
29 .238 .701 97.239         
30 .234 .688 97.927         
31 .222 .651 98.579         
32 .204 .599 99.178         
33 .150 .441 99.620         
34 .129 .380 100.000         
Extraction Method: Principal Axis Factoring. 
a. When factors are correlated, sums of squared loadings cannot be added to obtain a total variance. 
 
Structure Matrix - GSI DSI and GennINNO 
  
Factor 
1 2 3 4 5 6 7 
GenInno_skeptical I often find myself skeptical of new 
ideas 
.820 .295 .480 .427 -.010 .073 .221 
GenInno_newIdeas I rarely trust new ideas until I can 
see whether the vast majority of people around me 
accept them 
.793 .409 .565 .438 .092 .059 -.075 
GenInno_adopt I am reluctant about adopting new 
ways of doing things until I see them working for 
people around me 
.780 .405 .595 .485 .119 .059 -.118 
GenInno_cautious I am generally cautious about 
accepting new ideas 
.774 .295 .485 .418 .095 .066 .208 
GenInno_seePeople I must see other people using 
new innovations before I will consider them 
.738 .314 .551 .435 .119 .053 -.065 
GenInno_Suspicious_Adopt_newIdeas I am 
suspicious of new inventions and new ways of 
thinking 
.695 .283 .411 .387 .069 -.011 .093 
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GenInno_lateadopter I am aware that I am usually 
one of the last people in my group to accept 
something new 
.666 .387 .351 .577 .076 .122 .115 
GenInno_oldWay I tend to feel that the old way of 
living and doing things is the best way .483 .312 .335 .456 .120 .001 .143 
GenInno_newWays I seek out new ways to do things .316 .833 .214 .313 .356 .341 .032 
GenInno_original I consider myself to be creative and 
original in my thinking and behavior .233 .727 .142 .236 .264 .387 -.076 
GenInno_inventive I am an inventive kind of person .313 .712 .193 .260 .277 .321 .034 
GenInno_behavior I find it stimulating to be original in 
my thinking and behavior .267 .700 .210 .225 .367 .332 -.207 
GenInno_tryNew I enjoy trying out new ideas 
.362 .665 .250 .337 .221 .277 .128 
GenInno_improvise I frequently improvise methods 
for solving a problem when an answer is not apparent .169 .580 .138 .202 .419 .381 -.220 
GenInno_receptive I am receptive to new ideas .430 .552 .313 .331 .191 .158 -.076 
GenShopInno_trust I rarely trust new means of 
shopping until I can see whether the vast majority of 
people around me accept them 
.510 .240 .877 .373 .077 -.047 -.083 
GenShopInno_seeOthers I must see other people 
using new means of shopping before I will consider 
them 
.545 .234 .823 .363 .053 -.042 .013 
GenShopInno_adopting I am reluctant to adopt new 
forms of shopping until I see them working for people 
around me 
.517 .283 .803 .415 .083 -.025 -.025 
GenShopInno_skeptical I often find myself skeptical 
of new ways of shopping 
.565 .242 .725 .404 .055 -.012 .416 
GenShopInno_cautious I am generally cautious 
about new ways of shopping .519 .115 .714 .374 .006 -.035 .315 
GenShopInno_suspicious I am suspicious of new 
ways of shopping 
.432 .303 .558 .407 .163 .027 .318 
DSIonlineshop_knownew In general, I am the last 
person in my circle of friends to know about new 
shopping websites 
.479 .284 .323 .818 -.004 -.060 .094 
DSIOnlineShop_LastCircle In general, I am among 
the last in my circle of friends to visit a shopping 
website when it appears 
.454 .322 .382 .787 .000 .020 .141 
GenShopInno_accepting I am aware that I am 
usually one of the last people in my group to accept 
new styles of shopping 
.578 .383 .548 .670 -.004 .108 .187 
GenShopInno_oldWays I tend to feel that the old 
ways of shopping are the best ways 
.525 .330 .427 .650 .075 -.112 .110 
DSIonlineShop_friends Compared to my friends, I 
have visited few online shopping sites .428 .235 .315 .623 .105 -.124 .018 
DSIonlineshop_names I know the names of new 
online shopping sites before other people do 
.214 .178 .223 .523 .050 .029 .134 
DSIonlineshop_aware If I heard a new website was 
available for online shopping, I would be interested 
enough to visit 
.240 .200 .104 .491 -.020 .176 .370 
DSIonlineShop_practically I will visit an online 
shopping website even if I know practically nothing 
about it 
.222 .107 .194 .414 .033 .127 .139 
GenInno_ambiguities I am challenged by ambiguities 
and unsolved problems .106 .412 .128 .102 .936 .292 -.126 
GenInno_unanswered I am challenged by 
unanswered questions 
.100 .385 .090 .053 .883 .298 -.108 
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GenInno_advise My peers often ask me for advice or 
information .085 .355 -.035 .035 .252 .775 .027 
GenInno_influential I feel that I am an influential 
member of my peer group 
.206 .489 .144 .132 .316 .682 -.129 
GenInno_leadership I enjoy taking part in the 
leadership responsibilities of the group I belong to .086 .345 .033 .136 .191 .619 .139 
Extraction Method: Principal Axis Factoring.  
 Rotation Method: Promax with Kaiser Normalization. 
6-Item GSI, General Innovativeness, and DSI 
 
3 Complete Scales: 
 
Total Variance Explained 
Factor 
Initial Eigenvalues 
Extraction Sums of Squared 
Loadings 
Rotation Sums of 
Squared Loadings
a
 
Total 
% of 
Variance 
Cumulative 
% Total 
% of 
Variance 
Cumulative 
% Total 
1 9.209 28.777 28.777 8.794 27.482 27.482 7.312 
2 4.033 12.603 41.379 3.640 11.376 38.858 5.617 
3 2.120 6.624 48.004 1.688 5.274 44.131 5.978 
4 1.643 5.134 53.138 1.255 3.923 48.054 5.010 
5 1.427 4.460 57.597 1.069 3.341 51.395 2.758 
6 1.338 4.181 61.778 .926 2.895 54.290 2.620 
7 1.002 3.131 64.909 .524 1.636 55.927 .876 
8 .903 2.823 67.732         
9 .832 2.601 70.333         
10 .796 2.489 72.822         
11 .712 2.224 75.046         
12 .700 2.188 77.234         
13 .624 1.951 79.185         
14 .590 1.845 81.030         
15 .550 1.718 82.748         
16 .543 1.698 84.446         
17 .530 1.657 86.103         
18 .486 1.518 87.621         
19 .414 1.294 88.915         
20 .400 1.249 90.163         
21 .378 1.182 91.345         
22 .353 1.103 92.448         
23 .333 1.040 93.488         
24 .320 1.000 94.488         
25 .288 .900 95.388         
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26 .268 .838 96.226         
27 .258 .805 97.031         
28 .239 .747 97.778         
29 .224 .701 98.479         
30 .206 .643 99.122         
31 .151 .473 99.595         
32 .129 .405 100.000         
Extraction Method: Principal Axis Factoring. 
 
Structure Matrix - GSI (minus GSI "accepting" and "oldways") DSI and GennINNO  
  
Factor 
1 2 3 4 5 6 7 
GenInno_skeptical I often find myself skeptical of new 
ideas 
.820 .282 .469 .382 .008 .087 .199 
GenInno_newIdeas I rarely trust new ideas until I can 
see whether the vast majority of people around me 
accept them 
.791 .395 .558 .389 .105 .085 -.093 
GenInno_adopt I am reluctant about adopting new 
ways of doing things until I see them working for 
people around me 
.780 .394 .588 .447 .134 .079 -.137 
GenInno_cautious I am generally cautious about 
accepting new ideas 
.774 .283 .475 .379 .113 .078 .188 
GenInno_seePeople I must see other people using 
new innovations before I will consider them 
.740 .303 .547 .404 .132 .069 -.082 
GenInno_Suspicious_Adopt_newIdeas I am 
suspicious of new inventions and new ways of 
thinking 
.695 .273 .407 .356 .078 .010 .074 
GenInno_lateadopter I am aware that I am usually 
one of the last people in my group to accept 
something new 
.670 .379 .336 .558 .098 .123 .093 
GenInno_oldWay I tend to feel that the old way of 
living and doing things is the best way .475 .294 .329 .401 .122 .053 .128 
GenInno_newWays I seek out new ways to do things .314 .831 .205 .279 .370 .371 .020 
GenInno_original I consider myself to be creative and 
original in my thinking and behavior 
.233 .731 .136 .228 .277 .400 -.092 
GenInno_inventive I am an inventive kind of person .313 .714 .185 .241 .291 .338 .021 
GenInno_behavior I find it stimulating to be original in 
my thinking and behavior 
.268 .705 .210 .222 .372 .352 -.221 
GenInno_tryNew I enjoy trying out new ideas .362 .665 .243 .315 .233 .297 .120 
GenInno_improvise I frequently improvise methods for 
solving a problem when an answer is not apparent 
.169 .582 .138 .198 .421 .408 -.228 
GenInno_receptive I am receptive to new ideas .430 .549 .308 .307 .200 .180 -.091 
GenShopInno_trust I rarely trust new means of 
shopping until I can see whether the vast majority of 
people around me accept them 
.507 .226 .881 .327 .089 -.024 -.103 
GenShopInno_seeOthers I must see other people 
using new means of shopping before I will consider 
them 
.542 .220 .820 .314 .070 -.029 -.004 
GenShopInno_adopting I am reluctant to adopt new 
forms of shopping until I see them working for people 
around me 
.514 .270 .803 .375 .098 -.008 -.044 
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GenShopInno_skeptical I often find myself skeptical of 
new ways of shopping 
.561 .227 .718 .351 .074 .003 .397 
GenShopInno_cautious I am generally cautious about 
new ways of shopping 
.518 .104 .709 .342 .026 -.038 .295 
GenShopInno_suspicious I am suspicious of new 
ways of shopping 
.429 .291 .552 .366 .178 .046 .301 
DSIonlineshop_knownew In general, I am the last 
person in my circle of friends to know about new 
shopping websites 
.483 .278 .310 .840 .013 -.063 .069 
DSIOnlineShop_LastCircle In general, I am among 
the last in my circle of friends to visit a shopping 
website when it appears 
.451 .306 .360 .741 .026 .032 .124 
DSIonlineShop_friends Compared to my friends, I 
have visited few online shopping sites 
.429 .229 .310 .629 .115 -.115 -.001 
DSIonlineshop_names I know the names of new 
online shopping sites before other people do 
.213 .174 .217 .534 .059 .033 .123 
DSIonlineshop_aware If I heard a new website was 
available for online shopping, I would be interested 
enough to visit 
.239 .195 .093 .494 -.010 .184 .364 
DSIonlineShop_practically I will visit an online 
shopping website even if I know practically nothing 
about it 
.225 .106 .189 .438 .043 .119 .131 
GenInno_ambiguities I am challenged by ambiguities 
and unsolved problems 
.107 .415 .134 .107 .931 .314 -.133 
GenInno_unanswered I am challenged by 
unanswered questions 
.101 .388 .094 .053 .894 .318 -.111 
GenInno_advise My peers often ask me for advice or 
information 
.088 .362 -.039 .047 .261 .761 .026 
GenInno_influential I feel that I am an influential 
member of my peer group 
.206 .489 .140 .119 .326 .707 -.142 
GenInno_leadership I enjoy taking part in the 
leadership responsibilities of the group I belong to 
.086 .345 .023 .127 .202 .630 .139 
Extraction Method: Principal Axis Factoring.  
 Rotation Method: Promax with Kaiser Normalization. 
Without Generalized Innovativeness subscales of “ambiguities” (2 items) and “opinion 
leadership” (3 items): 
 
Total Variance Explained 
Factor 
Initial Eigenvalues 
Extraction Sums of Squared 
Loadings 
Rotation Sums of 
Squared Loadings
a
 
Total 
% of 
Variance 
Cumulative 
% Total 
% of 
Variance 
Cumulative 
% Total 
1 8.948 33.141 33.141 8.531 31.596 31.596 7.247 
2 3.062 11.340 44.482 2.618 9.698 41.294 6.083 
3 2.057 7.617 52.099 1.574 5.830 47.124 4.676 
4 1.573 5.827 57.926 1.173 4.343 51.467 4.855 
5 1.003 3.714 61.640 .553 2.048 53.515 .692 
6 .958 3.549 65.189         
7 .827 3.062 68.251         
8 .785 2.907 71.158         
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9 .733 2.714 73.872         
10 .657 2.433 76.304         
11 .605 2.240 78.545         
12 .579 2.146 80.690         
13 .573 2.123 82.813         
14 .542 2.006 84.819         
15 .500 1.851 86.670         
16 .426 1.577 88.247         
17 .410 1.517 89.764         
18 .376 1.391 91.155         
19 .370 1.369 92.523         
20 .321 1.188 93.711         
21 .304 1.125 94.836         
22 .297 1.100 95.936         
23 .270 .999 96.935         
24 .238 .880 97.815         
25 .231 .855 98.670         
26 .205 .759 99.429         
27 .154 .571 100.000         
Extraction Method: Principal Axis Factoring. 
a. When factors are correlated, sums of squared loadings cannot be added to obtain a total variance. 
 
Structure Matrix - GSI (minus GSI "accepting" and "oldways") DSI and GennINNO (minus 2 
"ambiguities" and 3 "opinion leadship") 
  
Factor 
1 2 3 4 5 
GenInno_skeptical I often find myself skeptical of new ideas .819 .485 .269 .370 .215 
GenInno_newIdeas I rarely trust new ideas until I can see whether the 
vast majority of people around me accept them 
.792 .555 .388 .398 -.111 
GenInno_adopt I am reluctant about adopting new ways of doing 
things until I see them working for people around me 
.783 .584 .386 .458 -.171 
GenInno_cautious I am generally cautious about accepting new ideas .775 .491 .266 .370 .186 
GenInno_seePeople I must see other people using new innovations 
before I will consider them 
.738 .544 .297 .410 -.099 
GenInno_Suspicious_Adopt_newIdeas I am suspicious of new 
inventions and new ways of thinking 
.694 .417 .259 .355 .062 
GenInno_lateadopter I am aware that I am usually one of the last 
people in my group to accept something new 
.670 .350 .363 .558 .067 
GenInno_oldWay I tend to feel that the old way of living and doing 
things is the best way 
.475 .341 .284 .395 .111 
GenShopInno_trust I rarely trust new means of shopping until I can 
see whether the vast majority of people around me accept them 
.506 .873 .213 .334 -.121 
GenShopInno_seeOthers I must see other people using new means of 
shopping before I will consider them 
.543 .821 .214 .316 -.034 
GenShopInno_adopting I am reluctant to adopt new forms of shopping 
until I see them working for people around me 
.514 .798 .260 .377 -.059 
GenShopInno_skeptical I often find myself skeptical of new ways of .560 .751 .216 .331 .387 
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shopping 
GenShopInno_cautious I am generally cautious about new ways of 
shopping 
.517 .735 .088 .331 .267 
GenShopInno_suspicious I am suspicious of new ways of shopping .431 .575 .277 .355 .258 
GenInno_newWays I seek out new ways to do things .318 .200 .824 .267 .070 
GenInno_original I consider myself to be creative and original in my 
thinking and behavior 
.236 .114 .730 .209 .025 
GenInno_inventive I am an inventive kind of person .316 .179 .719 .225 .092 
GenInno_behavior I find it stimulating to be original in my thinking and 
behavior 
.271 .184 .705 .215 -.138 
GenInno_tryNew I enjoy trying out new ideas .366 .253 .661 .305 .129 
GenInno_improvise I frequently improvise methods for solving a 
problem when an answer is not apparent 
.172 .111 .581 .191 -.150 
GenInno_receptive I am receptive to new ideas .431 .299 .551 .303 -.055 
DSIonlineshop_knownew In general, I am the last person in my circle 
of friends to know about new shopping websites 
.484 .327 .258 .842 -.006 
DSIOnlineShop_LastCircle In general, I am among the last in my circle 
of friends to visit a shopping website when it appears 
.453 .378 .287 .741 .061 
DSIonlineShop_friends Compared to my friends, I have visited few 
online shopping sites 
.426 .316 .216 .620 -.028 
DSIonlineshop_names I know the names of new online shopping sites 
before other people do 
.213 .227 .169 .524 .110 
DSIonlineshop_aware If I heard a new website was available for online 
shopping, I would be interested enough to visit 
.238 .123 .190 .471 .354 
DSIonlineShop_practically I will visit an online shopping website even 
if I know practically nothing about it 
.225 .200 .107 .424 .122 
Extraction Method: Principal Axis Factoring.  
 Rotation Method: Promax with Kaiser Normalization. 
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E3. Confirmatory Factor Analyses 
 
8-Item GSI with DSI, Openness, Creativity (all constructs correlated) 
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Notes for Model (Default model) 
Computation of degrees of freedom (Default model) 
Number of distinct sample moments: 435 
Number of distinct parameters to be estimated: 64 
Degrees of freedom (435 - 64): 371 
Result (Default model) 
Minimum was achieved 
Chi-square = 1104.395 
Degrees of freedom = 371 
Probability level = .000 
 
Model RMR GFI AGFI PGFI 
Default model .091 .797 .762 .680 
Saturated model .000 1.000 
  
Independence model .378 .240 .186 .224 
 
Model 
NFI 
Delta1 
RFI 
rho1 
IFI 
Delta2 
TLI 
rho2 
CFI 
Default model .782 .762 .844 .828 .843 
Saturated model 1.000 
 
1.000 
 
1.000 
Independence model .000 .000 .000 .000 .000 
 
Model RMSEA LO 90 HI 90 PCLOSE 
Default model .080 .074 .085 .000 
Independence model .192 .187 .197 .000 
 
  
291 
 
6-Item GSI with DSI, Openness, Creativity, Opinion Leadership, Ambiguities (all 
constructs correlated) 
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Notes for Model (Default model) 
Computation of degrees of freedom (Default model) 
Number of distinct sample moments: 528 
Number of distinct parameters to be estimated: 79 
Degrees of freedom (528 - 79): 449 
Result (Default model) 
Minimum was achieved 
Chi-square = 1039.766 
Degrees of freedom = 449 
Probability level = .000 
 
Model RMR GFI AGFI PGFI 
Default model .063 .824 .793 .701 
Saturated model .000 1.000 
  
Independence model .318 .268 .221 .252 
 
Model 
NFI 
Delta1 
RFI 
rho1 
IFI 
Delta2 
TLI 
rho2 
CFI 
Default model .811 .792 .883 .870 .882 
Saturated model 1.000 
 
1.000 
 
1.000 
Independence model .000 .000 .000 .000 .000 
 
Model RMSEA LO 90 HI 90 PCLOSE 
Default model .065 .060 .070 .000 
Independence model .180 .176 .184 .000 
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6-Item GSI with DSI, Openness, Creativity (all constructs correlated) 
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Notes for Model (Default model) 
Computation of degrees of freedom (Default model) 
Number of distinct sample moments: 378 
Number of distinct parameters to be estimated: 60 
Degrees of freedom (378 - 60): 318 
Result (Default model) 
Minimum was achieved 
Chi-square = 792.174 
Degrees of freedom = 318 
Probability level = .000 
 
Model RMR GFI AGFI PGFI 
Default model .066 .837 .806 .704 
Saturated model .000 1.000 
  
Independence model .360 .262 .205 .243 
 
Model 
NFI 
Delta1 
RFI 
rho1 
IFI 
Delta2 
TLI 
rho2 
CFI 
Default model .826 .808 .888 .875 .887 
Saturated model 1.000 
 
1.000 
 
1.000 
Independence model .000 .000 .000 .000 .000 
 
Model RMSEA LO 90 HI 90 PCLOSE 
Default model .069 .063 .075 .000 
Independence model .196 .191 .201 .000 
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6-Item GSI with DSI, Openness, Creativity 
1) Removed:  
 Creativity (GenInno_2)   GSI 
 Creativity (GenInno_2)   DSI 
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Notes for Model (Default model) 
Computation of degrees of freedom (Default model) 
Number of distinct sample moments: 378 
Number of distinct parameters to be estimated: 58 
Degrees of freedom (378 - 58): 320 
Result (Default model) 
Minimum was achieved 
Chi-square = 825.322 
Degrees of freedom = 320 
Probability level = .000 
 
Model RMR GFI AGFI PGFI 
Default model .108 .831 .801 .704 
Saturated model .000 1.000 
  
Independence model .360 .262 .205 .243 
 
Model 
NFI 
Delta1 
RFI 
rho1 
IFI 
Delta2 
TLI 
rho2 
CFI 
Default model .818 .801 .880 .868 .879 
Saturated model 1.000 
 
1.000 
 
1.000 
Independence model .000 .000 .000 .000 .000 
 
Model RMSEA LO 90 HI 90 PCLOSE 
Default model .071 .065 .077 .000 
Independence model .196 .191 .201 .000 
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6-Item GSI with DSI, Openness, Creativity 
2) Removed:  
 Creativity (GenInno_2)   GSI 
 Creativity (GenInno_2)   DSI 
 DSI GSI 
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Notes for Model (Default model) 
Computation of degrees of freedom (Default model) 
Number of distinct sample moments: 378 
Number of distinct parameters to be estimated: 57 
Degrees of freedom (378 - 57): 321 
Result (Default model) 
Minimum was achieved 
Chi-square = 879.979 
Degrees of freedom = 321 
Probability level = .000 
 
Model RMR GFI AGFI PGFI 
Default model .161 .823 .792 .699 
Saturated model .000 1.000 
  
Independence model .360 .262 .205 .243 
 
Model 
NFI 
Delta1 
RFI 
rho1 
IFI 
Delta2 
TLI 
rho2 
CFI 
Default model .806 .788 .868 .854 .867 
Saturated model 1.000 
 
1.000 
 
1.000 
Independence model .000 .000 .000 .000 .000 
 
Model RMSEA LO 90 HI 90 PCLOSE 
Default model .075 .069 .081 .000 
Independence model .196 .191 .201 .000 
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6-Item GSI with DSI, Openness, Creativity 
3) Removed:  
 Creativity (GenInno_2)   GSI 
 Creativity (GenInno_2)   DSI 
 DSI GSI 
 GenInno1  DSI 
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Notes for Model (Default model) 
Computation of degrees of freedom (Default model) 
Number of distinct sample moments: 378 
Number of distinct parameters to be estimated: 56 
Degrees of freedom (378 - 56): 322 
Result (Default model) 
Minimum was achieved 
Chi-square = 910.559 
Degrees of freedom = 322 
Probability level = .000 
 
Model RMR GFI AGFI PGFI 
Default model .182 .819 .788 .698 
Saturated model .000 1.000 
  
Independence model .360 .262 .205 .243 
 
Model 
NFI 
Delta1 
RFI 
rho1 
IFI 
Delta2 
TLI 
rho2 
CFI 
Default model .800 .782 .861 .847 .860 
Saturated model 1.000 
 
1.000 
 
1.000 
Independence model .000 .000 .000 .000 .000 
 
Model RMSEA LO 90 HI 90 PCLOSE 
Default model .077 .071 .082 .000 
Independence model .196 .191 .201 .000 
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6-Item GSI with DSI, Openness, Creativity 
4) Removed:  
 Creativity (GenInno_2)   GSI 
 Creativity (GenInno_2)   DSI 
 DSI GSI 
 GenInno1  DSI 
 GenInno1  GSI 
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Notes for Model (Default model) 
Computation of degrees of freedom (Default model) 
Number of distinct sample moments: 378 
Number of distinct parameters to be estimated: 55 
Degrees of freedom (378 - 55): 323 
Result (Default model) 
Minimum was achieved 
Chi-square = 1044.166 
Degrees of freedom = 323 
Probability level = .000 
 
Model RMR GFI AGFI PGFI 
Default model .241 .797 .762 .681 
Saturated model .000 1.000 
  
Independence model .360 .262 .205 .243 
 
Model 
NFI 
Delta1 
RFI 
rho1 
IFI 
Delta2 
TLI 
rho2 
CFI 
Default model .770 .750 .829 .813 .828 
Saturated model 1.000 
 
1.000 
 
1.000 
Independence model .000 .000 .000 .000 .000 
 
Model RMSEA LO 90 HI 90 PCLOSE 
Default model .085 .079 .090 .000 
Independence model .196 .191 .201 .000 
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6-Item GSI with DSI, Openness, Creativity 
5) Added:  
 Creativity (GenInno_2)   GenInno1 
 GenInno1  GSI 
 DSI GSI 
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Notes for Model (Default model) 
Computation of degrees of freedom (Default model) 
Number of distinct sample moments: 378 
Number of distinct parameters to be estimated: 57 
Degrees of freedom (378 - 57): 321 
Result (Default model) 
Minimum was achieved 
Chi-square = 900.123 
Degrees of freedom = 321 
Probability level = .000 
 
Model RMR GFI AGFI PGFI 
Default model .169 .821 .789 .697 
Saturated model .000 1.000 
  
Independence model .360 .262 .205 .243 
 
Model 
NFI 
Delta1 
RFI 
rho1 
IFI 
Delta2 
TLI 
rho2 
CFI 
Default model .802 .783 .863 .849 .862 
Saturated model 1.000 
 
1.000 
 
1.000 
Independence model .000 .000 .000 .000 .000 
 
Model RMSEA LO 90 HI 90 PCLOSE 
Default model .076 .070 .082 .000 
Independence model .196 .191 .201 .000 
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6-Item GSI with DSI, Openness, Creativity 
6) No constructs correlated 
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Notes for Model (Default model) 
Computation of degrees of freedom (Default model) 
Number of distinct sample moments: 378 
Number of distinct parameters to be estimated: 54 
Degrees of freedom (378 - 54): 324 
Result (Default model) 
Minimum was achieved 
Chi-square = 1094.012 
Degrees of freedom = 324 
Probability level = .000 
 
Model RMR GFI AGFI PGFI 
Default model .254 .785 .749 .673 
Saturated model .000 1.000 
  
Independence model .360 .262 .205 .243 
 
Model 
NFI 
Delta1 
RFI 
rho1 
IFI 
Delta2 
TLI 
rho2 
CFI 
Default model .759 .739 .818 .801 .816 
Saturated model 1.000 
 
1.000 
 
1.000 
Independence model .000 .000 .000 .000 .000 
 
Model RMSEA LO 90 HI 90 PCLOSE 
Default model .087 .082 .093 .000 
Independence model .196 .191 .201 .000 
 
*Note: Various other confirmatory factor analyses were run, including examining only 
unidimensional paths between constructs and altering paths based on suggestions from 
the modification indices. None of these further models were seen to significantly improve 
the fit statistics.  
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APPENDIX F 
 
Appendix F: Primary Analyses 
 
F1. GSI/Hours and General Shopping Website Features 
 
MANOVA 
 
Between-Subjects Factors 
 Value Label N 
GSI_Split_2 
1.00 Low 160 
2.00 High 151 
Internet_Hours_Split_2 
1.00 Low 154 
2.00 High 157 
 
Feature Means 
 Low GSI High GSI Total 
 Low 
Hours 
High 
Hours 
Low 
Hours 
High 
Hours 
 
Enjoyable 3.4828 3.7808 3.4203 3.5357 3.5527 
Ads 2.9540 2.9315 2.7101 2.6310 2.8083 
Product Photos 4.6207 4.3288 4.4058 4.4762 4.4665 
Customer 
Feedback 
4.0920 4.0137 3.8406 4.0595 4.0096 
Animation 1.5287 1.4521 1.2794 1.4048 1.4231 
Interactive 2.9080 2.8767 2.7536 2.8690 2.8562 
Links 4.1609 3.9315 4.0588 4.0119 4.0449 
Color 2.6207 2.5205 2.3913 2.5000 2.5144 
Price 
Incentives 
4.1609 3.6027 4.0145 3.8929 3.9265 
Ease of Use 4.4368 4.2740 4.2899 4.3452 4.3419 
Reasonable 
Prices 
4.5517 4.5753 4.5797 4.4881 4.5463 
Grammar 3.5747 3.4521 3.3623 3.3333 3.4345 
Credit Security 4.7701 4.6575 4.6812 4.4286 4.6326 
Security Seals 4.5287 4.4110 4.1739 3.9762 4.2748 
Friends/Family 
Happy 
4.0460 3.7671 3.5652 3.5833 3.7508 
Variety 3.9080 3.7123 3.7971 4.0357 3.8722 
Graphics 3.0345 2.9452 2.9565 3.0714 3.0064 
Product 
Comparisons 
3.7241 3.6301 3.5652 3.6190 3.6390 
Uniqueness 2.8046 2.7945 2.6377 2.7619 2.7540 
Friends/Family 
Opinions 
3.4598 3.2603 3.3623 3.1905 3.3195 
Return Policy 4.2874 4.0959 4.1449 3.8690 4.0990 
Benefits/Drawb
acks 
3.8046 3.7671 3.7101 3.6429 3.7316 
Company Rep 2.9885 2.6849 2.9130 2.6905 2.8211 
People Photos 2.4023 2.4110 2.1884 2.4048 2.3578 
Order Process 4.1379 4.1370 4.3333 4.1786 4.1917 
Entertaining 2.2989 2.2192 2.0870 2.3571 2.2492 
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Box’s Test of Equality of Covariance Matrices
a
 
Box’s M 1426.614 
F 1.150 
df1 1053 
df2 182806.547 
Sig. .001 
Tests the null hypothesis that the observed covariance matrices of the dependent variables are equal 
across groups. 
a. Design: Intercept + GSI_Split_2 + Internet_Hours_Split_2 + GSI_Split_2 * Internet_Hours_Split_2 
 
Multivariate Tests
a
 
Effect Value F Hypothesis df Error df Sig. 
Intercept 
Pillai’s Trace .989 1021.822
b
 26.000 282.000 .000 
Wilks’ Lambda .011 1021.822
b
 26.000 282.000 .000 
Hotelling’s Trace 94.211 1021.822
b
 26.000 282.000 .000 
Roy’s Largest Root 94.211 1021.822
b
 26.000 282.000 .000 
GSI 
Pillai’s Trace .131 1.641
b
 26.000 282.000 .028 
Wilks’ Lambda .869 1.641
b
 26.000 282.000 .028 
Hotelling’s Trace .151 1.641
b
 26.000 282.000 .028 
Roy’s Largest Root .151 1.641
b
 26.000 282.000 .028 
Hours 
Pillai’s Trace .104 1.263
b
 26.000 282.000 .182 
Wilks’ Lambda .896 1.263
b
 26.000 282.000 .182 
Hotelling’s Trace .116 1.263
b
 26.000 282.000 .182 
Roy’s Largest Root .116 1.263
b
 26.000 282.000 .182 
GSI * Hours 
Pillai’s Trace .080 .943
b
 26.000 282.000 .548 
Wilks’ Lambda .920 .943
b
 26.000 282.000 .548 
Hotelling’s Trace .087 .943
b
 26.000 282.000 .548 
Roy’s Largest Root .087 .943
b
 26.000 282.000 .548 
a. Design: Intercept + GSI_Split_2 + Internet_Hours_Split_2 + GSI_Split_2 * Internet_Hours_Split_2 
b. Exact statistic 
 
Tests of Between-Subjects Effects 
Source Dependent Variable Type III Sum of Squares df Mean Square F Sig. 
GSI 
Enjoyable 
2.220 1 2.220 1.930 .166 
Ads 
6.202 1 6.202 4.901 .028 
Product Photos 
.140 1 .140 .201 .654 
Customer Feedback 
.734 1 .734 .634 .427 
Animation 
1.644 1 1.644 3.722 .055 
Interactive 
.653 1 .653 .523 .470 
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Links 
.025 1 .025 .024 .877 
Color 
1.706 1 1.706 1.444 .230 
Price Incentives 
.799 1 .799 .726 .395 
Ease of Use 
.086 1 .086 .128 .721 
Reasonable Prices 
.062 1 .062 .112 .738 
Grammar 
2.776 1 2.776 1.867 .173 
Credit Security 
2.061 1 2.061 3.740 .054 
Security Seals 
12.281 1 12.281 13.442 .000 
Friends/Family Happy 
8.824 1 8.824 7.528 .006 
Variety 
.705 1 .705 .734 .392 
Graphics 
9.203E-005 1 9.203E-005 .000 .993 
Product Comparisons 
.644 1 .644 .511 .475 
Uniqueness 
.975 1 .975 .884 .348 
Friends/Family Opinions 
.564 1 .564 .461 .498 
Return Policy 
2.560 1 2.560 2.454 .118 
Benefits/Drawbacks 
.994 1 .994 .947 .331 
Company Rep 
.201 1 .201 .114 .736 
People Photos 
.765 1 .765 .504 .478 
Order Process 
1.035 1 1.035 1.103 .294 
Entertaining 
.330 1 .330 .307 .580 
 
Discriminant Analysis 
 
Analysis Case Processing Summary 
Unweighted Cases N Percent 
Valid 311 99.4 
Excluded 
Missing or out-of-range group 
codes 
0 .0 
At least one missing 
discriminating variable 
2 .6 
Both missing or out-of-range 
group codes and at least one 
missing discriminating 
variable 
0 .0 
Total 2 .6 
Total 313 100.0 
 
Log Determinants 
GSI_Hours Rank Log Determinant 
310 
 
Low GSI/Low Hours 26 -12.487 
Low GSI/High Hours 26 -14.110 
High GSI/Low Hours 26 -13.080 
High GSI/High Hours 26 -7.383 
Pooled within-groups 26 -6.968 
The ranks and natural logarithms of determinants printed 
are those of the group covariance matrices. 
 
Test Results 
Box's M 1426.614 
F 
Approx. 1.150 
df1 1053 
df2 182806.547 
Sig. .001 
Tests null hypothesis of equal 
population covariance matrices. 
 
Eigenvalues 
Function Eigenvalue % of Variance Cumulative % Canonical 
Correlation 
1 .162
a
 45.0 45.0 .373 
2 .119
a
 33.0 78.1 .326 
3 .079
a
 21.9 100.0 .270 
a. First 3 canonical discriminant functions were used in the analysis. 
 
Wilks' Lambda 
Test of Function(s) Wilks' Lambda Chi-square df Sig. 
1 through 3 .713 99.773 78 .049 
2 through 3 .829 55.492 50 .275 
3 .927 22.402 24 .555 
 
Standardized Canonical Discriminant Function Coefficients 
 Function 
1 2 3 
Enjoyable 
-.042 -.628 -.074 
Ads 
.284 -.064 -.227 
Product Photos 
-.050 .392 .142 
Customer Feedback 
-.290 -.135 .472 
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Animation 
.196 -.017 .347 
Interactive 
-.067 .035 -.105 
Links 
-.203 .229 -.086 
Color 
.348 .107 -.223 
Price Incentives 
.032 .782 .045 
Ease of Use 
.146 -.017 .475 
Reasonable Prices 
-.115 -.241 .039 
Grammar 
-.088 -.117 .111 
Credit Security 
.215 .162 -.307 
Security Seals 
.643 -.127 .172 
Friends/Family Happy 
.591 .088 .481 
Variety 
-.405 .038 .367 
Graphics 
-.136 .129 .005 
Product Comparisons 
-.119 -.117 -.092 
Uniqueness 
.164 .019 .022 
Friends/Family Opinions 
-.167 .240 -.452 
Return Policy 
.289 -.166 -.389 
Benefits/Drawbacks 
.022 -.109 -.113 
Company Rep 
.032 .318 .005 
People Photos 
.063 -.218 .078 
Order Process 
-.316 .049 -.517 
Entertaining 
-.166 -.124 .459 
 
Structure Matrix 
 Function 
1 2 3 
Security Seals .580
*
 .005 -.009 
Friends/Family Happy .416
*
 .113 .264 
Credit Security .394
*
 .144 -.215 
Return Policy .336
*
 .180 -.155 
Ads .317
*
 -.067 .047 
Grammar .200
*
 .030 .121 
Benefits/Drawbacks .156
*
 .006 -.006 
Price Incentives .055 .586
*
 .012 
Enjoyable .083 -.361
*
 .086 
Company Rep .139 .238
*
 -.042 
Links .080 .215
*
 .073 
Friends/Family Opinions .177 .180
*
 -.059 
Entertaining -.007 -.036 .411
*
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Variety -.153 .157 .350
*
 
Animation .228 -.025 .337
*
 
Product Photos .104 .283 .296
*
 
Customer Feedback .063 -.018 .283
*
 
Color .137 -.005 .253
*
 
Order Process -.093 .089 -.216
*
 
People Photos .045 -.080 .204
*
 
Uniqueness .084 -.071 .203
*
 
Graphics -.027 .036 .188
*
 
Interactive .065 -.038 .181
*
 
Ease of Use .074 .156 .169
*
 
Reasonable Prices .077 -.011 -.141
*
 
Product Comparisons .096 .032 .135
*
 
Pooled within-groups correlations between discriminating variables 
and standardized canonical discriminant functions  
 Variables ordered by absolute size of correlation within function. 
*. Largest absolute correlation between each variable and any 
discriminant function 
 
Functions at Group Centroids 
GSI_Hours Function 
1 2 3 
Low GSI/Low Hours .461 .314 .178 
Low GSI/High Hours .252 -.569 -.089 
High GSI/Low Hours -.207 .250 -.470 
High GSI/High Hours -.531 -.030 .269 
Unstandardized canonical discriminant functions evaluated at 
group means 
 
Classification Processing Summary 
Processed 313 
Excluded 
Missing or out-of-range group 
codes 
0 
At least one missing 
discriminating variable 
2 
Used in Output 311 
 
Prior Probabilities for Groups 
GSI_Hours Prior Cases Used in Analysis 
313 
 
Unweighted Weighted 
Low GSI/Low Hours .250 87 87.000 
Low GSI/High Hours .250 73 73.000 
High GSI/Low Hours .250 67 67.000 
High GSI/High Hours .250 84 84.000 
Total 1.000 311 311.000 
 
Classification Results
a,c
 
  GSI_Hours Predicted Group Membership Total 
  
Low 
GSI/Low 
Hours 
Low 
GSI/High 
Hours 
High 
GSI/Low 
Hours 
High 
GSI/High 
Hours 
Original 
Count 
Low GSI/Low 
Hours 
40 16 16 15 87 
Low GSI/High 
Hours 
18 33 11 11 73 
High GSI/Low 
Hours 
11 11 29 16 67 
High GSI/High 
Hours 
18 14 19 33 84 
% 
Low GSI/Low 
Hours 
46.0 18.4 18.4 17.2 100.0 
Low GSI/High 
Hours 
24.7 45.2 15.1 15.1 100.0 
High GSI/Low 
Hours 
16.4 16.4 43.3 23.9 100.0 
High GSI/High 
Hours 
21.4 16.7 22.6 39.3 100.0 
Cross-
validated
b
 
Count 
Low GSI/Low 
Hours 
29 22 19 17 87 
Low GSI/High 
Hours 
23 20 13 17 73 
High GSI/Low 
Hours 
15 14 15 23 67 
High GSI/High 
Hours 
21 17 24 22 84 
% 
Low GSI/Low 
Hours 
33.3 25.3 21.8 19.5 100.0 
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Low GSI/High 
Hours 
31.5 27.4 17.8 23.3 100.0 
High GSI/Low 
Hours 
22.4 20.9 22.4 34.3 100.0 
High GSI/High 
Hours 
25.0 20.2 28.6 26.2 100.0 
a. 43.4% of original grouped cases correctly classified. 
b. Cross validation is done only for those cases in the analysis. In cross validation, each case is classified 
by the functions derived from all cases other than that case. 
c. 27.7% of cross-validated grouped cases correctly classified. 
 
F2. GSI/Hours and Book Shopping Website Features 
 
MANOVA 
 
Between-Subjects Factors 
 Value Label N 
GSI_Split_2 
1.00 Low 160 
2.00 High 153 
Internet_Hours_Split_2 
1.00 Low 156 
2.00 High 157 
 
Feature Means 
 Low GSI High GSI Total 
 Low 
Hours 
High 
Hours 
Low 
Hours 
High 
Hours 
 
Credit Security 4.5862 4.5205 4.4783 4.3095 4.4728 
Security Seals 4.3563 4.1644 3.8986 4.0595 4.1310 
Reasonable 
Prices 
4.5977 4.5205 4.6232 4.6429 4.5974 
Ease of Use 4.5517 4.3973 4.4493 4.5476 4.4920 
Variety 4.1264 4.2055 4.0435 4.3929 4.1981 
Color 2.6782 2.6164 2.4638 2.7619 2.6390 
Graphics 2.6092 2.5479 2.3913 2.7381 2.5815 
Links 4.2529 4.2329 4.2029 4.2619 4.2396 
Return Policy 4.3793 4.1918 4.1739 4.2500 4.2556 
Price 
Incentives 
4.0460 3.8904 3.9855 4.0357 3.9936 
Benefits/Drawb
acks 
3.8506 3.6986 3.2899 3.6905 3.6486 
Product 
Comparisons 
3.8161 3.8356 3.7246 3.8452 3.8083 
Product Photos 4.2989 3.9863 4.0725 4.3452 4.1885 
Uniqueness 2.7931 2.6849 2.6812 2.9167 2.7764 
Interactive 2.7586 2.5890 2.4928 2.8690 2.6901 
Entertaining 2.4253 2.4110 2.1594 2.4405 2.3674 
Friends/Family 
Opinions 
3.6782 3.4795 3.1159 3.1071 3.3546 
Company Rep 3.0230 2.6027 2.7681 2.6667 2.7732 
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People Photos 2.3678 2.3699 2.1449 2.0833 2.2428 
Animation 1.6552 1.6301 1.5362 1.5833 1.6038 
Order Process 4.4483 4.2603 4.2609 4.5000 4.3770 
Customer 
Feedback 
4.0805 3.9589 3.7826 4.1548 4.0064 
Ads 3.0115 2.9041 2.5362 2.5833 2.7668 
Friends/Family 
Happy 
3.7701 3.7534 3.4928 3.3929 3.6038 
Grammar 3.8391 3.6849 3.6232 3.7738 3.7380 
Enjoyable 3.7931 3.9452 3.6667 3.8810 3.8243 
 
Box's Test of Equality of Covariance Matrices
a
 
Box's M 1515.700 
F 1.224 
df1 1053 
df2 187704.514 
Sig. .000 
Tests the null hypothesis that the observed covariance matrices of the dependent variables are equal 
across groups. 
a. Design: Intercept + GSI_Split_2 + Internet_Hours_Split_2 + GSI_Split_2 * Internet_Hours_Split_2 
 
Multivariate Tests
a
 
Effect Value F Hypothesis df Error df Sig. 
Intercept 
Pillai's Trace .989 949.098
b
 26.000 284.000 .000 
Wilks' Lambda .011 949.098
b
 26.000 284.000 .000 
Hotelling's Trace 86.889 949.098
b
 26.000 284.000 .000 
Roy's Largest Root 86.889 949.098
b
 26.000 284.000 .000 
GSI 
Pillai's Trace .128 1.602
b
 26.000 284.000 .035 
Wilks' Lambda .872 1.602
b
 26.000 284.000 .035 
Hotelling's Trace .147 1.602
b
 26.000 284.000 .035 
Roy's Largest Root .147 1.602
b
 26.000 284.000 .035 
Hours 
Pillai's Trace .068 .802
b
 26.000 284.000 .744 
Wilks' Lambda .932 .802
b
 26.000 284.000 .744 
Hotelling's Trace .073 .802
b
 26.000 284.000 .744 
Roy's Largest Root .073 .802
b
 26.000 284.000 .744 
GSI * Hours 
Pillai's Trace .133 1.671
b
 26.000 284.000 .024 
Wilks' Lambda .867 1.671
b
 26.000 284.000 .024 
Hotelling's Trace .153 1.671
b
 26.000 284.000 .024 
Roy's Largest Root .153 1.671
b
 26.000 284.000 .024 
a. Design: Intercept + GSI_Split_2 + Internet_Hours_Split_2 + GSI_Split_2 * Internet_Hours_Split_2 
b. Exact statistic 
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Tests of Between-Subjects Effects 
Source Dependent Variable Type III Sum of Squares df Mean Square F Sig. 
GSI 
Credit Security 
1.972 1 1.972 2.534 .112 
Security Seals 
6.136 1 6.136 5.528 .019 
Reasonable Prices 
.423 1 .423 .880 .349 
Ease of Use 
.044 1 .044 .085 .770 
Variety 
.211 1 .211 .263 .609 
Color 
.092 1 .092 .078 .781 
Graphics 
.015 1 .015 .012 .914 
Links 
.009 1 .009 .010 .920 
Return Policy 
.420 1 .420 .461 .498 
Price Incentives 
.139 1 .139 .118 .731 
Benefits/Drawbacks 
6.273 1 6.273 5.466 .020 
Product Comparisons 
.130 1 .130 .119 .731 
Product Photos 
.341 1 .341 .320 .572 
Uniqueness 
.278 1 .278 .291 .590 
Interactive 
.004 1 .004 .003 .954 
Entertaining 
1.083 1 1.083 .993 .320 
Friends/Family Opinions 
16.928 1 16.928 13.402 .000 
Company Rep 
.707 1 .707 .409 .523 
People Photos 
5.030 1 5.030 3.264 .072 
Animation 
.532 1 .532 .822 .365 
Order Process 
.053 1 .053 .080 .777 
Customer Feedback 
.202 1 .202 .187 .666 
Ads 
12.283 1 12.283 9.374 .002 
Friends/Family Happy 
7.888 1 7.888 6.060 .014 
Grammar 
.313 1 .313 .228 .634 
Enjoyable 
.705 1 .705 .680 .410 
GSI * Hours 
Credit Security 
.206 1 .206 .265 .607 
Security Seals 
2.414 1 2.414 2.175 .141 
Reasonable Prices 
.182 1 .182 .378 .539 
Ease of Use 
1.239 1 1.239 2.379 .124 
Variety 
1.417 1 1.417 1.762 .185 
Color 
2.510 1 2.510 2.115 .147 
Graphics 
3.227 1 3.227 2.547 .111 
Links 
.121 1 .121 .143 .705 
Return Policy 
1.347 1 1.347 1.479 .225 
Price Incentives 
.821 1 .821 .695 .405 
Benefits/Drawbacks 
5.918 1 5.918 5.158 .024 
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Product Comparisons 
.198 1 .198 .181 .671 
Product Photos 
6.641 1 6.641 6.240 .013 
Uniqueness 
2.289 1 2.289 2.395 .123 
Interactive 
5.776 1 5.776 4.952 .027 
Entertaining 
1.691 1 1.691 1.551 .214 
Friends/Family Opinions 
.699 1 .699 .553 .457 
Company Rep 
1.970 1 1.970 1.139 .287 
People Photos 
.079 1 .079 .051 .822 
Animation 
.101 1 .101 .156 .693 
Order Process 
3.536 1 3.536 5.360 .021 
Customer Feedback 
4.725 1 4.725 4.371 .037 
Ads 
.463 1 .463 .353 .553 
Friends/Family Happy 
.134 1 .134 .103 .748 
Grammar 
1.800 1 1.800 1.311 .253 
Enjoyable 
.075 1 .075 .072 .788 
 
Simple Effects 
 
Hours among levels of GSI: 
 
Univariate Tests 
Dependent Variable GSI_Split_2 Sum of 
Squares 
df Mean 
Square 
F Sig. 
Credit Security 
Low 
Contrast .171 1 .171 .220 .639 
Error 240.492 309 .778   
High 
Contrast 1.079 1 1.079 1.386 .240 
Error 240.492 309 .778   
Security Seals 
Low 
Contrast 1.462 1 1.462 1.317 .252 
Error 342.974 309 1.110   
High 
Contrast .982 1 .982 .884 .348 
Error 342.974 309 1.110   
Reasonable Prices 
Low 
Contrast .236 1 .236 .491 .484 
Error 148.627 309 .481   
High 
Contrast .015 1 .015 .030 .862 
Error 148.627 309 .481   
Ease of Use 
Low 
Contrast .947 1 .947 1.819 .178 
Error 160.879 309 .521   
High 
Contrast .366 1 .366 .704 .402 
Error 160.879 309 .521   
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Variety 
Low 
Contrast .248 1 .248 .308 .579 
Error 248.432 309 .804   
High 
Contrast 4.624 1 4.624 5.751 .017 
Error 248.432 309 .804   
Color 
Low 
Contrast .151 1 .151 .127 .721 
Error 366.646 309 1.187   
High 
Contrast 3.367 1 3.367 2.838 .093 
Error 366.646 309 1.187   
Graphics 
Low 
Contrast .149 1 .149 .118 .732 
Error 391.468 309 1.267   
High 
Contrast 4.556 1 4.556 3.596 .059 
Error 391.468 309 1.267   
Links 
Low 
Contrast .016 1 .016 .019 .891 
Error 260.875 309 .844   
High 
Contrast .132 1 .132 .156 .693 
Error 260.875 309 .844   
Return Policy 
Low 
Contrast 1.396 1 1.396 1.533 .217 
Error 281.461 309 .911   
High 
Contrast .219 1 .219 .241 .624 
Error 281.461 309 .911   
Price Incentives 
Low 
Contrast .961 1 .961 .814 .368 
Error 364.818 309 1.181   
High 
Contrast .095 1 .095 .081 .776 
Error 364.818 309 1.181   
Benefits/Drawbacks 
Low 
Contrast .916 1 .916 .799 .372 
Error 354.583 309 1.148   
High 
Contrast 6.080 1 6.080 5.298 .022 
Error 354.583 309 1.148   
Product Comparisons 
Low 
Contrast .015 1 .015 .014 .906 
Error 337.841 309 1.093   
High 
Contrast .551 1 .551 .504 .478 
Error 337.841 309 1.093   
Product Photos 
Low 
Contrast 3.878 1 3.878 3.644 .057 
Error 328.842 309 1.064   
High 
Contrast 2.819 1 2.819 2.649 .105 
Error 328.842 309 1.064   
Uniqueness 
Low 
Contrast .464 1 .464 .486 .486 
Error 295.431 309 .956   
High Contrast 2.101 1 2.101 2.198 .139 
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Error 295.431 309 .956   
Interactive 
Low 
Contrast 1.141 1 1.141 .979 .323 
Error 360.408 309 1.166   
High 
Contrast 5.364 1 5.364 4.599 .033 
Error 360.408 309 1.166   
Entertaining 
Low 
Contrast .008 1 .008 .007 .931 
Error 336.884 309 1.090   
High 
Contrast 2.992 1 2.992 2.745 .099 
Error 336.884 309 1.090   
Friends/Family Opinions 
Low 
Contrast 1.567 1 1.567 1.241 .266 
Error 390.316 309 1.263   
High 
Contrast .003 1 .003 .002 .962 
Error 390.316 309 1.263   
Company Rep 
Low 
Contrast 7.010 1 7.010 4.054 .045 
Error 534.390 309 1.729   
High 
Contrast .390 1 .390 .225 .635 
Error 534.390 309 1.729   
People Photos 
Low 
Contrast .000 1 .000 .000 .992 
Error 476.211 309 1.541   
High 
Contrast .144 1 .144 .093 .760 
Error 476.211 309 1.541   
Animation 
Low 
Contrast .025 1 .025 .038 .845 
Error 200.245 309 .648   
High 
Contrast .084 1 .084 .130 .719 
Error 200.245 309 .648   
Order Process 
Low 
Contrast 1.403 1 1.403 2.126 .146 
Error 203.876 309 .660   
High 
Contrast 2.166 1 2.166 3.283 .071 
Error 203.876 309 .660   
Customer Feeback 
Low 
Contrast .587 1 .587 .543 .462 
Error 334.041 309 1.081   
High 
Contrast 5.247 1 5.247 4.853 .028 
Error 334.041 309 1.081   
Ads 
Low 
Contrast .458 1 .458 .349 .555 
Error 404.893 309 1.310   
High 
Contrast .084 1 .084 .064 .800 
Error 404.893 309 1.310   
Friends/Family Happy Low 
Contrast .011 1 .011 .008 .927 
Error 402.246 309 1.302   
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High 
Contrast .378 1 .378 .290 .590 
Error 402.246 309 1.302   
Grammar 
Low 
Contrast .943 1 .943 .687 .408 
Error 424.406 309 1.373   
High 
Contrast .859 1 .859 .626 .430 
Error 424.406 309 1.373   
Enjoyable 
Low 
Contrast .918 1 .918 .886 .347 
Error 320.200 309 1.036   
High 
Contrast 1.739 1 1.739 1.679 .196 
Error 320.200 309 1.036   
Each F tests the simple effects of Internet_Hours_Split_2 within each level combination of the other effects 
shown. These tests are based on the linearly independent pairwise comparisons among the estimated 
marginal means. 
 
GSI among levels of Hours: 
 
Univariate Tests 
Dependent Variable Internet_Hours_Split_2 Sum of 
Squares 
df Mean 
Square 
F Sig. 
Credit Security 
Low 
Contrast .448 1 .448 .576 .448 
Error 240.492 309 .778   
High 
Contrast 1.739 1 1.739 2.235 .136 
Error 240.492 309 .778   
Security Seals 
Low 
Contrast 8.064 1 8.064 7.265 .007 
Error 342.974 309 1.110   
High 
Contrast .429 1 .429 .387 .534 
Error 342.974 309 1.110   
Reasonable Prices 
Low 
Contrast .025 1 .025 .052 .820 
Error 148.627 309 .481   
High 
Contrast .584 1 .584 1.215 .271 
Error 148.627 309 .481   
Ease of Use 
Low 
Contrast .404 1 .404 .776 .379 
Error 160.879 309 .521   
High 
Contrast .883 1 .883 1.696 .194 
Error 160.879 309 .521   
Variety 
Low 
Contrast .265 1 .265 .329 .566 
Error 248.432 309 .804   
High 
Contrast 1.371 1 1.371 1.706 .193 
Error 248.432 309 .804   
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Color 
Low 
Contrast 1.769 1 1.769 1.491 .223 
Error 366.646 309 1.187   
High 
Contrast .826 1 .826 .697 .405 
Error 366.646 309 1.187   
Graphics 
Low 
Contrast 1.827 1 1.827 1.442 .231 
Error 391.468 309 1.267   
High 
Contrast 1.412 1 1.412 1.115 .292 
Error 391.468 309 1.267   
Links 
Low 
Contrast .096 1 .096 .114 .736 
Error 260.875 309 .844   
High 
Contrast .033 1 .033 .039 .844 
Error 260.875 309 .844   
Return Policy 
Low 
Contrast 1.623 1 1.623 1.782 .183 
Error 281.461 309 .911   
High 
Contrast .132 1 .132 .145 .703 
Error 281.461 309 .911   
Price Incentives 
Low 
Contrast .141 1 .141 .119 .730 
Error 364.818 309 1.181   
High 
Contrast .825 1 .825 .698 .404 
Error 364.818 309 1.181   
Benefits/Drawbacks 
Low 
Contrast 12.099 1 12.099 10.543 .001 
Error 354.583 309 1.148   
High 
Contrast .003 1 .003 .002 .962 
Error 354.583 309 1.148   
Product Comparisons 
Low 
Contrast .322 1 .322 .294 .588 
Error 337.841 309 1.093   
High 
Contrast .004 1 .004 .003 .954 
Error 337.841 309 1.093   
Product Photos 
Low 
Contrast 1.972 1 1.972 1.853 .174 
Error 328.842 309 1.064   
High 
Contrast 5.032 1 5.032 4.728 .030 
Error 328.842 309 1.064   
Uniqueness 
Low 
Contrast .482 1 .482 .504 .478 
Error 295.431 309 .956   
High 
Contrast 2.097 1 2.097 2.194 .140 
Error 295.431 309 .956   
Interactive 
Low 
Contrast 2.720 1 2.720 2.332 .128 
Error 360.408 309 1.166   
High Contrast 3.062 1 3.062 2.625 .106 
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Error 360.408 309 1.166   
Entertaining 
Low 
Contrast 2.720 1 2.720 2.495 .115 
Error 336.884 309 1.090   
High 
Contrast .034 1 .034 .031 .860 
Error 336.884 309 1.090   
Friends/Family Opinions 
Low 
Contrast 12.163 1 12.163 9.629 .002 
Error 390.316 309 1.263   
High 
Contrast 5.414 1 5.414 4.286 .039 
Error 390.316 309 1.263   
Company Rep 
Low 
Contrast 2.500 1 2.500 1.445 .230 
Error 534.390 309 1.729   
High 
Contrast .160 1 .160 .092 .761 
Error 534.390 309 1.729   
People Photos 
Low 
Contrast 1.912 1 1.912 1.240 .266 
Error 476.211 309 1.541   
High 
Contrast 3.207 1 3.207 2.081 .150 
Error 476.211 309 1.541   
Animation 
Low 
Contrast .544 1 .544 .840 .360 
Error 200.245 309 .648   
High 
Contrast .086 1 .086 .132 .717 
Error 200.245 309 .648   
Order Process 
Low 
Contrast 1.351 1 1.351 2.048 .153 
Error 203.876 309 .660   
High 
Contrast 2.245 1 2.245 3.402 .066 
Error 203.876 309 .660   
Customer Feeback 
Low 
Contrast 3.414 1 3.414 3.158 .077 
Error 334.041 309 1.081   
High 
Contrast 1.498 1 1.498 1.386 .240 
Error 334.041 309 1.081   
Ads 
Low 
Contrast 8.692 1 8.692 6.633 .010 
Error 404.893 309 1.310   
High 
Contrast 4.019 1 4.019 3.067 .081 
Error 404.893 309 1.310   
Friends/Family Happy 
Low 
Contrast 2.960 1 2.960 2.274 .133 
Error 402.246 309 1.302   
High 
Contrast 5.078 1 5.078 3.901 .049 
Error 402.246 309 1.302   
Grammar Low 
Contrast 1.794 1 1.794 1.306 .254 
Error 424.406 309 1.373   
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High 
Contrast .309 1 .309 .225 .636 
Error 424.406 309 1.373   
Enjoyable 
Low 
Contrast .615 1 .615 .594 .442 
Error 320.200 309 1.036   
High 
Contrast .161 1 .161 .156 .694 
Error 320.200 309 1.036   
Each F tests the simple effects of GSI_Split_2 within each level combination of the other effects shown. 
These tests are based on the linearly independent pairwise comparisons among the estimated marginal 
means. 
 
Discriminant Analysis 
 
Analysis Case Processing Summary 
Unweighted Cases N Percent 
Valid 313 100.0 
Excluded 
Missing or out-of-range group 
codes 
0 .0 
At least one missing 
discriminating variable 
0 .0 
Both missing or out-of-range 
group codes and at least one 
missing discriminating 
variable 
0 .0 
Total 0 .0 
Total 313 100.0 
 
Log Determinants 
GSI_Hours Rank Log Determinant 
Low GSI/Low Hours 26 -16.648 
Low GSI/High Hours 26 -16.912 
High GSI/Low Hours 26 -14.347 
High GSI/High Hours 26 -13.157 
Pooled within-groups 26 -10.361 
The ranks and natural logarithms of determinants printed 
are those of the group covariance matrices. 
 
Test Results 
Box's M 1515.700 
F Approx. 1.224 
324 
 
df1 1053 
df2 187704.514 
Sig. .000 
Tests null hypothesis of equal 
population covariance matrices. 
 
Eigenvalues 
Function Eigenvalue % of Variance Cumulative % Canonical 
Correlation 
1 .172
a
 45.9 45.9 .383 
2 .135
a
 36.0 81.9 .344 
3 .068
a
 18.1 100.0 .252 
a. First 3 canonical discriminant functions were used in the analysis. 
 
Wilks' Lambda 
Test of Function(s) Wilks' Lambda Chi-square df Sig. 
1 through 3 .705 103.988 78 .026 
2 through 3 .826 56.915 50 .233 
3 .937 19.411 24 .730 
 
Standardized Canonical Discriminant Function Coefficients 
 Function 
1 2 3 
Credit Security 
-.618 -.405 .121 
Security Seals 
.885 .016 -.150 
Reasonable Prices 
-.202 .111 .082 
Ease of Use 
.236 -.114 .428 
Variety 
.054 .298 -.497 
Color 
-.082 -.086 .127 
Graphics 
-.044 .253 -.151 
Links 
-.421 -.198 -.278 
Return Policy 
-.103 .183 .172 
Price Incentives 
-.148 .132 .325 
Benefits/Drawbacks 
.751 -.087 -.320 
Product Comparisons 
-.365 -.160 -.127 
Product Photos 
.213 .217 .451 
Uniqueness 
-.266 .208 .086 
Interactive 
.218 .453 -.017 
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Entertaining 
.248 -.236 -.190 
Friends/Family Opinions 
.659 -.260 .220 
Company Rep 
.002 .102 .578 
People Photos 
-.289 -.411 -.073 
Animation 
.053 .028 .052 
Order Process 
.314 .336 .112 
Customer Feedback 
.053 .338 -.180 
Ads 
.393 -.256 .000 
Friends/Family Happy 
-.459 -.313 -.118 
Grammar 
.062 .073 .120 
Enjoyable 
-.303 -.113 -.489 
 
Structure Matrix 
 Function 
1 2 3 
Benefits/Drawbacks .446
*
 -.014 -.162 
Security Seals .360
*
 -.147 .034 
Ads .330
*
 -.318 -.015 
Customer Feedback .260
*
 .196 -.120 
Entertaining .222
*
 .054 -.197 
Return Policy .185
*
 .007 .152 
Color .180
*
 .150 -.128 
Grammar .161
*
 .049 .050 
Animation .121
*
 -.064 -.032 
Links .049
*
 .033 -.021 
Friends/Family Opinions .396 -.404
*
 .096 
Friends/Family Happy .181 -.343
*
 -.001 
Credit Security .081 -.294
*
 .166 
Product Photos .211 .290
*
 .189 
Order Process .218 .262
*
 .078 
Interactive .231 .256
*
 -.052 
People Photos .134 -.245
*
 -.025 
Uniquenss .117 .236
*
 -.018 
Graphics .180 .191
*
 -.149 
Reasonable Prices -.019 .150
*
 .139 
Company Rep .161 -.064 .402
*
 
Variety .102 .289 -.349
*
 
Enjoyable .106 .007 -.341
*
 
Ease of Use .134 .161 .165
*
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Price Incentives .055 .097 .145
*
 
Product Comparisons .077 .028 -.110
*
 
Pooled within-groups correlations between discriminating variables 
and standardized canonical discriminant functions  
 Variables ordered by absolute size of correlation within function. 
*. Largest absolute correlation between each variable and any 
discriminant function 
 
Functions at Group Centroids 
GSI_Hours Function 
1 2 3 
Low GSI/Low Hours .506 -.159 .245 
Low GSI/High Hours -.042 -.403 -.370 
High GSI/Low Hours -.663 -.066 .246 
High GSI/High Hours .057 .569 -.134 
Unstandardized canonical discriminant functions evaluated at 
group means 
 
Classification Processing Summary 
Processed 313 
Excluded 
Missing or out-of-range group 
codes 
0 
At least one missing 
discriminating variable 
0 
Used in Output 313 
 
Prior Probabilities for Groups 
GSI_Hours Prior Cases Used in Analysis 
Unweighted Weighted 
Low GSI/Low Hours .250 87 87.000 
Low GSI/High Hours .250 73 73.000 
High GSI/Low Hours .250 69 69.000 
High GSI/High Hours .250 84 84.000 
Total 1.000 313 313.000 
 
Classification Results
a,c
 
  GSI_Hours Predicted Group Membership Total 
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Low 
GSI/Low 
Hours 
Low 
GSI/High 
Hours 
High 
GSI/Low 
Hours 
High 
GSI/High 
Hours 
Original 
Count 
Low GSI/Low 
Hours 
39 14 18 16 87 
Low GSI/High 
Hours 
17 32 12 12 73 
High GSI/Low 
Hours 
10 16 32 11 69 
High GSI/High 
Hours 
17 12 18 37 84 
% 
Low GSI/Low 
Hours 
44.8 16.1 20.7 18.4 100.0 
Low GSI/High 
Hours 
23.3 43.8 16.4 16.4 100.0 
High GSI/Low 
Hours 
14.5 23.2 46.4 15.9 100.0 
High GSI/High 
Hours 
20.2 14.3 21.4 44.0 100.0 
Cross-
validated
b
 
Count 
Low GSI/Low 
Hours 
32 18 19 18 87 
Low GSI/High 
Hours 
24 20 16 13 73 
High GSI/Low 
Hours 
11 22 21 15 69 
High GSI/High 
Hours 
22 15 19 28 84 
% 
Low GSI/Low 
Hours 
36.8 20.7 21.8 20.7 100.0 
Low GSI/High 
Hours 
32.9 27.4 21.9 17.8 100.0 
High GSI/Low 
Hours 
15.9 31.9 30.4 21.7 100.0 
High GSI/High 
Hours 
26.2 17.9 22.6 33.3 100.0 
a. 44.7% of original grouped cases correctly classified. 
b. Cross validation is done only for those cases in the analysis. In cross validation, each case is classified 
by the functions derived from all cases other than that case. 
c. 32.3% of cross-validated grouped cases correctly classified. 
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F3. GSI/Hours and Consumer Electronic Shopping Website Features 
 
MANOVA 
 
Between-Subjects Factors 
 Value Label N 
GSI_Split_2 
1.00 Low 160 
2.00 High 153 
Internet_Hours_Split_2 
1.00 Low 156 
2.00 High 157 
 
Feature Means 
 Low GSI High GSI Total 
 Low 
Hours 
High 
Hours 
Low 
Hours 
High 
Hours 
 
Enjoyable 4.6897 4.6438 4.4493 4.5000 4.5751 
Ads 4.4943 4.2466 4.1884 4.3571 4.3323 
Product Photos 4.6552 4.5342 4.4928 4.6310 4.5847 
Customer 
Feedback 
4.5862 4.4247 4.3623 4.5476 4.4888 
Animation 4.2644 4.1096 4.2319 4.5119 4.2875 
Interactive 2.6437 2.5890 2.6232 2.7262 2.6486 
Links 2.7701 2.4795 2.6812 2.7262 2.6709 
Color 4.4138 4.2466 4.3043 4.2024 4.2939 
Price 
Incentives 
4.5172 4.2877 4.3478 4.4762 4.4153 
Ease of Use 4.1724 3.8630 4.0580 4.1667 4.0735 
Reasonable 
Prices 
4.1494 4.0274 3.9565 4.1905 4.0895 
Grammar 4.1839 3.9452 4.1159 4.1429 4.1022 
Credit Security 4.6782 4.3699 4.4493 4.5952 4.5335 
Security Seals 2.8161 2.7945 2.9565 2.9881 2.8882 
Friends/Family 
Happy 
3.0690 2.8904 3.0725 3.2857 3.0863 
Variety 2.5977 2.4521 2.4348 2.5476 2.5144 
Graphics 3.7011 3.4521 3.2174 3.2262 3.4089 
Product 
Comparisons 
3.3333 2.9041 2.9565 2.9643 3.0511 
Uniqueness 2.5402 2.6438 2.4203 2.6190 2.5591 
Friends/Family 
Opinions 
1.6897 1.6301 1.4638 1.6310 1.6102 
Return Policy 4.6092 4.2192 4.3188 4.5238 4.4313 
Benefits/Drawb
acks 
4.2989 4.2192 4.1159 4.4048 4.2684 
Company Rep 3.2069 2.9863 2.7681 2.8452 2.9617 
People Photos 3.9885 3.8082 3.6087 3.4881 3.7284 
Order Process 3.9540 3.5479 3.4493 3.6905 3.6773 
Entertaining 3.8966 3.8219 3.7101 3.7262 3.7923 
 
Box's Test of Equality of Covariance Matrices
a
 
Box's M 1447.802 
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F 1.169 
df1 1053 
df2 187704.514 
Sig. .000 
Tests the null hypothesis that the observed covariance matrices of the dependent variables are equal 
across groups. 
a. Design: Intercept + GSI_Split_2 + Internet_Hours_Split_2 + GSI_Split_2 * Internet_Hours_Split_2 
 
Multivariate Tests
a
 
Effect Value F Hypothesis df Error df Sig. 
Intercept 
Pillai's Trace .990 1077.336
b
 26.000 284.000 .000 
Wilks' Lambda .010 1077.336
b
 26.000 284.000 .000 
Hotelling's Trace 98.629 1077.336
b
 26.000 284.000 .000 
Roy's Largest Root 98.629 1077.336
b
 26.000 284.000 .000 
GSI 
Pillai's Trace .121 1.508
b
 26.000 284.000 .057 
Wilks' Lambda .879 1.508
b
 26.000 284.000 .057 
Hotelling's Trace .138 1.508
b
 26.000 284.000 .057 
Roy's Largest Root .138 1.508
b
 26.000 284.000 .057 
Hours 
Pillai's Trace .069 .816
b
 26.000 284.000 .726 
Wilks' Lambda .931 .816
b
 26.000 284.000 .726 
Hotelling's Trace .075 .816
b
 26.000 284.000 .726 
Roy's Largest Root .075 .816
b
 26.000 284.000 .726 
GSI * Hours 
Pillai's Trace .123 1.534
b
 26.000 284.000 .050 
Wilks' Lambda .877 1.534
b
 26.000 284.000 .050 
Hotelling's Trace .140 1.534
b
 26.000 284.000 .050 
Roy's Largest Root .140 1.534
b
 26.000 284.000 .050 
a. Design: Intercept + GSI_Split_2 + Internet_Hours_Split_2 + GSI_Split_2 * Internet_Hours_Split_2 
b. Exact statistic 
 
Tests of Between-Subjects Effects 
Source Dependent Variable Type III Sum of Squares df Mean Square F Sig. 
GSI * Hours 
Enjoyable 
.181 1 .181 .277 .599 
Ads 
3.361 1 3.361 4.008 .046 
Product Photos 
1.302 1 1.302 2.820 .094 
Customer Feedback 
2.332 1 2.332 4.628 .032 
Animation 
3.664 1 3.664 5.981 .015 
Interactive 
.482 1 .482 .385 .535 
Links 
2.184 1 2.184 1.858 .174 
Color 
.083 1 .083 .118 .732 
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Price Incentives 
2.483 1 2.483 3.702 .055 
Ease of Use 
3.388 1 3.388 3.329 .069 
Reasonable Prices 
2.456 1 2.456 2.823 .094 
Grammar 
1.368 1 1.368 1.624 .203 
Credit Security 
4.000 1 4.000 6.264 .013 
Security Seals 
.055 1 .055 .057 .811 
Friends/Family Happy 
2.976 1 2.976 2.331 .128 
Variety 
1.295 1 1.295 1.203 .274 
Graphics 
1.289 1 1.289 .970 .325 
Product Comparisons 
3.701 1 3.701 2.210 .138 
Uniqueness 
.175 1 .175 .107 .744 
Friends/Family Opinions 
.996 1 .996 1.521 .218 
Return Policy 
6.862 1 6.862 12.536 .000 
Benefits/Drawbacks 
2.632 1 2.632 2.843 .093 
Company Rep 
1.718 1 1.718 1.227 .269 
People Photos 
.069 1 .069 .062 .803 
Order Process 
8.121 1 8.121 6.486 .011 
Entertaining 
.159 1 .159 .160 .689 
 
Simple Effects 
 
Hours among levels of GSI: 
 
Univariate Tests 
Dependent Variable GSI_Split_2 Sum of 
Squares 
df Mean 
Square 
F Sig. 
Enjoyable 
Low 
Contrast .083 1 .083 .128 .721 
Error 201.433 309 .652   
High 
Contrast .097 1 .097 .150 .699 
Error 201.433 309 .652   
Ads 
Low 
Contrast 2.435 1 2.435 2.903 .089 
Error 259.145 309 .839   
High 
Contrast 1.079 1 1.079 1.286 .258 
Error 259.145 309 .839   
Product Photos 
Low 
Contrast .580 1 .580 1.258 .263 
Error 142.625 309 .462   
High 
Contrast .724 1 .724 1.567 .212 
Error 142.625 309 .462   
Customer Feeback Low Contrast 1.036 1 1.036 2.056 .153 
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Error 155.691 309 .504   
High 
Contrast 1.301 1 1.301 2.582 .109 
Error 155.691 309 .504   
Animation 
Low 
Contrast .951 1 .951 1.552 .214 
Error 189.321 309 .613   
High 
Contrast 2.970 1 2.970 4.848 .028 
Error 189.321 309 .613   
Interactive 
Low 
Contrast .118 1 .118 .095 .758 
Error 386.531 309 1.251   
High 
Contrast .402 1 .402 .321 .571 
Error 386.531 309 1.251   
Links 
Low 
Contrast 3.354 1 3.354 2.852 .092 
Error 363.309 309 1.176   
High 
Contrast .077 1 .077 .065 .798 
Error 363.309 309 1.176   
Color 
Low 
Contrast 1.110 1 1.110 1.582 .209 
Error 216.833 309 .702   
High 
Contrast .394 1 .394 .561 .454 
Error 216.833 309 .702   
Price Incentives 
Low 
Contrast 2.092 1 2.092 3.118 .078 
Error 207.288 309 .671   
High 
Contrast .624 1 .624 .930 .335 
Error 207.288 309 .671   
Ease of Use 
Low 
Contrast 3.800 1 3.800 3.734 .054 
Error 314.479 309 1.018   
High 
Contrast .448 1 .448 .440 .508 
Error 314.479 309 1.018   
Reasonable Prices 
Low 
Contrast .591 1 .591 .679 .410 
Error 268.825 309 .870   
High 
Contrast 2.073 1 2.073 2.383 .124 
Error 268.825 309 .870   
Grammar 
Low 
Contrast 2.262 1 2.262 2.686 .102 
Error 260.196 309 .842   
High 
Contrast .027 1 .027 .033 .857 
Error 260.196 309 .842   
Credit Security 
Low 
Contrast 3.773 1 3.773 5.908 .016 
Error 197.313 309 .639   
High 
Contrast .807 1 .807 1.264 .262 
Error 197.313 309 .639   
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Security Seals 
Low 
Contrast .018 1 .018 .019 .890 
Error 296.833 309 .961   
High 
Contrast .038 1 .038 .039 .843 
Error 296.833 309 .961   
Friends/Family Happy 
Low 
Contrast 1.266 1 1.266 .991 .320 
Error 394.490 309 1.277   
High 
Contrast 1.723 1 1.723 1.349 .246 
Error 394.490 309 1.277   
Variety 
Low 
Contrast .842 1 .842 .782 .377 
Error 332.768 309 1.077   
High 
Contrast .482 1 .482 .448 .504 
Error 332.768 309 1.077   
Graphics 
Low 
Contrast 2.463 1 2.463 1.853 .174 
Error 410.754 309 1.329   
High 
Contrast .003 1 .003 .002 .963 
Error 410.754 309 1.329   
Product Comparisons 
Low 
Contrast 7.313 1 7.313 4.367 .037 
Error 517.425 309 1.675   
High 
Contrast .002 1 .002 .001 .971 
Error 517.425 309 1.675   
Uniqueness 
Low 
Contrast .426 1 .426 .259 .611 
Error 508.970 309 1.647   
High 
Contrast 1.497 1 1.497 .909 .341 
Error 508.970 309 1.647   
Friends/Family Opinions 
Low 
Contrast .141 1 .141 .215 .643 
Error 202.353 309 .655   
High 
Contrast 1.059 1 1.059 1.617 .204 
Error 202.353 309 .655   
Return Policy 
Low 
Contrast 6.038 1 6.038 11.030 .001 
Error 169.144 309 .547   
High 
Contrast 1.592 1 1.592 2.907 .089 
Error 169.144 309 .547   
Benefits/Drawbacks 
Low 
Contrast .252 1 .252 .272 .602 
Error 286.034 309 .926   
High 
Contrast 3.160 1 3.160 3.414 .066 
Error 286.034 309 .926   
Company Rep 
Low 
Contrast 1.932 1 1.932 1.380 .241 
Error 432.540 309 1.400   
High Contrast .225 1 .225 .161 .689 
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Error 432.540 309 1.400   
People Photos 
Low 
Contrast 1.290 1 1.290 1.160 .282 
Error 343.726 309 1.112   
High 
Contrast .551 1 .551 .495 .482 
Error 343.726 309 1.112   
Order Process 
Low 
Contrast 6.545 1 6.545 5.227 .023 
Error 386.923 309 1.252   
High 
Contrast 2.204 1 2.204 1.760 .186 
Error 386.923 309 1.252   
Entertaining 
Low 
Contrast .221 1 .221 .222 .638 
Error 307.659 309 .996   
High 
Contrast .010 1 .010 .010 .921 
Error 307.659 309 .996   
Each F tests the simple effects of Internet_Hours_Split_2 within each level combination of the other effects 
shown. These tests are based on the linearly independent pairwise comparisons among the estimated 
marginal means. 
 
GSI among levels of Hours: 
 
Univariate Tests 
Dependent Variable Internet_Hours_Split_2 Sum of 
Squares 
df Mean 
Square 
F Sig. 
Enjoyable 
Low 
Contrast 2.224 1 2.224 3.411 .066 
Error 201.433 309 .652   
High 
Contrast .808 1 .808 1.240 .266 
Error 201.433 309 .652   
Ads 
Low 
Contrast 3.600 1 3.600 4.292 .039 
Error 259.145 309 .839   
High 
Contrast .477 1 .477 .569 .451 
Error 259.145 309 .839   
Product Photos 
Low 
Contrast 1.015 1 1.015 2.199 .139 
Error 142.625 309 .462   
High 
Contrast .365 1 .365 .791 .374 
Error 142.625 309 .462   
Customer Feeback 
Low 
Contrast 1.929 1 1.929 3.828 .051 
Error 155.691 309 .504   
High 
Contrast .591 1 .591 1.172 .280 
Error 155.691 309 .504   
Animation Low Contrast .041 1 .041 .066 .797 
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Error 189.321 309 .613   
High 
Contrast 6.322 1 6.322 10.318 .001 
Error 189.321 309 .613   
Interactive 
Low 
Contrast .016 1 .016 .013 .910 
Error 386.531 309 1.251   
High 
Contrast .735 1 .735 .587 .444 
Error 386.531 309 1.251   
Links 
Low 
Contrast .305 1 .305 .259 .611 
Error 363.309 309 1.176   
High 
Contrast 2.378 1 2.378 2.022 .156 
Error 363.309 309 1.176   
Color 
Low 
Contrast .461 1 .461 .657 .418 
Error 216.833 309 .702   
High 
Contrast .076 1 .076 .109 .742 
Error 216.833 309 .702   
Price Incentives 
Low 
Contrast 1.104 1 1.104 1.646 .200 
Error 207.288 309 .671   
High 
Contrast 1.388 1 1.388 2.069 .151 
Error 207.288 309 .671   
Ease of Use 
Low 
Contrast .504 1 .504 .495 .482 
Error 314.479 309 1.018   
High 
Contrast 3.601 1 3.601 3.539 .061 
Error 314.479 309 1.018   
Reasonable Prices 
Low 
Contrast 1.432 1 1.432 1.646 .200 
Error 268.825 309 .870   
High 
Contrast 1.039 1 1.039 1.194 .275 
Error 268.825 309 .870   
Grammar 
Low 
Contrast .178 1 .178 .211 .646 
Error 260.196 309 .842   
High 
Contrast 1.526 1 1.526 1.812 .179 
Error 260.196 309 .842   
Credit Security 
Low 
Contrast 2.016 1 2.016 3.157 .077 
Error 197.313 309 .639   
High 
Contrast 1.984 1 1.984 3.107 .079 
Error 197.313 309 .639   
Security Seals 
Low 
Contrast .759 1 .759 .790 .375 
Error 296.833 309 .961   
High 
Contrast 1.464 1 1.464 1.524 .218 
Error 296.833 309 .961   
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Friends/Family Happy 
Low 
Contrast .000 1 .000 .000 .985 
Error 394.490 309 1.277   
High 
Contrast 6.103 1 6.103 4.781 .030 
Error 394.490 309 1.277   
Variety 
Low 
Contrast 1.021 1 1.021 .948 .331 
Error 332.768 309 1.077   
High 
Contrast .357 1 .357 .331 .565 
Error 332.768 309 1.077   
Graphics 
Low 
Contrast 9.005 1 9.005 6.775 .010 
Error 410.754 309 1.329   
High 
Contrast 1.992 1 1.992 1.499 .222 
Error 410.754 309 1.329   
Product Comparisons 
Low 
Contrast 5.464 1 5.464 3.263 .072 
Error 517.425 309 1.675   
High 
Contrast .141 1 .141 .084 .772 
Error 517.425 309 1.675   
Uniqueness 
Low 
Contrast .554 1 .554 .336 .563 
Error 508.970 309 1.647   
High 
Contrast .024 1 .024 .015 .904 
Error 508.970 309 1.647   
Friends/Family Opinions 
Low 
Contrast 1.963 1 1.963 2.998 .084 
Error 202.353 309 .655   
High 
Contrast 2.597E-005 1 
2.597E-
005 
.000 .995 
Error 202.353 309 .655   
Return Policy 
Low 
Contrast 3.244 1 3.244 5.927 .015 
Error 169.144 309 .547   
High 
Contrast 3.625 1 3.625 6.621 .011 
Error 169.144 309 .547   
Benefits/Drawbacks 
Low 
Contrast 1.287 1 1.287 1.391 .239 
Error 286.034 309 .926   
High 
Contrast 1.345 1 1.345 1.453 .229 
Error 286.034 309 .926   
Company Rep 
Low 
Contrast 7.409 1 7.409 5.293 .022 
Error 432.540 309 1.400   
High 
Contrast .777 1 .777 .555 .457 
Error 432.540 309 1.400   
People Photos Low 
Contrast 5.551 1 5.551 4.990 .026 
Error 343.726 309 1.112   
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High 
Contrast 4.003 1 4.003 3.598 .059 
Error 343.726 309 1.112   
Order Process 
Low 
Contrast 9.804 1 9.804 7.829 .005 
Error 386.923 309 1.252   
High 
Contrast .793 1 .793 .634 .427 
Error 386.923 309 1.252   
Entertaining 
Low 
Contrast 1.337 1 1.337 1.343 .247 
Error 307.659 309 .996   
High 
Contrast .358 1 .358 .359 .549 
Error 307.659 309 .996   
Each F tests the simple effects of GSI_Split_2 within each level combination of the other effects shown. 
These tests are based on the linearly independent pairwise comparisons among the estimated marginal 
means. 
 
Discriminant Analysis 
 
Analysis Case Processing Summary 
Unweighted Cases N Percent 
Valid 313 100.0 
Excluded 
Missing or out-of-range group 
codes 
0 .0 
At least one missing 
discriminating variable 
0 .0 
Both missing or out-of-range 
group codes and at least one 
missing discriminating 
variable 
0 .0 
Total 0 .0 
Total 313 100.0 
 
Log Determinants 
GSI_Hours Rank Log Determinant 
Low GSI/Low Hours 26 -18.126 
Low GSI/High Hours 26 -19.854 
High GSI/Low Hours 26 -13.327 
High GSI/High Hours 26 -16.899 
Pooled within-groups 26 -12.457 
The ranks and natural logarithms of determinants printed 
are those of the group covariance matrices. 
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Test Results 
Box's M 1447.802 
F 
Approx. 1.169 
df1 1053 
df2 187704.514 
Sig. .000 
Tests null hypothesis of equal 
population covariance matrices. 
 
Eigenvalues 
Function Eigenvalue % of Variance Cumulative % Canonical 
Correlation 
1 .164
a
 46.1 46.1 .376 
2 .125
a
 34.9 81.0 .333 
3 .068
a
 19.0 100.0 .252 
a. First 3 canonical discriminant functions were used in the analysis. 
 
Wilks' Lambda 
Test of Function(s) Wilks' Lambda Chi-square df Sig. 
1 through 3 .715 99.584 78 .050 
2 through 3 .833 54.359 50 .312 
3 .937 19.474 24 .726 
 
Standardized Canonical Discriminant Function Coefficients 
 Function 
1 2 3 
Enjoyable 
-.548 -.045 .147 
Ads 
.317 .130 .003 
Product Photos 
.136 .185 .106 
Customer Feedback 
-.206 .153 .469 
Animation 
.502 -.308 .238 
Interactive 
-.365 -.516 .489 
Links 
.583 .371 -.814 
Color 
-.460 -.171 -.468 
Price Incentives 
.164 -.006 -.098 
Ease of Use 
.217 .090 -.370 
Reasonable Prices 
-.018 -.030 .411 
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Grammar 
-.121 -.120 -.405 
Credit Security 
.152 .273 -.122 
Security Seals 
.123 -.261 -.226 
Friends/Family Happy 
.331 -.249 -.004 
Variety 
-.199 .033 .143 
Graphics 
-.121 .363 .253 
Product Comparisons 
-.020 .250 -.302 
Uniqueness 
-.126 -.196 .220 
Friends/Family Opinions 
.042 .335 .464 
Return Policy 
.542 .328 -.060 
Benefits/Drawbacks 
.042 -.079 .392 
Company Rep 
-.115 .333 -.020 
People Photos 
-.282 -.116 -.276 
Order Process 
.224 .408 .212 
Entertaining 
-.295 .015 -.096 
 
Structure Matrix 
 Function 
1 2 3 
Animation .453
*
 -.023 .174 
Friends/Family Happy .307
*
 -.021 .035 
Ease of Use .263
*
 .159 -.112 
Links .198
*
 .140 -.153 
Grammar .187
*
 .134 -.161 
Security Seals .172
*
 -.143 -.053 
Interactive .108
*
 .001 .050 
Order Process .115 .465
*
 .087 
Graphics -.170 .463
*
 .010 
Return Policy .363 .434
*
 -.022 
People Photos -.266 .433
*
 -.088 
Company Rep -.102 .388
*
 .066 
Product Comparisons .040 .371
*
 -.146 
Ads .109 .337
*
 .086 
Credit Security .248 .323
*
 -.035 
Enjoyable -.153 .283
*
 .141 
Customer Feedback .156 .282
*
 .183 
Price Incentives .203 .226
*
 -.004 
Color -.049 .221
*
 -.221 
Product Photos .128 .213
*
 .139 
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Entertaining -.083 .196
*
 .034 
Variety .082 .155
*
 .049 
Benefits/Drawbacks .174 .108 .285
*
 
Uniqueness -.013 .017 .250
*
 
Friends/Family Opinions .006 .222 .248
*
 
Reasonable Prices .157 .154 .207
*
 
Pooled within-groups correlations between discriminating variables 
and standardized canonical discriminant functions  
 Variables ordered by absolute size of correlation within function. 
*. Largest absolute correlation between each variable and any 
discriminant function 
 
Functions at Group Centroids 
GSI_Hours Function 
1 2 3 
Low GSI/Low Hours -.001 .550 -.097 
Low GSI/High Hours -.602 -.145 .243 
High GSI/Low Hours -.018 -.357 -.409 
High GSI/High Hours .539 -.150 .225 
Unstandardized canonical discriminant functions evaluated at 
group means 
 
Classification Processing Summary 
Processed 313 
Excluded 
Missing or out-of-range group 
codes 
0 
At least one missing 
discriminating variable 
0 
Used in Output 313 
 
Prior Probabilities for Groups 
GSI_Hours Prior Cases Used in Analysis 
Unweighted Weighted 
Low GSI/Low Hours .250 87 87.000 
Low GSI/High Hours .250 73 73.000 
High GSI/Low Hours .250 69 69.000 
High GSI/High Hours .250 84 84.000 
Total 1.000 313 313.000 
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Classification Results
a,c
 
  GSI_Hours Predicted Group Membership Total 
  
Low 
GSI/Low 
Hours 
Low 
GSI/High 
Hours 
High 
GSI/Low 
Hours 
High 
GSI/High 
Hours 
Original 
Count 
Low GSI/Low 
Hours 
41 14 13 19 87 
Low GSI/High 
Hours 
15 32 17 9 73 
High GSI/Low 
Hours 
12 16 27 14 69 
High GSI/High 
Hours 
18 13 11 42 84 
% 
Low GSI/Low 
Hours 
47.1 16.1 14.9 21.8 100.0 
Low GSI/High 
Hours 
20.5 43.8 23.3 12.3 100.0 
High GSI/Low 
Hours 
17.4 23.2 39.1 20.3 100.0 
High GSI/High 
Hours 
21.4 15.5 13.1 50.0 100.0 
Cross-
validated
b
 
Count 
Low GSI/Low 
Hours 
29 23 15 20 87 
Low GSI/High 
Hours 
22 17 22 12 73 
High GSI/Low 
Hours 
16 18 15 20 69 
High GSI/High 
Hours 
19 18 16 31 84 
% 
Low GSI/Low 
Hours 
33.3 26.4 17.2 23.0 100.0 
Low GSI/High 
Hours 
30.1 23.3 30.1 16.4 100.0 
High GSI/Low 
Hours 
23.2 26.1 21.7 29.0 100.0 
High GSI/High 
Hours 
22.6 21.4 19.0 36.9 100.0 
a. 45.4% of original grouped cases correctly classified. 
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b. Cross validation is done only for those cases in the analysis. In cross validation, each case is classified 
by the functions derived from all cases other than that case. 
c. 29.4% of cross-validated grouped cases correctly classified. 
 
F4. DSI/Hours and General Shopping Website Features 
 
MANOVA 
 
Between-Subjects Factors 
 Value Label N 
DSI_Split_2 
1.00 Low 171 
2.00 High 140 
Internet_Hours_Split_2 
1.00 Low 154 
2.00 High 157 
 
Feature Means 
 Low DSI High DSI Total 
 Low 
Hours 
High 
Hours 
Low 
Hours 
High 
Hours 
 
Enjoyable 3.4432 3.5595 3.4706 3.7534 3.5527 
Ads 2.8295 2.7500 2.8676 2.7945 2.8083 
Product Photos 4.5227 4.2024 4.5294 4.6438 4.4665 
Customer 
Feedback 
3.8295 3.8810 4.1765 4.2192 4.0096 
Animation 1.4943 1.4048 1.3235 1.4521 1.4231 
Interactive 2.8864 2.7262 2.7794 3.0411 2.8562 
Links 4.1023 3.8690 4.1343 4.0959 4.0449 
Color 2.5795 2.2976 2.4412 2.7534 2.5144 
Price 
Incentives 
3.9432 3.5000 4.2941 4.0548 3.9265 
Ease of Use 4.3864 4.2024 4.3529 4.4384 4.3419 
Reasonable 
Prices 
4.5341 4.5952 4.6029 4.4521 4.5463 
Grammar 3.5795 3.2381 3.3529 3.5616 3.4345 
Credit Security 4.7727 4.5833 4.6765 4.4795 4.6326 
Security Seals 4.4318 4.2738 4.2941 4.0685 4.2748 
Friends/Family 
Happy 
3.8750 3.5119 3.7794 3.8493 3.7508 
Variety 3.9205 3.7024 3.7794 4.0959 3.8722 
Graphics 3.1818 2.8095 2.7647 3.2466 3.0064 
Product 
Comparisons 
3.6136 3.6310 3.7059 3.6164 3.6390 
Uniqueness 2.7045 2.7024 2.7647 2.8630 2.7540 
Friends/Family 
Opinions 
3.4205 3.2024 3.4118 3.2466 3.3195 
Return Policy 4.1364 3.9286 4.3382 4.0274 4.0990 
Benefits/Drawb
acks 
3.7841 3.6548 3.7353 3.7534 3.7316 
Company Rep 2.8977 2.5714 3.0294 2.8219 2.8211 
People Photos 2.4432 2.2738 2.1324 2.5616 2.3578 
Order Process 4.2273 4.1071 4.2206 4.2192 4.1917 
Entertaining 2.2500 2.1071 2.1471 2.5068 2.2492 
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Box's Test of Equality of Covariance Matrices
a
 
Box's M 1440.895 
F 1.161 
df1 1053 
df2 182806.547 
Sig. .000 
Tests the null hypothesis that the observed covariance matrices of the dependent variables are equal 
across groups. 
a. Design: Intercept + DSI_Split_2 + Internet_Hours_Split_2 + DSI_Split_2 * Internet_Hours_Split_2 
 
Multivariate Tests
a
 
Effect Value F Hypothesis df Error df Sig. 
Intercept 
Pillai's Trace .990 1029.917
b
 26.000 282.000 .000 
Wilks' Lambda .010 1029.917
b
 26.000 282.000 .000 
Hotelling's Trace 94.957 1029.917
b
 26.000 282.000 .000 
Roy's Largest Root 94.957 1029.917
b
 26.000 282.000 .000 
DSI 
Pillai's Trace .124 1.540
b
 26.000 282.000 .049 
Wilks' Lambda .876 1.540
b
 26.000 282.000 .049 
Hotelling's Trace .142 1.540
b
 26.000 282.000 .049 
Roy's Largest Root .142 1.540
b
 26.000 282.000 .049 
Hours 
Pillai's Trace .108 1.314
b
 26.000 282.000 .145 
Wilks' Lambda .892 1.314
b
 26.000 282.000 .145 
Hotelling's Trace .121 1.314
b
 26.000 282.000 .145 
Roy's Largest Root .121 1.314
b
 26.000 282.000 .145 
DSI * Hours 
Pillai's Trace .125 1.543
b
 26.000 282.000 .048 
Wilks' Lambda .875 1.543
b
 26.000 282.000 .048 
Hotelling's Trace .142 1.543
b
 26.000 282.000 .048 
Roy's Largest Root .142 1.543
b
 26.000 282.000 .048 
a. Design: Intercept + DSI_Split_2 + Internet_Hours_Split_2 + DSI_Split_2 * Internet_Hours_Split_2 
b. Exact statistic 
 
Tests of Between-Subjects Effects 
Source Dependent Variable Type III Sum of Squares df Mean Square F Sig. 
DSI 
Enjoyable 
1.028 1 1.028 .891 .346 
Ads 
.279 1 .279 .217 .641 
Product Photos 
3.834 1 3.834 5.639 .018 
Customer Feedback 
8.843 1 8.843 7.781 .006 
Animation 
.270 1 .270 .607 .437 
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Interactive 
.909 1 .909 .733 .393 
Links 
1.393 1 1.393 1.358 .245 
Color 
1.853 1 1.853 1.594 .208 
Price Incentives 
15.268 1 15.268 14.415 .000 
Ease of Use 
1.015 1 1.015 1.515 .219 
Reasonable Prices 
.069 1 .069 .125 .724 
Grammar 
.151 1 .151 .102 .749 
Credit Security 
.787 1 .787 1.415 .235 
Security Seals 
2.120 1 2.120 2.239 .136 
Friends/Family Happy 
1.107 1 1.107 .930 .336 
Variety 
1.315 1 1.315 1.379 .241 
Graphics 
.010 1 .010 .007 .932 
Product Comparisons 
.116 1 .116 .092 .762 
Uniqueness 
.814 1 .814 .737 .391 
Friends/Family Opinions 
.009 1 .009 .008 .931 
Return Policy 
2.101 1 2.101 2.012 .157 
Benefits/Drawbacks 
.045 1 .045 .043 .836 
Company Rep 
2.781 1 2.781 1.578 .210 
People Photos 
.027 1 .027 .018 .893 
Order Process 
.266 1 .266 .282 .596 
Entertaining 
1.608 1 1.608 1.511 .220 
DSI * Hours 
Enjoyable 
.471 1 .471 .408 .523 
Ads 
.019 1 .019 .015 .903 
Product Photos 
3.659 1 3.659 5.382 .021 
Customer Feedback 
6.216E-005 1 6.216E-005 .000 .994 
Animation 
.874 1 .874 1.960 .163 
Interactive 
3.268 1 3.268 2.635 .106 
Links 
.654 1 .654 .638 .425 
Color 
6.946 1 6.946 5.976 .015 
Price Incentives 
.917 1 .917 .865 .353 
Ease of Use 
1.127 1 1.127 1.682 .196 
Reasonable Prices 
.985 1 .985 1.780 .183 
Grammar 
5.994 1 5.994 4.059 .045 
Credit Security 
.001 1 .001 .001 .975 
Security Seals 
.119 1 .119 .125 .724 
Friends/Family Happy 
3.635 1 3.635 3.052 .082 
Variety 
5.307 1 5.307 5.564 .019 
Graphics 
13.944 1 13.944 10.571 .001 
Product Comparisons 
.219 1 .219 .174 .677 
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Uniqueness 
.256 1 .256 .232 .630 
Friends/Family Opinions 
.085 1 .085 .069 .793 
Return Policy 
.340 1 .340 .325 .569 
Benefits/Drawbacks 
.426 1 .426 .406 .525 
Company Rep 
.280 1 .280 .159 .691 
People Photos 
7.230 1 7.230 4.824 .029 
Order Process 
.218 1 .218 .232 .631 
Entertaining 
5.003 1 5.003 4.701 .031 
 
Simple Effects 
 
Hours among levels of DSI: 
 
Univariate Tests 
Dependent Variable DSI_Split_2 Sum of 
Squares 
df Mean 
Square 
F Sig. 
Enjoyable 
Low 
Contrast .770 1 .770 .668 .415 
Error 354.185 307 1.154   
High 
Contrast 2.953 1 2.953 2.560 .111 
Error 354.185 307 1.154   
Ads 
Low 
Contrast .127 1 .127 .099 .753 
Error 394.391 307 1.285   
High 
Contrast .259 1 .259 .201 .654 
Error 394.391 307 1.285   
Product Photos 
Low 
Contrast 4.237 1 4.237 6.231 .013 
Error 208.740 307 .680   
High 
Contrast .515 1 .515 .758 .385 
Error 208.740 307 .680   
Customer Feeback 
Low 
Contrast .075 1 .075 .066 .798 
Error 348.901 307 1.136   
High 
Contrast .056 1 .056 .049 .824 
Error 348.901 307 1.136   
Animation 
Low 
Contrast .342 1 .342 .768 .382 
Error 136.844 307 .446   
High 
Contrast .535 1 .535 1.199 .274 
Error 136.844 307 .446   
Interactive 
Low 
Contrast .928 1 .928 .748 .388 
Error 380.830 307 1.240   
High Contrast 2.453 1 2.453 1.977 .161 
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Error 380.830 307 1.240   
Links 
Low 
Contrast 2.123 1 2.123 2.070 .151 
Error 314.944 307 1.026   
High 
Contrast .052 1 .052 .050 .823 
Error 314.944 307 1.026   
Color 
Low 
Contrast 3.015 1 3.015 2.594 .108 
Error 356.822 307 1.162   
High 
Contrast 3.933 1 3.933 3.384 .067 
Error 356.822 307 1.162   
Price Incentives 
Low 
Contrast 9.724 1 9.724 9.181 .003 
Error 325.153 307 1.059   
High 
Contrast 2.337 1 2.337 2.207 .138 
Error 325.153 307 1.059   
Ease of Use 
Low 
Contrast 1.338 1 1.338 1.997 .159 
Error 205.687 307 .670   
High 
Contrast .149 1 .149 .222 .638 
Error 205.687 307 .670   
Reasonable Prices 
Low 
Contrast .189 1 .189 .342 .559 
Error 169.909 307 .553   
High 
Contrast .893 1 .893 1.614 .205 
Error 169.909 307 .553   
Grammar 
Low 
Contrast 4.518 1 4.518 3.059 .081 
Error 453.389 307 1.477   
High 
Contrast 1.901 1 1.901 1.287 .257 
Error 453.389 307 1.477   
Credit Security 
Low 
Contrast 1.491 1 1.491 2.680 .103 
Error 170.814 307 .556   
High 
Contrast 1.290 1 1.290 2.319 .129 
Error 170.814 307 .556   
Security Seals 
Low 
Contrast .981 1 .981 1.036 .310 
Error 290.654 307 .947   
High 
Contrast 1.848 1 1.848 1.952 .163 
Error 290.654 307 .947   
Friends/Family Happy 
Low 
Contrast 5.590 1 5.590 4.694 .031 
Error 365.582 307 1.191   
High 
Contrast .187 1 .187 .157 .692 
Error 365.582 307 1.191   
Variety Low 
Contrast 1.808 1 1.808 1.895 .170 
Error 292.794 307 .954   
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High 
Contrast 3.572 1 3.572 3.746 .054 
Error 292.794 307 .954   
Graphics 
Low 
Contrast 5.277 1 5.277 4.001 .046 
Error 404.948 307 1.319   
High 
Contrast 8.745 1 8.745 6.630 .010 
Error 404.948 307 1.319   
Product Comparisons 
Low 
Contrast .020 1 .020 .016 .899 
Error 387.562 307 1.262   
High 
Contrast .253 1 .253 .200 .655 
Error 387.562 307 1.262   
Uniqueness 
Low 
Contrast 6.482E-005 1 6.482E-005 .000 .994 
Error 339.106 307 1.105   
High 
Contrast .476 1 .476 .431 .512 
Error 339.106 307 1.105   
Friends/Family Opinions 
Low 
Contrast 2.123 1 2.123 1.731 .189 
Error 376.505 307 1.226   
High 
Contrast .855 1 .855 .697 .404 
Error 376.505 307 1.226   
Return Policy 
Low 
Contrast 1.673 1 1.673 1.603 .207 
Error 320.529 307 1.044   
High 
Contrast 3.823 1 3.823 3.662 .057 
Error 320.529 307 1.044   
Benefits/Drawbacks 
Low 
Contrast .688 1 .688 .654 .419 
Error 322.564 307 1.051   
High 
Contrast .017 1 .017 .016 .899 
Error 322.564 307 1.051   
Company Rep 
Low 
Contrast 4.204 1 4.204 2.385 .124 
Error 541.092 307 1.763   
High 
Contrast 1.301 1 1.301 .738 .391 
Error 541.092 307 1.763   
People Photos 
Low 
Contrast 1.478 1 1.478 .986 .321 
Error 460.075 307 1.499   
High 
Contrast 6.379 1 6.379 4.257 .040 
Error 460.075 307 1.499   
Order Process 
Low 
Contrast .529 1 .529 .562 .454 
Error 289.021 307 .941   
High 
Contrast .001 1 .001 .001 .977 
Error 289.021 307 .941   
Entertaining Low Contrast .644 1 .644 .605 .437 
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Error 326.729 307 1.064   
High 
Contrast 5.244 1 5.244 4.928 .027 
Error 326.729 307 1.064   
Each F tests the simple effects of Internet_Hours_Split_2 within each level combination of the other effects 
shown. These tests are based on the linearly independent pairwise comparisons among the estimated 
marginal means. 
 
DSI among levels of Hours: 
 
Univariate Tests 
Dependent Variable Internet_Hours_Split_2 Sum of 
Squares 
df Mean 
Square 
F Sig. 
Enjoyable 
Low 
Contrast .053 1 .053 .046 .831 
Error 354.185 307 1.154   
High 
Contrast 1.468 1 1.468 1.273 .260 
Error 354.185 307 1.154   
Ads 
Low 
Contrast .219 1 .219 .170 .680 
Error 394.391 307 1.285   
High 
Contrast .077 1 .077 .060 .806 
Error 394.391 307 1.285   
Product Photos 
Low 
Contrast .001 1 .001 .001 .969 
Error 208.740 307 .680   
High 
Contrast 7.612 1 7.612 11.195 .001 
Error 208.740 307 .680   
Customer Feeback 
Low 
Contrast 4.376 1 4.376 3.851 .051 
Error 348.901 307 1.136   
High 
Contrast 4.468 1 4.468 3.931 .048 
Error 348.901 307 1.136   
Animation 
Low 
Contrast 1.042 1 1.042 2.337 .127 
Error 136.844 307 .446   
High 
Contrast .087 1 .087 .196 .658 
Error 136.844 307 .446   
Interactive 
Low 
Contrast .359 1 .359 .290 .591 
Error 380.830 307 1.240   
High 
Contrast 3.873 1 3.873 3.122 .078 
Error 380.830 307 1.240   
Links 
Low 
Contrast .068 1 .068 .066 .797 
Error 314.944 307 1.026   
High Contrast 2.010 1 2.010 1.959 .163 
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Error 314.944 307 1.026   
Color 
Low 
Contrast .799 1 .799 .688 .408 
Error 356.822 307 1.162   
High 
Contrast 8.115 1 8.115 6.981 .009 
Error 356.822 307 1.162   
Price Incentives 
Low 
Contrast 4.284 1 4.284 4.045 .045 
Error 325.153 307 1.059   
High 
Contrast 12.022 1 12.022 11.351 .001 
Error 325.153 307 1.059   
Ease of Use 
Low 
Contrast .001 1 .001 .002 .963 
Error 205.687 307 .670   
High 
Contrast 2.175 1 2.175 3.246 .073 
Error 205.687 307 .670   
Reasonable Prices 
Low 
Contrast .262 1 .262 .473 .492 
Error 169.909 307 .553   
High 
Contrast .801 1 .801 1.447 .230 
Error 169.909 307 .553   
Grammar 
Low 
Contrast 2.088 1 2.088 1.414 .235 
Error 453.389 307 1.477   
High 
Contrast 4.089 1 4.089 2.769 .097 
Error 453.389 307 1.477   
Credit Security 
Low 
Contrast .367 1 .367 .660 .417 
Error 170.814 307 .556   
High 
Contrast .421 1 .421 .758 .385 
Error 170.814 307 .556   
Security Seals 
Low 
Contrast .608 1 .608 .643 .423 
Error 290.654 307 .947   
High 
Contrast 1.646 1 1.646 1.739 .188 
Error 290.654 307 .947   
Friends/Family Happy 
Low 
Contrast .359 1 .359 .302 .583 
Error 365.582 307 1.191   
High 
Contrast 4.447 1 4.447 3.734 .054 
Error 365.582 307 1.191   
Variety 
Low 
Contrast .659 1 .659 .691 .407 
Error 292.794 307 .954   
High 
Contrast 6.048 1 6.048 6.341 .012 
Error 292.794 307 .954   
Graphics Low 
Contrast 6.508 1 6.508 4.934 .027 
Error 404.948 307 1.319   
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High 
Contrast 7.460 1 7.460 5.656 .018 
Error 404.948 307 1.319   
Product Comparisons 
Low 
Contrast .322 1 .322 .255 .614 
Error 387.562 307 1.262   
High 
Contrast .008 1 .008 .007 .936 
Error 387.562 307 1.262   
Uniqueness 
Low 
Contrast .077 1 .077 .070 .792 
Error 339.106 307 1.105   
High 
Contrast 1.008 1 1.008 .912 .340 
Error 339.106 307 1.105   
Friends/Family Opinions 
Low 
Contrast .019 1 .019 .015 .901 
Error 376.505 307 1.226   
High 
Contrast .076 1 .076 .062 .803 
Error 376.505 307 1.226   
Return Policy 
Low 
Contrast 2.033 1 2.033 1.947 .164 
Error 320.529 307 1.044   
High 
Contrast .381 1 .381 .365 .546 
Error 320.529 307 1.044   
Benefits/Drawbacks 
Low 
Contrast .096 1 .096 .091 .763 
Error 322.564 307 1.051   
High 
Contrast .380 1 .380 .362 .548 
Error 322.564 307 1.051   
Company Rep 
Low 
Contrast .638 1 .638 .362 .548 
Error 541.092 307 1.763   
High 
Contrast 2.451 1 2.451 1.390 .239 
Error 541.092 307 1.763   
People Photos 
Low 
Contrast 4.009 1 4.009 2.675 .103 
Error 460.075 307 1.499   
High 
Contrast 3.236 1 3.236 2.159 .143 
Error 460.075 307 1.499   
Order Process 
Low 
Contrast .001 1 .001 .001 .972 
Error 289.021 307 .941   
High 
Contrast .490 1 .490 .521 .471 
Error 289.021 307 .941   
Entertaining 
Low 
Contrast .462 1 .462 .434 .510 
Error 326.729 307 1.064   
High 
Contrast 6.240 1 6.240 5.863 .016 
Error 326.729 307 1.064   
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Each F tests the simple effects of DSI_Split_2 within each level combination of the other effects shown. 
These tests are based on the linearly independent pairwise comparisons among the estimated marginal 
means. 
 
Discriminant Analysis 
 
Analysis Case Processing Summary 
Unweighted Cases N Percent 
Valid 311 99.4 
Excluded 
Missing or out-of-range group 
codes 
0 .0 
At least one missing 
discriminating variable 
2 .6 
Both missing or out-of-range 
group codes and at least one 
missing discriminating 
variable 
0 .0 
Total 2 .6 
Total 313 100.0 
 
Log Determinants 
DSI_Hours Rank Log Determinant 
Low DSI/Low Hours 26 -12.260 
Low DSI/High Hours 26 -9.959 
High DSI/Low Hours 26 -14.017 
High DSI/High Hours 26 -10.927 
Pooled within-groups 26 -7.009 
The ranks and natural logarithms of determinants printed 
are those of the group covariance matrices. 
 
Test Results 
Box's M 1440.895 
F 
Approx. 1.161 
df1 1053 
df2 182806.547 
Sig. .000 
Tests null hypothesis of equal 
population covariance matrices. 
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Eigenvalues 
Function Eigenvalue % of Variance Cumulative % Canonical 
Correlation 
1 .199
a
 48.8 48.8 .407 
2 .119
a
 29.1 77.9 .326 
3 .090
a
 22.1 100.0 .287 
a. First 3 canonical discriminant functions were used in the analysis. 
 
Wilks' Lambda 
Test of Function(s) Wilks' Lambda Chi-square df Sig. 
1 through 3 .684 111.901 78 .007 
2 through 3 .820 58.481 50 .192 
3 .917 25.404 24 .384 
 
Standardized Canonical Discriminant Function Coefficients 
 Function 
1 2 3 
Enjoyable 
-.266 .289 -.350 
Ads 
-.099 -.322 -.039 
Product Photos 
.402 -.085 -.004 
Customer Feedback 
.116 .086 -.734 
Animation 
-.096 .171 .254 
Interactive 
.055 .029 .044 
Links 
.070 -.119 .005 
Color 
.221 -.045 .340 
Price Incentives 
.707 -.432 -.018 
Ease of Use 
.088 .144 -.069 
Reasonable Prices 
-.308 .013 -.198 
Grammar 
.104 .348 .034 
Credit Security 
.090 -.149 .351 
Security Seals 
-.242 -.116 .351 
Friends/Family Happy 
.395 .167 .238 
Variety 
.162 .504 -.008 
Graphics 
.201 .363 .362 
Product Comparisons 
-.321 -.207 -.208 
Uniqueness 
.001 -.219 -.123 
Friends/Family Opinions 
-.162 -.350 .183 
Return Policy 
-.173 -.297 .001 
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Benefits/Drawbacks 
-.071 .195 .235 
Company Rep 
.357 -.123 .030 
People Photos 
-.098 .314 .173 
Order Process 
-.050 -.160 -.065 
Entertaining 
.032 .076 -.538 
 
Structure Matrix 
 Function 
1 2 3 
Price Incentives .572
*
 -.373 -.077 
Product Photos .453
*
 .054 -.005 
Color .298
*
 .249 .007 
Friends/Family Happy .289
*
 .019 .152 
Variety .271
*
 .269 -.014 
Ease of Use .246
*
 .030 .013 
Company Rep .230
*
 -.187 .055 
Links .227
*
 -.081 .040 
Grammar .212
*
 .160 .168 
Order Process .114
*
 -.026 .029 
Benefits/Drawbacks .094
*
 .008 .078 
Entertaining .247 .399
*
 .204 
Return Policy .195 -.361
*
 .017 
People Photos .125 .330
*
 .109 
Graphics .228 .319
*
 -.108 
Interactive .185 .197
*
 -.029 
Reasonable Prices -.113 -.191
*
 -.004 
Ads .059 -.089
*
 -.012 
Product Comparisons .005 -.080
*
 -.049 
Customer Feedback .225 -.040 -.417
*
 
Credit Security .010 -.227 .412
*
 
Security Seals -.070 -.193 .368
*
 
Enjoyable .045 .240 -.271
*
 
Animation .036 .192 .201
*
 
Friends/Family Opinion .108 -.149 .182
*
 
Uniqueness .089 .082 -.131
*
 
Pooled within-groups correlations between discriminating variables 
and standardized canonical discriminant functions  
 Variables ordered by absolute size of correlation within function. 
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*. Largest absolute correlation between each variable and any 
discriminant function 
 
Functions at Group Centroids 
DSI_Hours Function 
1 2 3 
Low DSI/Low Hours .147 .029 .467 
Low DSI/High Hours -.707 .077 -.093 
High DSI/Low Hours .226 -.588 -.195 
High DSI/High Hours .432 .417 -.271 
Unstandardized canonical discriminant functions evaluated at 
group means 
 
Classification Processing Summary 
Processed 313 
Excluded 
Missing or out-of-range group 
codes 
0 
At least one missing 
discriminating variable 
2 
Used in Output 311 
 
Prior Probabilities for Groups 
DSI_Hours Prior Cases Used in Analysis 
Unweighted Weighted 
Low DSI/Low Hours .250 87 87.000 
Low DSI/High Hours .250 84 84.000 
High DSI/Low Hours .250 67 67.000 
High DSI/High Hours .250 73 73.000 
Total 1.000 311 311.000 
 
Classification Results
a,c
 
  DSI_Hours Predicted Group Membership Total 
  
Low 
DSI/Low 
Hours 
Low 
DSI/High 
Hours 
High 
DSI/Low 
Hours 
High 
DSI/High 
Hours 
Original Count 
Low DSI/Low 
Hours 
37 21 15 14 87 
Low DSI/High 
Hours 
13 41 14 16 84 
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High DSI/Low 
Hours 
13 11 30 13 67 
High DSI/High 
Hours 
12 12 16 33 73 
% 
Low DSI/Low 
Hours 
42.5 24.1 17.2 16.1 100.0 
Low DSI/High 
Hours 
15.5 48.8 16.7 19.0 100.0 
High DSI/Low 
Hours 
19.4 16.4 44.8 19.4 100.0 
High DSI/High 
Hours 
16.4 16.4 21.9 45.2 100.0 
Cross-
validated
b
 
Count 
Low DSI/Low 
Hours 
24 23 21 19 87 
Low DSI/High 
Hours 
16 34 16 18 84 
High DSI/Low 
Hours 
19 16 17 15 67 
High DSI/High 
Hours 
17 16 18 22 73 
% 
Low DSI/Low 
Hours 
27.6 26.4 24.1 21.8 100.0 
Low DSI/High 
Hours 
19.0 40.5 19.0 21.4 100.0 
High DSI/Low 
Hours 
28.4 23.9 25.4 22.4 100.0 
High DSI/High 
Hours 
23.3 21.9 24.7 30.1 100.0 
a. 45.3% of original grouped cases correctly classified. 
b. Cross validation is done only for those cases in the analysis. In cross validation, each case is classified 
by the functions derived from all cases other than that case. 
c. 31.2% of cross-validated grouped cases correctly classified. 
 
F5. DSI/Hours and Book Shopping Website Features 
 
MANOVA 
 
Between-Subjects Factors 
 Value Label N 
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DSI_Split_2 
1.00 Low 172 
2.00 High 141 
Internet_Hours_Split_2 
1.00 Low 156 
2.00 High 157 
 
Feature Means 
 Low DSI High DSI Total 
 Low 
Hours 
High 
Hours 
Low 
Hours 
High 
Hours 
 
Credit Security 4.5114 4.4762 4.5735 4.3288 4.4728 
Security Seals 4.1705 4.1190 4.1324 4.0959 4.1310 
Reasonable 
Prices 
4.5341 4.5119 4.7059 4.6712 4.5974 
Ease of Use 4.4545 4.4167 4.5735 4.5479 4.4920 
Variety 4.0795 4.2500 4.1029 4.3699 4.1981 
Color 2.5227 2.5119 2.6618 2.9041 2.6390 
Graphics 2.5114 2.4167 2.5147 2.9178 2.5815 
Links 4.1364 4.1548 4.3529 4.3562 4.2396 
Return Policy 4.2159 4.1548 4.3824 4.3014 4.2556 
Price 
Incentives 
3.8068 3.7976 4.2941 4.1644 3.9936 
Benefits/Drawb
acks 
3.5455 3.6905 3.6765 3.6986 3.6486 
Product 
Comparisons 
3.7159 3.8452 3.8529 3.8356 3.8083 
Product Photos 4.2386 3.9643 4.1471 4.4247 4.1885 
Uniqueness 2.6477 2.6429 2.8676 3.0000 2.7764 
Interactive 2.7159 2.6071 2.5441 2.8904 2.6901 
Entertaining 2.2955 2.2976 2.3235 2.5753 2.3674 
Friends/Family 
Opinions 
3.5000 3.2976 3.3382 3.2603 3.3546 
Company Rep 2.9545 2.6667 2.8529 2.6027 2.7732 
People Photos 2.4091 2.2143 2.0882 2.2192 2.2428 
Animation 1.5568 1.5714 1.6618 1.6438 1.6038 
Order Process 4.3864 4.3452 4.3382 4.4384 4.3770 
Customer 
Feedback 
3.8864 3.9048 4.0294 4.2466 4.0064 
Ads 2.8636 2.8214 2.7206 2.6301 2.7668 
Friends/Family 
Happy 
3.6932 3.6905 3.5882 3.4110 3.6038 
Grammar 3.7614 3.5714 3.7206 3.9178 3.7380 
Enjoyable 3.7614 3.8452 3.7059 3.9863 3.8243 
 
Box's Test of Equality of Covariance Matrices
a
 
Box's M 1615.469 
F 1.304 
df1 1053 
df2 185725.090 
Sig. .000 
Tests the null hypothesis that the observed covariance matrices of the dependent variables are equal 
across groups. 
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a. Design: Intercept + DSI_Split_2 + Internet_Hours_Split_2 + DSI_Split_2 * Internet_Hours_Split_2 
 
Multivariate Tests
a
 
Effect Value F Hypothesis df Error df Sig. 
Intercept 
Pillai's Trace .989 965.004
b
 26.000 284.000 .000 
Wilks' Lambda .011 965.004
b
 26.000 284.000 .000 
Hotelling's Trace 88.345 965.004
b
 26.000 284.000 .000 
Roy's Largest Root 88.345 965.004
b
 26.000 284.000 .000 
DSI 
Pillai's Trace .161 2.093
b
 26.000 284.000 .002 
Wilks' Lambda .839 2.093
b
 26.000 284.000 .002 
Hotelling's Trace .192 2.093
b
 26.000 284.000 .002 
Roy's Largest Root .192 2.093
b
 26.000 284.000 .002 
Hours 
Pillai's Trace .071 .838
b
 26.000 284.000 .696 
Wilks' Lambda .929 .838
b
 26.000 284.000 .696 
Hotelling's Trace .077 .838
b
 26.000 284.000 .696 
Roy's Largest Root .077 .838
b
 26.000 284.000 .696 
DSI * Hours 
Pillai's Trace .083 .989
b
 26.000 284.000 .483 
Wilks' Lambda .917 .989
b
 26.000 284.000 .483 
Hotelling's Trace .091 .989
b
 26.000 284.000 .483 
Roy's Largest Root .091 .989
b
 26.000 284.000 .483 
a. Design: Intercept + DSI_Split_2 + Internet_Hours_Split_2 + DSI_Split_2 * Internet_Hours_Split_2 
b. Exact statistic 
 
Tests of Between-Subjects Effects 
Source Dependent Variable Type III Sum of Squares df Mean Square F Sig. 
DSI 
Credit Security 
.141 1 .141 .180 .672 
Security Seals 
.073 1 .073 .064 .801 
Reasonable Prices 
2.122 1 2.122 4.457 .036 
Ease of Use 
1.212 1 1.212 2.327 .128 
Variety 
.397 1 .397 .492 .484 
Color 
5.462 1 5.462 4.656 .032 
Graphics 
4.925 1 4.925 3.954 .048 
Links 
3.381 1 3.381 4.055 .045 
Return Policy 
1.897 1 1.897 2.083 .150 
Price Incentives 
14.116 1 14.116 12.412 .000 
Benefits/Drawbacks 
.375 1 .375 .316 .574 
Product Comparisons 
.314 1 .314 .288 .592 
Product Photos 
2.632 1 2.632 2.485 .116 
Uniqueness 
6.444 1 6.444 6.839 .009 
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Interactive 
.240 1 .240 .205 .651 
Entertaining 
1.810 1 1.810 1.661 .198 
Friends/Family Opinions 
.767 1 .767 .583 .446 
Company Rep 
.530 1 .530 .305 .581 
People Photos 
1.932 1 1.932 1.251 .264 
Animation 
.609 1 .609 .939 .333 
Order Process 
.039 1 .039 .058 .809 
Customer Feedback 
4.550 1 4.550 4.214 .041 
Ads 
2.163 1 2.163 1.609 .206 
Friends/Family Happy 
2.861 1 2.861 2.173 .141 
Grammar 
1.807 1 1.807 1.324 .251 
Enjoyable 
.142 1 .142 .137 .712 
 
Discriminant Analysis 
 
Analysis Case Processing Summary 
Unweighted Cases N Percent 
Valid 313 100.0 
Excluded 
Missing or out-of-range group 
codes 
0 .0 
At least one missing 
discriminating variable 
0 .0 
Both missing or out-of-range 
group codes and at least one 
missing discriminating 
variable 
0 .0 
Total 0 .0 
Total 313 100.0 
 
Log Determinants 
DSI_Hours Rank Log Determinant 
Low DSI/Low Hours 26 -15.023 
Low DSI/High Hours 26 -16.025 
High DSI/Low Hours 26 -16.825 
High DSI/High Hours 26 -14.548 
Pooled within-groups 26 -10.344 
The ranks and natural logarithms of determinants printed 
are those of the group covariance matrices. 
 
Test Results 
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Box's M 1615.469 
F 
Approx. 1.304 
df1 1053 
df2 185725.090 
Sig. .000 
Tests null hypothesis of equal 
population covariance matrices. 
 
Eigenvalues 
Function Eigenvalue % of Variance Cumulative % Canonical 
Correlation 
1 .196
a
 54.9 54.9 .405 
2 .094
a
 26.4 81.3 .293 
3 .067
a
 18.7 100.0 .250 
a. First 3 canonical discriminant functions were used in the analysis. 
 
Wilks' Lambda 
Test of Function(s) Wilks' Lambda Chi-square df Sig. 
1 through 3 .716 99.083 78 .054 
2 through 3 .857 45.893 50 .639 
3 .938 19.162 24 .743 
 
Standardized Canonical Discriminant Function Coefficients 
 Function 
1 2 3 
Credit Security 
-.068 .560 -.009 
Security Seals 
-.212 -.362 -.023 
Reasonable Prices 
.220 .026 .068 
Ease of Use 
-.021 .269 .338 
Variety 
-.143 -.393 -.470 
Color 
.124 .392 -.043 
Graphics 
.172 -.545 .095 
Links 
.275 .252 -.295 
Return Policy 
.265 .064 .111 
Price Incentives 
.484 .375 .143 
Benefits/Drawbacks 
-.220 -.083 -.334 
Product Comparisons 
-.189 .211 -.213 
Product Photos 
.281 -.252 .588 
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Uniqueness 
.385 .201 -.053 
Interactive 
-.165 -.435 -.006 
Entertaining 
-.030 .035 -.130 
Friends/Family Opinions 
.031 -.347 .573 
Company Rep 
-.135 .158 .456 
People Photos 
-.334 -.291 .259 
Animation 
.231 .380 -.159 
Order Process 
-.295 -.178 .000 
Customer Feedback 
.496 -.166 -.167 
Ads 
-.281 .077 .008 
Friends/Family Happy 
-.469 .481 -.348 
Grammar 
.146 -.228 .265 
Enjoyable 
.059 -.162 -.350 
 
Structure Matrix 
 Function 
1 2 3 
Price Incentives .426
*
 .248 .034 
Uniqueness .352
*
 -.053 -.042 
Color .308
*
 -.162 -.058 
Customer Feedback .291
*
 -.143 -.093 
Reasonable Prices .260
*
 .118 .052 
Links .254
*
 .072 -.037 
Friends/Family Happy -.210
*
 .110 .053 
Ease of Use .189
*
 .077 .079 
Return Policy .171
*
 .123 .110 
Ads -.171
*
 .028 .078 
Animation .118
*
 .062 -.023 
Interactive .111 -.346
*
 .048 
Graphics .311 -.332
*
 .008 
Product Photos .251 -.298
*
 .292 
Credit Security -.096 .265
*
 .137 
Enjoyable .087 -.255
*
 -.197 
Entertaining .200 -.208
*
 -.077 
Grammar .177 -.180
*
 .176 
Order Process .051 -.133
*
 .035 
Company Rep -.092 .123 .365
*
 
Variety .128 -.237 -.356
*
 
Friends/Family Opinions -.101 -.002 .271
*
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Benefits/Drawbacks .069 .033 -.196
*
 
People Photos -.119 -.191 .195
*
 
Product Comparisons .061 .069 -.172
*
 
Security Seals -.036 .014 .079
*
 
Pooled within-groups correlations between discriminating variables 
and standardized canonical discriminant functions  
 Variables ordered by absolute size of correlation within function. 
*. Largest absolute correlation between each variable and any 
discriminant function 
 
Functions at Group Centroids 
DSI_Hours Function 
1 2 3 
Low DSI/Low Hours -.358 -.138 .334 
Low DSI/High Hours -.426 .038 -.342 
High DSI/Low Hours .355 .515 .082 
High DSI/High Hours .591 -.357 -.086 
Unstandardized canonical discriminant functions evaluated at 
group means 
 
Classification Processing Summary 
Processed 313 
Excluded 
Missing or out-of-range group 
codes 
0 
At least one missing 
discriminating variable 
0 
Used in Output 313 
 
Prior Probabilities for Groups 
DSI_Hours Prior Cases Used in Analysis 
Unweighted Weighted 
Low DSI/Low Hours .250 88 88.000 
Low DSI/High Hours .250 84 84.000 
High DSI/Low Hours .250 68 68.000 
High DSI/High Hours .250 73 73.000 
Total 1.000 313 313.000 
 
Classification Results
a,c
 
  DSI_Hours Predicted Group Membership Total 
361 
 
  
Low 
DSI/Low 
Hours 
Low 
DSI/High 
Hours 
High 
DSI/Low 
Hours 
High 
DSI/High 
Hours 
Original 
Count 
Low DSI/Low 
Hours 
39 21 13 15 88 
Low DSI/High 
Hours 
18 41 12 13 84 
High DSI/Low 
Hours 
13 11 29 15 68 
High DSI/High 
Hours 
9 7 19 38 73 
% 
Low DSI/Low 
Hours 
44.3 23.9 14.8 17.0 100.0 
Low DSI/High 
Hours 
21.4 48.8 14.3 15.5 100.0 
High DSI/Low 
Hours 
19.1 16.2 42.6 22.1 100.0 
High DSI/High 
Hours 
12.3 9.6 26.0 52.1 100.0 
Cross-
validated
b
 
Count 
Low DSI/Low 
Hours 
21 31 18 18 88 
Low DSI/High 
Hours 
25 25 16 18 84 
High DSI/Low 
Hours 
16 14 14 24 68 
High DSI/High 
Hours 
17 10 23 23 73 
% 
Low DSI/Low 
Hours 
23.9 35.2 20.5 20.5 100.0 
Low DSI/High 
Hours 
29.8 29.8 19.0 21.4 100.0 
High DSI/Low 
Hours 
23.5 20.6 20.6 35.3 100.0 
High DSI/High 
Hours 
23.3 13.7 31.5 31.5 100.0 
a. 47.0% of original grouped cases correctly classified. 
b. Cross validation is done only for those cases in the analysis. In cross validation, each case is classified 
by the functions derived from all cases other than that case. 
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c. 26.5% of cross-validated grouped cases correctly classified. 
 
F6. DSI/Hours and Consumer Electronic Shopping Website Features 
 
MANOVA 
 
Between-Subjects Factors 
 Value Label N 
DSI_Split_2 
1.00 Low 172 
2.00 High 141 
Internet_Hours_Split_2 
1.00 Low 156 
2.00 High 157 
 
Feature Means 
 Low DSI High DSI Total 
 Low Hours High Hours Low Hours High Hours  
Enjoyable 4.6705 4.6310 4.4706 4.4932 4.5751 
Ads 4.4773 4.3452 4.2059 4.2603 4.3323 
Product Photos 4.6250 4.5833 4.5294 4.5890 4.5847 
Customer Feedback 4.5114 4.4167 4.4559 4.5753 4.4888 
Animation 4.3182 4.1786 4.1618 4.4932 4.2875 
Interactive 2.7614 2.5476 2.4706 2.7945 2.6486 
Links 2.8409 2.4524 2.5882 2.7945 2.6709 
Color 4.4091 4.1548 4.3088 4.3014 4.2939 
Price Incentives 4.4659 4.3214 4.4118 4.4658 4.4153 
Ease of Use 4.0114 3.8333 4.2647 4.2466 4.0735 
Reasonable Prices 4.0114 3.9881 4.1324 4.2603 4.0895 
Grammar 4.1136 3.9286 4.2059 4.1918 4.1022 
Credit Security 4.5909 4.4286 4.5588 4.5616 4.5335 
Security Seals 2.8295 2.8214 2.9412 2.9863 2.8882 
Friends/Family Happy 3.1818 2.9643 2.9265 3.2603 3.0863 
Variety 2.5682 2.4286 2.4706 2.5890 2.5144 
Graphics 3.6250 3.3095 3.3088 3.3562 3.4089 
Product Comparisons 3.1591 2.8452 3.1765 3.0411 3.0511 
Uniqueness 2.6023 2.5833 2.3382 2.6849 2.5591 
Friends/Family Opinions 1.6705 1.5833 1.4853 1.6849 1.6102 
Return Policy 4.5795 4.3095 4.3529 4.4658 4.4313 
Benefits/Drawbacks 4.1932 4.2381 4.2500 4.4110 4.2684 
Company Rep 3.1477 2.9286 2.8382 2.8904 2.9617 
People Photos 3.9091 3.6667 3.7059 3.6027 3.7284 
Order Process 3.8750 3.4048 3.5441 3.8767 3.6773 
Entertaining 3.9659 3.7262 3.6176 3.8219 3.7923 
 
Box's Test of Equality of Covariance Matrices
a
 
Box's M 1475.084 
F 1.191 
df1 1053 
df2 185725.090 
Sig. .000 
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Tests the null hypothesis that the observed covariance matrices of the dependent variables are equal 
across groups. 
a. Design: Intercept + DSI_Split_2 + Internet_Hours_Split_2 + DSI_Split_2 * Internet_Hours_Split_2 
 
Multivariate Tests
a
 
Effect Value F Hypothesis df Error df Sig. 
Intercept 
Pillai's Trace .990 1051.176
b
 26.000 284.000 .000 
Wilks' Lambda .010 1051.176
b
 26.000 284.000 .000 
Hotelling's Trace 96.234 1051.176
b
 26.000 284.000 .000 
Roy's Largest Root 96.234 1051.176
b
 26.000 284.000 .000 
DSI 
Pillai's Trace .105 1.286
b
 26.000 284.000 .164 
Wilks' Lambda .895 1.286
b
 26.000 284.000 .164 
Hotelling's Trace .118 1.286
b
 26.000 284.000 .164 
Roy's Largest Root .118 1.286
b
 26.000 284.000 .164 
Hours 
Pillai's Trace .073 .856
b
 26.000 284.000 .671 
Wilks' Lambda .927 .856
b
 26.000 284.000 .671 
Hotelling's Trace .078 .856
b
 26.000 284.000 .671 
Roy's Largest Root .078 .856
b
 26.000 284.000 .671 
DSI * Hours 
Pillai's Trace .096 1.161
b
 26.000 284.000 .273 
Wilks' Lambda .904 1.161
b
 26.000 284.000 .273 
Hotelling's Trace .106 1.161
b
 26.000 284.000 .273 
Roy's Largest Root .106 1.161
b
 26.000 284.000 .273 
a. Design: Intercept + DSI_Split_2 + Internet_Hours_Split_2 + DSI_Split_2 * Internet_Hours_Split_2 
b. Exact statistic 
Discriminant Analysis 
 
Analysis Case Processing Summary 
Unweighted Cases N Percent 
Valid 313 100.0 
Excluded 
Missing or out-of-range 
group codes 
0 .0 
At least one missing 
discriminating variable 
0 .0 
Both missing or out-of-range 
group codes and at least 
one missing discriminating 
variable 
0 .0 
Total 0 .0 
Total 313 100.0 
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Log Determinants 
DSI_Hours Rank Log 
Determinant 
Low DSI/Low Hours 26 -18.455 
Low DSI/High Hours 26 -18.943 
High DSI/Low Hours 26 -13.457 
High DSI/High Hours 26 -17.082 
Pooled within-groups 26 -12.409 
The ranks and natural logarithms of determinants 
printed are those of the group covariance matrices. 
 
Test Results 
Box's M 1475.084 
F 
Approx. 1.191 
df1 1053 
df2 185725.090 
Sig. .000 
Tests null hypothesis of equal 
population covariance matrices. 
 
Eigenvalues 
Function Eigenvalue % of Variance Cumulative % Canonical 
Correlation 
1 .131
a
 43.6 43.6 .341 
2 .098
a
 32.4 76.0 .298 
3 .072
a
 24.0 100.0 .260 
a. First 3 canonical discriminant functions were used in the analysis. 
 
Wilks' Lambda 
Test of Function(s) Wilks' Lambda Chi-square df Sig. 
1 through 3 .751 85.099 78 .273 
2 through 3 .850 48.416 50 .537 
3 .932 20.766 24 .652 
 
 
